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Executive Summary

Chapter 1: Introduction

CKS 2@0SNINOKAY3I AY 2F GKA& NBaSINOK LINRB2SOi
inequality are influenced by their exposure to inequality in contemporary South Africa. Very

little research had previously been undertaken in $out! ¥ NA OF O2y OSNYy Ay 3 SA
FGGiGAGdzRSa G2 AySldatAade 2N LIS2LX SQ& SELR A dzNB
existed which attempted to test associations between the two. Indeed, the initial review of
literature performed for this project atsfailed to identify any international examples of

research that tested for such associations. This research project therefore has wide global
relevance as well as local relevance for South Africa.

Chapter 2: Spatial inequality

The measures of exposure inequality developed and analysed in Chapter 2 represent a

new addition to the quantitative evidence base concerning distributions of inequality within

South Africa. Unlike the commonly quoted classical income inequality measures such as
nationaklevelGini coefficients, the exposure measures developed here provide a

geographically nuanced picture of inequality that takes into account the spatial patterning

of poverty and deprivation and the spatial interconnectedness of local neighbourhoods.

Two separag but complementary exposure indices were created: one measuring exposure

G2 AySldzatAadge a4 SELSNASYOSR o6& (KS WLR22ND L
AySlidzr f AGe |4 ViS22 22NENBLB? Lot FIiKAS? yudy 25ydzS (G2 (G KS
in Souh Africa being classified as poor based upon the definition adopted here, the

analytical focus of Chapter 2 was placed on exposure as experienced by the poor.

The analyses revealed that exposure to inequality amongst the poor population is typically
highest in urban areas, including the major metropolitan areas, such as the City of Cape
Town, but also smaller towns such, @sli&nbosch Disparities are evident when results are
summarised at provincial level, with Gauteng and the Western Cape contaioialle
concentrations of neighbourhoods that score particularly highly on the exposure measure.
In contrast, the Eastern Cape is composed overwhelmingly of neighbourhoods where
exposure to inequality is very low. However, in addition to the finding tabsure varies
between provinces, it is evident from the results that exposure to inequality also varies
considerablywithin provinces and, indeedyithin many, but not all, local municipalities. In
places like the City of Johannesburg in Gauteng, ap&son SELR 8 dzZNB (2 Ay S| dzt
greatly depending upon where within the municipality he or she lives. However, in places
like Qaukeniin the Eastern Cape, there is very little exposure to inequality irrespective of




where within that municipality a persolives. The findings for places suctQesikenido not
undermine the validity of the exposure measures, but rather they offer further empirical
confirmation of the extremely high rates of poverty afflicting many parts of South Africa,
particularly withinthe former homeland areas, and the resultant low levels of exposure to
affluence and therefore inequality.

¢KS WAyGSyaArteQ 2F AySldatAde YSIadNBE RS@St 2
areas where people are subjected to high levels ofgotyvand high levels of exposure to

inequality. It could be argued that these areas are most at risk of social unrest and violent

crime. The City of Johannesburg was used in the report to demonstrate how intensity can

vary greatly within a local municipgli The township of Alexandra was highlighted as being

an area with very high intensity datazones due to having very high poverty rates and being

located very close to the affluent suburbs of Sandton thereby having very high exposure to
inequality. Furtheresearch is warranted here to test associations between the intensity

measure and aretevel outcomes such as violent crime rates or other forms of social

disorder.

Chapter 3: Attitudes towards inequality

In Chapter 3, the South African Social Attitsdurvey was interrogated to explore public
perceptions on and attitudes towards inequality and options for redress. A broad overall
consensus emerged showing a strong agreement that income differentials in South Africa

are too large; a clear appreciatiaf the class tensions and social divisions affecting the

country; and a strong preference for a more equitable social structure. There is also broad

(albeit declining) support for government role in income redistribution and, although race
andclassdiff @y 0S& R2 SEAa&GZ S Otérijary ddkcEtedadndhémdod NI 2 FF Q
citizeng report majority support for government redistribution. With regard to specific

redress options, there was a stronger consensus across social groups in support-of class

based preferential policies than radxsed policies. There was evidence of disparities

between respondent race groups in their support for rdi@esed policies, with Black African
respondents reporting the highest support for such policies and white resgusd

reporting lowest support. Analyses of differences by age group of respondent explored
GKSGKSNI YSYOSNE 2F GKS W. 2NYy CNBSQ O02K2NI SE
of society.Somewhat surprisingly, the analysisindthat in many ways th@ew post

apartheid generation seem to reflect similar ideological positions to redress policy as older
cohorts.These analyses offer new insights into how residents of South Africa feel about
inequality in their country and how comfortable they area witind therefore potentially

receptive to) different types of possible options for redress.




Chapter 4: The relationship between spatial inequality and attitudes to
inequality

In Chapter 4, the findings regarding exposure to inequality and attitudes tpalgy were
ONRdzAK(G G(23SGKSNJ 2 SELX 2NB 6KSGKSNI LIS2LX SQa
Multilevel ordered logit regression models were developed to test for statistically significant
associations between exposure to inequality and attitutimatcomes. Four separate

models were produced, consisting of two attitudinal dependent variables both analysed for

two subsets (poor and nepoor) of the survey population. The results of the statistical

modelling revealed that there is some evidence tha$ 2 L)t SQa SELR &dzNB (2 A
influences their attitudes to inequality and options for redress, but these effects are quite

nuanced. Exposure to inequality seems to act differently on different categories of the

population to produce or accentuate diffiences in attitudes. There is a degree of
O2yaAraiasSyoOe Ay (KS WRANBOGAZ2YQ 2F (GKS STFFSOU
clear consistency in the direction of effects between the different models. For the poor

population subgroup, increasirexposure tends to lead to lower aversion to inequality but

greater support for government redistribution amongst the more vulnerable categories as
compared to the less vulnerable categories. For the-poar population, increasing

exposure tends to lead tmcreased aversion to inequality for the more vulnerable groups

relative to the less vulnerable groups, and increasing exposure tends to lead to less support

for government distribution by conservatives relative to liberals.

Chapter 5: Conclusions and policy implications

Inequality, and indeed spatial inequality, features prominently in bothNlagonal

Development Plan (NDP, 2012) and the Medium Term Strategic Framewor2@034

(MTSF)The NDP document places the elimination of poverty and inegquadithe primary

objective of government efforts over the coming decades, and adopts the explicit target of
reducing the Gini coefficient from 0.69 to 0.60 by 2030. The Plan also expresses the

intention to respond to entrenched spatial patterns acrosgathgraphic scales that serve

to perpetuate social inequality and economic inefficiency. Furthermibiere is recognition

in the NDP ofhe need tobetter understand.JS 2 LJt SQa&a I G 6A S Q@m2NES Aly @NRGA
compact to reduce poverty and inequalityf & NJ A &S SYLX 28YSyid YR Ay
LINA2NARAGE |OGA2Yy®d® ¢KS ac¢{C o0S3IAya o6& I NIHAOdzL I
democratic transition to take bold and decisive action to grow the economy, eliminate

poverty, create employment opporhities, and significantly reduce inequality. The

document also draws attention to concerns that high inequality levels Imeamposing

escalating pressuson households due to the rising cost of living, and fostering a sense of
community frustration andliscontent. As with the NDP, the MTSF includes the addressing

of spatial imbalances in economic opportunities as a key thrust to its proposals on

transforming the economy. Another commonality is the focus on nation building, cohesion




and the need for a sa@ compact to push forward the social policy agenda that is required
to make sustained progress towards the vision of a more equal society by 2030.

Set against this context, the three components of work undertaken as part of the Pathfinder
Grant have agmpted to make a newontribution towards an improved understanding of
inequality, the level of consensus with respect to attitudes towards inequality and redress
preferences, as well as how the siphand attitudinal interact.




Chapter 1: Introductio n

1.1 Background

Despite South Africa's classification as a ‘'middle income' economy, significant shares of the
population continue to be characterised by high levels of poverty, unemployment, poor
health, criminal victimisation, and lack of services. Gbentry's colonial, segregationist and
apartheid historyprior to 1994produced a highly unequal distribution of resources, skills

and opportunities between different racial groups. There was a strong spatial dimension to
discriminatory policies of the pr1994 period, with citizenship and land ownership rights
determined by one's designated population group. Consequently, not only does South Africa
rank among the world's most inequitable societies, but clear spatial clustering of deprived
groups has prodeed visibly highevels of spatial inequalitfNoble et al., 200p

Although census and household survey data have demonstrated that incomes have been
growing for all race groups in the counsince 1994income inequality hasemained
stubbornly highn fact, aggregate inequality estimates have shown that the-ppattheid
period has been characterised by a moderasein inequality with income ineasingly
concentrated in the richest income decile (Leibbrandt et al. 2010, 2011).

Addressing théegacy of disadvantage and injustice has consistently featured as an integral
component of the South African Government's development and social policy agpro

since 1994. This, in turn, has led to the implementation of a range of redistributive
programmes and measures, including the expansion of social security prolagionr-

intensive job creation strategiepreferential labour market measures such #&ranative

actiort land refornt and the introduction of free primary education in deprived areas. The
spatial distribution of resources has also been given some attention, most notably through
the explicit targeting to development nodes and the equitalilaring of government

revenue b provinces and municipalities. However, at a political laéas been contended
that the African National Congress (ANC) governniretially placed greater emphasis on
addressing poverty and deprivation than reducingguelities, with income disparities being
O2yaARSNBR I aySOSaal NBabih2ROS F2NJ SO2y2YAO0 3

¢CKS HnnTt !'b/ O2yFSNBYOS Ay t2f216FyS O0NRdIzAKI
positionandS FFSOG A @St & GoNRdAK(G RKns@iRaB)inthé @ Ay FNRB)
domestic political context and, since 2009, the Zuma administration has placed a strong

emphasis on tackling inequality alongside poverty and unemploymethiegthiree core
SO2y2YAO OKIFftSyaSa FI OAy3a inknSestOrdag 2OBE Q& RS
Election lamented the persistence of and rising trend in inequality in South African society,

making reference to labour market disparities, the stark spatial concentration of wealth, and

the skewed distribution of the gains froma@womic growth, while also appealing to the




LINAYOALX S FINIAOdzZ I SR Ay GKS mMdoppp CNBSR2Y /K
O2dzy iNE Q& ¢SIfiKEé a GKS olaira FT2NI I NBYySsHSR
2009). This emphasis on creating a megglitable society in coming decades has been

reaffirmed by the recent publication of two notable policy documents, namely\Niae
GrowthPathto b Dt Hamn0 o6& (GKS aAyAadNeE 2F 902y2YAO
National Development Plan 2030: Our FetuMake it Work(NDP 2012). Both documents

adopt inequality reduction as a core priority. The NDP, which provides a detailetelong

strategy for the country, makes no fewer than 165 direct references to inequadghuding

targetinga decline in thesini coefficient from 0.69 to 0.60, with the share of income

accruing to thebottom 40 percent of income earners expected to rise moderately from 6 to

10 percent (Republic of South Africa 2012).

As elsewhere internationally, persistent inequality, rathlean povertyper sejs
increasingly regarded as a major correlate of various social lsuth AfricdKaufmann et
al, 2010; Wilkinson and Pickett, 2011). This is particularly the case in respect of service
delivery protests and crime. For exampieg escalating service delivery protests
particularly in urban informal settlementBavebeenattributed to, among other things,
socioeconomic inequalitiegAlexander, 2010Botes, 200). However this assertion has
only limited empirical validatiofNoble & Wright, 201B Similarly, notwithstanding
international evidence tht supports the general contention that inequality is associated
with crime (e.g. Bourguignon, 1999; UNODC, 2011), there is very little empirical evidence
from South Africa, the main exception being a study that demonstrated a relationship
between incomenequality and burglary/vehicle theft (Demombynes and Ozler, 2006).

The lack of empirical evidence linking inequality to service delivery protests and crime

should not be read as rejecting the relationship but rather it highlights the lack of adequate
dataon what one might term thélived experience of inequali@The vast majority of

jdzl yYGAGEF GAGBS NBEASIFNOK O2yOSNYyAy3a AySldztAade
measures of (income) inequality such as the Gini coefficie@aheral Entropy meases and

the Atkinson Index, expressed at national or occasionally provincial &kt these

classical measures are powerful tools for assessing change in inequality over time within

South Africa or for comparing South Africa with other countries waddwthey say little

62 dzii LJIS-foidiy SvedsexpBrierite of inequality.

It could be argued that people's experience of inequality plays an important role in shaping
their beliefs as to the sort of society in which they may wish to live, and thensnémmough
which they aim to achieve that goal. Given that people's experience of inequality is likely to
influence their attitudes towards inequality and subsequently their propensity to engage in
(legal or illegal) action responses to inequality, thera pressing need for research that
guantifies people's experience of inequalitgd how this experience of inequality acts to
AYFEdzSyOS LIS2LX SQa FGdAGdzRS A
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govanment in securing equality of opportunity and outcome, and social policy preferences

Aad SaasSydaAalt 3IAGSYy GKS O2dzyiNRQa O2yGSEG 27
spatial disparities. An appreciation of the nature, dynamics and complgxiti@ ¥ LIS 2 LJ SWa
views towards distributive justice is likely to assist policymakers assess and navigate the

difficult politics typically associated with designing and implementing sustainable

developmental policies (Graham 2002). In addition, gauging andiniiog NJ&A y 3 LJS2 LJX S Q4
satisfaction with government performance and levels of policy support are crucial elements

in ensuring that policynaking is suitably evidendsased, accountable and adaptive.

The studydescribed in this repoilis a collaborative undertakg between researchers from

the Centre for the Analysis of South African Social Policy (CASASP) at the University of
Oxford in the United Kingdom and researchers from the Human Sciences Research Council
(HSRC) in South Africa. The studwirgly fundedby the United Kingdom's Economic and
Social Research Coun&SRG)nd the South African National Research Foundation (NRF) as
part of the Pathfinder Research Project initiative.

1.2 Research questions

The overarching research question for the studylswhat extent does experience of
inequality impact upon attitudes to inequality in South Africa?

It can be hypothesized that people may have different attitudes to inequality and possible
policy responses depending upon their experience of inequdliy instance, the high

degree of inequality in South Africa may be much more apparent to a poor person living in a
poor township located on the periphery of a wealthy urban core than to a poor person living
in the mainly rural former homelands where pocgetf affluence rarely exist. Similarly,
attitudes to policy responses, such as tax and benefit reform, may differ between people
depending upon their experience of inequality. While we acknowledge that ‘experience of
inequality’ is a broad concept, for thrurpose of this project we are specifically concerned
with the extentto which people experience soegonomic inequality as they conduct their
NRdziAYyS RIFEAf&@ OGAGAGASAD® !a LIS2L) SQa& NRdAziAy
localised geo@phical settings (consisting of home, work, school et)are particularly
interested in the degre&o which inequality varies spatially at the detailed geographical

level of neighbourhooddn order to address the overarching research question, three sub
guestions are posed, each of which forms a distinct component of analysis in this project:




Component 1: What is the spatial pattern of poverty and deprivation at different
geographcal levels across South Africa?

Noble and Wrigh{2013 demonstrateal that many former homeland areas, such as the
former Transkei and former Ciskei, are characterised by almost uniformly high levels of
poverty and deprivation. The finding is contrasted with the much more varied composition
of urban areas, where affluent neigburhoods and poor neighbourhoods are often found

in close proximityt S2 LX S Qa §S E Li&ohbnSofnddbiality i thetefof@ Aikly to
differ dramatically depending upon where in South Africa they Tives component of the
project employgrecogni®d statistical techniques to quantify the extent and type of spatial
inequalityand examine howhis varies across the country.

Component 2: How do people's attitudes to inequality vary by individual, hdwdd and
area characteristics?

It has been suggéesd in the academic literature that attitudes towards inequality are
influenced by threemain factors (i) the stable dominant ideology about economic
inequality, (ii) individual socieconomic status, and (iii) specific beliefs and attitudes. Given
the pressing need for social policy responses to tackle the ssmaomic inequalities, this
part of theprojectexaminesthe nature and distribution of attitudes to economic inequality
and redistributive policies

Component 3: How does the spatial pattern péverty and deprivation and, specifically,
the level of spatial inequality impact upon peopleattitudes to inequality?

Having separately explored the pattern of spatial deprivation and public attitudes to
inequality, it is critical to overlay these seps# strands of the research to begin to answer
guestions about the extent to which distinct attitudes about social inequality are informed
by the broader contextual environment in which the population resides. ddrigponent of
the projectinforms discussin about mechanisms for promoting greater consensus around
policies and programmatic interventions directed at tackling poverty and inequality.

1.3  Structure of this report

Chapter 2 of this report provides an overview of the development and selectigpabial
inequality measures, analyses of results and discussion of key findings. Chapter 3 provides
an overview of key patterns and trends in public attitudes towards inequality and possible
policy options for redress. Chapter 4 brings together the wasknfChapters 2 and 3 to

SEIFIYAYS 8420 AFGA2yE 068G68SSy &L GALE AySldzf

presents and summary of key points atmhclusions




Chapter 2: Spatial inequality 1

2.1 Introduction

The mechanisms through which experes of societal inequality may serve to encourage
particular forms of action, whether this be involvement in violent crime, participation in
(peaceful or norpeaceful) public protests, or other forms of demonstration, are indeed
complex. It could be argukthat people's experience of inequality plays an important role in
shaping their beliefs as to the sort of society in which they may wish to live, and the means
through which they aim to achieve that goal. Given that people's experience of inequality is
likely to influence their attitudes towards inequality and subsequently their propensity to
engage in (legal or illegal) action responses to inequality, there is a pressing need for
research that quantifies peae's experience of inequality.

People may bexgposed to inequality in a variety of ways and settings. Inequality may be
apparent between different broad sectors of the population, such as between gender
groups, racial groups or age groups. It may be apparent at a very local level, such as
between diferent members of the same household, immediate family, extended family or
friendship network, and may be apparent between neighbours living in the same street or
village, or between different geographic communities. In a globalising world characterised
by mass media, inequality may be apparent between different provinces, countries or even
continents.

An individual's firshand experience of inequality may be shaped both by the degree to

which they come into personal contact with those from the oppositdseaf the socie

economic spectrum, and also by the stark visual signs of inequality that do not involve direct
personal contact. For example, a rich person driving along a highway may observe the highly
deprived informal settlements without actually comimgo personal contact with the

residents of those settlements. Similarly, a poor person may travel through or spend time in
affluent neighbourhoods whilst seeking work and thus observe the stark visual signs of
affluence, but with little or no personalt@raction with the affluent residents of those

Y SAIKO 2 dzNK 2 2 Rl exp&iencéd oSiredualifly ’s thd&rafore contoured by the
3S23ANI LIKAOIKE aSGdiAy3da Ay sKAOK GKS& fAQS: g2
reference groups and egpiences will be unique, both in terms of what is experienced and

how it is experienced (Kingdon and Knight, 2007; Posel and Casale, 2011). Nevertheless, this
need not preclude the development of a measure of the manifestation of inequality at a

given spaital level. By overlaying the spatial patterning of people's routine daily activities

upon the spatial configuration of poverty and affluence in the areas that they inhabit or may

! This chapter draws upom pre-publication version of ancademiarticle onspatialinequalitythat has been
submittedto the South African Geogphy Journahs part of the Pathfinder Grant.

9



visit, a measure of spatial inequality can be developed that could be dedaba
geographical measure of the lived experience of inequality and thus be available as a
neighbourhood level explanatory variable for investigations into the drivers for various
social problems.

Thischapter summarises thdevelopment ofa quantitatve measure that captures the
extent to which individuals experience so@oonomic inequality as they go about their
daily livesOur chosemmeasurecanbe used to explore associations between the lived
experience of inequality and a range of both indiatlevel outcomes (including attitudinal
responsesas addressed in Chapter 4 of theport) and area level outcomes (including
service delivery protests and crime ratemt addressed hepe

The remainder of thehapteris structured as follows: firsg range of methodological

approaches to measuring spatial inequality are reviewed and assessed in terms of their

NBf SOFYyOS YR WTFAGYS&aa F2NJ LIzNLI2aSQ F2NIJ I &y
South Africa. A proposed way forward is then prasédrncluding discussion of key

methodological considerations. Results gresented andnappedto demonstrate how

experience of inequality varies spatially across South Africa

2.2  Overview of different methods of measuring spatial inequality

The majoity of spatial inequality research at neighbourhood level draws upon measures of
WNBAARSY(GAlIfT &ASIAINBIIGA2YQ SKAOK dziAfAasS OF 4GS
distinction between different race groups or betwepaorandnon-poor). Residential

segragation measures express the degree to which members of one population category are
spatially segregated from those of the other category. Indices of residential segregation

typically quantify the extent to which population composition vatiesween

neightourhoods that lie within a larger geographical area (e.g. within a city, local

municipality or some other geographical bounds).

Massey and Dentof1988) reviewed20 indices of residential segregation using data on the
racial canposition of neighbourhoods in 60 metropolitan areas across the United States.
Their analyses examined the degree to which the minority-wbite population was

spatially segregated from the majority white population. They identified five conceptually
distinct dimensions of residential segregation into which they grouped their measures:
evenness, concentration, centralisation, exposure and clustering. Based upon a combination
of empirical testing and researcher judgement, they selected one measurementagpro

from each of the five dimensions which they recommended for adoption as principal
techniques for research in the field of residential segregation. Although Massey and
Denton's paper focused on the spatial distribution of racial demographic groupswithi

10



urban areas in the United States, many of the techniques they discuss can be applied to the
study of socieeconomic factors.

LY RRAGAZ2Y (2 alaasSe IyR 538yiz2yQa 02y O0SLdz

dimensions of segregation, it is also importéamiconsider methodological distinctions in the
way in which segregation indices can be constructed and presented with regard to spatial
scale. Lloyd and Shuttlewor{B012) note that spatial scale can be handled in three

different ways in the calculation of residential segregation indices. Standard global
measures consider each neighbourhood separately (i.e. ignoring spatiatétéonships
between neighbarhoods) and generate a summary segregation statistic for the entirety of
the larger geographical study area (e.g. for each local municipality). Spatial (geographically
weighted) measures do take account of the spatial kaennectedness of neighbourhoods
within the larger geographical study area but still generate a summary segregation statistic
for the entirety of the study area. Local measures also take account of the spatial inter
connectedness of neighbourhoods but generate a summary segregatiostist&br each
individual neighbourhood rather than a single summary statistic for an entire study area.
Massey and Denton present their indices of evenness, concentration, exposure and
centralisation as global measures, while they present their indicekisfering as spatial
(geographically weighted) measures.

2SS F2ftt2¢6 alaasSe yR 5Syid2yQa I LILINRPI OK AY
global measures that they produced can also be modified to generate spatial (geographically
weighted) andor local variants. Indeed, as is discussed below, upon selection of our chosen
segregation index, we proceed to develop a particular localised variant using a novel
approach. In the following discussion of the empirical measures of residential segregation
we use the categorisation example WfLJ2/ @ WEIZ 2adldur socieeconomic variable

rather than the racial group categorisah used by Massey and Denton.

As part of this projecive revienedS I OK 2 F al aasSe FyR 5Syi2yQa
residential segegation and considexd their relevance to South Africa for the purposes of
developing a small area level measure of spatial inequalgypart of this review process we
calculatal each of themeasuresecommendedoy Massey and Denton under their five
dimensions, plus a selection of other measures that ttesyed but did not recommendis
discussed below, although voenstructed and assessedvide range of empirical

measuresfor clarity we do not preserthem all in this reportOur focus is clearly avur

final choice of measure whiake discus and analyse in depth.

The suitability (or fifor purpose) assessment of the measuresswaevitably based on
researcher judgement taking into account the principal characteristics of the phenomenon
we are endewmouring to measure that is the degree to which people on one extreme of

the socieeconomic spectrum come into contact with people or visit places that are on the
other extreme of the soci@conomic spectrum. Furthermore, some of thecial problems
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manifest themselves at very localised (i.e. small area) level. For example, hotspots of service
delivery protest or violent crime are often contoured around specific neighbourhoods,
rather than occurring across the entirety of a municipality or some higheradpavel.

In order to be fit for purpose we argue that such a small area level measure of spatial

inequality must satisfy three criteria: first, it must permit comparisons of inequality between

all neighbourhoods in the country on a consistent basispiségcit must reflect the
SELINASYOS 2F AySldzadtade FTNRBY Yy AYRADARdZ f C
measure must be available at the sounicipality levefa 84 S& | yR 5S8yiz2yQa
dimensions of segregation are examined next ihtlgf these three criteria.

Evenness

The dimension of evenness refers to the differential distribution of two social groups among
neighbourhoods within the specified broader geographical extent, such as within a city or
other local government administrate area Agroup is said to be segregated if it is unevenly
distributed over the constituent neighbourhoods relative to another group (Massey and
Denton, 1988). With regards to the poor/ngoor categorisation, the condition of

maximum evenness occurs wihall neighbourhoods have the same relative number of poor
and nonpoor members as the broader geographical area as a whole. On the other hand,
the condition of maximum segregation occurs when no poor people share a neighbourhood
with non-poor people, andiice versa. Massey and Denton recommend using the
dissimilarity index when examining the dimension of evenness.

While the dissimilarity index is perhaps the most commonly used empirical measure in the
residential segregation literature (e.g. Christoph2001; Dorling and Rees, 2003; Duncan

and Duncan, 1955; James and Taueber, 1985; Lichter et al, 2012; Logan and Stults, 2011;
Massey and Denton, 1988; 1989; Massey and Fischer, 2003; Massey et al, 2009), its value
for our purposes is somewhat limited. THessimilarity index is composition invariant,

meaning that results do not depend on the relative size of the groups being compared
(Lieberson, 1981). For instance, two hypothetical municipalities, one with a poverty rate of
40% and the other with a povertate of 4%, could quite feasibly have the same score on

the dissimilarity index. As Lieberson and Carter (1982) note, in many applications of
segregation indices in the literature this composition invariance is regarded as a strength as
it enables compasions of evenness between different cities (even if the proportional
composition varies between cities) or the same city at different points in time (even if the
proportional composition varies over time). However, for our purpose, this feature of the
dissyAf I NAG& AYyRSE Aa | 6SI{1ySaa 0S0OldzaSs 4SS ¢
relative socieeconomic statug and hence potentially their lived experience of inequatity

may well be related to the numbers (and proportions) of similar people in their

%n addition to applying these judgement criteria, the authors empirically tested indices located within each of
aldaasSe yR 5SyGa2yQa FTAGS RAYSyaizya |G + avlrtt FNBIF
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neighbourhood and wider social area. We therefore reject the dissimilarity index as it fails to

meet the criteria listed above concerning the ability to compare areas across the country on

a consistent basis and the need to reflect experience of inegualif N2 Y |y AY RAGA Rc
perspective. Other measures of evenness considered by Massey and Denton include

AL GArffte NBETSNBYOSR OSNEA2YyA 2F GKS WOfl aaa
Gini coefficient, General Entropy measures, and the Atkinadex (Massey and Denton,

1988). These measures fail the same two criteria as the dissimilarity index and are also not
considered further here.

Concentration

Concentration indices measure the extent to which a certain populaigigroupoccupies

a smallor large proportion of the actual physical space within a geographical area. A group
can be said to be residentially concentrated if it occupies a small proportion of the overall
physical space (Hoover, 1941; Massey and Denton, 1988). Massey and Dergtuct a

series of concentration indices, some of which measure concentration in an absolute sense
(i.e. comparing the total land area inhabited by a certain group with the minimum and
maximum possible land areas that could be inhabited by that groughsame which

measure concentration in a relative sense (i.e. the extent to which a group is
disproportionately concentrated into small geographical areas compared to another group),
and conclude that theelative concentrationindex(RCO¥hould be adopteds the optimal
measure of residential concentration (Massey and Denton, 1988:308).

Concentration indices have been criticised on methodological grounds. For example, Egan et
al (1988) have demonstrated a number of flaws in the relative concentratior imiéch

they conclude invalidates its use as a reliable indicator of residential concentration. They
highlight that the relative concentration index is based upon the average geographic size of
neighbourhoods without actually considering population den@iigan et al, 1988:1117).

C2NJ 2dzNJ LJdzN1LI2 aSa> GKSNB Aa yz2a | Ot SN fAY]
experience of inequality in the South African context. For example, in predominantly urban
municipalities the poor often live in areas ofjhipopulation density (such as townships)
whereas the more affluent population often live in the less densely populated
neighbourhoods. In this case, the poor are disadvantaged by their lack of space compared to
the rich. However, in the predominantly alrmunicipalities the more affluent typically live

in and around the main town(s) which are characterised by higher population densities than
the typically more deprived rural areas surrounding the town(s). In this case, the poor in the
sparsely populatedreas are not disadvantaged by lack of physical space, but they are
disadvantaged by a lack of access to services compared to the residents of the town(s). As
such, although the dimension of concentration would be relevant if we were looking only at
urbanareas across South Africa, because we are looking also at rural areas we conclude that
concentration is not appropriate here as it does not permit comparison of inequality

between all neighbourhoods in the country on a consistent basis.
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Centralisation

Centralisation refers to the extent to which members of a particular populasobhgroup
are residentially located close to the centre of an urban area. Whilst this dimension of
residential segregation may be relevant in urban analyses, it does not letfdatsmalysis
that includes both urban and rural areas and therefore does not meet our criterion.

Exposure and Clustering

Exposuraefers to the likelihood of potential contact and possible interaction between
members of two different groups of the pofation and is therefore ofreatestrelevance

for our purposes. The standard exposure indices discussed by Massey and Denton quantify
the extent to which one group (e.g. the poor) is exposed to the other group (e.g. the non
poor) by virtue of living in theame neighbourhoo@Massey & Denton, 1988, p.2B7
Massey and Denton state that "exposure indices attempt to measurexperiencef
segregation” as felt by the average member of a palticgroup(Massey & Denton, 1988,
p.287). They recommend the use of the-salled P* indices of exposure that had been
adopted by LiebersofLieberson, 198)1 consisting of the xP*y and yP*x interaction indices
and their counterparts the xP*x and yP*y isolation indices (not considered here). The
subscripts x and y denote the two groups of population being compéoedur purposes, X
would represent the poor group and y would represent the paor group.

The standard notation for the P* iataction indices is as follows:

o B — — (1)
o B — — )

where, for our purpose,ixy; and t are the number of poor, nopoor, and total population

(i.e. sum of poor plus nepoor) , respectively, in the neighbourhogdand X and Y

represent the total number of par and total number of nowpoor, respectively, in the wider
geographical area. As described here, the xP*y interaction index can be interpreted as the
likelihood of a poor person sharing the same residential neighbourhood as-pown

person, while the yf interaction index can be interpreted as the likelihood of a 1paor
person sharing the same residential neighbourhood as a poor person. The respective
neighbourhood interaction probabilities are averaged across all neighbourhoods within a
larger geogrphical area to produce overall xP*y and yP*x indices for the larger geographical
area, such as each of the US cities that were examined by Massey and coli@agues
Massey & Denton, 19881assey, White, & Phua, 199@assey & Denton, 1988assey &
Fischer, 208; Massey & Eggers, 1999assey & Fischer, 20P0rhey could similarly be
created for each local municipality in South Africa.
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However, a majormnitation of the conventional exposure indices is that exposure is only
measured within the confines of the home neighbourhood, and therefore any potential
exposure that might take place away from the home neighbourhood is ignored. Fortunately
for our purpceses, Morgar{1983 developed a distance weighted DP* exposure index which
addresses this criticism and which Massey and Denton classified under their dimension of
clustering(Massey & Denton, 1988, p.2p6

| OO2NRAY3 (G2 al aasSe CtlugtingrSefsicxhé OegreeQd whidghda A T A Ol
neighbourhoods populated by a particular group of the populatiegeographically
contiguous or proximately located. Clustering therefore concerns the spatial distribution of
neighbourhoods with respect to one another i.e. the spatial kredationships between
neighbourhoodgMassey & Deton, 198§. For instance, where higboverty

neighbourhoods are contiguous or closely packed within a certain part of a city or local
municipality, the degree of spatial clustering is high. Conversely, where high poverty
neighbourhoods are dispersedamd amongst low poverty neighbourhoods the degree of
clustering is low. Whit€1983, p.101Drefers to this situation of spatial clustering/dispersion
as the "checkerboard problem”. The fundant@inprinciple of the clustering dimension is

that the measures take account of the spatial relationstipsveenneighbourhoods.

Distance-Weighted P* Exposure Indices : straddling the dimensions of Exposure and
Clustering

Massey and Denton discuss a raraf measures under the clustering dimension, but the

DP* distancewneighted exposure indices proposed by Mordaf83 stand out as being of
particular relevance for lookingt the lived experience of inequality. These indices are an
adaptation of the conventional P* exposure indices discussed above to incorporate people's
potential exposure in neighbourhoods other than their home neighbourhood. The DP*
exposure indices thefere better reflect the reality that individuals in one group (say, the
poor) may be exposed to members of another group (say, thepomr) in both their own
neighbourhood and in a range of other locations as they go about their daily lives. The
distancefunction within the DP* indices can be specified in a variety of ways to reflect the
expected likelihood of a person from one neighbourhood visiting each other neighbourhood
within a given geographical bound, and is usually derived through the construdtan
neighbourhoodto-neighbourhood distance matriyVhite, 1983. Massey and Denton

placed these indices within the clustering dimension of their classification because they
utilise information on the spatial interconnectedness of iigurhoods Cur view,

however is that they straddle the dimensions of exposure and clustering.
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The formula for the DPxy* and DPyx* measures as proposed bgéyaand Denton are as
follows:

o0° B —-B 0O -— (3)
o0° B —-B U -— (4)
where

0 @ — 5)

and where d is the distance between area i and area j. For each,dheaprobability of a
poor person being exposed to a npoor person is a function of the likelihood of a poor
person from area i visiting area j combined with the liketid of a poor person meeting a
non-poor person once within area |.

Massey and Denton followv K A ((189&3)&ecommendation to use the exponentidistance
decay function for Kij. Howevere argue below that the choice of disteandecay approach
should be considered on a cabg-case basis depending upon the specific research
challenge and, indeed, we adopt a different approach.

Returning to Lloyd and ShuttlewortH'8012) distinction between global, spatial and local
approaches to constructing segregation indices, the conventional P* exposure indices
proposed by Liebersofi981) and Massey and Dentdd988 would be regarded as 'global’
measures whereas the distaneeeighted P* exposure indices proposed by Morga983),

White (1983 and Massey and Dentdd988 would be regarded as 'spatial (geographically
weighted) measures'. In both the global and the spatial (geographically weighted)
approaches, summary statistics are calculated for the entirety of the larger geographical
study area, such as city or local municipality. Such measures are particularly useful when the
objective is to compare levels of exposure between different citiestloer large areas (e.g.

is exposure of poor to nepoor higher in Cape Town or Johannesburg?). However, as Lloyd
and Shuttleworth(2012) note, there has beea recent trend in the residential segregation
literature towards developing local variants of segregation measures. The distaigbted

P* exposure indices can be modified to produce 'local measures' of residential segregation
which generate summary stiatics for each individualeighbourhoodather than summary
statistics for the entirety of a larger geographical study area. Local measures of exposure
give a more nuanced insight into the patterns of segregation at a detailed local level than is
providedthrough spatial (geographically weighted) measures of expo&ir®. Lloyd, 2010
C.D. Lloyd & Shuttleworth, 221Wong, 2002
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The local distance weighted exposure indices, represented here by the notation LDPxy* and
LDPyx*, are in fact equivalent to equations (3) and (4) above, but without the final
population weighted aggregation to a higher spatial level. Teey therefore be expressed

as:

000 bwB 0 — (6)

dwB O — (7)

C

00

where the K distance decayrfction can again be specifi@d a variety of different waysas
we discuss next

Two further methodological considerations

Two further methodological issues require consideration. The first relates to the spatial
bounds within which potential exposure judged likely to occur. The second relates to the
spatial weights assigned to the neighbourhoods to reflect the likelihood of a person from
one neighbourhood actually visiting each other neighbourhood within the defined spatial
bounds. These are discesghin turn as they represent important components of the
exposure measure that we psent in the following section.

Spatial bounds

The question of how to define the spatial bounds within which a person is likely to
experience inequality firshand is ofcentral importance to the measure of exposure
developed here. It is, of course, intrinsically linked to the second methodological
consideration relating to the derivation of spatial weights to represent the likelihood of a
person from one neighbourhoodsiting every other neighbourhood. The spatial bounds
should only encompass those neighbourhoods which a person is likely to visit, and then the
spatial weights should reflect the actual likelihood of visiting each of these selected
neighbourhoods. This wadirequire a bespoke spatial bound around each separate
neighbourhood demarcating the geographical limits of potential exposure of that
neighbourhood's residents, and reflecting the reality that people's travel patterns when
outside their home neighbourhabare neither random nor uniform, but instead

determined by a combination of needs (e.g. access to services), opportunities (e.g. access to
jobs) and barriers (e.g. travel time, cost and perceived difficulty of integration) (Schnell and
Yoav, 2001).
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In practice, three approaches to setting spatial bounds around each neighbourhood have
typically been used in the literature concerning local measures of segregation: (i) selecting
all neighbourhoods that lie within the administrative area in which the target
neighbourhood is located; (ii) selecting all neighbourhoods that lie within a set distance
radius of the target neighbourhood; and (iii) selecting agpecified number of
neighbourhoods using a 'k nearest neighbours' approach based upon distance from the
target neighbourhood (Anselin, 1995).

In the spatial (geographically weighted) measures of exposure presented under Massey and
5Syi2yQa OfdzadSNAYy3I RAYSyaArAzys> GKS aLIl dAlLf o
person lives. In other words, each i@snt of a given city is exposed to the inequality

apparent within the bounds of that city but they are oblivious to any inequality outside the

city bounds. For the analysis in tipject, because we are concerned with inequality

experienced in both urbaand rural areas, the equivalent spatial units would be local

municipalities and (where relevant) metropolitan areas (Statistics South Africa, 2004).

We argue here that choosing local municipalities/metropolitan areas as the spatial bounds
of potential exposure would have one major advantage, counteracted by two major
disadvantages. The advantage would be that every area, even if rural, will contain at least
one town (often the administrative capital) which will exhibit 'pull factors' to attract people
from the surrounding parts of the municipality (e.g. access to service hubs and increased
employment opportunities) and which will be relatively well connected to the local
transport infrastructure. This is important because in South Africa the rural areas a
typically characterised by higher levels of deprivation than the urban areas and so within a
rural municipality the town is most likely to contain concentrations ofpowr population.

As such, people living in the rural areas are perhaps most lizaygerience inequality
first-hand through their visits to towns. The first disadvantage to choosing local
municipalities as the spatial bounds of potential exposure would be that this effectively
considers each municipality as having ‘closed borders'iwievent people from one
municipality from visiting any other municipality, which is wholly inappropriate, particularly
for residents of neighbourhoods located close to municipal borders. The second
disadvantage is that local municipalities vary greatlierms of population size and in terms
of geographical size, meaning the bounds of potential exposure will vary greatly from
personto-person depending on the municipality in which they live.

Other applications of local segregation indices use eithes#talistance radius approach or
the k nearest neighbours approach, neither of which is dependent upon the often fairly
arbitrary definition of municipal boundary lines. This independence from municipal
boundary definitions is a major advantage underpimmnboth approaches as it reflects the
reality that people living close to municipal boundaries are likely to be exposed to inequality
in more than one local municipality. However, the set distance radius and k nearest
neighbours approaches are also depentlepon the fairly arbitrary specification of
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parameters (in terms of the distance threshold or k value, respectively). Fixing the distance
threshold results in widely varying k neighbours, while fixing the k value results in widely
varying distances. As alo, neither approach offers the ideal solution for our purpose. A
further disadvantage of both the set distance radius and the k nearest neighbours
approaches for our purpose is that both specify the spatial bounds without reference to the
types of neighbarhoods that are being included within the bounds. In both cases, the final
geographical extent of the spatial bounds around any given target neighbourhood will be
roughly circular because both approaches utilise simple Euclidean distance, usually
measuredn all directions from the centroid of the target neighbourhood to the centroid of
the proximate neighbourhoods, as the basis for selection. They do not reflect the reality that
people's travel patterns are contoured by a combination of needs, opporasménd

barriers which may not radiate out in a uniform circular veagund the home

neighbourhood.

Spatial weights

The second important methodological consideration relates to the derivation of spatial
weights assigned to the neighbourhoods to refldwt tikelihood of a person from one
neighbourhood actually visiting each other neighbourhood within the defined spatial
bounds. In Massey and Denton's distamweeighted DP* exposure indices they use an
exponential distance decay function, radiating out elyan all directions from the target
neighbourhood to every other neighbourhood within their specified spatial bounds (US
cities).

We decided not to use the exponential distance decay function for the analyses presented
in thischapterbecause it placesob great an emphasis on the immediate vicinity around the
target neighbourhood which does not reflect the reality in South Africa that people often
have to travel quite considerable distances in order to access services or employment
opportunities.

Ourch@g Sy YSIF &adza2NBE 2F aSaNBIIFGA2y (2 NBLINBaSyi
modification of the local distance weighted exposure indices noted in equations 6 and 7.

The remainder of thishapterintroducesthe datasetsand geographyelevant to tre

construction ofour final chosen indices, discusses thethodological construction of our

indices and then presents key results and analyses.
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2.3 Data and geography

In terms of a dataset with which to operationalise the measures, we used datecome

and material deprivation at neighbourhood level in South Africa, taken from the South

African Index of Multiple DeprivatioP001(SAIMD 2001(Nobleet al., 2009. The SAIMD

2001 is a multidimensional measure of deprivation expressed at small aredilevel

Wy SA IKO 2 dzNd¢ the@wR@le of SBWhSAfriddt consists of fiveomponent

RAYSyYy aa2y a sof @&pivatior, 2vithledcly doifiaimeasuing the proportion of

population ger neighbourhood that experience that particular form of deprivatidhe

overall Index of Multiple Deprivation is a composite measure calculated by combining the

five constituent domains using an explidiatsstical methodology. For the purpose of the

work undertaken and presented in this chapter, onlytdd y O2YS YR YI G SNA | €
R2YFAYQ A& dziAfAaSRY Ff(dK2dAK G4KS FylrteasSa C
Whilst the concept of neighbourhabis highly contested in the international literature,

there are relatively few options available in South Africa from which to choose. The SAIMD

uses a statistical geography which consists of 22,164avenlapping contiguous spatial

unitsc WR I 0 I ¢ a2rgsS Solh Africa, each containing approximately 2,000 people

(Avenell, Noble, & Wrigt, 2009. We used data on the numbers and proportions of

L2 Lddzf F GA2Y Ay SIFOK RFEGFET 2yS RSFAYSR Fa adzFFSs
based on 2001 Census d&tgor each datazone we know the number of people who are

deprived in terms oincome and material deprivation (i.poor) and the number of people

who are not deprived in terms of income and material deprivation (icg-poor). The total

population of the datazone is the sum of those deprived and those not deprived (i.e.

deprivation status is a straight binary classification).

Figure 2.1 shows a closg of the City of Johannesburg Metropolitan Municipality (shown
by the thick black boundary line). In the Kandside panel of Figure 2.1, the Datazone
boundaries are shown by thigrey linesAs noted above,a&hdatazonewas designed to
contain approximately 2,000 people. In the rilandside panel of Figure 2.1 the Datazones
have been coloucoded according to the proportion of population in the area that was
defined as deprivedn the Income and Material Deprivation Domain of the SAIMD 2001
(i.e. for our purposes defined @a®or). A clear spatial patterning is evident in the

distribution of poverty across the municipality, with the northern suburbs in and around
Sandton being chacterised by relatively low levels of poverty (i.e. the areas cetmaied
green), contrasted with the areas in and around Soweto, Alexandra and Orange Farm, for

% Inthe SAIMD people are classified as suffering income and material deprivation if they meet any one of the
following criteria: (i) living in a household that has a household income {(adpted using the modified

OECD equivalence scale) that is below 40%%e mean equivalent household income; (ii) living in a household
without a refrigerator; or (iii) living in a household with neither a television nor a radio.
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example, which are characterised by much higher rates of poverty (i.e. the areas-colour
codedred and orange).

In the context of exposure to soceEconomic inequality, it could be argued that a poor
person living in Soweto or Alexandra, for instance, is likely to be highly exposed to affluent
people and visible signs of affluence due to the clgpsegraphical proximity of their
neighbourhoods to the more affluent neighbourhoods in and around Sandton.

Figure 2.1: Datazone boundaries and Datazdeeel poverty rates in the City of
Johannesburg Metropolitan MunicipalityGauteng Province
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Figue 2.2 shows the equivalent boundaries and data for the largely rural local municipality
of King Sabata Dalindyebo in the Eastern Capee is a cleacontrast betweerFigures 2.1
and 2.2. In Figure 2.2 the overwhelming majority of Datazones in thertagatipality are
characterised by extremely high levels of poverty, but with a relatively small geographical
pocket of lower poverty in the town of Umtata.

In the context of exposure to soceconomic inequality, it could be argued that a poor
person liing in the rural areas of King Sabata Dalindyebo is unlikdlg tegularlyexposed

to affluent people and visible signs of affluence due to the overwhelming level of poverty
across this part of South Africa.
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Figure 22: Datazone boundaries and Datazofevel poverty rates in theking Sabata
Dalindyebo LocaMunicipality, Eastern Cape Province
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Whilst Figures 2.1 and 2.2 showed detailed geographical-clpsef two selected
municipalities, the Datazone level rates of poverty are available for tdzDaes in South
Africa. Figure 2.3 shows a map that depicts the poverty pattern across South Africa at
Datazone level, and is presented here as important geographical context to this study.
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Figure 23: Datazonelevel poverty ratesacross the whole of Sah Africa
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2.4  Developing the exposure measure

The review of possible methodologies summarised above suggests that the local distance
weighted LDP* exposure indices, LDPxy* and LDPyx*, are the most appropriate starting

point for our purposé The indies measure the level of exposure to inequality experienced
first-hand by people as they go about their daily lives, with exposure occurring not only

within their home neighbourhood but also throughout the wider geographical area in which

they carry outthd NJ N2 dzi Ay S | OGABAGASad ¢KS Wi20FtQ @I
our aim is to measure inequality experienced by individuals and, clearly, people's level of
exposure to inequality will vary spatially within a city or other large area accoraiwhere

within that large area (i.e. in which neighbourhood) they live.

Each of the approaches to defining spatial bounds discussed above was developed and
tested in order to inform the selection of the most suitable approach for a measure of the
lived experience of inequality. The approach we selected is a combination of the local

* As noted above, we constructed and considered a wide range of different indices of semregatiart of
this project. For clarity, we do not present analyses of the other rejected indices here.
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municipality administrative geography and the set distance radius appréaxta resident

of any given target neighbourhood, we assume that potential exposure to inequality ma
occur within that same neighbourhood, plus any other neighbourhood within the same local
municipality, plus any neighbourhood that lies within a 20km distance radius of the target
neighbourhood, irrespective of municipal boundaries.

Our chosen approacto defining the spatial bounds around each neighbourhood draws
upon the strengths of the local municipality geography, particularly that each municipality
will include at least one administrative town, and the strengths of the set distance radius
approach, particularly that spatial bounds can cross municipal boundaries. The choice of
20km as the set distance radius is arbitrary, but based upon what might be regarded as a
manageable daily commute for most residents of South Africa.

In terms of the spatialveights, we begin with a linear distance decay function rather than
an exponential. The linear function still attributes greatest weight to the neighbourhoods
closest to the target neighbourhood, but the weights do not decrease as quickly with
increasing ttance as is the case with the exponential. Given the fact that in South Africa
many people have to travel considerable distances to work or to seek work, the linear
approach is judged more appropriate for our purpose than the exponential.

Taking theseear distance decay weights, we then apply an adjustment process which we
feelresults in a more realistic set of distance weights. In order to reflect the reality that
people's travel patterns are contoured by a combination of needs and opportunitiglstwh
being constrained by travel times and costs (which can be proxied by geographical distance),
we derived a set of adjustment factors which we applied to the weights generated using the
basic linear distance decay approach. The major assumption undérgithe adjustment
factors is that the more prosperous neighbourhoods will exert a stronger set of 'pull factors'
than the less prosperous neighbourhoods because, in the South African case, the more
prosperous areas tend to be closer to key service aquaisss and tend to offer the

greatest opportunities in terms of potential employment prospects. Conversely, the less
prosperous areas are often perceived (whether correctly or incorrectly) to be places of
disorder, crime and violence. Our propositionhat the likelihood of a person from one
neighbourhood visiting another neighbourhood is based upon a combination of the distance
between the respective neighbourhoods and the relative levels of prosperity in the
respective neighbourhoods, with more prospes areas being more attractive as a travel
destination.

Although no data currently exist to measure levels of prosperity, affluence or wealth at
small area level in South Africa, the proportion of population experiencing income and
material deprivation aismall area level is likely to be strongly negatively correlated with
levels of prosperity, affluence or wealth. We therefore use deprivation differentials to adjust
the linear distance decay weights to produce our final set of weightings.
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We generatedhe spatial weight adjustment factors as follows: first, we calculated the
proportion of the population in the target neighbourhood that is not defined as
experiencing income and material deprivation (i.e. a value of 0 means every person in that
neighbourhad is deprived and a value of 1 means that no one in that neighbourhood is
deprived). Second, we repeated this calculation for every other neighbourhood within the
limits of the spatial bounds around the target neighbourhood. Third, we took each of the
neighbourhoods within the spatial bounds in turn and calculated a deprivation differential
by subtracting the target neighbourhood's noleprived proportion from the equivalent
non-deprived proportion of each respective neighbourhood. This generated a distnib

that can range from a minimum et (in the case where no one in the target neighbourhood
is deprived and everyone in the proximate neighbourhood is deprived) to a maximum of +1
(in the case where everyone in the target neighbourhood is deprivecharahe in the
proximate neighbourhood is deprived). If the target neighbourhood and proximate
neighbourhood have identical proportions of population deprived, the deprivation
differential value will be zero. Fourth, we multiplied the deprivation differentalue by the
basic linear distance decay weight calculated above to produce an adjustment factor. Fifth,
we added the adjustment factor to the basic linear distance decay weight value to apply the
adjustment. Sixth, and finally, we scaled the spatialhts so that they sum to 1 across all
neighbourhoods within the spatial bounds, thus generating the final set of deprivation
adjusted spatial weights.

Equation (8) provides the notation fapplying the deprivation adjustments to the linear
distance decayeights while equation (9) provides the notation for the final step of scaling
the weights so that they sum to onA.fuller methodological discussion of the procedures is
provided in McLennan et al (forthcoming).

@ - = (8)

6 o - ©)

where dij is the distance between area i and area j, max(dij) is the maximum distance from
area i to any other area j within the specified spatial bounds (i.e. within the local
municipality and within 20km of area i), y and t are the numbers ofp@or population and
total population, respectively, in areas i and j, Wij is the-graling deprivatioradjusted
distance weight between areas i and j, and Zij is the final scaled depriadjasted

distance weight between areas i and j.

The end product oftte deprivatioradjustment process is a set of spatial weights which we
argue better reflects the likely routine activity patterns of individuals in South Africa than is
provided by a simple distance decay function alone, meaning that the deprivatijsied
spatial weights are a more realistic measure of the likelihood of an individual from one
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neighbourhood visiting various other neighbourhoods where he or she may be exposed to
inequality.

In summary, our local deprivatieadjusted distancaveighted expsure indices for each
area i can be depicted as follows

GO OB & — (10)
®w000'waB & — (11)

where Zij is specified as shown in equation (9),aqdt are the numbers of poor
population, nonpoor population and total population, respectively, in areas i and j, and
aLDPxyi* and aLDPyxi* are the final local deprivafidjusted distancaveighted exposure
indices for each areai.

2.5 Key findings : Exposure of poor to non -poor

Analyses of aLDPxyi*

Having constructed the local deprivatiadljusted distanceveighted exposure index, the
results were mapped and assessed for faaédity. Given that our primary focus is on the
exposure of poor peopleotnonpoor, our results are presented in relation to aLDPxyi*.

Figure 2.4hows the aLDPxyi* scores for all Datazones in South Africa. The Datazones have
been grouped into national deciles according to their scores on the aLDPxyi* distribution.
Those areasolourcoded bright yellow are the 10% of Datazones withltheestlevels of
exposure on this measure, whilst those areas coloagted bright blue are the 10% of
Datazones with thdighestlevel of exposure on this measure. The other eight cetmded
categories represent the other eight national deciles of Datazones when ranked on this
measure.
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Figure 24: National Datazone deciles of aLDPxyi*
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Although the finegrained detail of Datazones cannot be adequately represented on a map
of the whole of Sath Africa, a broad pattern of exposure on this measure is apparent, with
the areas of highest exposure typically located in and around the major cities, and the areas
of lowest exposure typically located in theedominantlyrural areas.

Figure 25 presents the results fothe City of Johannesbuand surrounding aread he left
side panel of Figure.2repeatsthe Datazone level poverty rate that was shown in Figure
2.1 above, with each colowtroded interval representing absolute rates of poveApsolue
poverty rates(rather than national decilegre used heren order to highlight the wide
variation in actual poverty levels within Johannesbdrge rightside panel of Figure 2.
shows the Datazone scores on the aLDPxyi* meassirg) national decile® coincide with
the tabular analyses and associated discussion of results bélissimportant to note,
therefore, that the two maps in Figure®present data in slightly different ways: in the
exposue map on the right of Figure 2tBere are equal ombers of Datazones in each of
the colourcoded intervals, but this is not the case in the poverty rate map on the left of
Figure.Each mapping technique has its own strengths and weaknesses and so is applied
accordingly.
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Figure 2.5 Datazone level povey rates and Exposure deciles for the City of Johannesburg
Metropolitan Municipality in Gauteng
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As is apparent from Figure 2the poorindividuals with the highest levels of exposure to
socioeconomicinequality tend to be those that live inor dose toc the relatively lespoor
neighbourhoods. This is as we would expect because thesepeople are likely to interact
more frequently with norpoor people on drequentbasisand or see visual signs of
affluence and wealth on a frequent basisdso experience higher exposure to the opposite
end of the socieeconomic distribution as they go about their daily lives.

Figure 26 shows equivalent poverty rate and exposure decile information for Datazones in
and around the King Sabata Dalindyebo Lduahicipality in the Eastern Cape. Whereas
Johannesburgs characterised by some of the highest levels of exposure on the aLDPxyi*
measure, the situation in and around King Sabata Dalindyebo municipality is very different.
The majority of the Datazones this predominantly rural municipalitgre in the lower

national deciles on this measyrmdicating that poor individuals living in these Datazones
are much less exposdd sociceconomic inequality then poor individuals in Johannesburg.

It is evident thatpoor individuals living in and around the town of Umtata do have slightly
higher rates of exposure than the rest of the municipality, and this is as we would expect as
Umtata contains the only notable concentrationrain-poor population in that whole
geogaphical area (as demonstrated byetleft-side panel of Figure 2.6
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Figure 26: Datazone level poverty rates and Exposure deciles for ikieg Sabata
Dalindyebo LocaMunicipality in the Eastern Cape
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Whilst the data on exposure presented in FegiR.3 to X reflect the national decile

distribution of aLDPxyi*, it is also possible to examine the actual underlying aLDPxyi* scores
that formed the basis of the decile rankingglire 27 presents a histogram of aLDPxyi*

scores at Datazone level fdrd whole of South Africa. The horizontedxis represents the
aLDPxyi* score, with a potential range of 0 (meaning no exposure) to 1 (meaning complete
exposure).The verticle yaxis represents the number of Datazones that fall within each of

the column bads.
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FHgure 27: Histogram of Datazone aLDPxyi* scofes all Datazones in South Africa
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The distribution of aLDPxyi* valussown inFigure 2.1s clearlybi-modal, with a

concentration of Datazones exhibiting relatively low levels of exposure aotthen
concentration of Datazones exhibiting relatively high levels of exposure. To help unpick this
further, Hgure 2.8presents equivalent histograms for two discrete subsets of the
Datazones: the lefside panel of igure 2.8shows the distribution of dDPxyi* values for
Datazones in the six metropolitan municipalities as per the definition at the time of the 2001
Census (namely, Cape Town, Johannesburg, Tsh&knejuleni, eThekwini andelson
Mandela Metropolitan Municipalities), while theght-side @nel of kgure 2.8showsthe
distribution of aLDPxyi* values for Datazones in the 229-metropolitan municipalities as

per the definition at the time of the 2001 Census.

Hgure 2.8clearly shows the contrasting distributions of values on the aLDPxyasune
between Datazones in metropolitan and nametropolitan areas. Almost a®%.3%) of the
metropolitan Datazones exhibit aLDPxyi* scores above 0.4 on#xésycompared tgust
12.2% of the nommetropolitan Datazones.
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FHgure 2.8 Histogram of Dataane aLDPxyi* scores, separately by metropolitan and ron
metropolitan areas
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Returning to consider the national decile distribution of aLDPxyi* shown in Figures 2.3 to
2.5,Table2.1 summarises the geographical locations of the 10% of datazones nationally
that have the highest scores on the aLDPxyi* measure. These highest exposure datazones
are located primarily within the four metropolitan municipalities of City of Cape Town, City
of Tshwane, City of Johannesburg and Ekurhuleni. These four metropolitanipalities
account for 89.5% of the highest exposure decile datazones on this measure, with the
remaining 10.5% of datazones being spread more thinly over 23 other municipalities.

Table2.1: Location of datazones in the 10% highest exposure decile natiigron the
aLDPxyi* measure

Municipality Number Percentage
City of Cape Town 986 44.%%
City of Tshwane Metro 502 22. ™%
City of Johannesburg Metro 290 13.1%
Ekurhuleni Metro 206 9.3%
Others (23 municipalities) 232 10.9%
Total in the 10% highest expo®

decile nationally 2,216 100.0%
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The major metropolitan municipalities do, of course, contain higher total numbers of
datazones within their boundaries than nanetropolitan municipalities, and so Tal2e? is
presented to show the ten municipalitiest@ss South Africa that have the highest

proportions of datazones falling within the highest exposure decile on the aLDPxyi*
measure. City of Cape Town, City of Tshwane, City of Johannesburg and Ekurhuleni all rank
within the top ten municipalities on thimeasure and so are reflected in TaBI2, but there

are also smaller municipalities such as Gamagara and Stellenbosch with very high
proportions of datazones within the highest exposure decile nationally.

Table2.2: The ten municipalities with the higest proportions of datazones in the 10%
highest exposure decile nationally on the aLDPxyi* measure

Percentage of
Number of municipality
datazones in datazonesn the
Number of the 10% highest| 10% highest
datazones in exposure decile | exposure decile
Municipality the municipality | nationally nationally
Gamagara 9 7 77.8%
Stellenbosch 60 44 73.3%
City of Cape Town 1,388 986 71.0%
Saldanha Bay 34 23 67.6%
City of Tshwane Metro 951 502 52.8%
Mossel Bay 37 10 27.0%
City of Johannesburg Metro 1,599 290 18.1%
George 67 12 17.9%
Ekurhuleni Metro 1,188 206 17.3%
Nokeng tsa Taemane 21 3 14.3%

Box plot charts provide a means to assess the distribution of aLDPxyi* indicator values
between different subsets of the Datazones. iguFfe 2.9a box plot is used tehow the

spread of Datazone values on the aLDPxyi* measure for each of the nine provinces in South
Africa. Theverticaly-axis shows the actual aLDPxyi* score for the Datazdtssh province

is represented by a grey rectangular box which representsrtezduartile Range of

Datazone aLDPxyi* scores, plus upper and lower whiskers that represent the upper and
lower ranges of the Datazone scores, with small dots used to represent statistical outliers.
The median Datazone score for each province is represkoy a small white horizontal line
running through the grey Interquartile Range b@ke upper horizontal reference line at y=
0.5851represents the cut point for the most deprived national decile of Datazones, with all
Datazones scoringbovethis line keing colourcoded dark blue in Figures 2.3 to 2.5. The
lower horizontal reference line at y3:0454represents the cut point for the least deprived
national decile of Datazones, with all Datazones scdr&igwthis line being coloucoded
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bright yellow inFigures 2.3 to 2.5. The provinces are ordered from left to right according to
the median Datazone aLDPxgitore for the province.

It is evident from Fure 2.9%that the Eastern Cape province has the lowest median exposure
value and the Western Cape pioge has the highest median exposure value on this

measure. The Interquartile Range for the Eastern Cape overlaps with the lower horizontal
reference line, meaning that more than a quarter of the Datazones in the Eastern Cape have
exposure values that plachem within the 10% of Datazones nationally with the lowest
exposure. However, even within the Eastern Cape, we see that there are some Datazones
that have exposure scores that lie above the upper horizontal reference line, indicating that
these Datazong have exposure scores within the 10% of Datazones nationally with the
highestlevel of exposure. Overall, however, it is clear that the Eastern Cape as a whole is
characterised predominately by areas of low exposure on the aLDPxyi* measure. This is also
the case for the other provinces towards the {aind side of the chart, such as Limpopo.

On the righthand side of the chart it is evidentdhGauteng and the Western Cagehibit

rather different distributions than the other seven provinces, with mediatues and

Interquartile Ranges that sit notably higher up thaxis than the other provincesiowever,

even in these two provinces there are Datazones where exposure is substantially lower than
the majority of the province. Indeed, an important ovefalding from these analyses is

that although there are differencdsetweenprovinces in the distribution of Datazones on

the aLDPxyi* measure, there are also typically wide variatigtisn provinces.

The boxplot approach to analysing distributional cdweristics of subsets of Datazones can
also be applied to focus on Datazones in selected municipalities. The analyses @&Table
above showed that the 10% highest exposure decile of Datazones on the aLDPxyi* measure
were spread across 27 municipalitiggth the majority being located in the four

metropolitan municipalities of Cape Town, Johannesburg, Tshwan&kundhuleni). In

Hgure 2.1Q the spread of Datazone values aloDPxyi* is shown for each of the 27
municipalities separately. In this chartgimunicipalities are ordered from left to right

along the xaxis according to the total number of Datazones within the municipality. The

total number of Datazones per municipality is shown after the municipality name in the
labels along the-axis.
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Fgure 2.9 Boxplot of Datazone aLDPxyi* scores by province

Box plot of DZ scores on aLDPxy_inc by province
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N

Hgure 2.10 Boxplot of Datazone aLDPxyi* scores by municipality, for those municipalities

containing at least one Datazone in the highest exposure national decile

34



As is noted above, the critem for including a municipality ini§ure 2.10was that at least
one Datazone within the municipality must lie within thigghest exposuraationaldecile,

and this is clearly reflected in the chart, where all municipalities contain at least one area
abovethe upper horizontal reference linén most cases, the median Datazone value for the
municipalitiesshown in kgure 2.10ies below the upper horizontal reference line, but there
are five municipalities(City of Cape Town, City of Tshwane Metro, Gamagaklanha Bay
and Stellenbosch)here the median lies above the line, indicating that lwslmore ofthe
Datazones irach of these fivenunicipalities are in the highest exposure decile nationally.
In contrast, in other municipalities, only a small mibpoof the Datazones (sometimes only
a single Datazone) falls in the highest exposure decile. In genignale 2.10shows that

there is heterogeneity both within municipalities and between municipalities.

FHgure 2.11 Boxplot of Datazone aLDPxyi* sces by municipality, for those municipalities
containing at least one Datazone in tHewest exposure national decile

Hgure 2.11focuses on the other end of the aLDPxyi* spectrum, and includes only those
municipalities where one or more Datazones fallthe lowest exposur@ational decile.

Forty six municipalities are represented iguFe 2.11 There are 30 municipalities with

median scores below the lower horizontal reference line, indicating that in each of these 30
municipalities over half of thedazones are in the lowest exposure national decile.
Furthermore, in six municipalities (Msinga, Nkandla, Ntabankulu, Port St Johns, Qaukeni and
SetlaKgobi) every constituent Datazone falls within the lowest exposure national decile.
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Appendix 2 containdetailed maps and charts for each province in turn depicting the
aLDPxyi* results for the constituent datazones.

Analyses of Intensity _xy

The aLDPxyi* measure of exposure discussed above provides an important indicator of the

degree to which a poor pson is likely to experience soes@onomic inequality as they go

about their daily lives. This lived experience of inequality is very much from the perspective

of the individual poor person, based upon their own personal experience (or rather
likelihood of SELISNA Sy OSoad ''a GKS lylrteasSa 0205 RSY:
level of exposure to socieconomic inequality is highest for those poor people tha in

or close to lowpoverty neighbourhoods. For instance, a poor person living in areatflu

suburb of Sandton in Johannesburg (perhaps as a domestic worker) will be exposed to the

very visible signs of socgconomic inequality on a daily basis. However, within that affluent

suburb of Sandton there may only be a very small number of poorlpewjith the vast

majority being norpoor. The situation for a poor person living in Sandton can be contrasted

with the situation of a poor person living in Alexandra, also in Johannesburg. As was evident

from the righthand panel of Figure 2.4 above, tlewel of exposure on the aLDPxyi*

measure was just slightly lower for poor residents of Alexandtah{@hest national decile)

than for poor residents of Sandton*{highest national decile). However, it was also evident

from the lefthand panel of Figer2.4 thatpoverty rateswvere far higher in Alexandra than

in Sandton. Therefore, a poor person livinghiexandrawill haveboth a high pesonal

experience of inequality and be surrounded by lots of other poor people with similar high
experiences of inegglity. As such, Alexandra is an example of where the twin social

stressors of high povertyate and high exposure to inequality combine (or interact). In areas
characterised by both high poventgte and high exposure to inequality there may be an

I RRORYWYdzyAle fS@OStQ aSyasS 2F az20Alf Ayadaiaaic
and actions over and above the independent effects of two constituent factors (i.e. high

poverty rate and high exposure).K A & AYUGSNI OGA2y Yl & 3ISYSNIGS |
perceived social injustice within a community due to the high concentration of people

suffering these twin stressorf.is neighbourhoods such asede, wherethe interaction

between poverty rateand exposure to inequality is higihat mayalsobe most a risk of

social unrest or violent crimélhis can be contrasted with the situation in areas such as

Sandton, where there are very few poor people and therefore little concentration effect

despite the high personal experience of inequality of the few pummple that live there.
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Intensity_xy is therefore calculated as follows:
Intensty_xy = exposure_of_poor * inc

where exposure_of _poor is the score on the aLDPxyi* exposure me@auaging from 0O to

YR WAYOQ A& lévél Soveyhyphomisniaedzhtiiggdrém O to 1).

FHgure 2.12shows the distribution of Datazone level intensity_xy scores for all Datazones in
South AfricaThe horizontal yaxis ranges between 0 and 1, with O representing the lowest
intensity and 1 representing the higbieintensity. The intensity_xy score cannot be
interpreted in any absolute sense (i.e. it does not relate to a proportion of population (as
the poverty rate does) and it does not relate t@@bability (as the exposure measure

does)), but its interpretabn is nevertheless relatively straightforward: the higher the
intensity Xy score, the higher the combined effects of high povantyhigh exposure to
inequality.
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To demonstrate how the effects of povertyteaand exposure score interatd generate the
intensity Xy scores, Figei2.12 presents a scatter plot of the relationship between these

® Although, in practicgt is not technically possible for a Datazone to score a value of 1 because in order to do so would
require the Datazone poveytrate to be 1 (i.e. a rate of 100%) and the Datazone exposure score to be 1 (i.e. everyone in
that Datazone and all surrounding Datazones to be-poor), which is clearly contradictory and therefore impossible to
achieve.
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two variables for two groups of Datazones: the red dots depics¢hiDatazones which are

the 1% highest intensity_xy Datazones across the country, whilst the blue dots depict the
1% lowest intensity_xy Datazoens across the country. Frgurd=2.13t is gpparent that

those Datazones thacore the highest on the inteitg measure exhibit both relatively high
rates of poverty andelativelyhigh levels of exposure. It is also evident that those
Datazones that score the lowest on the intensity_xy measure exhibit ei¢ativelylow

levels of poverty, orelativelylow levels of exposure, aelativelylow levels of both.

FHgure 2.13 Scatter plot showing the relationship between poverty rate and exposure to
inequality for the highest and lowest intensity_xy percentiles of Datazones in South Africa
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The histogram of irnsity xy scores shown imgkire 2.12can again be disaggregated by
metropolitary non-metropolitan status, as is shown ilgkre 2.14 For the noAmetropolitan
Datazones the distribution of intensity xy values lies primarily towards the lower intensity
endof the scale, which relates closely to the relatively low levels of exposure in the majority
of non-metropolitan areas (compared to the metropolitan areas). The metropolitan
Datazones exhibit a bimodal distribution tire intensity _xy measure, with one

concentration of areas scoring relativdiyw on this measure and another concentration
scoring relatively high. Fromdure 2.8above we know that all the metropolitan Datazones
scored relatively highly on the aLDPxyi* exposure measure, so the metropoéitanddes

that score relatively low values on the intensity xy measure will be those with the relatively
low poverty rates.
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The power of the intensity _xy measure is best demonstrated cartographicallyerR2. 5

shows a map of the City of Johannesburg area with the Datazones -@alded according

to the national deciles of the intensity xy distributiorhe areas coloured bright yellow are

the 10% of Datazones across South Africa with the lowest levels of intensity xy, while the
areas coloured bright blue are the 10% of Datazones across South Africa with the highest
levels of intensity _Xxy. The bright blaeeas are those that are characterised by relatively

high levels of poverty and relatively high levels of exposure to inequality and, as such, might
be areas most at risk of social unrest due to the twin stressors afflicting the resident
population.

Hgure 2.15 reveals that areas in and around Sandton score relatively lowly on the
intensity Xy measure, despite scoring relatively highly on the aLDPxyi* exposure measure,
reflecting the fact thatlthough poor people living in Sandton will be acutely awdrgogio
economic inequality, there are very few poor people in Sandton and therefore the intensity
of community sense of injustice is likely to be relatively low. However, in the proximately
located township of Alexandra, the level of intensity xy is ertly high, reflecting the high
degree of poverty in Alexandra and the high degree of exposure to inequality due to being
surrounded by relatively less deprived (and in many cases very affluent suburbs).
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Each of the nine provinces contains some Datazones in the lowest national decile of
intensity_Xxy, whilst all provinces except Limpopo contain some Datazones irgthneshi
intensity Xy national decileidure 2.1 shows the Datazone distributions on intensity _xy

for each of the nine provinces separately, with the upper horizontal reference line
representing the cut point for the highest intensity decile(i.e. all Datascscoring above

this line would be coloured bright blue on the map) and the lower horizontal reference line
representing the cut point for the lowest intensity_xy national decile (i.e. all Datazones
scoring below this line would be coloured bright yellowthe map).

FHgure 2.36: Box plot of Datazone level intensity_xy scores by province

Box plot of DZ scores on intensity_xy_inc by province

Y

g
Q
s
~

& Fi 3

< <

O < §
3 < 3
& S 3
& < N
X S &
@ X

It is evident from gure 2.5 that the provinces of Western Cape and Gauteng exhibit

notably different distributions to the other seven provinces, with far greatepprtions of
Datazones in Western Cape and Gauteng scoring towards the upper end of the intensity _xy
distribution.

Equivalent box plots showing the Datazone level intensity xy distributions for each local
municipality (separately by province) are providadippendix3 to this report.

Of the 2216 Datazones that constituthe highest intensity xy national decile, 1981 (i.e.
89.4% of that decile of Datazones) are located in the five metropolitan municipalities of
Cape Town, Johannesburg, Tshwane, Ekurlnaleth e Thekwini. The remaining 235

Datazones from that highest intensity national decile (10.6% of that decile of Datazones) are
spread across a further 32 municipalities.
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Table2.3: Location of datazones in the 10% highest intensity_xy decile nationally

Municipality Number Percentage
City of Cape Town 487 22.0%
Ekurhuleni Metro 447 20.2%
City of Johannesburg Metro 409 18.5%
Ethekwini 389 17.6%
City of Tshwane Metro 249 11.2%
Others (32 municipalities) 235 10.6%
Total in the 10% highest exposursg

dedle nationally 2,216 100.0%

In terms of theproportionof Datazones in each municipality that fall within the highest
intensity_xy decile nationally, Ekurhuleni ranks top, with 37.6% of the Datazones in that
municipality being within the highest intengitxy decile nationally. Tab®4 shows the ten
municipalities with the greatest proportions of Datazones in this highest intensity decile,
and it is evident that all five of the municipalities listed in Table 3 are also listed inZ4ble

Table2.4: The ten municipalities with the highest proportions of datazones in the 10%
highest intensity _xy decile nationally

Percentage of

Number of municipality
datazones in datazones in the

Number of the 10% highest| 10% highest

datazones in intensity xy intensity _xy
Municipality the municipality | decile nationally | decile nationally
Ekurhuleni Metro 1,188 447 37.6%
Mossel Bay 37 13 35.1%
City of Cape Town 1,388 487 35.1%
Metsimaholo 62 21 33.9%
Middelburg 65 21 32.3%
George 67 19 28.4%
City of Tshwane Metro 951 249 26.2%
Overstrand 27 7 25.9%
City of Johannesburg Metro 1,599 409 25.6%
Ethekwini 1,529 389 25.4%

Appendces2 and 3 showdetailed Datazone level maps of the aLDPxyi* exposure measure
and theintensity xy measure for eadf the nine provinces iturn.

To conclude, with regards to the lived experience of the poor populati®@outh Africa, the
aLDPxyi* exposure measure captures the experience of ineqéralitythe perspective of
individual dayto-day experiences, whilst the intensity_xy measuaptares a community
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effect relating to the interaction between high neighbourhood poverty rates and high
exposure to inequality. Exposure to inequality, neighbourhood poverty rate and the
interaction between the two (i.e. intensity_xy) may each potentiaifiuence the attitudes
and/or the actions of poor members of South African society.

2.6 Key findings: Exposure of non -poor to poor

A similar range of analyses to those presented directly above can also be carried out with
regards to the exposure of ¢hnonpoor population to the poor populatiorHowever, the
conceptual justification for an intensity measure is less apparent for thepoam subgroup

of the population, so the following analyses focus solely on the aLDPyxi*measure of
exposure. Only a ssttion of results are presented here, although please Appendi® for
detailed Datazone level maps for each of the nine provinces.

Hgure 2.17shows the national deciles of the aLDPyxi* distribution at Datazone level for the
whole of South Africa. Isistrikingly evident from this map that the places where the-non
poor population is most exposed to the poor population are predominantly located in the
more rural areas where the levels of poverty are highest. This is of course as we would
expect becausas the poverty rate rises, the ratio of poor to rpoor people increases and
therefore the likelihood of a nopoor person being exposed to a poor person similarly rises.

The cartographic representation of the results shown in Figure 2.17 is bagkkygthe
tabular data presented in Tables 2.5 and 2.6.

Table 2.5 shows the twelmaunicipalitieswith the largest absolute numbers of datazones in
the highest exposure decile nationally on thieD Pyxifneasure. These twelve municipalities
account for over hdlthe datazones in highest exposure decile, with the remaining
datazones in the highest exposure decile being located across 34 different municipalities.
Nine of the twelve municipalities listed in Table 2.5 are located in the Eastern Cape
province, with he other three municipalities beg located in KwaZuiNatal.

Table 2.6 shows the twenty municipalities with the highest proportions of their constituent
datazones in the highest exposure deciletbea aLDPyximeasure. It is evident that six of

the munidpalities are composed entirely of datazones in the highest exposure deditea
further ten municipalities being characterised by over 90% of their datazones being within
the highest exposure decile.
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FHgure 2.17: National Datazone deciles of aLDPyxi*

Exposure: non-poor to poor
national datazone deciles

Empty datazone

- 10 - Most exposure
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7
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4
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2
1

- Least exposure

Table2.5: Location of datazones in the 10% highest expasdiecile nationally on the
aLDRxi* measure

Municipality Number Percentage
Umzimvubu, EC 129 5.8%
Qaukeni, EC 124 5.6%
Mbhashe, EC 119 5.4%
Mbizana, EC 113 5.1%
Intsika Yethu, EC 99 4.5%
Nyandeni, EC 92 4.2%
Nongoma, KZN 90 4.1%
Mhlontlo, EC 90 4.1%
Msinga, KZN 81 3.7%
Jozini, KZN 81 3.7%
Engcobo, EC 73 3.3%
Port St Johns, EC 72 3.2%
Other (34 muns) 1053 47.5%
Total in the 10% highest

exposure decile nationally 2216 100.0%
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Table2.6: The twenty municipalities with the highest proportions of datazones in the 10%

highestaLDRxi* decile nationally

Percentage of
Number of municipality
datazones in datazones in the
Number of the 10% highest| 10% highest

datazones in exposure decile | exposure decile

Municipality the municipality | nationally nationally
Ntabankulu, EC 68 68 100.0%
Qaukeni, EC 124 124 100.0%
Msinga, KZN 81 81 100.0%
Nkandla, KZN 67 67 100.0%
SetlaKgobi, NW 54 54 100.0%
Port St Johns, EC 72 72 100.0%
Elundini, EC 72 71 98.6%
Intsika Yethu, EC 101 99 98.0%
Mbhashe, EC 122 119 97.5%
Engcobo, EC 75 73 97.3%
Ingwe, KZN 54 51 94.4%
Nongoma, KZN 96 90 93.8%
Impendle, KZN 15 14 93.3%
Mhlontlo, EC 97 90 92.8%
Moshaweng, NW 41 38 92.7%
Mbizana, EC 123 113 91.9%
Jozini KZN 91 81 89.0%
Blouberg, LP 83 72 86.7%
Indaka, KZN 57 48 84.2%
Maphumulo, KZN 60 50 83.3%

These results reflect the reality that in places sucN&ankuluin the Eastern Cape almost

every person is counted as being deprived according to the&lgfik 2y 2F WAy O02YS |
YFGSNAFE RSLINAGIGA2YQ FTR2LISR Ay GKS {!La5 H
these that any nofpoor people living in the area are surrounded almost entirely be poor

people, and therefore they have incredibly high levet exposure to socieconomic

inequality as they go about their daily lives.

Of the twenty municipalities listed in Table 2.6, nine are located in the Eastern Cape, a
further eight are located in KwaZuNatal,two are located in North West province, ande
is located in Limpopo.
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2.7 Conclusion

In thischaptera number of possible ways in which to measure, at a small area level,

LIS2 LI S$Q& SE LIS N&ekghdidere® 2 3y @A $ 48R al 8aSeé | yR
dimensions of residential segregatiand argued that the dimensions of exposure and

clustering are of greatest relevance for our purposes. A measure was constructed in the

form of a deprivatioradjusted local distancereighted exposure index: aLDPxyi*. Although

based on former versions ofslance weighted exposure indices (Massey & Denton, 1988;

Morgan, 1983; White, 1983), we have refined the measure in a number of ways to take into

F 002dzyi GKS {2dzikK ! FNAOIY O2yiGiSEG® hdz2NJ FANERG
measuring expoB ol a O2YLI NBR G2 GKS w3at26ltQ FyR
used by Massey and Denton). Our second adaptation was to use a combination of the

municipal administrative geography and the set distance radius approach to establish the

spatial bounls of potential exposure. Our third adaptation was to adopt a deprivation

adjusted linear distance decay approach to determining the likelihood of visiting each
neighbourhood within the given spatial bounds.

Using the income and material deprivation domaf the 2001 South African Index of
Multiple Deprivation at datazone level, we constructed exposndices to measure
experience ofnequalityfrom the perspective of the poor populatioal{DPxy) and from
the perspective of the nopoor population (aDPyxi*).

Results were presented though a series of maps, tables and charts, with primary emphasis
placed on the measure of inequality as experienced byptta populationsubgroup It was
demonstrated that, for thigpoor populationsubgroup almost 90% fothe highest exposure
datazones are located within the four metropolitan municipalities of City of Cape Town, City
of Tshwane, City of Johannesburg and Ekurhuldmse results demonstrate that for

members of the poor populatiosubgroup exposure to inquality is markedly higher in

urban metropolitan areas, and that there can be stark differences in exposure depending on
where within an urban (or indeed a rural) area a person lives.

¢CKS WAYyUGSyardeQ YSIFadaNBE gl a Lpka &gagwehie a | Y
the resident population igfflicted by both veryhighpoverty rates and very high exposure
toinequality. th & Ay (GKS&S WKAIK AydSyardeqQ | NBla GKI
inequality might be most likely to interact to prompéople to engage in protest actiar

indeed to engage in other acts including criminal behaviour.

Although theexposure indices (and therefore also the derived intensity indicesiotitake
into account exposure generated by internal, regional or glabigration patterns, nor
exposure to national or international media networkisey do serve to providdefensible
neighbourhoodlevel quantitative measueof the lived experience of inequality.
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Indices such as these can be used to explore whetheetaese any associations between

exposure to inequality and incidents of social unrest and criminal activity. They can also be

dza SR (G2 SELX 2NB aaz20AalGAz2ya 6SG6SSy SELRA&dzN
poverty, inequality and redresas we denonstrate in Chapter 4 of this report
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Chapter 3: Attitudes towards inequality 6

3.1 Introduction

Following the Second World War, there emerged an increasing research interest,

predominantly in the United Kingdom and United States, on the motivatirgtha views

2y 2dzaGAOS LIXleée Ay LIS2L)X SQa ftAg@Sa FyR Ay GKS
f S@gStd b20l06fS RSOSt2LIYSyia AyOf dzRSR GKS SYS
in a just world (Lerner 1965, 1971, 1980; Lerner and Simrh®66; Rubin and Peplau 1973,

1975; Lerner and Miller 1978), inequality aversion (Glejser et al. 1977, Gevers et al. 1979;
Shorrocks 1980), system justification (Jost and Banaji 1994; Jost et al. 2004), social

dominance orientation (SDO; Pratto, Sidanbisllworth, and Malle 1994) as well as

conservatism (Wilson and Patterson 1968; Jost, Glaser, Kruglanski & Sulloway, 2003).

Building on this early conceptual and theoretical work, there has been a rapid expansion

over the last few decades of national amd€snational inquiry into attitudes about

economic inequality and deprivation. As inequality and distributional issues came back onto

the research agenda in the 1990s after a decade or more of relative neglect (Atkinson 1997,
Atkinson and Bourguinon 200Banbur and Lustig 1999), so too did the parallel interest in

public values concerning inequalities in their society, social security provision, progressive

taxation and other redistributive policies and programmes (for example, Kluegel and Smith

1986; Piktty 1995; Bromley 2003; Hills 2004; Sefton 2005; Orton and Rowlingson 2007;

McCall and Kenworthy 2009). While similar evidence from developing andnagbality

societies has tended to lag behind in this field of endeavour, changes in the availdbility o

national and crossational data has been to open up new lines of inquiry. For South Africa,
GKAOK O2yiAydzSa (2 Nryl FY2y3a (KS ¢g2NI RQa Y2
there is a fundamental need for a nuanced understanding of the gebeligfs, preferences

and policy attitudes in relation to inequality and redress and how these are changing over
GAYS® ¢KAA Ada SALISOAlLfte NBfSOFyd IABSY (GKS
transformative social policy programme to address the colamalapartheidlegacies of

deprivation and marginalisation and protect citizens against new vulnerabilities posed by

the workings of the global economy.

As the country approaches the close of its second decade of democracy, there has been
mounting refletion by policymakers, social scientists and the informed public alike on the
state of the nation and social chang¢he achievements, the disappointments, as well as
aspirations and plans for the future. Social unrest over the distribution of resources in

® This chapter is based on a gpeblication version of an article on inequality attitudes that draws on analysis
conducted as part of the Pathfinder Grant. The final version of the article was published in September 2014,
with the following citation: Roberts, BJ (2014) Your Place oe®Beliefs About Inequality and Redress
Preferences in South Africa. Social Indicators Research, 118(3), ppl1d®& /The article can be downloaded
from the following URLhttp://link.springer.com/article/10.1007%2Fs112033-04589
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recent years has also prompted concerns about living conditions, quality of life and the pace

and effectiveness of the development and redress agenda in a society that is oft cited as one

2F GKS ¢g2NIRQa Y2aid dzySljdz f &aweySlatdbave ¢ It 0K
demonstrated that incomes have been growing for all race groups in the country, income

inequality has not exhibited a declining trend since the early 1990s. In fact, aggregate

inequality estimates have shown that the pegtartheidperiod has been characterised by a

moderate rise in inequality with income increasingly concentrated in the richest income

decile (Leibbrandt et al. 2010, 2011). At the political level, it has been contended that the

African National Congress (ANC) governniexst placed greater emphasis on addressing

poverty and deprivation than reducing inequalities, with income disparities being
O2YyaARSNBR I aySOSaal NE LINAOS F2NJ SO2y2YAO0 13
Polokwane significantly altered this positigHabib 2012).

¢tKAa !'!'b/ O2yFTFSNBYyOS KlFla STFSOUAGSte daoNRdIAKIG
the domestic political context and, since 2009, the Zuma administration has placed a strong
emphasis on tackling inequality alongside poverty andmployment as three core

SO2y2YA0O OKFfftSyaSa FIFOAy3a GKS O2dzyiNE Q& RSC
Election lamented the persistence of and rising trend in inequality in South African society,

making reference to labour market dispariti¢ise stark spatial concentration of wealth, and

the skewed distribution of the gains from economic growth, while also appealing to the
LINAYOALIX S FNIAOdz F ISR Ay (KS mdpp CNBESR2Y /K
O2dzy i NE Q& ¢ S| f Uréhéwed camniitiiedt tocetodioni trafisfohidation (ANC

2009). This emphasis on creating a more equitable society in coming decades has been

reaffirmed by the recent publication of two notable policy documents, namelyNitonal

Growth Pati(NGP 2010) bythe Ay A& I NE 2F 902y 2YAO 5S@St 2LIVSy
National Development Plan 2030: Our Futukéake it Work(NDP 2012). Both documents

adopt inequality reduction as a core priority. The NDP, which provides a detailetelong

strategy for the countrymakes no fewer than 165 direct references to inequality and

explicitly targets the elimination of income poverty between 2010 and 2030 alongside a

decline in the Gini coefficient from 0.69 to 0.60, with the share of income accruing to the

bottom 40 percat of income earners expected to rise moderately from 6 to 10 percent

(Republic of South Africa 2012).

As the state embarks on this ambitious developmental agenda, it is important to examine
popular beliefs regarding income inequality in South Africamespas well as support for
redistribution. A number of reasons have been offered as to why public attitudes towards
inequality and redistribution matter fundamentally, many of which have strong resonance
with the South African context. Such attitudes ahd direction they follow over time have

been shown to exert some influence on the adoption of certain legislation and public
policies, especially those bearing on social security and socioeconomic redress (Kluegel and
Smith 1986). There is also the effecich beliefs may have on political behaviour or action,
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including electoral participation and choice as well as joining social movements and
engaging in protest action, while the perceived fairness of policies may facilitate or impede
their effective impémentation. Examining and better understanding recent trends in public
attitudes about inequality may further serve as a firm basis for predicting as well as
monitoring likely changes in the mediuno long-term (Rowlingson et al. 2010).

Many domestic exmples exist that speak to the potential political and policy importance of
inequality attitudes. For instance, around the time of the 2011 local government elections,
grassroots movements and civil society groups discontent with the pace and nature of the
aidriSQa LINRP@GAaAA2Y 2F olaAlO aSNBAOSAE | yR NBRA
02802002 6A0GK (GKS t22N)tS2LXSQa !'tftAlFyOS dzaa
During 2012, widespread opposition was registered in relation to theduiction of
electronic tolling system@ 2t t Ay30v 2y GKS FTNBSgle&a 2F (KS
province, Gauteng, and was labelled by the Congress of South African Trade Unions

6/ h{!1 ¢! 0 & | 3pariNeit 2FKIaE O % &YR OF R@r&mdl St & A YL
perpetuate social inequality and exclusion. The violence associated with protest action by
farmworkers in the Western Cape and mineworkers in North West province during 2012

and early 2013 in demand of a living wage suggested not only a growingroaner an

acceptable basic standard of living but also a growing awareness and frustration with

persisting inequalities. In a final example, public hearings regarding proposed etgible

electricity tariff increases held across the country in early2@&re marked by public

demonstrations over concerns about the social consequences on the domestic and business
sectors.

Ly aLAGS 2F adzOK SEIFYLXSE YR GKS yI GdNBE 27
somewhat incongruous that there is not a riempirical literature on the beliefs of South
Africans about the unequal distribution of poverty and deprivation and the policy measures
that have been introduced to address the situation since the fadlpafrtheidin 1994. Work

in the late 1990s exploretthe understanding of poverty and differential notions of social
solidarity among elites (especially between Ald@d norANC elites) in the country (Kalati
and Manor 1999, 2005). Using nationally representative data, Roberts (2006) explored
public percepibns of inequality aversion, relative deprivation and support for various
compensatory and preferential redistributive measures, while Wegner and Pellicer (2011)
examine changes in the demand for redistribution in the country. At a more micro level,
Seekigs (2008) also examined racial differences in perceptions of distributive justice using
representative data for Cape Town. There is also a small but growing body of evidence on
beliefs about specific redistributive measures, such as affirmative actioonBbal. 2007;
Durrheim 2010; Durrheim et al. 2011; Roberts et al. 2011), land reform (Gibson 2010) and
social grants (Noble et al. 2008; Surender et al. 2010).
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Half a century ago, in his influential bolsicome Distribution and Social Char{j662), tre
social policy scholar Richard Titmuss conveyed the importance of moving beyond the
distributional picture offered by official income statistics to provide a fuller account of the
reality of widening divisions between social classes in relation not ordgrihmand over
income but in other domains too.

Accordinglythe analysis presented in this chapter of the repairhs to make a modest
contribution towards providing a different perspective on inequality in South Africa,
extending beyond the typical emanation of Gini coefficients and Theil indices to provide a
fuller understanding of the nature and distribution of public attitudes towards economic
inequality and government redistribution inequality in contemporary South African society.
This will inclde, where possible, evidence on the extent to which there has been continuity
or change in these social values over the last decade. In approaching the study, we
hypothesise that the economically disadvantaged in South Africa will tend to exhibit greater
awareness of and aversion for the current social structure in the country relative to
wealthier citizens. Moreover, we anticipate a similar negative association between social
class and support for statied redistribution, and specific social policies ped by the
post-apartheid developmental state to foster redress.

The remainder of thehapteris structured as follows. The next section will briefly describe

the data employed in the study. Section 3 provides descriptive evidence on the nature and
trendsin attitudes towards income inequality in the country, including aversion for

inequality, preferences for changes in the class structure, perceived class tensions as well as
views on wage inequality. This is followed in section 4 by an examination efemees for
government redistribution and well as patterns of support for and opposition to specific
redress policies. Section 5 concludes by discussing the social policy implications of the
results.

3.2 Data

¢CKS RFEGF F2NJ 0KS LISl jhé SodthiAddRad Sofial Atyfuddse 3 A a4 02
Survey (SASAS), a nationally representative, repeated-seati®nal survey that has been

conducted by the Human Sciences Research Council (HSRC) on an annual basis since 2003.
Designed as a time series, SASAS & provide a longerm account of the speed and

direction of change in underlying public values and the social fabric of modern South Africa.

¢CKS alYLXS F2NJ SIFOK &SI NDRa N&dohlfingiidualsy 0 S NIJA S
aged 16 years andder residing in private households, hostels and other structures,

regardless of nationality or cagnship. Each probability sample is based on assuple of

500 Population Census enumeration areas (EAS), stratified by province, geographical sub

type and majority population group. A split sample design is used, with two different
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guestionnaire versions being administered to 3,500 target respondents each year in order to
accommodate increased thematic content. Apart from a standard set of demogragphic an
background variables, the questionnaires contain a core module, which is repeated each
round, with the aim of monitoring change and continuity in a variety of secanomic and
sociopolitical variables over time. In addition to the core module, eaamobof

interviewing accommodates rotating modules on specific themes, the aim being to provide
detailed attitudinal evidence to inform policy and academic debate. The series relies on
faceto-face interviewing using a papand-pencil survey design, anderEnglish source
guestionnaires are translated into and administered in other official languages. The study
RSaA3dy YR NBaASINDODK (G22ta 6SNB I LILINRYSR o6&
Participants are asked for written informed consent, whilétten permission for young

South Africans less than 18 years is also secured from their parents/guardians.

Through SASAS, the country has been a formal member of International Social Survey
Program (ISSP) since 2003. Of particular interest to the presadty is the ISSP Social

Inequality IV Module, which was fielded as part of the seventh SASAS round in late 2009.

This module provides the best available comparative data on public opinion regarding
inequality and government redistribution, with modulesorKk S G KSYS 2F Wa2 OA | f
being fielded in 1987, 1992, 1999 and 2009 (Kelley and Evans 1993; Evans and Kelley, 2004;
Brooks and Manza 2006; Lubker 2006; Osberg and Smeeding 2006; Svallfors 2006;
Kenworthy and McCall 2008; Kelley and Evans 200ykaid Kelley 2009). For this reason,

the 2009 SASAS data will be the primary empirical source used, though a number of the ISSP
measures are also repeated regularly in the SASAS series, which in some instances allows for
data from a number of rounds toebincluded to provide a fuller account of stability and

change in beliefs and preferences.

In Table basic characteristics of the individual SASAS data cycles employed for analysis are
provided as well as the tat sample on select socademographic background indicators.
Descriptive statistics of the 2009 ISSP round are also presented. One of the basic concerns
and considerations with combining different cycles across a period of a decade is whether or
not the pgoulation of South African adults has changed in any appreciable way over the
interval. Although the characteristics of the population are unlikely to have altered
significantly between any two adjacent SASAS cycles, greater caution needs to be exercised
in integrating cycles that are five or more years apart (Wendt 2007). In our favour is the fact
that the samples in each cycle of the SASAS series were designed to represent a consistent
target population, namely South Africans aged 16 years and older iivipriyate residence
(excluding those living in institutions). These samples have been gathered in the same
manner across the years using standardised collection methods and a comparable sample
design. The results presented in the table suggest that @tjoun attributes that are of

particular relevance to the study have remained broadly similar over the decade under
review. This is true when examining age, gender, race, educational attainment, employment
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status and geographic location. This is encouragirrglation to arguments favouring the
integrating or pooling of data across cycles.

Two approaches were used to integedhe data across the available SASAS cycles (Wendt
2007). In preparing the trends in inequality aversion and support for demteedistribution

in Tables3.1 and3.4, separate estimates were computed for each cycle after which they
were combined into a single multycle estimate. The second approach that was used
involved a simple pooling of the data sets from the 2003 to 2012syaid calculating
estimates based on this pooled dafEhis was used in preparing tsabgroupstatistics for
support for government redistribution over the 20@®12 period that is contained in Table
3.5 and racebased differences in redress policy sugga Table3.7. More importantly, it

was relied upon for increasing the sample sizes of domains in examining race and cohort
differences in policy support within race group, as presented in TaBleAlthough our
analyses convey a relative stability retSouth African population between 2003 and 2012,
some small differences are likely to exist. Yet, the expectation is that these would not have a
considerable effect on the sample and the analysis we perform. Nonethéléss,
appropriate thatsome degre of caution should be exercised in interpreting the findings
based on the pooled data.

3.3 General beliefs about economic inequality

3.3.1 Inequality aversion

It could be argued that, in tackling pervasive income and other social inequalities in South
African society, one of the fundamental prerequisites would be for a bizseskd

recognition or awareness that income inequality is detrimental to developmental progress.
Several measures are present in SASAS generally and the ISSP specifically thas énable
explore the extent of inequality aversion in the country and income distribution

preferences, and we explore these in detail below. The first of these items is a common
guestion included in both SASAS and ISSP to provide an indicative sense okawafe

income inequality. It involves asking respondents to state using gfiire agreement scale

GKS SEGSYlG (2 6KAOK GKS& &dzZlLl2 NI 2N NB2SOG i
I TNAOIF NB G22 I NBS¢ ® YSyudshiedsuwe conypirResa O/ | £ f
individual awareness of the scale of inequality together with judgements about the fairness

of this perceived level of inequality.

As shown inrable 3.1in late 2012, a considerable majority of South Africans (91%) agreed
OKFATBHRRNBYOSa Ay AyO02YS Ay { 2dzi K !ffthdéh O | NB
(46%) expressing strong support with the statement. The table also shows the pattern of
responses over the last decade, revealing a modest decline in aversion betweem2D03 a
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2005, after which there was a steady increase as the effects of the global economic crisis set

in during the late 2000s.

Since this inequality aversion measure has been included in the 2009 ISSP social inequality
module, we are able to examine the ertdo which South Africans approximate or differ

from citizens of other countries in their professed level of aversion. Frigure 3.1it is

apparent that South Africa is ranked tenth out of 40 countries in terms of the total
percentage expressing an as®n to inequality. This ranges from a low in the Philippines

and Norway (51% and 61% respectively) to a high in Hungary and the Ukraine (96% and 97%

respectively).

Table3.1: Aversion to income inequality in South Africa, 20@812

dLy(?zvé RATF Al
{2dz0 K ! FNAOI 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 years
Strongly agree 38 39 36 41 43 40 41 38 41 46 40
Agree 44 42 38 42 44 45 48 50 45 44 44
Neutral 6 7 8 5 7 7 4 5 6 5 6
Disagree 4 5 9 6 3 3 2 4 3 3 4
Strongly disagree
(Do not know) 5 3 6 5 3 5 4 3 4 1 4
Total 100 100 100 100 100 100 100 100 100 100 100
% strongly agree / agree 83 81 73 84 87 84 90 89 86 91 85
Mean score * 412 406 392 418 426 420 428 422 421 433 4.19
Basg NA _ 24§2 2781 ~2844 _ 2934 31@4 3310 A32v84 3155 3016 _ 2473 294%3
b2[.,'|SY F ¢KSAYSI-y' éOZNL@éAI-IELB C)I-é§F3 2y,|- N@QSN\ESR {51
Y20 1Y26Q Nball2yasa gSNB O2YO0AYSR GgAUK ySdzi NI € NS

With regardto the existence of socidemographic variation in mean inequality aversion
scores, an examination of the pooled 260312 data revealed that notable differences are
evident based upon birth cohort, race, educational attainment, employment status and
geogaphic location. Lower mean inequality aversion scores are observed for: those born
before 1940 relative to all other cohorts; white South Africans compared with other
population groups; the nofoor visa-vis the poor and vulnerable; the labour inactive
(pensioners, students and discouraged wsdekers) in comparison with full time
employees and unemployed wodeekers; and residents of formal urban areas in relation
to rural dwellers.

While these findings seem to suggest that a race and class gradiidatlies inequality

aversion, some caution needs to be exercised. If one examines the extent to which different
groups agree that the income gap is too large, we find that more than thuseters of the
pre-1940 cohort, white South Africans, the npoor, the labour inactive, and formal urban
residents express concern about the high level of income inequality that continues to

54

0
a

[
LJ2



characterise South Africa. Therefore, where discernible subgroup differences exist, they
tend to occur at the upper margins of tmeasurement scale. In fact, it is fair to state that
the professed aversion for inequality is widespread and common acrossesmomic
groups in South African society. This is notable in that it conveys a positive message that
South Africans are broadunited in principle in their opposition to persisting income
inequalities.

Figure3.1: Aversion to income inequality in comparative perspective, 2009
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Source: own analysis based on International Social Survey Programme 2009 data.

Another ISSP measure that aims to capture public views towards economic inequality draws
on an approah based on pictorial and verbal representations of societal stratification that
was experimented with in the late 1970s and extended to cragsonal research from the

1990s onwards (Evans et al. 1992; Kenworthy and McCall 2008; Sachweh and Olafsdottir
2012). Respondents are presented with five diagrams portraying possible class distributions,
each with labels depicting those possible societies, as follows: (i) a society with a small
group of rich people at the top, very few people in the middle andgteat majority of

people at the bottom; (ii) a society with a small group of rich people at the top, more people
in the middle, and most at the bottom; (iii) a similar society except that just a few people

are at the bottom; (iv) a society with most peopfethe middle; and (v) many people near

the top, and only a few near the bottom. The respondents were then asked to decide which
image they believed most closely depicts South Africa today as well as their preference for
what the country should ideally & like.
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Table3.2: Perceived stratification realities and aspirations in South Africa (2009)

Type of society South| Type of society South
Africa is today Africa ought to be like
(Perceived (Stratification
stratification realities) aspirations)
Type A & A small group of rich people at the top,
i very few people in the middle and the
great majority of people at the bottom. 50 3
Type B A society with a small group of rich
é people at the top, more people in the
middle, and most &the bottom. 29 8
TypeC g Similar to Type B except that just a few
é people are at the bottom
8 9
Type D A society with most people in the
ﬂ%ﬂ middle.
8 45
Type E Many people near the top, and only a
%j few near the bottom.
3 32
o/ FyQi 3 4
Taal 100 100
Mean* 30.9 87.6

*Mean level of inequality in the social structure, scored using Evans et al (1992)

From Table 3.2t is again apparent that South Africans perceive the country as highly
unequal, with half the population viewing the sogieds consisting of a small class of elites
with a significant mass at the bottom of the distribution, with a further 29 percent stating
the country has a more pyramidal shape with a small elite on top, larger intermediate
classes and a sizable class atlihse of the structure. Around a fifth (19%) chose one of the
three more equalitarian society types. Turning to preferences regarding stratification in the
country, there was robust support for a more equalitarian structure, with slightly more than
three-quarters (77 percent) preferring South African society to be characterised by a
situation where most are either in middle or upper classes (Types D or E). Using the scoring
system proposed by Evans et al. (1992), which ranges from 0 for Type A (mo}telit3d

for Type E (most egalitaridh)ve find that this preference signifies a shift from an average
of 31 to an ideal of 88. Therefore, as with the case of the inequality aversion indicator,
South Africans are cognisant of the extreme claased ineqalities that exist in the country
and there is a stark disparity between this view of present reality and the type of society
citizens ideally envision.

" More specifically, the Evans et al. scoring system is as follows: Type A is assigned a value of 0, B is scored as
47, C as 80, D as 93, and finally the equalitarian Type E is given a value of 100.
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3.3.2 Perceived class tensions

One measure that is used as an indication of the quality of soctetgerns views on the

presence and extent of distributional conflict, since this may exert an influence on individual
gSEFINBE 65StKSe S fd® Hnnuo®d® ¢KS wHnanndg L{{t
countries, there are differences or even caci$ between different social groups. In your
2LIAYA2Y S AY {2dziK ! FNAOIF K2g YdzOK O2y Tt AOG A
LIS2LX SKT O0AA0 ®ddlIS2LIX S Fd GKS G2L) 2F a20ASi
captured on a foupointscaleraB A y3 FNRBY aa@OSNE adNRBy3d O2yFtA0
The aggregate pattern of responses in both cases is virtually indistinguishable, with 55

percent of South Africans perceiving strong or very strong class tensions, close to a quarter

(23% and 25%espectively) reporting only slight tensions and slightly under a fifth reporting

no tensions. Perceived conflict is again a relatively common feature across social classes,

with considerable shares reporting conflict irrespective of whether one belomgset

poorest or wealthiest asset quintil&igure 3.2

Figure3.2: Perceived class tensions by asset quintiles, 2009 (% perceiving strong or very
strong conflict)
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Source: HSRC SASAS 2009.

3.3.3 Perceptions of pay differenti als

Leibbrandt et al. (2010, 2012) demonstrate that the level of overall income inequality in the
country increased between 1993 and 2008, with income becoming increasingly
concentrated in the top decile and the Gini coefficient rising by four percergaggs from

0.66 to 0.70 over the period. Decomposition analysis shows that wage income accounts for
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approximately 85% of income inequality in the country, signifying that the labour market

has a predominant role in driving persisting income disparitiéth aducational disparities

a key underlying factor (Van der Berg, 201This economic situation has assumed

increasing importance in the aftermath of the Marikana massacre of August 2012, in which

34 Lonmin platinum mine workers were fatally shot byigmbfficers while striking in

relation to demands for fair remuneration (Alexander et al. 2012). This event has provoked
vigorous economic policy debate about wage inequality, standard of living and quality of life

in the country. President Zuma himselade the symbolic proposal at an emergency

economic summit in October 2012 that CEOs and executive directors in both the public and
private sectors institute a freeze in salaries and bonuses during 2013 as the gesture to lay

the basis for a commitmenttobut RAy 3 'y aSljdzidlofS SO2y2Yeéd
announcement in November that Cabinet and directgeseral had agreed to the ongear

LI & FTNBST S (2 aRSY2yaildN)}GS aSNR2dzaySaa 6AGK
RA &LJ NR G A S)awdth tiselsdath [AfricamReserve Bank following suit in early

December. Issues of inequality and redistributive economic policies also featured at the

2012 ANC B3national elective conference in Mangaung in late December 2012.

While discussion abouush proposals have been occurring in policymaking and academic
circles, limited empirical evidence exists on the public view regarding pay differentials. It is
therefore instructive to examine the measures included in the 2009 ISSP module on
legitimate payearnings. Respondents were initially asked to estimate the gross monthly
income of five different occupations, ranging from an unskilled worker to a Cabinet minister,
after which they were requested to specify what they thought people in these occupations
ought to be earning. As Kuhn (2010: 219) cautions, what the real wages of the different
occupations is not of interest here, as misperceptions of wage rates may explain why
different individuals express varying levels of support for redistribution.

® Leibbrandt et al. (2010, 2012) decompose income into four main sources, specifically (i) remittances; (i)
wage income (including sedimployment); (iii) social assistance in the form of social grants; and (iv) capital
income (e.g. dividends, interesent income, imputed rent from residing in own dwelling and private
pensions).
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Table 3.3: Individuals subjective estimates of actual and preferred occupational earnings
(2009)

Percelhvled actual Preferred ethical Difference between
monthly wage wage perceived actual and
Rands Ratio Rards Ratio  ethical wages (percent)
Unskilled worker in a factory R 2 308 1.0 R 3334 1.0 44.5
Shop assistant R 2882 1.2 R 4023 1.2 39.6
Doctor in general practice R33287 144 R 28 918 8.7 -13.1
Chairman (sic) of a large national company R 41809 18.1 R39974 120 -4.4
Cabinet minister R86745 376 R62755 18.8 -27.7

Source: HSRC SASAS 20089.

Notes: the table provides average estimates of actual and preferred wages (in ZAR, gross per month). The ratio
in the third and fifth columns is a simple division of the mean g of different job categories by that of an
unskilled worker, so that the latter takes on a value of 1. The values in the final column are the percentage
differences between the perceived ethical and actual wages.

Based on the descriptive statisticeepented inTable 3.3several observations can be made.
Firstly, South Africans perceive sizable differences in earnings between occupations, with
doctors seen as earning 14 times more than a unskilled worker, a company chairperson 18
times higher and a @@et minister 38 times more. Secondly, there is a strong preference
for the wages of unskilled or logkilled workers to increase significantly, with a

concomitant desire for the wages of higher occupational categories to be lower than current
perceived évels. At the time of interviewing in late 2009, South Africans on average
support a 45 percent rise in the gross monthly earnings of an unskilled worker from about
R2300 to R330, and a 40 percent increase in the wages of a shop assistant from
approximately R2880 to R4020. At the other end of the occupational spectrum, there is a
particularly strong demand for the salaries of Cabinet ministers to be reduced (by 28
percent), followed to a lesser degree by a reduction in wages of general practitidgnyers
13%), with only a modest preferred reduction in the wages of company chairpersons (4%).
Thirdly, the ranking of occupations based on ethical wages remains unchanged relative to
perceived actual earnings, with South Africans on the whole appearingrratieeant of

large earnings differentials despite the recognition of the need for a narrowfitige gap
between lower and higher occupational classes. These findings are all broadly consistent
with other analyses of subjective wage inequality using & (TayloiGooby 2005;

Scalon and Cano 2008; Kuhn 2010).

In sum, the preceding analysis offers a fairly consistent and convincing portrayal of the
concern expressed by the South African public over the extent of income and wage
inequality in the county and the general preference that exists for a reduction in such
differences. The SASAS data series shows that a sizable majority (exceeding 80 percent) of
the adult population believe that income differences are too large. Furthermore, the results
suggesthat the public feels that such inequalities may have compromised efforts at
promoting a socially cohesive society, with a significant share stating that there exist strong
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class tensions in the country. Since the labour market in South Africa reprekents
predominant source of income inequality in the country, it is also important to observe that
the public is keenly aware of and favours a narrowing in wage inequality between different
occupations, through both an increase of incomes among the lowgraida reduction at

the top end. The fact that these findings are evident across the class spectrum is important
for South African democracy, as it suggests that in principle there exists a relatively broad
consensus about income and wage inequalitiehandountry, both in terms of awareness

and preferences for change. What remains to be seen is whether there exists an equally
resolute belief concerning stated redress, and what factors shape such support for
redistribution in South Africa. This will b&amined empirically in the next section.

3.4  Support for Government Role in Redistribution

Redistribution represents one of the core, traditional roles assumed by the state (Alesina

and Le Ferrara 2005), and given both the persistently high levetafia inequality that

NEBYFAya Ay {2dz2iK ! TNAOIY a20ASGé& |yR GKS LJzo
important to better understand and reflect on public perceptions of the government in

redistributing income between wealthier and more deprivetizeins. The ISSP module

fielded in the 2009 round of the South African Social Attitudes Survey included several items

that relate to redistribution preferences. The most commonly used indicator in the

literature on redistribution preferences (e.g. CornewaGiiner 2000, 2002; Linos and West

2003; Alesina and La Ferrara 2005) asks respondents whether they support or oppose the
GASe GKIG aAld Aa GKS NBalLRyaaAoAtAGe 2F GKS 3
between people with high incomes andthogeh ( K f 26 Ay O02YSa¢s yR (K
the main variable of focus for thehapter. Responses are captured using a standard five

LR2AYG FINBSYSyd a0lFtSzT NIyIAy3I FNRY GaildNRy3t
being included in the 2009 ISSP mle] this measure has been included in every round of

SASAS since 2006, allowing us to again see how stable preferences have remained over the
better part of the last decade.
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Table3.4: Attitudes towards government redistributio of income (2009)

GwSalLl2yaAa

oAfAGeE 2F GKS I20SNYYSyid (G2 NBRdAzOS (KS Rj
gAUK 25 AyO2

YySa¢

2006 2007 2008 2009 2010 2011 2012 All years
Strongly agree 35 31 28 26 26 23 26 28
Agree 43 39 37 44 45 38 40 41
Neutral 7 12 13 12 11 15 15 12
Disagree 9 11 13 12 13 14 13 12
Strongly disagree 2 4 4 3 4 6 4 4
(Do not know) 3 4 5 2 2 4 2 3
Total 100 100 100 100 100 100 100 100
% strongly agree / agree 78 70 65 70 71 61 66 69
Mean score * 4.00 3.83 3.73 3.78 3.76 3.58 3.70 3.77
Base N 2934 3162 3307 3286 3156 3014 2471 21330

Source: SASAS 202312

Note: * The mean scores are based on a reversed scale, where 1=strongly disagree and 5=strongly agree, such

that higher values represent greater supptor governmentft SR NBRAAGNR O dziA 2y ® W52 y2i
combined with neutral responses.

The statistics presented ihable 3.4orovide convincing evidence that, on average, South
Africans exhibit a strong preference for redistribution and \sgiport in the government

to reduce material differences between the rich and poor. In 2012, an estimatedhinas
reported a preference for the governmefad income redistribution with less than a fifth
opposing it. Over the full 2088012 interval, araverage of 69 percent favoured stalied

redress compared with only 16 percent expressing unfavourable views. There are
nonetheless signs that a shift in preferences has occurred over the period. In 2006 there was
an overwhelming demand for redistributipgommon to nearly eight in ten South Africans,

but by 2012 this had dropped by approximately 12 percentage points. Furthermore, if we
f221 4 GKS dadNRy3a |aINBSYSyidé¢ OFGS3I2NES 6S
professes a strong prefereador political redistribution has also fallen from 35 to 26

percent between 2006 and 2012. The finding that support for redistribution has shown a
declining trend while aversion to inequality has remained at consistently high levels is
particularly notewathy and is likely to be the subject of robust debate and analysis, most
especially in relation to the possible determinants of this change. This is largely beyond the
scope of thichapter, which is going to focus primarily on the 2009 results.

Unlike hequality aversion, South Africans tend to display less uniformity in their preferences
relating to the role of government in redistributing income. Specifically, based on the pooled
2006-2012 results, support for government redress is found to vary sulisiyy on the

basis of race, gender, educational attainment, employment statusyatfl poverty status,

and geographic type. hable 3.5the percentage that support statied redress over the
2006-2012 period across different social groups is presdribgether with mean scores

based on the full fivgpoint scale. Strong racial differences emerge with bifticanand
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coloured South Africans reporting the highest support and white South Africans the greatest
opposition to government redistribution. tierms of class, the poor are more likely than the
non-poor to voice support, with similar entrenched positions evident among those with
primary or no schooling, the unemployed, and those in informal urban settlements and rural
traditional authority areasDespite these attitudinal disparities, it is nonetheless important

to note that, on average, more than half of white, tertiary educated and-poor South

Africans are supportive of government redistribution in principle.

Table3.5: Attitudes towards government redistribution of income by socttlemographic
attributes, pooled 20062012 data (% and mean)

Mean redress
Total agreement  Strong agreement  support score

(%) (%) (1-5 scale) * N
South Africa 69 41 3.77 21490
Born1990 andafter 67 40 3.74 1728
1980s 69 42 3.78 5160
1970s 70 43 3.80 4487
1960s 67 42 3.74 3976
1950s 68 40 3.75 2935
1940s 70 40 3.78 2057
Born tefore 1910 67 37 3.74 1123
Male 68 43 3.74 8797
Female 69 40 3.79 12688
African 72 42 3.85 12864
Coloured 67 42 3.76 3630
Indian 57 46 3.39 2195
White 50 34 3.29 2793
No schodhg 72 39 3.91 1001
Primary 73 42 3.90 3654
Incomplete secondary 72 42 3.84 7729
Complete secondary 67 40 3.71 6151
Tertiary 56 41 3.41 2536
Employed 65 41 3.67 7538
Unemploye 72 43 3.87 6222
Pensioner 70 39 3.78 2637
Student 68 39 3.73 2011
Other labour inactive 69 42 3.78 2210
Poor 76 45 3.97 5815
Just geting by 71 42 3.81 7707
Non-poor 60 37 3.55 7968
Urban fomal 65 39 3.69 13039
Urban inbrmal 74 43 3.89 2073
Ruraltraditional authority areas 74 43 3.89 4232
Ruralfarms 67 44 3.70 2146

Source: SASAS 260P312
Note: * The mean scores are based on a reversed scale, where 1=strongly disagree and 5=strongly agree, such
that higher values represent greater support fpsvernmentled redistribution.
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3.4.1 Support for specific redress policies

In spite of broad acceptance of the principle of redress, emerging research has tended to
show that this is often accompanied by more polarized attitudes towards policies #vat h
been designed to address societal injustice and facilitate economic and racial
transformation in South Africa (Tuch and Hughes 1996; Durrheim and Dixon 2004, Dixon et
al. 2007; Dixon et al. 2010; Durrheim 2010; Durrheim et al. 2011; Roberts et a). 20611
RSGSNY¥YAYS (KS SELSWHISYSYGKEAZ o LIER VWOX LIEISG G SNy
opposition to ten policies were examined, covering the domains of land, employment,
education, social security, culture and progressive taxation. Some of these resdsve

been regularly fielded in SASAS while others have been included only in certain rounds of
interviewing. All measures employed a standard4pent agreement scale, with the

exception of one measure which asks about levels of satisfaction witprthesion of social
grants. While this may not be considered a good, direct measure of support for this form of
social assistance, it has been retained as a reasonable proxy to enable a more detailed
examination of race, class and cohort differences assed with this notable redistributive
intervention. Table 3.Gresents public attitudes towards these select redress policies and
how these have evolved over time.

Several broad points are worth mentioning based on the pattern of results. First, on
aggegate, there appears to be broad support for the measures, ranging from a low of 59%
in the case of sports quotas to a high of 81% for basic provisioning for the unemployed. Only
sports quotas were supported by less than 60% of the adult population oageeBecond,
where trend data is available, the results suggest a considerable degree of stability in
attitudes towards redress policies over the 2003 to 2012 interval. In most instances, policy
attitudes have tended to fluctuate within a 5 to 10 perceahge over the period. Third, to a
certain extent, attitudes seem moderately more favourable towards interventions focused
on classhased redress, where the emphasis rests more on addressing material rather than
racial disadvantage. Accordingly, we find savhat higher general support for measures
crafted to address employment deprivation and educational inequality in schools and
tertiary institutions compared to race preferential policy interventions such as sports
guotas, land redistribution and affirmagvaction.
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Table3.6: Support for different types of redress measures, 2623812 (percent and
means)

All
2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 years
(A) Racebased redress measures:

M® [FYR NBFT2NYd¥t RBDEBBNY YBY adza&2f I yR (2 ofl Ol {2dziK !
% strongly agree / agree 67 69 64 68 69 69 68 64 65 64 67
Mean* 368 375 362 370 373 371 374 365 362 366 3.68
HO P FFANNYEFGABS | OGA2YY G¢KSNB aK2dzZ RK 6!ST NINBIFTSENBNVY AS Y
% strongly agree / agree 66 66 59 63 66 66 64 63 62 60 63
Mean* 3.66 368 349 350 362 364 361 357 362 351 3.59
od {LIRNI& ljd2dl aY a¢KSNBE aK2dzZ R 68 NI OAlf ljdz2zdl &a Ay

% strongly agree / agree 59 54 54 51 62 62 53 57 52 54 56
Mean score * 354 338 326 327 353 352 333 340 336 3.37 3.39

nd | LI NIKSAR O2YLISyaldazyy a¢2 ¢KIG SEGSyd R2 &2dz | 3
apartheid as reparation for the history® RA&ONA YA Y|l GA 2y KE

% strongly agree / agree 66 62 62 59 63
Mean* 365 364 358 353 3.62
(B) Classased redress measures:

pd {dzLILR2 NI F2N dzy SYLX 28 SRY a¢ KS 32 ASNWWYIS yFiZ2 NI Ki2kdE RdzyL3\

% strongly agree / agree 82 83 80 81 81
Mean* 405 4.15 4.06 4.08 4.08
cd {OK22f AYUISANIGAZ2YY G¢RFFTOKNVRRNEBY 2R 20NKEKEO2 R2950
% strongly agree / agree 77 80 80 78 69 75 79 77 70 74 76
Mean* 394 401 399 397 376 389 400 395 382 389 3.93

TO® 4¢KS I2OSNYYSyid akKzdZ R LINBGARS Y2NB OKlyOSa F2NJ O
AYONBIFasS (lFESa¢
% strongly agree / agree 75 75

Mean* . 3.95 .. 3.95
y ® {|u>\ar|0u)\2y GAOK &20AF T AN yi LJNBQJAar\sz al2g al
handlingthe¥ 2t f 2 Ay 3 oddd t NEPARAY3I a20AFf ANIyda 6So3d OK:

% satisfied / v. satisfied 66 70 68 69 69 75 70 72 70
Mean* 368 371 366 367 364 385 374 3.78 3.71

hd LYONBI &SR &2 OAidovernmeNishylid sgend3ngrl mofied ¥n sacialfgrénts for the poor, even if it le:
02 KAIKSNI GFES&¢

% strongly agree / agree 66 65 65
Mean* - 3.66 .. 359 .. 3.62
MN® t NEINBAAA OB nkipeoplé wiiti gl iconde shoul Bagtz larger share of their income in taxes than
GK2asS ¢A0K 2 AyO2YSazr (GKS alyYS &aKIFINBzZ 2NJ I avYlttSN
% larger/much larger share ... 65 65
Mean* 3.83 3.83

Note: * The mean scores are based on reversed scales where 1=strongly dlsagree 2= d|sagree 3=neither nor,
nrf'FaANBS yR praidNey3fte FaINBSo w52 y20 1y26Q NBaLlRyasS
{ 2dzNDOSY I dziil K2 NE Q SRC SASAS(AREBRZ ya o6l aSR 2y |
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Table3.7: Race and class differences in support for different redress measures
(percentage agreeing)

Race Class (subjective poverty status)
Diff. Just Diff.
Black high to getting  Non- high
African Coloured Indian White low Poor by poor tolow All

(A) Racebased redress measures:
1. Land reform 80 32 31 17 63 76 69 53 23 67
2. Affirmative action 76 29 27 16 60 72 66 51 21 63
3. Sports quotas 63 40 45 23 40 62 57 49 13 56
4. Apartheid compensation 74 37 24 20 54 71 65 48 23 63
(B) Classased redress measures:
5. Support for unemployed 84 79 82 65 19 89 82 74 15 81
6. School integration 77 75 83 69 14 76 78 74 4 76
7. Tertiary education
opportunities for poor 78 78 45 62 33 85 75 67 18 75
8. Satifaction with social
grant provision 77 54 54 34 43 72 74 63 11 70
9. Increased social grant
spending 68 67 53 50 18 76 65 57 19 65
10. Progressive taxation 67 65 64 51 16 70 67 59 11 65

Source: SASAS 200312 pooled data.

Race and class differencesattitudes towards policies for reducing inequality in South are
presented inTable 3.7 based on pooled data for the various survey rounds. A stark racial
gradient in policy attitudes emerges, which is most evident in relation to affirmative action,
land reform and restitution for the victims @partheid In these instances black South
Africans were appreciably more supportive than other population groups generally and
white citizens in particular. On average over the interval, support for affirmatitiermaand

land reform was nearly five times higher among blaélkcanrespondents relative to white
respondents. Furthermore, less than a third of coloured and Indian South Africans expressed
positive views on these policies. A similar pattern is founglation to the compensation of
apartheidvictims and, to a lesser degree, sports quotas. There is less variability between
race groups in relation to redress measures such as unemployre&ted social policy,
school integration, university opportunitsefor poor youth, increased spending on social
grants, and progressive taxation. At least thiféehs of white adults are partial to school
integration, as well as state efforts at providing a basic standard of living for the
unemployed, and expanding wairsity opportunities for poor youth. Around half of white
adults support increased grant spending and progressive taxation.

Using selfated poverty status as an indicator of class, it is apparent that class differences in
redress policy attitudes ares$s pronounced than the previously discussed racial patterns of
variation. Nonetheless, significant social cleavages still exist, again with greater variation
present in respect of race preferential policies than those framed more in terms of
addressing mizrial disadvantage. Those classifying themselves agpoonconsistently
NEIAAGSNBR t26SN ft S@gSta 2F LRt AO& &dzZJ2 NI
3 S G G A ypdor. S@pebrt &nidhg poor South Africans is between 1.4 and 1.5 timesrhigh
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than the nonpoor for land reform, affirmative action arapartheidcompensation. More
convergent views emerge for policy support for the unemployed, school integration, tertiary
education opportunities for poor students, and the provision of sociahgravith between
two-thirds and threefifths of the norpoor voicing approval of such measures.

To provide greater insight into patterns of support and opposition, class and cohort

differences within race groups were examined and are presentd@alme3.8. This is

intended to better understand whether discrepant levels of social solidarity exist among

{2dziK ! TNAOI Qa StAGS>E o0dzii Ffaz2z 3IASYSNIGS az2yYS
(dis)similarity of the posapartheidgeneration (the sl t f SRN®SARY G2 2f RSNJ
The focus is on a subset of the policy measures which have been more regularly included in
SASAS to allow for sufficient sample sizes for the subgroup analysis, with the analysis again
based on pooled data. There is only a srolalss gradient in attitudes among black South

Africans, with around thredifths of blackAfricanelites supporting five of the six measures

examined. The biggest class difference is in relation to unemployment related social policy

(12 percentage pointsthough even in this instance a sizable majority of elites support the

redress measure. Among coloured adults, there is a negligible class effect for land reform,
affirmative action or sports quotas, and relatively small differences on the other three

measures. There is a more distinct class gradient among Indian adults in relation to land

reform and affirmative action, with barely more than a quarter of Indian elites viewing such

policies positively. Broadased support again exists for unemployment rethsocial policy

and school integration. Lastly, there is little sign of claased differences in redress policy

support among white South Africans. Irrespective of class position, lower support is

registered among white adults in terms of all the pegctested except for those aimed at

addressing the living standards of the unemployed and school integration.

With regard to cohort differences within race groups, we find that in many instances young
South Africans who were born or grew up in pagartheid South Africa generally do not
exhibit positions on redress policies that are vastly different from older generations.
Therefore, when discussing policies such as land reform, affirmative action or sports quotas
young white South Africans appear almesgually as opposed as older cohorts, while young
black South Africans report broadly similar levels of support as older cohorts. Although
coloured teenagers appear slightly more supportive of affirmative action and sports quotas
than oldercolouredgenerdions, they still tend to hold a fairly unfavourable perspective on
these interventions. On cladmsed measures, there are no considerable cohort differences
for unemployment related social policy for any of the race groups. The same applies to black
Souh Africans in terms of their attitudes on school integration and social grants. However,
an interesting finding is that young coloured, Indian and white South Africans all seem more
sanguine about social grants compared to older generationisose raciagjroups which

may be a positive indication for continued support in the future for social security policies.
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Table3.8: Class and cohort differences within race groups for redress policy support
(percentage agreeing)

Land Affirmative Sports Basic support for School Satisfied with
reform action quotas unemployed integration social grants
Class differences:
Black
Poor 82 78 66 89 77 74
Just getting by 80 76 62 84 79 80
Non-poor 76 73 61 7 76 77
Coloured
Poor 33 32 39 86 72 50
Just getting by 31 29 40 80 76 55
Non-poor 32 28 40 75 76 54
Indian
Poor 46 36 51 88 76 62
Just getting by 33 28 43 88 86 59
Non-poor 27 25 45 79 82 50
White
Poor 16 14 23 68 64 34
Just getting by 18 15 20 67 72 31
Non-poor 17 16 23 64 69 35
Cohort differences:
Black
16-19 years 77 73 60 85 77 80
20-29 years 80 77 66 84 78 78
30-49 years 80 76 63 84 77 77
50+ years 81 78 62 83 77 77
Coloured
16-19 years 33 36 46 79 80 63
20-29 years 34 33 42 79 75 57
30-49 years 31 29 40 79 76 50
50+ years 31 26 37 80 72 53
Indian
16-19 years 32 27 58 84 76 69
20-29 years 32 28 44 83 82 53
30-49 years 29 26 a7 80 84 55
50+ years 33 28 42 86 84 50
White
16-19 years 16 16 25 64 78 45
20-29 years 13 17 23 72 69 34
30-49 years 17 16 24 63 66 35
50+ years 20 15 21 64 70 33

Source: SASAS 2060312 pooled data.

3.5 Conclusion

Thischapterhas aimed to explore the views of the South African public towards economic
inequality,general preferences for government redistribution, as well as levels of support
for social policies aimeat bringing about racial and economic transformation. The results
suggest that there exists considerable public concern about economic inequdhty in
country. South Africans are acutely aware of how unequal their society is. Over the last
decade, a significant majority of the population across social groups has consistently
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expressed the view that the income gap in the country is too large, artexia strong
preference for a more equitable social structure, and acknowledged the class tensions and
social divisions that economic inequality has produced. In a context where the labour
market is the predominant source of economic inequality and setnaganounting calls for

a national minimum wage debate, it is also apparent that there is a preference for a
narrowing of disparities in earnings, with a moderate rise in earnings for those on low
salaries and a reduction for those in higaying occupations. The survey findings do

however suggest that South Africans are willing to tolerate fairly high levels of inequality in
spite of their general aversion for inequality, which is consistent with what has been found
in other high inequality societies suak Brazil (Scalon and Cano 2008). Nonetheless, from a
social justice perspective, these beliefs about inequality could be regarded positively as a
desire for a more equitable and fair society.

Linked to this concern about income inequality, we also firgjority support for the state
assuming the principal responsibility for reducing inequality, even though this has shown a
declining trend during the last decade. Race and class differences characterise the survey
results, though it does need to be empleel that, on average, a majority of betteff

South Africans (white, tertiary educated and Rpoor citizens) are in favour of government
redistribution. Qupport for a number of specific redress policiagsbehind general support

for social justice intte country. These disparities are more distinct for policies that are more
race-preferential in nature relative to those that are designed more as-potierty

measures. They are also more prominent based on the race group of the attinlder

than his @ her economic position in society. Blagkicanadults were found to be more
supportive of racébased redress policy than white adults and, to a lesser degree, coloured
and Indian South Africans. The intergroup differences narrow considerably whenngferr

to classbased policy measures. This lends credence to the suggestion from the academic
community in the country for a paradigmatic change in policy with the focus more on a
classbased redress agenda rather than one primarily focused on racial re@dam 1997,
Alexander 2007, Hammett 2008, Habib and Bentley 2008, Friedman and Erasmus 2008,
Durrheim 2010).

DAGSY GKS @2dziKFdzZ Yyl Gdz2NE 2F {2dziK ! FNAOI Q&
G2RI&8Qa @2dzy3 | Rdzf Ga 3 NA gysten Strozy iRSdedetatioralS Y 2 O NI
RATFSNByOSa 46SNBE SELISOGSR® {LISOAFAOLEt&T (KS
different values and citizenship norms to older citizens, including a deeper commitment to
transformation and redress. Somewtrgurprisingly, the analysis indicates that the findings

on interracial differences in support for redress policies are largely reproduced when
examinedasintra-racial class and cohort differences. Claased attitudinal differences

within race groupsdnd to be nominal to modest in nature, while in many ways the new
postapartheidgeneration seem to reflect similar ideological positions to redress policy as

older cohorts. This confirms the conclusions reached by Durrheim (2010) and Mattes (2012)
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that the transition to democracy has not produced a new citizen that is more greatly
predisposed towards democratic principles such as equality and redress, and that salient
attitudinal fault lines have been transferred to a new generation.

More positively and ¥ way of conclusion, there does seem to exist a firmer basis for a social
compact about preferences for interventions designed to produce a more just society than

Aad GeLIAOLFtfe |aadzYSR® LYyaGNIOillofe KADBK fS@St
two decades of democracy is resulting in a growing recognition of the need for a stronger

policy emphasis on economic inequality in South Africa over coming decades if the vision
enshrined in the Freedom Charter and the Constitution is to be realisespif@ ideological

differences and debates over the appropriate form this inequaktated policy trajectory

should assume, one common element is the reference to the need to promote social

cohesion as a cornerstone. For this reason, the National DewelopPlan prioritises the

Gdzy AGAY 3 it {2dziK ! FNAOFYA I NRdzyR | 0O2YY2Y
GKAES | NOKOA&AK2L) 9YSNA(Gdza 5SaY2yR ¢dzidz NBEOSy
OF NAYy3Iz O2YLI aaAirzyl (S a200x MQdl & uvardian20080 t A O 2 F
South Africans may not be able to fully agree about the specific elements that constitute a

socially just response to the persistently high levels of economic inequality that afflict the

country. Yet, the common identificatiasf and concern with redressable injustice, coupled

with a broadbased commitment to government redistribution and ckiesed social

policies, could serve as a foundation on which to rekindle the solidaristic spirit of 1994 and

forge progress towards a merequitable society.
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Chapter 4: The relationship between spatial inequality and attitudes
to inequality

4.1 Introduction

The overarching objective of this research project was to test whether and, if so, how

LIS2 LX SQa | G4 A { dzR Sauthihiica bréliRflaended 1y theleliviedieiip@rierice
of inequality.The analyses presented in Chapters 2 aatb@verepresent in their own

right, new contributions to the evidence base concerning inequality in SoutheAffitey

also highlight the potetial value of the two underpinning datasets, namely, the South

African Census and the South African Social Attitudes Survey, for research purposes. The
analyses presented here draw directly upon the data, methods and results from Chapters 2
and 3 and, thragh a process of data linkage, enable the final overarching research question
to be explored.

As was demonstrated in Chapter 3, SASAS contains a number of different questions that
NBfFdS SAGKSNI RANBOGf & 2NJ AyRaemdbrodif 8 (G2 LIS2L
inequality in South Africa. In thihapter we focus on two particular survey questions and

S RS@OSt2L) adlaAadAaolrt Y2RSta (G2 dSad 6KSUKS
influenced by their lived experience of inequality. The two syrguestions we examine as

the dependent variables in the statistical models are:

Q186:4To what extent do you agree or disagree thifatences in income in South Africa
are too large®

Q187:0To what extent do you agree or disagree thasithe respnsibility of the
government to reduce the differences in income between people with high incomes and
those with low incomes?

The question on inequality aversion was selected as a dependent variable because it

Ol LW dzNBasx Ay | 0 NP iorR abdus sodeabinedudiy. [(TheS@stionlds NI S LJi
government role in income redistributiomas selected as a dependent variable because it

relates directly to potential responses to tackle inequality.

As described idetail inChapter2 above, the final masures of lived experience of
inequality developed during this project consist of two complementary variants: the
exposure of thgoorto the non-poor; and the exposure of theon-poorto the poor. The
asymmetric nature of the exposure indicaléows us tceexplore the final overarching
research question from the perspective of a poor person and separately from the
perspective of a noipoor person.
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Four separate statistical models were therefore developed:

Table 4.1 The four models developed

Poor/nonpoor perspective
poor non-poor
% o | inegavr Model A Model B
=z o
5 €
o
8 = | govredr Model C Model D

This chaptefand Appenlix 6)provides an overview of the data preparation steps, a
summary of the model configuration process, results from the foual models (A, B, C and
D) ard a discussion of key findings.

For clarity a fullyin-depth analysis of all four modeis not presentedvithin this chapter.

The pimary focus is on the two models that relate to teperiences and attitudes of the
poor subgrowp. As is discussed below, theajority of the total population of South Africa is
poor (based upon a range of the most commonly applied poverty threshatdk)as such,

the majority of the nationally representative survey sample analysed irptojgct is poor.
Furthermorethe role thatl  LJS MNeRp@rigreiof inequality may play determiningtheir
actionresponse (including, for exampl@articipation in protest action ocriminalactivity)
needs to be considered in the context of the pefs@d SELISNA Sy O0S 2 F L2 OSSN
disadvantageThis is not to underestimate the importance of understanding the
experiences and attitudes of the ngoor, especially as these ngroor people will typically
include those in politicgbower, but rather an ackneledgement of the additional stresses
that inequality may present when combined with poverty. A full set of results is presented
for the nonpoor models iMppendices$ and 7and reference is made throughout this
chapter toinstances where the nepoor results either correspond with or differ from the
poor results.

In summary, therefore, thanalyses presented in this chapter focus primarily on models A
and C, with modelB and D presented in Appendices 6 and 7 respectively
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4.2 Data preparation method ology

Inorderi 2 GS&aild 6KSUGUKSNI LIS2L)X SQad AYRAGARdzZEf | ddA

influenced by theitived experience of inequalitit was necessary to perforthree main

data preparation stepsThe first step involved attaching aréevelmeasures of lived
experience of inequality (and ardavel poverty rate) to the individualurvey respondent
level SASAS dataset. The second step involved reviewing the SASAS questionnaire and
retaining only those surveguestions (plus the merged ardéavel inequality and poverty
measures) that were regarded as being potentially important control variables. The third
step involved splitting theetained SASAS dataset into the poor/Apoor subset to enable
appropriately specified models to be run for baghoups.

4.2.1 Methodology for merging area -level data into SASAS

Attaching arealevel variables to individudével suvey records requires details of the
geographical home location of each survey respondastdiscussed in ChaptertBe

sampling metibdology underpinninghe SASAS data collectiatilised theEnumeration
Area(EA geographyin the stratification procesand so eachwgvey respondent has an EA
code.In order to preserve respondent confidentiality, the EA codes are excluded from the
standard SASAS datasets that are made available to researchers. Hofeevee, purpose

of this ESR@inded research projecgpecialdispensatiorwas granted by the HSRC to
SylrotS (KS NBaLRyRSyGtaQ K2YS 9! O2Pé&EA (2
code represents the key data linkage variable through which the-lenes variables were
attached to the individualevel survey records.

Qi
wn

The datazone geography discussed in Chapter 2 was generated by combining EAs in such a

way as to maximise adheree to a number of rules, including population size thresholds
and population homogeneity measuress such, EAs nest perfilycwithin datazones and so
it was possible to generate an Eé-datazone lookup tableThis EAo-datazone lookup
table was matchedhto the individuallevel survey response records using the EA code as
the common link variable.

Once the datazone code was successfully attached to the survey records, it was then
possible to merge in tharealevel inequality and povertgneasures usinthe datazone

code as the common link variable. Upon completion of this matchingess the EA code
gl a RSEtSGISR FTNRBY GKS YIGOKSR RFGFaSah G2

The matched dataset therefore consistedatifthe individualevel surveyariablesplus the
home datzone code and datazodevelinequality and poverty measures.
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4.2.2 Selecting potentially important control variables

The 2009 SASAS questionnaire containkdge number okurvey questions. Only a

minority of these questios related to issues around inequality (as the survey also contained
various other modules on topics suchegerience of crime and fear of crifjnén order to

make the modelling process manageable, a review was undertaken of the entire SASAS
guestionnaireand a subset of questions identified that were deemed to be particularly

important for this component of the research projedhe objective here was to ensure that

the models controlled for as many measureable explanatory factors as possible in order to
maximiseconfidence i y & 20 a4SNIWSR STFSO0a 2y (KS NBaLRy
inequalityOTabled.2lists the SASAS variables that were selected for inclusithe inase

modelling dataset.

Table 4.2 Variables selected for base modelling file

Variable name Variable | Variable description
type

uniqueid | - Individual survey respondent unique identifier code

benchwgt | --—-- Composite surveweight

ineqgavr Ordinal Q186. To what extent do you agree or disagree that
differences in income indbith Africa are too large?

govredr Ordinal Q187. To what extent do you agree or disagree thit the
responsibility of the government to reduce the differences
income between people with high incomes and those with
low incomes?

age Numerical | Q238 Age of respondent in completed years

agesq Numerical | Derived?! 3SR & lj dzZt NERQ QR38RA OF (3

race Categorical w S & LJ2 y R@Mtibrggoupli@ - 1 Sy FNBY WN
4SSt SOGA2Y LINRPOSRA2NBQ |jdzSai

marstat Categorical Q239. What is your ctent marital status?

hhper Numerical |[b dzY 6 SNJ 2F LISNBR2y & Ay (GKAAZ
aSt SOGA2Y LINRPOSRANBQ ljdzSai

assetindex Numerical | Derived®! & & S (inditai6Fb8sEdDr25 separate items
(Q267Q300: e.g. Q281. Does your housetdiave avashing
machine(in working order}

edu Categorical Q242. What is the highest level of education that you have
ever completed?

empl Categorical Q246. What is your current employment status?

spoor Ordinal Q151. Would you say that you and ydut YA f & I NX
SP3d WgSIHt GKeEk@BSNE O2YT2NI

topbott00 Numerical | Derived indictotransformed to 6100 scalepased on Q198.
In our society there are groups which tend to be towards tf
top and groups whickend to be towards the bottom. Where
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would yau put yourself on a scale of 1 to Mihere 10 is the
top and 1 the bottom?

ssocmobc Ordinal Q2. In the last 5 years, has life improved, stayed the same
gotten worse for peopléike you?

futmob Ordinal Q3. Do you think that life will improve, stayet same or get
worse in the next 5 years faeople like you?

jobprest Ordinal Q200. Please think about your present job (or your last on
@2dz R2y Qi KI @S 2yS y250d L
your father had when you were 15, would you shgt the
f SOSt 2F adlddza 2F @&2dzNJ 22
SoadOKW KAIKSNI GKIyYy &2dzNJ FI

classconind Numerical | Derived¥/ f I & & O gnglidaforAb@séd ohmylilfpe E Q
separate itemse.g.Q195. Inyour opinion, in South Africa
how much conflict is therdetweenthe working class and thg
middle class?

groupdis Ordinal Q59. Would you describe yourself as being a member of a
group that is discriminatedgainst in this country?

meritind Numerical |5 SNRA @SR Wa SNA (i Frhubplezdpardtey R S
items e.g. Q164. Bw important is hard worlfor getting
ahead in lif®

exogind Numerical |5 SNA GSR WOE23Sy 2 dza miltlpl® i 2 N&
separate itemse.g. 160How important is coming from a
wealthy family for getting ahead in life?

q68r Ordinal Q168.F2 ¢ A Y LJ2 NIi | v faceforgetting dhiSdlia 2
life?

polideol CategoricalvHoOop ® Ly LRfAGAOFE YI G0GSNA
NAIKGQ 2N WEAOGSNIEQ yR WO
your views on this scale?

anc Ordinal DSNA GSR W! b/ @2 i Q€7. IfAhgrRvketzla
national election tomorrow, for which party would you vote

geotype Categorical Statistics South Africa Census 2@diLimeration area
Geotypeclassification

dz code | --—-- Datazone unique iderter code

mun_name ———- Municipality name

prov - Province name

exposure_of _poor Ratio aLDPxyiexposure to inequality measure developaidovein
Chapter 2

exposure_of_rich| Ratio aLDRxi* exposure to inequality measure developalovein
Chapte 2

inc Ratio Proportion of datazon@opulationthat is classified as being

RSLINAOSR 2y GKS WYWLYyO2YS IvY]
the SAIMD 2001 at datazone level
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4.2.3 Splitting the file into  poor and non-poor

In Chapter 2 of this report, twad S LI NI 6§ S odzi O2YLX SYSyidl NE YSI
SELISNASYOS 2F AySljdzd t AGéeQ 6SNB RSOSt 2LISR |y
the poor, and the other relating to the experience of then-poor. In order to test whether

I LISNA 2 Yy Q& in&halifsineScgsQteir atifides towards inequality and opo

for redress, it is important to include theequality measure that corresponds to the

LISNE2Y Qa 26y LR GSNIe& & indqiatizgesperiented byt gdbsis G KS Y
only rdevant for people who would be classified as poor, whilst the measure of inequality
experienced by the nepoor is only relevant for the people who would be classified@s

poor. In order to achieve this data and model configuration it was therefore s&mg to

split the SASAS dataset into ta@stinctsubsets: oneonsisting ofespondents defined as

poor and oneconsisting of respondents defined agn-poor.

a
R

As noted in Chapter 2, there is no single definitive ptyw#reshold for South Africa. For

the purpose ofdeveloping a measure of lived experience of inequalityis research

project, the distinction betweepoorandnon-poor is provided by the South African Index

of Multiple Deprivation 2001 at Datazone level (SAIMD 208dgording to thericome and
Material Deprivation Domain of the SAIMD 2001, 73% of the total population of South Africa
isdefined agpoor, with the remaining 2% defined ason-poor. This 736-26% split is

therefore adopted for the purposes of the modelling in this chapter.

lf GK2dzaK {!'{!'{ R2Sa O2yilidergbeprophriatef G A2y 2y WA
respondents either declined to provide an answer or stated that they did not know their

income. This resulted insubstantial amounbf missing data in the income variabléthe

SASAS dataset and therefore it was not possible to use the income variable as the basis for
classifying people as poor/ngmoor. HoweverSASAS also contaia series of questions
NBfFdGAYy3 G2 LIS2LX SQa YIF GSNAL ffthistese&dh 26y SNB KA
project, were combined together to form a composite asset inddye overall SASAS

datasetwas therefore sorted according to the respondan® & O2NB 2y (G(KS | aas$s
variable, resulting in a ranking from the person with the lowest matasakt ownership to

the respondent with the highest material asset ownersHipe SASAS dataset was then split

into a poor subset and a nguoor subset, with the poor subset consisting of the 73% of
respondentswith the lowest scores on the asset indexgdahe norpoor subset consisting

of the 27%of respondents with the highest scores on the asset index.

The poor subset contained a total 2120cases, while the nopoor subset contained a
total of 1036cases. In the model development stage discussdovipehe base dataset for
the poor subset contained the measureinéqualityexperienced by the poor (namelghe
WS E L2 & dzNJSapigbie (steli Talile X above), whilst the base dataset for the non
poor subset contained the measure of inequality esipnced by the nowpoor (namely, the
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WSELIRZ AdZNB Y2 FYNR OKQ @I Mpatt foo $he differanfiabsRecificgtiont | 6 £ S
2F WS E LIS NR Sy Sonpdsitioh ghiiables frieipadicand norpoor base
datasetswasidentical.

4.3 Model development

Table4.1above showed how the four models developed heoasisted of focusing on two

dependent variables and examining these from the separate perspectives of the poor and
non-poor. Models A and B focus @dS 2 LJt SQa | (0 { A daliBRéhd utilisetiel NRA Ay
WAYSI | N OFNAF6fS Fa 0KS RSLISYRSYyid NBaLRyas
GASsa O2YyOSNYyAy3a GKS I20SNYYSyidiQa NBES Ay Ay
variable as the dependent response variable.

As noed in Chapter 3, (0 K WA y S |j | @ NXrecbrge®as Wraigal@iaiy Wit | NB
LIS2 L) SQa NBalLkRyaSa (2 (KS@époiitgcaleseelath@tb 6 f S a
their stated support for or agreement wittelevant survey statements.

(@]]
(@)}

Theae are tyically three ways in which dependent variables obadiina nature are treated
in statistical modelling(i) assume that thenagnitude of the differences between response
options are equal and therefore treat the ordinal variable as if it weterginuous variable
i.e. standard OLS regression;i@gntify a theoreticallypased orempiricallybased
dichotomous distinction within the ordinal scale and therefemit the possible response
options into two discrete groups, i.e. logistic regression; aijd¢ispect the ordinal nature
of the response variabli full, i.e. ordered logit regressich.

Following extensive consultation wiuitably qualifiedstatisticiansandthe completion of
some empirical testing, it was agreed that the mappropriatemodelling approach to
adopt for this projectvas the full ordered logit modéf

Furthermore, due to the geographical stratification inherent in the SASAS sampling
methodology it was concluded thatultilevel models were mandatory

The final model devefament framework therefore requirethe specification omultilevel
cumulative linkordered logit regression modelg/hereas the spatial inequality analyses
presented in Chapter 2 and the attitudinal analyses presented in Chapter 3 were both

° More specificallyfiting}  WOdzydzt | GA GBS f Ayl Y2RStf Qo

1% A problem with treating ordinal dependent variables as if they are continuous and fitting OLS models is that
the residials need to be normal and homoscedastic for the model to have validity. If the raw category
numbers are used this will not be the case andtitaglitional approach was therefore to transform them to

the normal scores associated with the appropriate quastiHowever, this hdseen widely criticise@nd has

fallen into disuse since the advent of Generalised linear Models

76



performed usindStata,this was not possible for the modelling undertaken here in Chapter
4. TheR statistical software programnveas usedo implement multilevel ordered logit
models

In conjunction with colleagues from the University of Oxford Statistics Departrizamt,
base models were produced relating to Models A, B, C, aiith&se base models each
contained the full complement of explanatory variables listed@amble 4.2above.The
multilevel component of the models consisted of three levels: (i) individuabreggmt; (ii)
datazone of residence; and (iii) municipality of residemicdividual respondents nest within
datazones, and datazones nest within municipalities.

Ordinal andcategoricalvariables were treated as factors, whilemericand ratio variables
were standardised bgubtracting the mean and dividing by the standard deviation.

Starting from the models containing the full complemensefectedexplanatory variables,

the approach adopted was to sequentially drop one variable at a time based tpon t

likelihood ratio (LRest p-value until each variable remaining in the model had anLR p

value < 0.0%see Greenland, 1989, for a detailed discussion of this methodol®gg)only

exception to thid R test pvaluerule was thathe explanatory varialgs relating to
SELISNASYOS 2F AySljdza tAaGe O6WSELRA&AdMINBY2 FyYL2 2N
L2 S NI & andl theSntecatkidnyfedrCbétween them would be retained in the model
regardless of LR testyalue. This exception was justified oretgrounds that the primary

objective of the modelling exercise was to assess whether experience of ineunalityr
neighbourhood poverty rate played a roleinfluencinglJS 2 LJt SQ& | GG A (GdzRS&azx |
there was any interaction between these twariabks resulting in exposure to inequality
accentuating the effects of poverty, and vice versa.

The sequential process entaited) identifyingthe explanatoryvariable with the largest LR
test p-value (ii) running models with and without this particulaxmanatory variableand

(iif) comparing themodels with/without the explanatory variable usigLR tesbased upon
nested models fitted to the sameput record specification (i.e. if there were missing values
in the dropped variable, then both modelgere fitted to the data without the
corresponding missingalue rows of the dropped variableéfhe explanatory variabieas
dropped ifit had an LR test-palue > 0.05 and its LR testalue was greater than those of
all other included variable§Vhen the ariable identified as having the highest LR test p
value was categorical in nature (e.g. employment status)| fReéestomparison was
performed between a model with all relevant categorical levels included versus a model
with none of the relevant categaral levels included.

Once this process of sequential variable reduction was complete for each model (i.e. Models
A, B, C and Daftention turned to testing for any evidence of interaction effects between
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our explanatory variables of primary interest p&xience of inequality and neighbourhood
poverty rate) andbther explanatory variables that remained in the model specifications at
the conclusion of the sequential reduction proceldsre, interaction terms were added into
the model specification if thessociated LR testyalue for the interaction was <0.05.

This entire model development process was developed and implemented in the R statistical
software package using the O  ¥inctdn from the ordinal library

The final model specifications were fafows:

Model_A<-clmm(inegavr ~ exposP + log_incS + (log_:éx@®sP) + edu + hhperS + spoor +
groupdis + ssocmobc + jobprest + futmob + classconindS + meritindS + exogindS + q168rS +
anc + prov + (expossdocmobc) + (expogBtmob) + (log_incBhperS) +
(1mun_name/dz_code), weights = 2120*wt, data = poor_i, Hess = T, na.action = na.omit)

Model_B<- cImm(ineqavr ~ exposR + log_incS + (log:éxp®sR) + race + edu + empl + spoor +
groupdis + ssocmobc + jobprest + classconindS + topbott1pffy + (exposiRace) +
(exposkspoor) + (log_incSsocmobc) + (1mun_name/dz_code), weights = 1036*wt,
data = rich_i, Hess = T, na.action = na.omit)

Model_C<- clmm(govredr ~ exposP + log_incS + (log:éxe®sP) + empl + spoor + groupdis +
jobprest+ classconindS + meritindS + exogindS + g168rS + polideol + inegavrS +
(exposFempl) + (exposBpoor) + (1 | mun_name/dz_code), weights = 2120*wt,
data = poor_g, Hess = T, na.action = na.omit)

Model_D<- cimm(govredr ~ exposR + log_incS + (log:émp8sR) + marstat + ssocmobc +
futmob + anc + polideol + assetindexS + ineqavrS + (exubsiRol) +
(1mun_name/dz_code), weights = 1036*wt, data = rich_g, Hess = T, na.action = na.omit)

wherethe dependent and independent vakikes are as described irable 4.2above (with

the adapted notation of suffixing continuous variables withanuppdra S W{ Q (2 & A 3y
the variable has been standardisethd renaminghe variableW S E LJ2 & dzNB ¢ 2 F ¢ L2 2 ND
WS E LI2 &he Garidblg¢E E L2 8 dZNB Y2 FYNRA OKQ (2 WSELRAwWQ

4.4 Results and discussion

Asdiscussed above, the focus here in terms of modelling results is placed primary on the
two models that relate to the poor subgroup, i.e. Model A and Model C. Full tables of results
and associated plots for ModelBand Dare included in Appendicésand 7and reference is
made to the results of Models B and D in this chapter where they either show consistency
with or divergence from the resultsf Models A and C respectively.

The main focus of this component of thesearch is ortesting for associations between
exposureto inequality and attitudes to inequality and redress. As suahstart by looking
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at statistically significantesultsrelating toexposure As will become evident through the
tables,charts and discison below, the effect of exposure on the dependent variables acts
through interactions with other explanatomariables These interactions are therefore
prioritised at the beginning of each section of model interpretatidyiter this, we present
summares ofanyother siqqificanteffectsnot related to exposure.

In the interactions that are shown via the series of graphs in this chapter, the reference
group within the categorical variable has been chosen to be the one which is arguably the
GhostfavourdleQ | YR GKS 20GKSNJ OF 1S32NASaE INBE O2YLJ N

The gradients of the lines shown in the series of charts in this chapter show the direction
and magnitude of the relationships between different categories (within the relevant
categorical variable) and the dependent response variable as the level of exposure changes.

It might be reasonable to expect that the more disadvantaged and/or vulnerable a person is

and/or feels, the more likely the person is to have a strong aversiamctume inequality

and a strong belief that the government has a responsibility to redistribute income from the

WKI 0S53aQ y2iEQ®P LR dKAa aO0SylI NA2 gFka G§KS OF &¢
presented here would typically all be placed above theydrorizontal reference line

(denoting OR=1) and would all show a positive association between exposure and the

response variable. However, slsown belowthis does not happen exactly in practice.
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Model A: Inequality aversion Zz poor subgroup

Table 4.3:Final output from Model A

OR 95%| OR 95%]| Group LK
Parameter Estimate| Std. Errofl z value | Pr(>|z]) Sig. OR | Cl lower| Cl upper| test pval
|(A) Respondent's personal and household characteristics |
Educational attainment (Ref='No schooling’; N=165) 0.0000
Primary (N=472) 0.62 0.23 2.64 0.0084 ** 1.85 1.17 2.93
Grades 8-11 or equivalent (N=853) 1.06 0.23 470 0.0000 ** 2.89 1.86 4,51
Matric or equivalent (N=547) 0.71 0.23 3.03 0.0024 * 2.03 1.28 3.20
Tertiary (N=83) 0.61 0.34 1.81 0.0710 1.84 0.95 3.58
Household size (i.e. number of persons in the household) -0.07 0.05 -1.54  0.1200 0.93 0.85 1.02
ANC voter (N=1440) -0.42 0.14 -3.05 0.0023 ** 0.66 0.50 0.86
|(B) Respondent's attidudes and views |
Self-rated poverty status (Ref="Wealthy/very comfortable’; N=78) 0.0170
Reasonably comfortable (N=317) 0.06 0.30 0.21  0.8300 1.07 0.59 1.92
Just getting by (N=882) 0.26 0.28 0.93  0.3500 1.30 0.75 2.23
Poor (N=597) 0.34 0.29 1.17  0.2400 1.40 0.80 247
Very poor (N=246) 0.80 0.32 247 0.0140 * 2.23 1.18 4.20
Perceived mobility history (Ref="Upward mobility'; N=697) 0.0037
No mobility (N=863) -0.09 0.12 -0.69  0.4900 0.92 0.72 117
Downward mobility (N=560) 0.34 0.14 242 0.0160 * 1.40 1.07 1.85
Expected future social mobility over next 5 years (Ref="Improve'; N=995) 0.0700
Stay the same (N=552) -0.19 0.13 -1.46  0.1400 0.83 0.65 1.07
Worsen (N=425) 0.18 0.15 1.21  0.2200 1.20 0.89 1.62
Uncertain (N=148) 0.25 0.23 1.08 0.2800 1.28 0.82 2.00
Higher job prestige than father (N=496) 0.37 0.12 3.03 0.0025 ** 1.45 1.14 1.84
Perceived class conflict index 0.11 0.06 1.96 0.0500 . 1.12 1.00 1.25
Perceived group discrimination (N=425) 0.35 0.13 2.69 0.0072 ** 1.42 1.10 1.84
Perceived importance of 'merit' factors for getting ahead in life 0.45 0.06 7.99 0.0000 ** 1.56 1.40 1.74
Perceived importance of 'exogenous' factors for getting ahead in life 0.15 0.06 250 0.0120 * 1.16 1.03 1.31
Perceived importance of 'race’ for getting ahead in life -0.18 0.06 -3.10 0.0019 ** 0.83 0.74 0.94
|(C) Geographical location variables
Province of residence (Ref="Western Cape'; N=249) 0.0087
Eastern Cape (N=338) -0.46 0.43 -1.07  0.2800 0.63 0.27 1.46
Northern Cape (N=160) 0.11 0.50 0.21  0.8300 111 0.42 2.95
Free State (N=141) 0.45 0.48 0.92  0.3500 1.56 0.61 4.04
KwaZulu Natal (N=380) 0.30 0.40 0.75  0.4500 1.35 0.61 2.98
North West (N=117) -0.21 0.45 -0.47  0.6400 0.81 0.34 1.96
Gauteng (N=278) -0.29 0.39 -0.75  0.4500 0.75 0.35 161
Mpumalanga (N=191) 0.67 0.45 1.49 0.1400 1.95 0.81 4.70
Limpopo (N=266) 0.69 0.44 1.55 0.1200 1.99 0.83 4.76
|(D) Neighbourhood level poverty and exposure variables and interactions
Neighbourhood poverty rate 0.12 0.11 1.13  0.2600 1.13 0.91 1.40
Exposure to inequality 0.25 0.17 1.50 0.1300 1.29 0.93 1.79
Neighbourhood poverty rate * Exposure to inequality 0.01 0.08 0.09 0.9300 1.01 0.86 1.17
Neighbourhood poverty rate * Household size -0.13 0.05 -2.58 0.0099 ** 0.87 0.79 0.97
Exposure to inequality * Perceived social mobility history (Ref="Upward mobility") 0.0120
Exposure * No mobility -0.09 0.12 -0.76  0.4500 0.91 0.72 1.15
Exposure * Downward mobility -0.38 0.13 -2.84 0.0044 ** 0.68 0.52 0.89
Exposure to inequality * Expected future social mobility (Ref="Improve") 0.0037
Exposure * Stay the same 0.13 0.13 1.00 0.3200 1.13 0.89 1.45
Exposure * Worsen 0.04 0.14 0.31 0.7600 1.05 0.79 1.39
Exposure * Uncertain -0.65 0.20 -3.18 0.0014 ** 0.52 0.35 0.78

* significant ap <0.05; ** significant at p < 0.01; *** significant at 0001
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In Model A there are significant interaction effects between exposure_of _poor and two
OFGSaA2NAOLE I NA [eadX0$ NBsbeplthes W ya 20 PR SYSoai®H Ol & R
Fdzi dzNBE a2 0BF NAY 206 5t NWF dAbteracton oddsyfatidplos &r& 1 ®H U
presented below for each.

FiglZNBE nom adK2ga (GKS AYGSNIOlGA2y o0SG6SSy WLI &
exposure toinequalit. & G KS YSIy WSELRAAINBY2FPLRZ2ND f SO
vertical reference line), people who regard themselves as having suffered downward

mobility over recent years show significantly greater aversion to income ineqtizdity

people who regard themselves as being upwardly mdpiealue < 0.05".

However, the relationship between perceived recent social mobility and the inequality

aversion response variable can be seen to vary according to the level of exposure. The
nSAFGAGS at2LIS 2F GKS NBR fAYyS 2y GKS OKIF NI
people who regard themselves as being downwardly mobile become progressively less

averse to income inequality compared to people who regard themselves as having been
upwardly mobilg(p-value < 0.@)'%.

So, in areas where inequality is perhaps not particularly obvious on-toetdgy basis,

people who regard themselves as having suffered downward social mobility tend to have

greater aversion to income inequality th@eople who regard themselves as having enjoyed

upward social mobility. This finding could potentially reflect a greater optimism amongst

upwardly mobile people that life is improving in various ways and therefore greater income

and social status may be focoming, whereas for downwardly mobile people it may seem

GKFG GKS 31K 6SsSSy (KS WKI @SaQ yR GKS WKI
WoNRARISIHOoESQ GKSNBoe YIF1Ay3d GKS AyO02YS AySid

! Specifically, the odds of giving a response (i.e. inequality aversion) above any particular response threshold
are 1.40 times (Cl: 1.aI%.85) greater for a respondent who perceives him/herself to have been downwardly
mobile over recent years than for a person who is identical in every way except for perceiving him/herself to
have been upwardly mobile over recent years.

2\When the level oéxposure is 1 standard deviation below the mean exposure, the odds of giving a response
(i.e. inequality aversion) above any particular response threshold are 2.06 times greater for a respondent who
perceives him/herself to have been downwardly mobileroeeent years than for an identical person who

thinks they have been upwardly mobile. In contrast, when the level of exposure is 1 sd above the mean, the
odds of a selperceived downwardly mobile person giving a response (i.e. inequality aversion) atpve
particular response threshold are only 0.96 times as high as a person perceiving recent upward mobility.
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Model A: Exposure variables and interaction s

Figure 41) 1 OAOAAOB®ITAEIAE OHABGOEDUS xEOE OAgbi OOO0OA
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Note regardingverticalreferencelines: black dash = mean exposure; blue dot = meaf sfandard deviation exposure;
red dot = minimum/maximum okerved exposure
Note regarding horizontal reference line: grey dot = OR of 1.0.

G GKS 20KSNJ SYR 2F (GKS WSE L2 sedpidedozhe Y L2 2 NI

obviousvisualsigns of income inequality on a daily basis, the results suggest that
downwardly mobile people aressaverseto income inequality than upwardly mobile
people.This result is rather unexpected but could potentially be dudisilusionment
amongst the upwardly mobile populatiomith their chances of ever spanning the divide
bel 5SSy G(GKS WKI @S al0s impdrRnt to Kdée, hoveled) Bahy [Bwied Q ©
aversion to income inequality of upwardly mobile people only applies where the level of

WSELRAAINB Y2 FPLIZ2ND A& | LidN@eamvelthé@dar m adl yRI

WS E LI2 & dzNJang B¢finjiHel2n&jdvidi2 of cases across South Afrigawardly mobile
people will typically be less averse to income inequality than downwardly mobile people.
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inequality.
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Note regarding horizontal reference line: grey dot = OR of 1.0.

14 GKS YSIy WSE LjeapieMBoyegpactthdr sdpositiod @i €
improve over the coming years are not significantly differartermsof aversion to income
inequality then people who think their so¢# position will stay the same or worsen or who
are uncertain.Furthermore, here are no statistically significant differences in how
exposureto inequalityaffectsaversion to income inequalityetween people o think their
social position will improve, stay the same or worsen.

However, there is a statistically significant differerfperalue < 0.01between people who
think their social position will improve and people who are uncertain of their social ityobil
future in the way that exposure_of _poor affects views on inequality aversion
geographical areas where exposure_of poor is relatively fmople who are uncertain of
their social mobility futuresend to have a greater aversion to income inequatian

people who think their social position will improVeAs exposure _of poor increases,

%1n geographical areas with the lowest observed exposure_of_poor, the odds of giving a response (i.e.
inequality aversion) above any particulasponse threshold are 3.70 times greater for a respondent who is
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however,people who are uncertain of their social mobility future become progressively less
averse to income inequality compared to people who expect to enjoy inpgosocial
status™,

So, where exposur® inequalityis low, people who are uncertain about their futuend to
be more averse to income inequality than peopléavthinktheir situationwill get better.

As exposure increases, people who are uncertawuébheir futures become less averse to
income inequality compared to people who expect an upwardly mdbtlere. This finding
couldagain be related talisillusionmentamongst people who are expecting to see
improvements withregardsto the size of the gp between the very affluent minority and
the poor majority andhe difficulty in bridging that gap.

Model A: Gher statistically significant effects

lff 20KSNJ GKAy3a o0SAy3 Slda X

1 There is a statistically significant interaction betm neighbourhood gverty rate
and household siz@-value < 0.01)The coefficient for this intei@ion is negative,
meaning that, as neighbourhood poverty rate increases, the effect of living in a large
householdbecomes progressively greater in terms of reducing aversiomcome
inequality.

1 The odds of giving a response (i.e. inequality aversion) above any particular response
threshold are 1.85 times greater for a respondent with primary schooling as their
maximum educational attainment than people with no schoolpgalue < 0.@). A
AAYAT NI LIAOGdzNE A a -Mns S3NITRINAzA &2 adElyeEQ (&h WD
0000 YR WYl G§NAO 2 Np&ljadz0D) aydnyivied compared I'  H ® 1 ¢
to people with no schooling. Also a similar picture for people vattiary education
(OR = 1.84p-value < 0.}, although this does not quite meet the 0.05 significance
level possiblydue to small N cases).

1 The odds are lower for an ANC voter thandaronANC voter (OR = 0.66vplue <
0.01). @uld this be because thANC have been in power since 1994 and yet income
inequality has not fallebut people who vote ANC perhaps see the good that the
ANC have done rather than the persisting problems of inequality?

f tS2LXS K2 NBIIFINR (KSYaSt dddanswering dW@SaNE LJ2 2
ALISOAFASR NBalLkRyaS GKNBakK2fR (KIFy LIS2LX S

uncertain about their social mobility future than for a person who is identical other than expecting their social
position to improve.

*1n areas with the highest observed exposure_of_pdiae,odds of someone who is uncertain about their
future social mobility giving a response (i.e. inequality aversion) above any particular response threshold are
just 0.31 times those of a respondent who is identical other than expecting their sociabpdsifimprove.
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comfoNIi I 6 f SQ évalve <0.06HPPH{ T WASNE LI22NXD LIS2 LI S
AyO2YS AySldzrtAdge GKFIy WgSIfliKek@dSNE O02YF
People who rgard themselves as having a job with higher prestige than their father

have higher odds of giving anabeteK NE A K2 f R NBalLlkryaS GKIy LIS
= 1.45 pvalue < 0.0}, and so are more averse to income inequality.

The greater the extent of classrdtict in South Africa a person perceives, the higher

the odds that they will give an abotkreshold response. A person with a perceived

class conflict score of +1sd above mean score has odds 1.12 times greater than

someone with mean class conflict scgpevalue =0.05). Perhapghose whothink

there is lots of class conflieisothink that this conflict might be reduced by reducing

income disparities?

People who perceive themselves to be members of a group that are discriminated
againstare more averse2 Ay O2YS AySldza t AGe GKpy LIS2 LK
value < 0.01L

¢KS 3ANBFKGSNI 2ySQa @GASg (GKIG WYSNRAGQ FI OG2
important for getting ahead in life, the greater the aversion to income inequality (OR

for +1sd vs meanromerit index = 1.56p-value < 0.01).

¢KS 3INBFGSNI 2ySQa @A Sgoconiirg Frdim aWéakthg Ad)y 2 dza Q ¥
are important for getting ahead in life, the greater the aversion to income inequality

(OR for +1sd vs mean on exogenous indexX.6, p-value < 0.0h

¢KS 3INBFGSNI 2ySQa @OASg GKIG F LISNER2YQa NI
fSaa GKS& IINBX I dSNAS (2 AyO2YS AySldz tAde
importance of race) variable = 0.833value < 0.0}

When compaed to the Western Cape, none of the other eight provinces are

statistically significant in terms of inequality aversion. However, group effect of

province is statistically significant as a whole and so province is included in the final

model.
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Model C. Government Redistribution z poor subgroup

Table 4.4: Final output from Model C

OR 95%| OR 95%| Group LH
Parameter Estimate|Std. Errof z value | Pr(>|z]) | Sig. | OR | Cllower| Cl upper| test pval
|(A) Respondent's personal and household characteristics |
Employment status (Ref="Employed full time'; N=498) 0.0024
Employed parttime (N=150) 0.64 0.22 286 0.0042 * 1.90 1.22 2.94
Unemployed, seeking work (N=688) -0.07 0.15 -0.48 0.6300 0.93 0.70 1.25
Unemployed not looking for work (N=230) 0.54 0.20 2.68 0.0073 ** 1.71 1.16 2.53
Pensioner (N=213) 0.15 0.20 0.76  0.4500 1.17 0.79 1.73
Student/learner (N=201) 0.24 0.19 1.26  0.2100 1.27 0.88 1.85
Permanently sick/disabled (N=47) -0.11 0.36 -0.29 0.7700 0.90 0.44 1.84
Other employment status (N=93) -0.05 0.28 -0.18  0.8500 0.95 0.55 1.65
|(B) Respondent's attidudes and views
Inequality aversion 0.35 0.05 6.58 0.0000 ** 1.42 1.28 1.57
Left-right ideology (Ref="Liberal’; N=801) 0.0000
Moderate (N=567) -0.47 0.12 -3.82 0.0001 *=* 0.62 0.49 0.79
Conservative (N=316) -0.80 0.15 -5.26  0.0000 *** 0.45 0.33 0.60
Uncertain  (N=436) -0.29 0.15 -1.94  0.0520 0.75 0.56 1.00
Self-rated poverty status (Ref="Wealthy/very comfortable'; N=78) 0.0001
Reasonably comfortable (N=317) -0.46 0.31 -1.50 0.1300 0.63 0.35 1.15
Just getting by (N=882) -0.83 0.29 -291 0.0036 ** 0.43 0.25 0.76
Poor (N=597) -0.63 0.29 -215 0.0310 * 0.53 0.30 0.95
Very poor (N=246) -0.11 0.33 -0.33  0.7400 0.90 0.47 1.71
Higher job prestige than father (N=496) -0.29 0.12 -2.43 0.0150 * 0.75 0.59 0.94
Perceived class conflict index 0.19 0.06 3.37  0.0008 *=* 1.21 1.08 1.35
Perceived group discrimination (N=425) 0.30 0.13 237 0.0180 * 1.35 1.05 1.73
Perceived importance of 'merit' factors for getting ahead in life 0.20 0.05 3.72 0.0002 *** 1.22 1.10 1.35
Perceived importance of 'exogenous' factors for getting ahead in life 0.17 0.06 3.12 0.0018 ** 1.19 1.07 1.32
Perceived importance of 'race' for getting ahead in life -0.13 0.05 -2.39 0.0170 * 0.88 0.79 0.98
|(C) Geographical location variables |
N/A
|(D) Neighbourhood level poverty and exposure variables and interactions |
Neighbourhood poverty rate 0.01 0.11 0.12  0.9000 1.01 0.82 1.25
Exposure to inequality -0.49 0.29 -1.69 0.0920 0.61 0.35 1.08
Neighbourhood poverty rate * Exposure to inequality -0.11 0.08 -1.38  0.1700 0.90 0.77 1.05
Exposure * Employment status (Ref=Employed full time') 0.0045
Exposure * Employed part time 0.75 0.22 3.32 0.0009 *=* 211 1.36 3.27
Exposure * Unemployed, seeking work 0.12 0.15 0.84  0.4000 1.13 0.85 151
Exposure * Unemployed not looking for work 0.40 0.19 2.07 0.0390 * 1.50 1.02 2.19
Exposure * Pensioner 0.18 0.19 0.93  0.3500 1.20 0.82 1.74
Exposure * Student/learner 0.18 0.18 0.96 0.3300 1.19 0.83 1.70
Exposure * Permanently sick/disabled 0.90 0.39 232 0.0200 * 2.45 1.15 5.23
Exposure * Other employment status 0.67 0.28 245 0.0140 * 1.96 1.14 3.37
Exposure * Self-rated poverty status (Ref="Wealthy/very comfortable’) 0.0020
Exposure * Reasonably comfortable 0.02 0.28 0.08  0.9300 1.02 0.59 1.78
Exposure * Just getting by 0.58 0.26 219 0.0290 * 1.78 1.06 2.99
Exposure * Poor 0.32 0.27 1.19 0.2300 1.38 0.81 2.33
Exposure * Very poor 0.36 0.30 1.19 0.2300 1.44 0.79 2.60

* significant at p < 0.05; ** significant at p < 0.01; *** significant at p < 0.001
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In Model C there are significant interaction effects between exposure_of _pwbtvao

OF 6 STA2NROFf G NRA I 0ofS AR | WS YSLIIYLSSYY RyQW a &yl (- dad B0 3
L2 S NI & @8 NI dxd & W & .LiePattibh oddy ratid pldistae prasented

below for each.

Model C:Exposure variables and interactions

Figure 4.3 shows the interaction between employment status and exposure to inequality.

Figue4.3) T OAOAAOET T T £ OAIEGEH WALDG MO0 O0
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Note regardingverticalreferencelines: black dash = mean exposure; blue dot = meaf sfandard dehation exposure;
red dot = minimum/maximum observed exposure
Note regarding horizontal reference line: grey dot = OR of 1.0.

' GKS YSIy WSE LjgeaateNB the Aapk dashedXertitaladefehce line)

people who are employed part timg-value < 0.01and people who are unemployed and

not looking for worlk{p-value < 0.01both show a significantly stronger agreement than

LIS2LX S K2 FNB SYLX 28SR FdzZAt GAYS GKIFG AG A&
income differences between thoseith high incomes and those with low incontés

Prg G0KS YSIYy WSELRAMNBY2FyPLR2ND fS$@gSfs (GKS 2RR&a 2F |
(i.e. support for government responsibility for income distribution) above any particular threshold are 1.90

times (Cl: 1.22.94)grea NJ Ky (K2a$S 2F || NBaALRYRSyl ¢6K2 Aa W9VYLX
gK2 Aa W ySYLX 2eSR y y2iG f 22 1-258)Prede? tNan gotndbhewhK | & 2 RR
Ad WOYLX 28SR Fdz f Y ®

Uy 2«

|.
G A Q
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It isalsoevident that four of the employment status groups show statistically significant
differencesin the way that exposure_of_poor influences the response variable when

compared to the way that exposBry 2 FYLI2Z 2 NJ Ay Tf dzSy 0Sa GKS NBalLR
GAYSQ NBahed i6iR §roufis®: employed part tifeevalue <0.007);

unemployed and not looking for woKk-value < 0.05)permanently sick or disabl€g-

value < 0.05)andW8ther(employmentstatus(p-value < 0.05)The interaction coefficients

for thesefour employment status groups are all positiveeaning that as exposure_of _poor
increasesmembers of the four groups become progressively more supportive of

A2 PSNYYSyldQa NiBtEbuig iicanmedavheh doin@ared té pedhle who are

employed full timé®,

The other norsignificant interaction terms are also seen to be positive in directiorthmit

lack of statistical significance means that caution must be exercised in assumingishat th
positive direction is necessarily true. However, based upon the results here, it is possible to
tentatively conclude thaton the whole those respondents who might be regarded as
involuntarily excluded (eithefully or partially)from the labour marketend to bemore
supportive of the government taking responsibility income redistribution than people in

full time empbyment. Furthermore, there is some evidence thatexposure to socio

economic inequality increases, people who are involuntarilyusbex from the labour
marketbecome even more supportive of government role in income redistribution
compared to full time employed peopl&hese findings may be related itccreased feelings

of income vulnerability amongst people who are excluded fromlaheur market: those

who are employed part time may wish to work more Imiay struggle to find employment
opportunitiesand may be in relatively insecure jolbispse who are unemployed and not
seeking work may discouraged work seekers who feel it is lesmtooking for jobs due to
scarcity andthose who are permanently sick or disabled may feel particularly
disadvantagedh the labour markedue to inability to obtain and/or retain job#t is not

Of SINJ gKI(G SYLX 28YSyl A& bupibdzinssa toddhy pbtantialiydzi S G K
be vulnerable or disadvantaged positions.

YAtmeanmda R SE LR A dZNB Y2 FIpNE 2 NEY PO YNB & SIRY RSy (i KI S 2RR& 2
WOYLE 28SR FdAf GAYSQ 2F IYyaA6SNAY3I 0208 |- IAPSy NBaLJ
GKS 2RR& F2NJ WOYLIX28SR LINI GAYSQ I NB  atdeanisdi A YS& 3INB
SELRAdZINBY2FPLR22NE (KS 2RR& 2F Ly w:ySYLszéSR FYR y2i
NBaLRyasS GKNBakK2fR FNBE moemn GAYS& 3INBFGSNI GKEY WOYLIE
these odds increase to 2.56 times greater wS 3 LI2 Y RSy (1da 6K2 | NB Wt SN¥I ySyidte :

f e
meanMd R SELR &A&dZNBY2FYLI2 2N 2F 2dzAld nodot GAYSE (GK2a$S 27F
SELRAdINBY2FPLR2 2N 6KS 2RR& | NB H®HM G A Y Swuiho &ateRHeyi SNJ G K
FNBE 2F WhiKSNJ SYLX 2eYSyid adldidzaQx (KS Ad€Ra NB ndny
SELRAMINBY2FPLIZ2NE o6dzi AYONBLF&AY3I (G2 mIyc GAYSa INBL
exposure_of_poor. These statistically significaéiaction terms are all positive in direction.
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In terms of selperceivedpoverty status, at the mean exposure_of _poor level people who

regardi K SY a S §dgaSia 3-Sal (UrpgoRnresiyrificadtidssd sapportivéhan

LIS2 L S g K2 NBII NRwSH K 3 R&E & (0B Naof tHezporichIhanad oW S Q
governmentis responsible for redistributinqacomefrom those with high incomes to those

with low incomegpvalue<n ®nm T2 NJ Wa-drh i dzZ8Sd G AYEpPp O & NI MILIZ 2

In terms of the exposure gradients of the interaction termisthe four subgroups shown on
theOKIF N2 2yteé (GKS fAyS F2N LIS2LX S 6K2 | NBE WW
WS f 0 K&k @S NErop2A¥ @xpobidiel od poSrancreasedS 2 LI S g K2 | NB W

Y¢KS 2RR& |G YSIyYy SELRAIINBY2FPLIZ 2N F2NJ LIS2076 6K2 | NJ
those of peoplewB NBIF NR (GKSYaSt@gSa +Fa WwW2SItiKek@SNE O2YT2NI |
exposure_of_poor for people who regard themselvepasr are just 0.53 times (Cl: 0.8D95) those who

NEIFNR (GKSYyaSt@gSa a W2SI|tiKek@SNipeopewhdragddl  6f SQd ¢ KS
GKSYyaSt @gSa a wwSlrazylote O2YTF2NIFof SQ 2NJ W+xSNE L2 2N
W2 SIfiKek@PSNE O2YTF2NIl of SQF o6dzi GKS RAFFSNByOSa I NB
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3SGGAY3 068Q 6S02YS LINPINKBaaAgdSt &incoBeNS & dzLJLJ2 N
NERA&AGNAOGdzIAZY O2YLI NBR (2 LIS Zphiilud 0032 | NB Ws

Theinteractioncoefficients for theoort vy IS N L2 2 N INR dzLJa | NB L2 & .
somewhat smaller magnitude thahe interaction coefficienff 2jdsi3US (i ( AayicHuniiké Q

Yiza G 3 S 0 G iktgrattioncdefliientdfdt Poord YIS NE L2 2N | NB y20 &,
RAFTFSNBY (I W ik dik dSNB ( EBwnaAdAthat tie frefavelyHNa| dzLIP
number of respondents inthklodel Cd G S0 G KIF G NBEhithReni KSYaSt @
02 YT 2 N#@Frsyi$ the®eason why thHgoort Yy IS N L1222 ND AYGSNI OGA2Yy
y2i LINBaSYiSR Fa WSBHYARRER QPP UEGnOBMOMIRNS § 6 SO @
have beeni 2 NB O@RISt {IKSEKk BSNE O2IYF2WHId fod SO2 ¥ FRNIW 0 f
respondents into a new composite category and use that as the reference group. However,

after consideration, the decision was taken not to do this because there is possibly some
evidencell K| (wealtKk Ex #SNE O2YB2 MR2lyoHE@ IOZRTF NIl o6t SQ
necessarily be sufficiently similar to justify combining th&m

Based upon the information conveyed graphically in Figudeand particularly the
significantinteractioncoefficientfor g2 LX S ¢ K2 | NB WwWeadzad 3ISGdAy3a
tentatively suggest thaincreasingexposure to socioeconomic inequalityassociated with
progressively greater support for government income redistribuiamongst the less well

off when compared to thee who regard themselves as beligepalthy/very comfortabl€

Model C:Other statistically significant effects

lff 20KSNJ GKAy3a oSAy3a Sldz X
1 There is a positive association between inequality aversion and support for
government role in income distribign. Ineqavr is treated as a continuous
explanatory variable and so is meaentred.A person whose response on the
inegavr variable is 1sd above the mean ineqavr response, has odds 1.42 times
greaterthan an inegavr mean respondent of giving a responsthergovredr
variable above angpecifiedthreshold(p-value <0.001). In other words, there is a

® Here, it is evident that at meahsd exposure_of pdéE (G KS 2RRa 2F 42YS2yS 6K2 A4
FyYyagSNAY3I +0620S | IAGSYy NBaLkRyaS (KNBakKz2tR NS 2dzi
O2YF2NIIo6f SQF 6KAt Al G YSIybMaR SELRAMINBY2FYLR 2NE
com2 NI I 6t SQd i GKS KAIKSaG FOGdzrtte 20aSNUWSR SELIR & dzN
3SGGAY3 08Q INB mMdpu (GAYSa INBFAISNI GKIFy ((K2&aS F2NJ (K
Figure 4.4that across the majority of the obseed exposure_of_poor continuum in South Africa, people who

FNB Wwdzad 3ISddAy3 o6eQ IINB fSaa adzZdR2NIAGS 2F I28SNYY
W2 S fGKek@PSNE O2YF2NIlof SQ@

% For instance, although the odds at mean exposure_of_poonateuite significantly different between

these two groups at the 0.05 level, the visualnegentation provided by Figure 4siggests there may be a

small yet consistent difference between the two groups which may become significant if the numbee®f cas

Ay GKS W2S|fiKek@SNE O2YF2NIFo6f SQ ANBdAzLI 6SNBE f F NHSNW®
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a0FrGAaldAOrtte AAIAYATFTAOLIY(H LRAAGAODOS | aaz20hA
andtheiro St AST (KI G Ad Aa GKS 3I2ueSnhdnyBosii Qa NB
the poor to the rich. People with greater aversion to income inequality tershtaw

stronger support for government role in income redistributidihis is as we would

expect.

CKSNB A& | aA3IYyAFAOI Yyl | aaobhgymandingirzy o6Si6SS
support for government role in income distributioReople who regard themselves

a4 WwO2yaSNBI GAPSQ KIFI @S 2RRa 2dzad noénp GAY
Fa WEAOSNITQ 2F I yagSNRy(@Evaluos<e@B Pdopled A 3Sy N
K2 NBIINR (KSYyaSftogSa Fa WY2RSNI 0&Q KI @S
value < 0.001)whilst people wheay they arédncertairQhave odds just 0.76f

Wi A qpSvdlde & @0520)The magnitude of the coefficients and ORs thiemre

become more extreme with each increment in political ideology, wihh

AYONBYSYyUlG | ¢l & asdd@Eaedvihilower Sdisof afsweritglalyode

a given response threshold. In otherwortlsf f 2§ KSNJ 0 KAy 3a o0SAy3
people are nest supportive of government role in income redistributidoljowed by

people who arél dzy” O SaNdithei Y 2 RSING #ISIQS Y A G K WwO2y &SN
people least supportive of government role in income redistribution.

People who regard themselves as imayva highetprestige job than their father are

significantly less supportive of government role in incamdistributionthan people

K2 NBIFINR GKSANI 2206 & KI@Ay3 (pvélée<al YS 2
0.05)

There is a positive assatipn between the level of perceived class conflict in South

Africa and support for government role in income redistribut{prvalue <0.001).

Peoplewho perceive themselves to be part of a group that suffers discrimination are

typically more supportive fogovernment role in incomeedistributionthan people

who do notfeel part of a discriminated groujp-value < 0.05)

There is a significant positive relationship between the degree to which people think
OKFG WYSNRG T OG2 NAE QadlinN®and theirlupidort fof G F2 NJ 3 S
government role in income redistributioip-value < 0.001)There is also a significant
L2AaAGADS NBfIIGA2YAKALI 0S3G6SS ¢xodgeroSs RSINEBS
FLFEOU2NEQ | NB AYLI2NII yGirdugpdd fd goueinsntdoler KS I R
in income redistributior(p-value < 0.01)In contrast, there is a significant negative

I 3a20A1F0A2y 06SG6SSy GKS RSAINBS (2 6KAOK L
important for getting ahead in life and their support for gomment role in income

redistribution (p-value < 0.05)
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45 Conclusions

The modelling approach developed for this project was designed to test whether exposure
to socioeconomic inequalitgffects attitudes towards inequality and options for redress.

The basic hypothesis articulated in the introduction to this report was that people who
experiencanequality on a day to day basis may be more aware of the stark inequalities in
South Africa and therefore may be maaeerse to inequality and more suppo@i of the
government taking responsibility for reducing income differentials.

The analyses presented in this chapfecused primarily on the coefficients and odds ratios
relating to the effects of exposure on the two selected dependent variables.oher
statistically significant variables remaining in the fimaldels are primarily utilised as

control variables, although some valuable new insights can also be gained indirectly from
the summary analysis of these coefficients.

The models demonstratéhat exposure to inequality dods ¥ F SOG LIS2LJ SQ&a F G aGA
inequality and options for redresbut that the effects are primarily observable through the
interaction of exposure with other explanatory variablésthe statistically significant
interactionsinvolvingthe exposure measure, the other variable in the interaction is always
categoricalThese interactions can therefore be interpreted as measuring the extent to

which exposure differentially acts amategories of the relevant categorical vaieb

In Model A, the only two statistically significant interactiam®wn in Figures 4.1 and 4.2
exhibit negative associations with exposure, meaning,thatexposure increasges
respondents of these two groups show less aversion to income inequalitythiea
respective reference groups.

In Model C, allive ofthe statistically significant interactions shown in Figures 4.3 and 4.4 do
exhibit positive associations with exposure, meaning thatexposure increasgs

respondents of theséve groups becom more supportive of government role in income
redistribution. Howeverall these five interactions suggest that at the lowest actually
observed exposure level, people in these groups &g sipportive than the respective
reference group (althougthe odds ratios for some of the employment status groups are
only slightly below 1 at the lov@xposure extreme).

An important factor to bear in mind concerning all the analyses Isetiee finding that was
highlighted in Chapter 3 that there is generally aystrongconsensusmongst the

population of South Africa that income inequality is too high and that the government has a
responsibility to reduce it byedistributingincome from those with high incomes to those

with low incomes. As such, there is nagi@at deal of discrimination between response
intervals on the dependent variables, as the responses are clustered around the
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W ANBSKAGNRY AT & ICHNDBE SASAYiRan anfivalin&idallii OF f S @
representative surveyit would bedesirableto devote a futuremoduleto further

examination of social inequality issues, and to incorporate into the megulea broader

set of attitudinal questions that might provide greater discrimination between response
intervals and therefore greatedlarity in he modelling results.
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Chapter 5: Conclusions

This ESREathfinder study on the relationship between spatial inequality and attitudes to

inequality has come to a conclusion at an interesting juncture in contemporary South

African history. April 2014 marke 1 KS 0S3IAYYAYy3I 2F (GKS O2dzy (i NEB ¢
democracy, prompting considerable policy reflection on the nature and scope of progress

that has been achieved in realising the aspirations and social change enshrined in the

Freedom Charter (1955), Reconsttion and Development Programme (1994) and the

{2dziK ! TNAOIY [/ 2yaidAiddziizy oOmppcod ¢KS I23SN
Development Plan (NDP, 2012) builds on these foundational documents to articulate a long

term vision of the country in 203@ addition to identifying lingering developmental

challenges and the policy interventions required to overcome them. Following the May 2014
general election, Cabinet approved and released the Medium Term Strategic Framework
20142019 (MTSF), which contaithe first fiveyear implementation plan linked to the

long-term vision articulated in the National Development Plan.

Inequality, and indeed spatial inequality, features prominently in both the NDP and MTSF
documents. The NDP document places the elimaradf poverty and inequality as the

primary objective of government efforts over the coming decades, and adopts the explicit

target of reducing the Gini coefficient from 0.69 to 0.60 by 2030. The Plan also expresses the
intention to respond to entrenchedpatial patterns across all geographic scales that serve

to perpetuate social inequality and economic inefficiency. Furthermore, given the strong

attitudinal component of the Pathfinder project, it is important to note the emphasis in the
NDPontheneed® &4 SOdzZNBE | d&a2O0Alf O2YLI OG0 G2 NBRdAzOS
SYLX 28YSyid FyR Ay@SaiuySyide a | LINA2NAGe | Ol
F2N) 0KS ySEG LISNA2Z2ZR Ay (KS O2dzyiNEQ& RSY2ONI
grow the economy, eliminate poverty, create employment opportunities, and significantly

reduce inequality. The document also draws attention to concerns that high inequality

levels may be imposing escalating pressumne households due to the rising castliving,

and fostering a sense of community frustration and discontent. As with the NDP, the MTSF
includes the addressing of spatial imbalances in economic opportunities as a key thrust to its
proposals on transforming the economy. Another commonalithésfocus on nation

building, cohesion and the need for a social compact to push forward the social policy

agenda that is required to make sustained progress towards the vision of a more equal

society by 2030.

Set against this context, the three compane of work undertaken as part of the Pathfinder
Grant have attempted to make an initial contribution towards an improved understanding
of inequality, the level of consensus with respect to attitudes towards inequality and redress
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preferences, as well aolv the spatial and attitudinal interact. Firstly, the study developed
small areas measures that effectively capture exposure to the extremes of deprivation and
wealth, in addition to the relationship between poverty and exposure to inequality. Being
able b examine such measures at a neighbourhood level is critical for beginning to better
appreciate community need, community processes and attendant political behaviour in the
country. In the South African context, inequality has tended almost exclusivbly to

measured nationally or at best provincially using conventional indicators such as the Gini
coefficient or Theil indices. The development of exposure measures has offered new insight
into more localised patterns of inequality and enabled us to compamght®urhoods

across the country. This is important not only for promoting a finer grained picture of
inequality but also serves as a useful tool for crafting and testingtargieted social

policies that will assist with efforts at attaining the NDP inglgy target over the next two
decades. The small area exposure measures also have the potential to serve as the basis for
investigating a range of social phenomena in the country, such as crime and violence,
neighbourhood disorder, as well as a rangeafis-political attitudes and behaviours.

Given that the government intends to pursue a more intensive set of policies designed to
bring about redistribution and transformation in the mediuto longerterm, as outlined in

the NDP and MTSF, it is importdhat a social compact among citizens, irrespective of
societal position, be formed. In order for such a policy agenda to be successful, it requires
broad-based recognition that inequality is damaging to the country and its people, as well as
support forthe specific policies and interventions that are advanced to bring about this
social change. The second component of the Pathfinder Grant involved one of the more
extensive examinations of attitudes towards inequality that have been undertaken in the
country to date. The results are encouraging in that there appears to be common concern
that inequality is unacceptably high and needs to be reduced, and also that earnings
disparities need to be narrowed. There is also relatively high support for alsthte

approach to tackling inequality, even though this support has wavered somewhat over the
last decade. Perhaps more disconcerting is the relative polarisation among the public
concerning views on redress policies. One possible optimistic note is that shenech

broader support for policies that are framed in terms of claased redress. The ongoing
monitoring of these attitudinal orientations will serve to determine whether the
foundations of a social compact are increasingly consolidated over time &Restrategic
policy interventions are implemented.

The final component of the Pathfinder study demonstrated the potential of combining

different types of data could be effectively combined to examine human and social

dynamics through a new lens. Inghiegard, our intention was to provide initial evidence on
GKSOGKSNI YR K2g LIS2L) SQa FFddAddzRSa (G2 Ay Sl|dz
experience of inequality. As one might expect with experimental work of this nature, the

results point b complex patterns that will warrant further quantitative and qualitative
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examination. Among poor South Africans, exposure to inequality was shown to interact with
mobility experience as well as views on prospects of future mobility, while exposure was
found to interact with employment status and se#ted poverty status in determining
preferences for government redistribution. Among economic elites, the study found that
exposure to inequality affected aversion for inequality differentially on the baseoef and
seltrated poverty status, while exposure of elites to deprivation shaped preferences for
government redistribution differentially on the basis of political ideology (liberal
conservative scale). The results demonstrate that exposure to ineguddiarly matters for
beliefs about inequality and redistribution, most notably through its interaction with factors
such social mobility experience and prospects, views on societal position, and ideological
predisposition.

In summary, this project hasegerated a range of new evidence on inequality in South

Africa. Information from the SAIMD 2001 (derived from the 2001 Census) was used to
analyse spatial patterns of exposure to inequality, whilst information from SASAS was used
G2 Iyl feas dedfoaneduditp Datd lidkdge wadzperformed to combine the
exposure measure with the SASAS data, and statistical analyses were performed to test for
associations between exposure and attitudes.

The findings from this project highlight a number of het research opportunities that

merit investigation in the future. These include updating the exposure measures using the
2011 South African Census and exploring whether additional inequelé@ted questions

can be added to SASAS to further unpick sofrtb@emerging themes. A separatdlynded
programme of work has already commenced with a focus on testing whether the exposure
and intensity measures are associated with rates of violent crime and other forms of social
unrest.
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Appendix 1: Summary of seminar activity during the project

Appendix 1: Seminar activity undertaken during research project

The seminars/workshops took place as part of this research project.

The firstevent consisted of aeminar hosted by the Department of Social Policy and
Intervention at the University of Oxford in the Unitethg@dom. This seminar attracted a mix
of staff and students from acros$ise Universityof Oxfordand beyond. The primary focus on
the seminar was on the development and analysis of the spatial inequality measures that
were presented in Chapter 2 of this @, althoughthere was also discussion the survey
analysis and modelling that are presented in Chapters 3 and 4.

The second event consisted of a worksliomvened and hosted jointly by the South African
Department for Science and Technology (DST) an#litiman Sciences Research Council
(HSRC) which took place in Pretoria, South Africa. This event was attended by aemiwrof
policy makers and analysts from across the breadth of South African government, plus a
selection of invited academic experfhis workshop focused on the entirety of the research
project.

The third and final event consisted of an academic seminar hosted by the Human Sciences
Research Councithe seminar was delivered physically from the HSRC office in Pretoria,
South Africa, bubeamed live and interactively via video link to HSRC offices in Cape Town
and Durban. The attendees at these three sites consistaithlyof a mixture of staff and
students from academic institution3 here was also a numberafalysts and other
practitionersfrom local NGOs.

We would like to express our thanks to thié contributors, participants and attendees at
these three events
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