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Executive Summary  
 

Chapter 1: Introduction  
 
¢ƘŜ ƻǾŜǊŀǊŎƘƛƴƎ ŀƛƳ ƻŦ ǘƘƛǎ ǊŜǎŜŀǊŎƘ ǇǊƻƧŜŎǘ Ƙŀǎ ōŜŜƴ ǘƻ ǘŜǎǘ ǿƘŜǘƘŜǊ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ǘƻ 

inequality are influenced by their exposure to inequality in contemporary South Africa. Very 

little research had previously been undertaken in SoutƘ !ŦǊƛŎŀ ŎƻƴŎŜǊƴƛƴƎ ŜƛǘƘŜǊ ǇŜƻǇƭŜΩǎ 

ŀǘǘƛǘǳŘŜǎ ǘƻ ƛƴŜǉǳŀƭƛǘȅ ƻǊ ǇŜƻǇƭŜΩǎ ŜȄǇƻǎǳǊŜ ǘƻ ƛƴŜǉǳŀƭƛǘȅΣ ŀƴŘ ƴƻ ǊŜǎŜŀǊŎƘ ǇǊŜǾƛƻǳǎƭȅ 

existed which attempted to test associations between the two. Indeed, the initial review of 

literature performed for this project also failed to identify any international examples of 

research that tested for such associations. This research project therefore has wide global 

relevance as well as local relevance for South Africa.  

 

Chapter 2: Spatial inequality  
 
The measures of exposure to inequality developed and analysed in Chapter 2 represent a 

new addition to the quantitative evidence base concerning distributions of inequality within 

South Africa. Unlike the commonly quoted classical income inequality measures such as 

national-level Gini coefficients, the exposure measures developed here provide a 

geographically nuanced picture of inequality that takes into account the spatial patterning 

of poverty and deprivation and the spatial interconnectedness of local neighbourhoods. 

Two separate but complementary exposure indices were created: one measuring exposure 

ǘƻ ƛƴŜǉǳŀƭƛǘȅ ŀǎ ŜȄǇŜǊƛŜƴŎŜŘ ōȅ ǘƘŜ ΨǇƻƻǊΩ ǇƻǇǳƭŀǘƛƻƴΤ ŀƴŘ ƻƴŜ ƳŜŀǎǳǊƛƴƎ ŜȄǇƻǎǳǊŜ ǘƻ 

ƛƴŜǉǳŀƭƛǘȅ ŀǎ ƳŜŀǎǳǊŜŘ ōȅ ǘƘŜ Ψƴƻƴ-ǇƻƻǊΩ ǇƻǇǳƭŀǘƛƻƴΦ 5ǳŜ ǘƻ ǘƘŜ ƳŀƧƻǊƛǘȅ ƻŦ ǘƘŜ ǇƻǇǳƭŀǘƛƻƴ 

in South Africa being classified as poor based upon the definition adopted here, the 

analytical focus of Chapter 2 was placed on exposure as experienced by the poor.  

 

The analyses revealed that exposure to inequality amongst the poor population is typically 

highest in urban areas, including the major metropolitan areas, such as the City of Cape 

Town, but also smaller towns such, as Stellenbosch. Disparities are evident when results are 

summarised at provincial level, with Gauteng and the Western Cape containing notable 

concentrations of neighbourhoods that score particularly highly on the exposure measure. 

In contrast, the Eastern Cape is composed overwhelmingly of neighbourhoods where 

exposure to inequality is very low. However, in addition to the finding that exposure varies 

between provinces, it is evident from the results that exposure to inequality also varies 

considerably within provinces and, indeed, within many, but not all, local municipalities. In 

places like the City of Johannesburg in Gauteng, a personΩǎ ŜȄǇƻǎǳǊŜ ǘƻ ƛƴŜǉǳŀƭƛǘȅ Ŏŀƴ ǾŀǊȅ 

greatly depending upon where within the municipality he or she lives. However, in places 

like Qaukeni in the Eastern Cape, there is very little exposure to inequality irrespective of 
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where within that municipality a person lives. The findings for places such as Qaukeni do not 

undermine the validity of the exposure measures, but rather they offer further empirical 

confirmation of the extremely high rates of poverty afflicting many parts of South Africa, 

particularly within the former homeland areas, and the resultant low levels of exposure to 

affluence and therefore inequality.  

 

¢ƘŜ ΨƛƴǘŜƴǎƛǘȅΩ ƻŦ ƛƴŜǉǳŀƭƛǘȅ ƳŜŀǎǳǊŜ ŘŜǾŜƭƻǇŜŘ ƘŜǊŜ ƻŦŦŜǊǎ ŀ ƳŜŀƴǎ ǘƻ ƛŘŜƴǘƛŦȅ ƎŜƻƎǊŀǇƘƛŎŀƭ 

areas where people are subjected to high levels of poverty and high levels of exposure to 

inequality. It could be argued that these areas are most at risk of social unrest and violent 

crime. The City of Johannesburg was used in the report to demonstrate how intensity can 

vary greatly within a local municipality. The township of Alexandra was highlighted as being 

an area with very high intensity datazones due to having very high poverty rates and being 

located very close to the affluent suburbs of Sandton thereby having very high exposure to 

inequality. Further research is warranted here to test associations between the intensity 

measure and area-level outcomes such as violent crime rates or other forms of social 

disorder.  

 

Chapter 3: Attitudes towards inequality  
 

In Chapter 3, the South African Social Attitudes Survey was interrogated to explore public 

perceptions on and attitudes towards inequality and options for redress. A broad overall 

consensus emerged showing a strong agreement that income differentials in South Africa 

are too large; a clear appreciation of the class tensions and social divisions affecting the 

country; and a strong preference for a more equitable social structure. There is also broad 

(albeit declining) support for government role in income redistribution and, although race 

and class differŜƴŎŜǎ Řƻ ŜȄƛǎǘΣ ŜǾŜƴ ǘƘŜ ΨōŜǘǘŜǊ ƻŦŦΩ όǿƘƛǘŜΣ tertiary educated and non-poor 

citizens) report majority support for government redistribution. With regard to specific 

redress options, there was a stronger consensus across social groups in support of class-

based preferential policies than race-based policies. There was evidence of disparities 

between respondent race groups in their support for race-based policies, with Black African 

respondents reporting the highest support for such policies and white respondents 

reporting lowest support. Analyses of differences by age group of respondent explored 

ǿƘŜǘƘŜǊ ƳŜƳōŜǊǎ ƻŦ ǘƘŜ Ψ.ƻǊƴ CǊŜŜΩ ŎƻƘƻǊǘ ŜȄƘƛōƛǘŜŘ ŘƛŦŦŜǊŜƴǘ ŀǘǘƛǘǳŘŜǎ ǘƻ ƻƭŘŜǊ ƳŜƳōŜǊǎ 

of society. Somewhat surprisingly, the analysis found that in many ways the new post-

apartheid generation seem to reflect similar ideological positions to redress policy as older 

cohorts. These analyses offer new insights into how residents of South Africa feel about 

inequality in their country and how comfortable they area with (and therefore potentially 

receptive to) different types of possible options for redress. 
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Chapter 4: The relationship between spatial inequality  and attitudes to 
inequality  
 

In Chapter 4, the findings regarding exposure to inequality and attitudes to inequality were 

ōǊƻǳƎƘǘ ǘƻƎŜǘƘŜǊ ǘƻ ŜȄǇƭƻǊŜ ǿƘŜǘƘŜǊ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ŀǊŜ ƛƴŦƭǳŜƴŎŜŘ ōȅ ǘƘŜƛǊ ŜȄǇƻǎǳǊŜΦ 

Multilevel ordered logit regression models were developed to test for statistically significant 

associations between exposure to inequality and attitudinal outcomes. Four separate 

models were produced, consisting of two attitudinal dependent variables both analysed for 

two subsets (poor and non-poor) of the survey population. The results of the statistical 

modelling revealed that there is some evidence that ǇŜƻǇƭŜΩǎ ŜȄǇƻǎǳǊŜ ǘƻ ƛƴŜǉǳŀƭƛǘȅ 

influences their attitudes to inequality and options for redress, but these effects are quite 

nuanced. Exposure to inequality seems to act differently on different categories of the 

population to produce or accentuate differences in attitudes. There is a degree of 

ŎƻƴǎƛǎǘŜƴŎȅ ƛƴ ǘƘŜ ΨŘƛǊŜŎǘƛƻƴΩ ƻŦ ǘƘŜ ŜŦŦŜŎǘǎ ƻŦ ŜȄǇƻǎǳǊŜ ǿƛǘƘƛƴ ŜŀŎƘ ƳƻŘŜƭΣ ōǳǘ ǘƘŜǊŜ ƛǎ ƴƻ 

clear consistency in the direction of effects between the different models. For the poor 

population subgroup, increasing exposure tends to lead to lower aversion to inequality but 

greater support for government redistribution amongst the more vulnerable categories as 

compared to the less vulnerable categories. For the non-poor population, increasing 

exposure tends to lead to increased aversion to inequality for the more vulnerable groups 

relative to the less vulnerable groups, and increasing exposure tends to lead to less support 

for government distribution by conservatives relative to liberals.  

 

Chapter 5: Conclusions and policy implications  
 

Inequality, and indeed spatial inequality, features prominently in both the National 

Development Plan (NDP, 2012) and the Medium Term Strategic Framework 2014-2019 

(MTSF). The NDP document places the elimination of poverty and inequality as the primary 

objective of government efforts over the coming decades, and adopts the explicit target of 

reducing the Gini coefficient from 0.69 to 0.60 by 2030. The Plan also expresses the 

intention to respond to entrenched spatial patterns across all geographic scales that serve 

to perpetuate social inequality and economic inefficiency. Furthermore, there is recognition 

in the NDP of the need to better understand ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜ ƛƴ ƻǊŘŜǊ ǘƻ ǎŜŎǳǊŜ ŀ άǎƻŎƛŀƭ 

compact to reduce poverty and inequality, aƴŘ ǊŀƛǎŜ ŜƳǇƭƻȅƳŜƴǘ ŀƴŘ ƛƴǾŜǎǘƳŜƴǘέ ŀǎ ŀ 

ǇǊƛƻǊƛǘȅ ŀŎǘƛƻƴΦ ¢ƘŜ a¢{C ōŜƎƛƴǎ ōȅ ŀǊǘƛŎǳƭŀǘƛƴƎ ǘƘŜ ƴŜŜŘ ŦƻǊ ǘƘŜ ƴŜȄǘ ǇŜǊƛƻŘ ƛƴ ǘƘŜ ŎƻǳƴǘǊȅΩǎ 

democratic transition to take bold and decisive action to grow the economy, eliminate 

poverty, create employment opportunities, and significantly reduce inequality.  The 

document also draws attention to concerns that high inequality levels may be imposing 

escalating pressures on households due to the rising cost of living, and fostering a sense of 

community frustration and discontent. As with the NDP, the MTSF includes the addressing 

of spatial imbalances in economic opportunities as a key thrust to its proposals on 

transforming the economy. Another commonality is the focus on nation building, cohesion 
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and the need for a social compact to push forward the social policy agenda that is required 

to make sustained progress towards the vision of a more equal society by 2030.  

Set against this context, the three components of work undertaken as part of the Pathfinder 

Grant have attempted to make a new contribution towards an improved understanding of 

inequality, the level of consensus with respect to attitudes towards inequality and redress 

preferences, as well as how the spatial and attitudinal interact.  
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Chapter 1: Introductio n 
 

1.1 Background  

 

Despite South Africa's classification as a 'middle income' economy, significant shares of the 

population continue to be characterised by high levels of poverty, unemployment, poor 

health, criminal victimisation, and lack of services. The country's colonial, segregationist and 

apartheid history prior to 1994 produced a highly unequal distribution of resources, skills 

and opportunities between different racial groups. There was a strong spatial dimension to 

discriminatory policies of the pre-1994 period, with citizenship and land ownership rights 

determined by one's designated population group. Consequently, not only does South Africa 

rank among the world's most inequitable societies, but clear spatial clustering of deprived 

groups has produced visibly high levels of spatial inequality (Noble et al., 2009).  

Although census and household survey data have demonstrated that incomes have been 

growing for all race groups in the country since 1994, income inequality has remained 

stubbornly high. In fact, aggregate inequality estimates have shown that the post-apartheid 

period has been characterised by a moderate rise in inequality with income increasingly 

concentrated in the richest income decile (Leibbrandt et al. 2010, 2011). 

Addressing the legacy of disadvantage and injustice has consistently featured as an integral 

component of the South African Government's development and social policy approach 

since 1994. This, in turn, has led to the implementation of a range of redistributive 

programmes and measures, including the expansion of social security provision; labour-

intensive job creation strategies; preferential labour market measures such as affirmative 

action; land reform; and the introduction of free primary education in deprived areas. The 

spatial distribution of resources has also been given some attention, most notably through 

the explicit targeting to development nodes and the equitable sharing of government 

revenue to provinces and municipalities. However, at a political level, it has been contended 

that the African National Congress (ANC) government initially placed greater emphasis on 

addressing poverty and deprivation than reducing inequalities, with income disparities being 

ŎƻƴǎƛŘŜǊŜŘ ŀ άƴŜŎŜǎǎŀǊȅ ǇǊƛŎŜ ŦƻǊ ŜŎƻƴƻƳƛŎ ƎǊƻǿǘƘέ (Habib 2012). 

¢ƘŜ нллт !b/ ŎƻƴŦŜǊŜƴŎŜ ƛƴ tƻƭƻƪǿŀƴŜ ōǊƻǳƎƘǘ ŀōƻǳǘ ŀ ǎƛƎƴƛŦƛŎŀƴǘ ǎƘƛŦǘ ƛƴ ǘƘŜ !b/Ωǎ 

position and ŜŦŦŜŎǘƛǾŜƭȅ άōǊƻǳƎƘǘ ƛƴŜǉǳŀƭƛǘȅ ƛƴ ŦǊƻƳ ǘƘŜ ŎƻƭŘέ ό!ǘkinson 2003) in the 

domestic political context and, since 2009, the Zuma administration has placed a strong 

emphasis on tackling inequality alongside poverty and unemployment as the three core 

ŜŎƻƴƻƳƛŎ ŎƘŀƭƭŜƴƎŜǎ ŦŀŎƛƴƎ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ŘŜǾŜƭƻǇƳŜƴǘΦ ¢ƘŜ !b/Ωǎ manifesto for the 2009 

Election lamented the persistence of and rising trend in inequality in South African society, 

making reference to labour market disparities, the stark spatial concentration of wealth, and 

the skewed distribution of the gains from economic growth, while also appealing to the 
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ǇǊƛƴŎƛǇƭŜ ŀǊǘƛŎǳƭŀǘŜŘ ƛƴ ǘƘŜ мфрр CǊŜŜŘƻƳ /ƘŀǊǘŜǊ ǘƘŀǘ άǘƘŜ ǇŜƻǇƭŜ ǎƘŀƭƭ ǎƘŀǊŜ ƛƴ ǘƘŜ 

ŎƻǳƴǘǊȅΩǎ ǿŜŀƭǘƘέ ŀǎ ǘƘŜ ōŀǎƛǎ ŦƻǊ ŀ ǊŜƴŜǿŜŘ ŎƻƳƳƛǘƳŜƴǘ ǘƻ ŜŎƻƴƻƳƛŎ ǘǊŀƴǎŦƻǊƳŀǘƛƻƴ ό!b/ 

2009). This emphasis on creating a more equitable society in coming decades has been 

reaffirmed by the recent publication of two notable policy documents, namely the New 

Growth Path όbDt нлмлύ ōȅ ǘƘŜ aƛƴƛǎǘǊȅ ƻŦ 9ŎƻƴƻƳƛŎ 5ŜǾŜƭƻǇƳŜƴǘ ŀƴŘ ǘƘŜ tǊŜǎƛŘŜƴŎȅΩǎ 

National Development Plan 2030: Our Future - Make it Work (NDP 2012). Both documents 

adopt inequality reduction as a core priority. The NDP, which provides a detailed long-term 

strategy for the country, makes no fewer than 165 direct references to inequality, including 

targeting a decline in the Gini coefficient from 0.69 to 0.60, with the share of income 

accruing to the bottom 40 percent of income earners expected to rise moderately from 6 to 

10 percent (Republic of South Africa 2012). 

As elsewhere internationally, persistent inequality, rather than poverty per se, is 

increasingly regarded as a major correlate of various social ills in South Africa (Kaufmann et 

al, 2010; Wilkinson and Pickett, 2011). This is particularly the case in respect of service 

delivery protests and crime. For example, the escalating service delivery protests, 

particularly in urban informal settlements, have been attributed to, among other things, 

socio-economic inequalities (Alexander, 2010; Botes, 2007). However, this assertion has 

only limited empirical validation (Noble & Wright, 2013). Similarly, notwithstanding 

international evidence that supports the general contention that inequality is associated 

with crime (e.g. Bourguignon, 1999; UNODC, 2011), there is very little empirical evidence 

from South Africa, the main exception being a study that demonstrated a relationship 

between income inequality and burglary/vehicle theft (Demombynes and Ozler, 2006).  

The lack of empirical evidence linking inequality to service delivery protests and crime 

should not be read as rejecting the relationship but rather it highlights the lack of adequate 

data on what one might term the Ψlived experience of inequalityΩ. The vast majority of 

ǉǳŀƴǘƛǘŀǘƛǾŜ ǊŜǎŜŀǊŎƘ ŎƻƴŎŜǊƴƛƴƎ ƛƴŜǉǳŀƭƛǘȅ ƛƴ {ƻǳǘƘ !ŦǊƛŎŀ Ƙŀǎ ǳǘƛƭƛǎŜŘ ǘƘŜ ΨŎƭŀǎǎƛŎŀƭΩ 

measures of (income) inequality such as the Gini coefficient, General Entropy measures and 

the Atkinson Index, expressed at national or occasionally provincial level. Whilst these 

classical measures are powerful tools for assessing change in inequality over time within 

South Africa or for comparing South Africa with other countries worldwide, they say little 

ŀōƻǳǘ ǇŜƻǇƭŜΩǎ Řŀȅ-to-day lived experience of inequality.  

It could be argued that people's experience of inequality plays an important role in shaping 

their beliefs as to the sort of society in which they may wish to live, and the means through 

which they aim to achieve that goal. Given that people's experience of inequality is likely to 

influence their attitudes towards inequality and subsequently their propensity to engage in 

(legal or illegal) action responses to inequality, there is a pressing need for research that 

quantifies people's experience of inequality and how this experience of inequality acts to 

ƛƴŦƭǳŜƴŎŜ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ.  
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DŀƛƴƛƴƎ ŀ ōŜǘǘŜǊ ǳƴŘŜǊǎǘŀƴŘƛƴƎ ƻŦ ǘƘŜ ǇǳōƭƛŎΩǎ ǾƛŜǿǎ ŀōƻǳǘ ǎƻŎƛŜǘŀƭ ƛƴŜǉǳŀƭƛǘƛŜǎΣ ǘƘŜ ǊƻƭŜ ƻŦ 

government in securing equality of opportunity and outcome, and social policy preferences 

ƛǎ ŜǎǎŜƴǘƛŀƭ ƎƛǾŜƴ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ŎƻƴǘŜȄǘ ƻŦ ǎƛȊŜŀōƭŜ ƘƛǎǘƻǊƛŎ ǎƻŎƛŀƭ ŘƛǾƛǎƛƻƴǎ ŀƴŘ ǇŜǊǎƛǎǘƛƴƎ 

spatial disparities. An appreciation of the nature, dynamics and complexitieǎ ƻŦ ǇŜƻǇƭŜΨǎ 

views towards distributive justice is likely to assist policymakers assess and navigate the 

difficult politics typically associated with designing and implementing sustainable 

developmental policies (Graham 2002). In addition, gauging and monƛǘƻǊƛƴƎ ǇŜƻǇƭŜΩǎ 

satisfaction with government performance and levels of policy support are crucial elements 

in ensuring that policy-making is suitably evidence-based, accountable and adaptive.  

The study described in this report is a collaborative undertaking between researchers from 

the Centre for the Analysis of South African Social Policy (CASASP) at the University of 

Oxford in the United Kingdom and researchers from the Human Sciences Research Council 

(HSRC) in South Africa. The study is jointly funded by the United Kingdom's Economic and 

Social Research Council (ESRC) and the South African National Research Foundation (NRF) as 

part of the Pathfinder Research Project initiative. 

 

1.2 Research questions  

 

The overarching research question for the study is: To what extent does experience of 

inequality impact upon attitudes to inequality in South Africa?  

It can be hypothesized that people may have different attitudes to inequality and possible 

policy responses depending upon their experience of inequality. For instance, the high 

degree of inequality in South Africa may be much more apparent to a poor person living in a 

poor township located on the periphery of a wealthy urban core than to a poor person living 

in the mainly rural former homelands where pockets of affluence rarely exist. Similarly, 

attitudes to policy responses, such as tax and benefit reform, may differ between people 

depending upon their experience of inequality. While we acknowledge that 'experience of 

inequality' is a broad concept, for the purpose of this project we are specifically concerned 

with the extent to which people experience socio-economic inequality as they conduct their 

ǊƻǳǘƛƴŜ Řŀƛƭȅ ŀŎǘƛǾƛǘƛŜǎΦ !ǎ ǇŜƻǇƭŜΩǎ ǊƻǳǘƛƴŜ ŀŎǘƛǾƛǘƛŜǎ ŀǊŜ ǘȅǇƛŎŀƭƭȅ ŎƻƴŘǳŎǘŜŘ ǿƛǘƘƛƴ ŦŀƛǊƭȅ 

localised geographical settings (consisting of home, work, school etc) we are particularly 

interested in the degree to which inequality varies spatially at the detailed geographical 

level of neighbourhoods. In order to address the overarching research question, three sub-

questions are posed, each of which forms a distinct component of analysis in this project:  
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Component 1: What is the spatial pattern of poverty and deprivation at different 

geographical levels across South Africa? 

Noble and Wright (2013) demonstrated that many former homeland areas, such as the 

former Transkei and former Ciskei, are characterised by almost uniformly high levels of 

poverty and deprivation. The finding is contrasted with the much more varied composition 

of urban areas, where affluent neighbourhoods and poor neighbourhoods are often found 

in close proximity. tŜƻǇƭŜΩǎ ŜȄǇŜǊƛŜƴŎŜ ƻŦ ǎƻŎƛƻ-economic inequality is therefore likely to 

differ dramatically depending upon where in South Africa they live. This component of the 

project employs recognised statistical techniques to quantify the extent and type of spatial 

inequality and examine how this varies across the country. 

Component 2: How do people's attitudes to inequality vary by individual, household and 

area characteristics?  

It has been suggested in the academic literature that attitudes towards inequality are 

influenced by three main factors: (i) the stable dominant ideology about economic 

inequality, (ii) individual socio-economic status, and (iii) specific beliefs and attitudes. Given 

the pressing need for social policy responses to tackle the socio-economic inequalities, this 

part of the project examines the nature and distribution of attitudes to economic inequality 

and redistributive policies.  

Component 3: How does the spatial pattern of poverty and deprivation and, specifically, 

the level of spatial inequality impact upon people's attitudes to inequality? 

Having separately explored the pattern of spatial deprivation and public attitudes to 

inequality, it is critical to overlay these separate strands of the research to begin to answer 

questions about the extent to which distinct attitudes about social inequality are informed 

by the broader contextual environment in which the population resides. This component of 

the project informs discussion about mechanisms for promoting greater consensus around 

policies and programmatic interventions directed at tackling poverty and inequality. 

 

1.3 Structure of this report  

 

Chapter 2 of this report provides an overview of the development and selection of spatial 

inequality measures, analyses of results and discussion of key findings. Chapter 3 provides 

an overview of key patterns and trends in public attitudes towards inequality and possible 

policy options for redress. Chapter 4 brings together the work from Chapters 2 and 3 to 

ŜȄŀƳƛƴŜ ŀǎǎƻŎƛŀǘƛƻƴǎ ōŜǘǿŜŜƴ ǎǇŀǘƛŀƭ ƛƴŜǉǳŀƭƛǘȅ ŀƴŘ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎΦ CƛƴŀƭƭȅΣ /ƘŀǇǘŜǊ р 

presents and summary of key points and conclusions. 
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Chapter 2: Spatial  inequality 1 
 

2.1 Introduction  
 

The mechanisms through which experiences of societal inequality may serve to encourage 

particular forms of action, whether this be involvement in violent crime, participation in 

(peaceful or non-peaceful) public protests, or other forms of demonstration, are indeed 

complex. It could be argued that people's experience of inequality plays an important role in 

shaping their beliefs as to the sort of society in which they may wish to live, and the means 

through which they aim to achieve that goal. Given that people's experience of inequality is 

likely to influence their attitudes towards inequality and subsequently their propensity to 

engage in (legal or illegal) action responses to inequality, there is a pressing need for 

research that quantifies people's experience of inequality. 

People may be exposed to inequality in a variety of ways and settings. Inequality may be 

apparent between different broad sectors of the population, such as between gender 

groups, racial groups or age groups. It may be apparent at a very local level, such as 

between different members of the same household, immediate family, extended family or 

friendship network, and may be apparent between neighbours living in the same street or 

village, or between different geographic communities. In a globalising world characterised 

by mass media, inequality may be apparent between different provinces, countries or even 

continents.  

An individual's first-hand experience of inequality may be shaped both by the degree to 

which they come into personal contact with those from the opposite ends of the socio-

economic spectrum, and also by the stark visual signs of inequality that do not involve direct 

personal contact. For example, a rich person driving along a highway may observe the highly 

deprived informal settlements without actually coming into personal contact with the 

residents of those settlements. Similarly, a poor person may travel through or spend time in 

affluent neighbourhoods whilst seeking work and thus observe the stark visual signs of 

affluence, but with little or no personal interaction with the affluent residents of those 

ƴŜƛƎƘōƻǳǊƘƻƻŘǎΦ tŜƻǇƭŜΩǎ ŦƛǊǎǘ-hand experience of inequality is therefore contoured by the 

ƎŜƻƎǊŀǇƘƛŎŀƭ ǎŜǘǘƛƴƎǎ ƛƴ ǿƘƛŎƘ ǘƘŜȅ ƭƛǾŜΣ ǿƻǊƪΣ ǎƻŎƛŀƭƛǎŜ ŀƴŘ ǘǊŀǾŜƭΦ hŦ ŎƻǳǊǎŜΣ ƛƴŘƛǾƛŘǳŀƭǎΩ 

reference groups and experiences will be unique, both in terms of what is experienced and 

how it is experienced (Kingdon and Knight, 2007; Posel and Casale, 2011). Nevertheless, this 

need not preclude the development of a measure of the manifestation of inequality at a 

given spatial level. By overlaying the spatial patterning of people's routine daily activities 

upon the spatial configuration of poverty and affluence in the areas that they inhabit or may 

                                                             
1
 This chapter draws upon a pre-publication version of an academic article on spatial inequality that has been 

submitted to the South African Geography Journal as part of the Pathfinder Grant.  
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visit, a measure of spatial inequality can be developed that could be described as a 

geographical measure of the lived experience of inequality and thus be available as a 

neighbourhood level explanatory variable for investigations into the drivers for various 

social problems.  

This chapter summarises the development of a quantitative measure that captures the 

extent to which individuals experience socio-economic inequality as they go about their 

daily lives. Our chosen measure can be used to explore associations between the lived 

experience of inequality and a range of both individual level outcomes (including attitudinal 

responses, as addressed in Chapter 4 of this report) and area level outcomes (including 

service delivery protests and crime rates, not addressed here).  

The remainder of the chapter is structured as follows: first, a range of methodological 

approaches to measuring spatial inequality are reviewed and assessed in terms of their 

ǊŜƭŜǾŀƴŎŜ ŀƴŘ ΨŦƛǘƴŜǎǎ ŦƻǊ ǇǳǊǇƻǎŜΩ ŦƻǊ ŀ ǎƳŀƭƭ ŀǊŜŀ ƭŜǾŜƭ ƳŜŀǎǳǊŜ ƻŦ ǎǇŀǘƛŀƭ ƛƴŜǉǳŀƭƛǘȅ ƛƴ 

South Africa. A proposed way forward is then presented including discussion of key 

methodological considerations. Results are presented and mapped to demonstrate how 

experience of inequality varies spatially across South Africa.  

 

2.2 Overview of different methods of measuring spatial inequality  

 

The majority of spatial inequality research at neighbourhood level draws upon measures of 

ΨǊŜǎƛŘŜƴǘƛŀƭ ǎŜƎǊŜƎŀǘƛƻƴΩ ǿƘƛŎƘ ǳǘƛƭƛǎŜ ŎŀǘŜƎƻǊƛŎŀƭ ƳŜŀǎǳǊŜƳŜƴǘ ǾŀǊƛŀōƭŜǎ όǎǳŎƘ ŀǎ ŀ 

distinction between different race groups or between poor and non-poor). Residential 

segregation measures express the degree to which members of one population category are 

spatially segregated from those of the other category. Indices of residential segregation 

typically quantify the extent to which population composition varies between 

neighbourhoods that lie within a larger geographical area (e.g. within a city, local 

municipality or some other geographical bounds).  

Massey and Denton (1988) reviewed 20 indices of residential segregation using data on the 

racial composition of neighbourhoods in 60 metropolitan areas across the United States. 

Their analyses examined the degree to which the minority non-white population was 

spatially segregated from the majority white population. They identified five conceptually 

distinct dimensions of residential segregation into which they grouped their measures: 

evenness, concentration, centralisation, exposure and clustering. Based upon a combination 

of empirical testing and researcher judgement, they selected one measurement approach 

from each of the five dimensions which they recommended for adoption as principal 

techniques for research in the field of residential segregation. Although Massey and 

Denton's paper focused on the spatial distribution of racial demographic groups within 
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urban areas in the United States, many of the techniques they discuss can be applied to the 

study of socio-economic factors. 

Lƴ ŀŘŘƛǘƛƻƴ ǘƻ aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŎƻƴŎŜǇǘǳŀƭ ŘƛǎǘƛƴŎǘƛƻƴǎ ōŜǘǿŜŜƴ ǘƘŜƛǊ ǇǊƻǇƻǎŜŘ 

dimensions of segregation, it is also important to consider methodological distinctions in the 

way in which segregation indices can be constructed and presented with regard to spatial 

scale. Lloyd and Shuttleworth (2012) note that spatial scale can be handled in three 

different ways in the calculation of residential segregation indices. Standard global 

measures consider each neighbourhood separately (i.e. ignoring spatial inter-relationships 

between neighbourhoods) and generate a summary segregation statistic for the entirety of 

the larger geographical study area (e.g. for each local municipality). Spatial (geographically 

weighted) measures do take account of the spatial inter-connectedness of neighbourhoods 

within the larger geographical study area but still generate a summary segregation statistic 

for the entirety of the study area. Local measures also take account of the spatial inter-

connectedness of neighbourhoods but generate a summary segregation statistic for each 

individual neighbourhood rather than a single summary statistic for an entire study area. 

Massey and Denton present their indices of evenness, concentration, exposure and 

centralisation as global measures, while they present their indices of clustering as spatial 

(geographically weighted) measures.  

²Ŝ Ŧƻƭƭƻǿ aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŀǇǇǊƻŀŎƘ ƛƴ ǘƘƛǎ ǊŜƎŀǊŘΣ ǿƘƛƭǎǘ ǊŜŎƻƎƴƛǎƛƴƎ ǘƘŀǘ Ƴŀƴȅ ƻŦ ǘƘŜ 

global measures that they produced can also be modified to generate spatial (geographically 

weighted) and/or local variants. Indeed, as is discussed below, upon selection of our chosen 

segregation index, we proceed to develop a particular localised variant using a novel 

approach. In the following discussion of the empirical measures of residential segregation 

we use the categorisation example of ΨǇƻƻǊΩ/Ωƴƻƴ-ǇƻƻǊΩ as our socio-economic variable 

rather than the racial group categorisation used by Massey and Denton.  

As part of this project we reviewed ŜŀŎƘ ƻŦ aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŦƛǾŜ ŘƛƳŜƴǎƛƻƴǎ ƻŦ 

residential segregation and considered their relevance to South Africa for the purposes of 

developing a small area level measure of spatial inequality. As part of this review process we 

calculated each of the measures recommended by Massey and Denton under their five 

dimensions, plus a selection of other measures that they tested but did not recommend. As 

discussed below, although we constructed and assessed a wide range of empirical 

measures, for clarity we do not present them all in this report. Our focus is clearly on our 

final choice of measure which we discus and analyse in depth.  

The suitability (or fit for purpose) assessment of the measures was inevitably based on 

researcher judgement taking into account the principal characteristics of the phenomenon 

we are endeavouring to measure ς that is the degree to which people on one extreme of 

the socio-economic spectrum come into contact with people or visit places that are on the 

other extreme of the socio-economic spectrum. Furthermore, some of the social problems 
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manifest themselves at very localised (i.e. small area) level. For example, hotspots of service 

delivery protest or violent crime are often contoured around specific neighbourhoods, 

rather than occurring across the entirety of a municipality or some higher spatial level.  

In order to be fit for purpose we argue that such a small area level measure of spatial 

inequality must satisfy three criteria: first, it must permit comparisons of inequality between 

all neighbourhoods in the country on a consistent basis; second, it must reflect the 

ŜȄǇŜǊƛŜƴŎŜ ƻŦ ƛƴŜǉǳŀƭƛǘȅ ŦǊƻƳ ŀƴ ƛƴŘƛǾƛŘǳŀƭΩǎ ǇŜǊǎǇŜŎǘƛǾŜΤ ŀƴŘ ǘƘƛǊŘΣ Řŀǘŀ ǘƻ ŎŀƭŎǳƭŀǘŜ ǘƘŜ 

measure must be available at the sub-municipality level.2 aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŎƻƴŎŜǇǘǳŀƭ 

dimensions of segregation are examined next in light of these three criteria. 

Evenness 

 

The dimension of evenness refers to the differential distribution of two social groups among 

neighbourhoods within the specified broader geographical extent, such as within a city or 

other local government administrative area. A group is said to be segregated if it is unevenly 

distributed over the constituent neighbourhoods relative to another group  (Massey and 

Denton, 1988). With regards to the poor/non-poor categorisation, the condition of 

maximum evenness occurs when all neighbourhoods have the same relative number of poor 

and non-poor members as the broader geographical area as a whole. On the other hand, 

the condition of maximum segregation occurs when no poor people share a neighbourhood 

with non-poor people, and vice versa. Massey and Denton recommend using the 

dissimilarity index when examining the dimension of evenness.  

While the dissimilarity index is perhaps the most commonly used empirical measure in the 

residential segregation literature (e.g. Christopher, 2001; Dorling and Rees, 2003; Duncan 

and Duncan, 1955; James and Taueber, 1985; Lichter et al, 2012; Logan and Stults, 2011; 

Massey and Denton, 1988;  1989; Massey and Fischer, 2003; Massey et al, 2009), its value 

for our purposes is somewhat limited. The dissimilarity index is composition invariant, 

meaning that results do not depend on the relative size of the groups being compared 

(Lieberson, 1981). For instance, two hypothetical municipalities, one with a poverty rate of 

40% and the other with a poverty rate of 4%, could quite feasibly have the same score on 

the dissimilarity index. As Lieberson and Carter (1982) note, in many applications of 

segregation indices in the literature this composition invariance is regarded as a strength as 

it enables comparisons of evenness between different cities (even if the proportional 

composition varies between cities) or the same city at different points in time (even if the 

proportional composition varies over time). However, for our purpose, this feature of the 

dissiƳƛƭŀǊƛǘȅ ƛƴŘŜȄ ƛǎ ŀ ǿŜŀƪƴŜǎǎ ōŜŎŀǳǎŜΣ ǿŜ ǿƻǳƭŘ ŀǊƎǳŜΣ ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴ ƻŦ ǘƘŜƛǊ 

relative socio-economic status ς and hence potentially their lived experience of inequality ς 

may well be related to the numbers (and proportions) of similar people in their 

                                                             
2
 In addition to applying these judgement criteria, the authors empirically tested indices located within each of 
aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŦƛǾŜ ŘƛƳŜƴǎƛƻƴǎ ŀǘ ŀ ǎƳŀƭƭ ŀǊŜŀ ƭŜǾŜƭ ōǳǘ ǘƘƛǎ ƛǎ ƴƻǘ ǇǊŜǎŜƴǘŜŘ ƘŜǊŜΦ  
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neighbourhood and wider social area. We therefore reject the dissimilarity index as it fails to 

meet the criteria listed above concerning the ability to compare areas across the country on 

a consistent basis and the need to reflect experience of inequalitȅ ŦǊƻƳ ŀƴ ƛƴŘƛǾƛŘǳŀƭΩǎ 

perspective. Other measures of evenness considered by Massey and Denton include 

ǎǇŀǘƛŀƭƭȅ ǊŜŦŜǊŜƴŎŜŘ ǾŜǊǎƛƻƴǎ ƻŦ ǘƘŜ ΨŎƭŀǎǎƛŎŀƭΩ ƳŜŀǎǳǊŜǎ ƻŦ όƛƴŎƻƳŜύ ƛƴŜǉǳŀƭƛǘȅ ǎǳŎƘ ŀǎ ǘƘŜ 

Gini coefficient, General Entropy measures, and the Atkinson index (Massey and Denton, 

1988). These measures fail the same two criteria as the dissimilarity index and are also not 

considered further here.  

Concentration  

 

Concentration indices measure the extent to which a certain population subgroup occupies 

a small or large proportion of the actual physical space within a geographical area. A group 

can be said to be residentially concentrated if it occupies a small proportion of the overall 

physical space (Hoover, 1941; Massey and Denton, 1988). Massey and Denton construct a 

series of concentration indices, some of which measure concentration in an absolute sense 

(i.e. comparing the total land area inhabited by a certain group with the minimum and 

maximum possible land areas that could be inhabited by that group) and some which 

measure concentration in a relative sense (i.e. the extent to which a group is 

disproportionately concentrated into small geographical areas compared to another group), 

and conclude that the relative concentration index (RCO) should be adopted as the optimal 

measure of residential concentration (Massey and Denton, 1988:308).  

Concentration indices have been criticised on methodological grounds. For example, Egan et 

al (1988) have demonstrated a number of flaws in the relative concentration index which 

they conclude invalidates its use as a reliable indicator of residential concentration. They 

highlight that the relative concentration index is based upon the average geographic size of 

neighbourhoods without actually considering population density (Egan et al, 1988:1117). 

CƻǊ ƻǳǊ ǇǳǊǇƻǎŜǎΣ ǘƘŜǊŜ ƛǎ ƴƻǘ ŀ ŎƭŜŀǊ ƭƛƴƪ ōŜǘǿŜŜƴ ǇƻǇǳƭŀǘƛƻƴ ŎƻƴŎŜƴǘǊŀǘƛƻƴ ŀƴŘ ǇŜƻǇƭŜΩǎ 

experience of inequality in the South African context. For example, in predominantly urban 

municipalities the poor often live in areas of high population density (such as townships) 

whereas the more affluent population often live in the less densely populated 

neighbourhoods. In this case, the poor are disadvantaged by their lack of space compared to 

the rich.  However, in the predominantly rural municipalities the more affluent typically live 

in and around the main town(s) which are characterised by higher population densities than 

the typically more deprived rural areas surrounding the town(s). In this case, the poor in the 

sparsely populated areas are not disadvantaged by lack of physical space, but they are 

disadvantaged by a lack of access to services compared to the residents of the town(s). As 

such, although the dimension of concentration would be relevant if we were looking only at 

urban areas across South Africa, because we are looking also at rural areas we conclude that 

concentration is not appropriate here as it does not permit comparison of inequality 

between all neighbourhoods in the country on a consistent basis.  
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Centralisation  

 

Centralisation refers to the extent to which members of a particular population subgroup 

are residentially located close to the centre of an urban area. Whilst this dimension of 

residential segregation may be relevant in urban analyses, it does not lend itself to analysis 

that includes both urban and rural areas and therefore does not meet our criterion.  

Exposure and Clustering  

 

Exposure refers to the likelihood of potential contact and possible interaction between 

members of two different groups of the population and is therefore of greatest relevance 

for our purposes. The standard exposure indices discussed by Massey and Denton quantify 

the extent to which one group (e.g. the poor) is exposed to the other group (e.g. the non-

poor) by virtue of living in the same neighbourhood (Massey & Denton, 1988, p.287). 

Massey and Denton state that "exposure indices attempt to measure the experience of 

segregation" as felt by the average member of a particular group (Massey & Denton, 1988, 

p.287). They recommend the use of the so-called P* indices of exposure that had been 

adopted by Lieberson (Lieberson, 1981), consisting of the xP*y and yP*x interaction indices 

and their counterparts the xP*x and yP*y isolation indices (not considered here). The 

subscripts x and y denote the two groups of population being compared; for our purposes, x 

would represent the poor group and y would represent the non-poor group.  

The standard notation for the P* interaction indices is as follows: 

ὼὖᶻώ  В            (1) 

ώὖᶻὼ  В           (2) 

where, for our purpose, xi, yi and ti are the number of poor, non-poor, and total population 

(i.e. sum of poor plus non-poor) , respectively,  in the neighbourhood i, and X and Y 

represent the total number of poor and total number of non-poor, respectively, in the wider 

geographical area. As described here, the xP*y interaction index can be interpreted as the 

likelihood of a poor person sharing the same residential neighbourhood as a non-poor 

person, while the yP*x interaction index can be interpreted as the likelihood of a non-poor 

person sharing the same residential neighbourhood as a poor person. The respective 

neighbourhood interaction probabilities are averaged across all neighbourhoods within a 

larger geographical area to produce overall xP*y and yP*x indices for the larger geographical 

area, such as each of the US cities that were examined by Massey and colleagues (e.g. 

Massey & Denton, 1988; Massey, White, & Phua, 1996; Massey & Denton, 1989; Massey & 

Fischer, 2003; Massey & Eggers, 1993; Massey & Fischer, 2000). They could similarly be 

created for each local municipality in South Africa.  



 

 
15 

 

However, a major limitation of the conventional exposure indices is that exposure is only 

measured within the confines of the home neighbourhood, and therefore any potential 

exposure that might take place away from the home neighbourhood is ignored. Fortunately 

for our purposes, Morgan (1983) developed a distance weighted DP* exposure index which 

addresses this criticism and which Massey and Denton classified under their dimension of 

clustering (Massey & Denton, 1988, p.296).  

!ŎŎƻǊŘƛƴƎ ǘƻ aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŎƭŀǎǎƛŦƛŎŀǘƛƻƴΣ clustering refers to the degree to which 

neighbourhoods populated by a particular group of the population are geographically 

contiguous or proximately located. Clustering therefore concerns the spatial distribution of 

neighbourhoods with respect to one another i.e. the spatial inter-relationships between 

neighbourhoods (Massey & Denton, 1988). For instance, where high-poverty 

neighbourhoods are contiguous or closely packed within a certain part of a city or local 

municipality, the degree of spatial clustering is high. Conversely, where high poverty 

neighbourhoods are dispersed in and amongst low poverty neighbourhoods the degree of 

clustering is low. White (1983, p.1010) refers to this situation of spatial clustering/dispersion 

as the "checkerboard problem". The fundamental principle of the clustering dimension is 

that the measures take account of the spatial relationships between neighbourhoods.  

 

Distance-Weighted P* Exposure Indices : straddling  the dimensions of Exposure and 

Clustering  

 

Massey and Denton discuss a range of measures under the clustering dimension, but the 

DP* distance-weighted exposure indices proposed by Morgan (1983) stand out as being of 

particular relevance for looking at the lived experience of inequality. These indices are an 

adaptation of the conventional P* exposure indices discussed above to incorporate people's 

potential exposure in neighbourhoods other than their home neighbourhood. The DP* 

exposure indices therefore better reflect the reality that individuals in one group (say, the 

poor) may be exposed to members of another group (say, the non-poor) in both their own 

neighbourhood and in a range of other locations as they go about their daily lives. The 

distance function within the DP* indices can be specified in a variety of ways to reflect the 

expected likelihood of a person from one neighbourhood visiting each other neighbourhood 

within a given geographical bound, and is usually derived through the construction of a 

neighbourhood-to-neighbourhood distance matrix (White, 1983). Massey and Denton 

placed these indices within the clustering dimension of their classification because they 

utilise information on the spatial interconnectedness of neighbourhoods. Our view, 

however, is that they straddle the dimensions of exposure and clustering. 
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The formula for the DPxy* and DPyx* measures as proposed by Massey and Denton are as 

follows: 

Ὀὖᶻ В В ὑ          (3) 

Ὀὖᶻ В В ὑ          (4) 

where  

ὑ
В

          (5) 

and where d is the distance between area i and area j. For each area i, the probability of a 

poor person being exposed to a non-poor person is a function of the likelihood of a poor 

person from area i visiting area j combined with the likelihood of a poor person meeting a 

non-poor person once within area j.  

Massey and Denton follow ²ƘƛǘŜΩǎ (1983) recommendation to use the exponential distance 

decay function for Kij. However, we argue below that the choice of distance decay approach 

should be considered on a case-by-case basis depending upon the specific research 

challenge and, indeed, we adopt a different approach.  

Returning to Lloyd and Shuttleworth's (2012) distinction between global, spatial and local 

approaches to constructing segregation indices, the conventional P* exposure indices 

proposed by Lieberson (1981) and Massey and Denton (1988) would be regarded as 'global' 

measures whereas the distance-weighted P* exposure indices proposed by Morgan (1983), 

White (1983) and Massey and Denton (1988) would be regarded as 'spatial (geographically 

weighted) measures'. In both the global and the spatial (geographically weighted) 

approaches, summary statistics are calculated for the entirety of the larger geographical 

study area, such as city or local municipality. Such measures are particularly useful when the 

objective is to compare levels of exposure between different cities or other large areas (e.g. 

is exposure of poor to non-poor higher in Cape Town or Johannesburg?). However, as Lloyd 

and Shuttleworth (2012) note, there has been a recent trend in the residential segregation 

literature towards developing local variants of segregation measures. The distance-weighted 

P* exposure indices can be modified to produce 'local measures' of residential segregation 

which generate summary statistics for each individual neighbourhood rather than summary 

statistics for the entirety of a larger geographical study area. Local measures of exposure 

give a more nuanced insight into the patterns of segregation at a detailed local level than is 

provided through spatial (geographically weighted) measures of exposure (C. D. Lloyd, 2010; 

C.D. Lloyd & Shuttleworth, 2012; Wong, 2002).  
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The local distance weighted exposure indices, represented here by the notation LDPxy* and 

LDPyx*, are in fact equivalent to equations (3) and (4) above, but without the final 

population weighted aggregation to a higher spatial level. They can therefore be expressed 

as: 

ὒὈὖὼώᶻ В ὑ          (6) 

ὒὈὖώὼᶻ В ὑ          (7) 

where the K distance decay function can again be specified in a variety of different ways, as 

we discuss next. 

 

Two further methodological considerations  

 

Two further methodological issues require consideration. The first relates to the spatial 

bounds within which potential exposure is judged likely to occur. The second relates to the 

spatial weights assigned to the neighbourhoods to reflect the likelihood of a person from 

one neighbourhood actually visiting each other neighbourhood within the defined spatial 

bounds. These are discussed in turn as they represent important components of the 

exposure measure that we present in the following section.  

 

Spatial bounds 

 

The question of how to define the spatial bounds within which a person is likely to 

experience inequality first-hand is of central importance to the measure of exposure 

developed here. It is, of course, intrinsically linked to the second methodological 

consideration relating to the derivation of spatial weights to represent the likelihood of a 

person from one neighbourhood visiting every other neighbourhood. The spatial bounds 

should only encompass those neighbourhoods which a person is likely to visit, and then the 

spatial weights should reflect the actual likelihood of visiting each of these selected 

neighbourhoods. This would require a bespoke spatial bound around each separate 

neighbourhood demarcating the geographical limits of potential exposure of that 

neighbourhood's residents, and reflecting the reality that people's travel patterns when 

outside their home neighbourhood are neither random nor uniform, but instead 

determined by a combination of needs (e.g. access to services), opportunities (e.g. access to 

jobs) and barriers (e.g. travel time, cost and perceived difficulty of integration) (Schnell and 

Yoav, 2001).  
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In practice, three approaches to setting spatial bounds around each neighbourhood have 

typically been used in the literature concerning local measures of segregation: (i) selecting 

all neighbourhoods that lie within the administrative area in which the target 

neighbourhood is located; (ii) selecting all neighbourhoods that lie within a set distance 

radius of the target neighbourhood; and (iii) selecting a pre-specified number of 

neighbourhoods using a 'k nearest neighbours' approach based upon distance from the 

target neighbourhood (Anselin, 1995). 

In the spatial (geographically weighted) measures of exposure presented under Massey and 

5ŜƴǘƻƴΩǎ ŎƭǳǎǘŜǊƛƴƎ ŘƛƳŜƴǎƛƻƴΣ ǘƘŜ ǎǇŀǘƛŀƭ ōƻǳƴŘǎ ŀǊŜ ŘŜŦƛƴŜŘ ŀǎ ǘƘŜ Ŏƛǘȅ ǿƛǘƘƛƴ ǿƘƛŎƘ ǘƘŜ 

person lives. In other words, each resident of a given city is exposed to the inequality 

apparent within the bounds of that city but they are oblivious to any inequality outside the 

city bounds. For the analysis in this project, because we are concerned with inequality 

experienced in both urban and rural areas, the equivalent spatial units would be local 

municipalities and (where relevant) metropolitan areas (Statistics South Africa, 2004).  

We argue here that choosing local municipalities/metropolitan areas as the spatial bounds 

of potential exposure would have one major advantage, counteracted by two major 

disadvantages. The advantage would be that every area, even if rural, will contain at least 

one town (often the administrative capital) which will exhibit 'pull factors' to attract people 

from the surrounding parts of the municipality (e.g. access to service hubs and increased 

employment opportunities) and which will be relatively well connected to the local 

transport infrastructure. This is important because in South Africa the rural areas are 

typically characterised by higher levels of deprivation than the urban areas and so within a 

rural municipality the town is most likely to contain concentrations of non-poor population. 

As such, people living in the rural areas are perhaps most likely to experience inequality 

first-hand through their visits to towns. The first disadvantage to choosing local 

municipalities as the spatial bounds of potential exposure would be that this effectively 

considers each municipality as having 'closed borders' which prevent people from one 

municipality from visiting any other municipality, which is wholly inappropriate, particularly 

for residents of neighbourhoods located close to municipal borders. The second 

disadvantage is that local municipalities vary greatly in terms of population size and in terms 

of geographical size, meaning the bounds of potential exposure will vary greatly from 

person-to-person depending on the municipality in which they live.  

Other applications of local segregation indices use either the set distance radius approach or 

the k nearest neighbours approach, neither of which is dependent upon the often fairly 

arbitrary definition of municipal boundary lines. This independence from municipal 

boundary definitions is a major advantage underpinning both approaches as it reflects the 

reality that people living close to municipal boundaries are likely to be exposed to inequality 

in more than one local municipality. However, the set distance radius and k nearest 

neighbours approaches are also dependent upon the fairly arbitrary specification of 
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parameters (in terms of the distance threshold or k value, respectively). Fixing the distance 

threshold results in widely varying k neighbours, while fixing the k value results in widely 

varying distances. As such, neither approach offers the ideal solution for our purpose. A 

further disadvantage of both the set distance radius and the k nearest neighbours 

approaches for our purpose is that both specify the spatial bounds without reference to the 

types of neighbourhoods that are being included within the bounds. In both cases, the final 

geographical extent of the spatial bounds around any given target neighbourhood will be 

roughly circular because both approaches utilise simple Euclidean distance, usually 

measured in all directions from the centroid of the target neighbourhood to the centroid of 

the proximate neighbourhoods, as the basis for selection. They do not reflect the reality that 

people's travel patterns are contoured by a combination of needs, opportunities and 

barriers which may not radiate out in a uniform circular way around the home 

neighbourhood.  

 

Spatial weights  

 

The second important methodological consideration relates to the derivation of spatial 

weights assigned to the neighbourhoods to reflect the likelihood of a person from one 

neighbourhood actually visiting each other neighbourhood within the defined spatial 

bounds. In Massey and Denton's distance-weighted DP* exposure indices they use an 

exponential distance decay function, radiating out evenly in all directions from the target 

neighbourhood to every other neighbourhood within their specified spatial bounds (US 

cities).  

We decided not to use the exponential distance decay function for the analyses presented 

in this chapter because it places too great an emphasis on the immediate vicinity around the 

target neighbourhood which does not reflect the reality in South Africa that people often 

have to travel quite considerable distances in order to access services or employment 

opportunities. 

Our choǎŜƴ ƳŜŀǎǳǊŜ ƻŦ ǎŜƎǊŜƎŀǘƛƻƴ ǘƻ ǊŜǇǊŜǎŜƴǘ ǇŜƻǇƭŜΩǎ ƭƛǾŜŘ ŜȄǇŜǊƛŜƴŎŜ ƻŦ ƛƴŜǉǳŀƭƛǘȅ ƛǎ ŀ 

modification of the local distance weighted exposure indices noted in equations 6 and 7. 

The remainder of this chapter introduces the datasets and geography relevant to the 

construction of our final chosen indices, discusses the methodological construction of our 

indices, and then presents key results and analyses.  
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2.3 Data and geography  

 

In terms of a dataset with which to operationalise the measures, we used data on income 

and material deprivation at neighbourhood level in South Africa, taken from the South 

African Index of Multiple Deprivation 2001 (SAIMD 2001) (Noble et al., 2009). The SAIMD 

2001 is a multidimensional measure of deprivation expressed at small area level (i.e. 

ΨƴŜƛƎƘōƻǳǊƘƻƻŘΩ ƭŜǾŜƭύ for the whole of South Africa. It consists of five component 

ŘƛƳŜƴǎƛƻƴǎΣ ƻǊ ΨŘƻƳŀƛƴǎΩΣ of deprivation, with each domain measuring the proportion of 

population per neighbourhood that experience that particular form of deprivation. The 

overall Index of Multiple Deprivation is a composite measure calculated by combining the 

five constituent domains using an explicit statistical methodology. For the purpose of the 

work undertaken and presented in this chapter, only the ΨƛƴŎƻƳŜ ŀƴŘ ƳŀǘŜǊƛŀƭ ŘŜǇǊƛǾŀǘƛƻƴ 

ŘƻƳŀƛƴΩ ƛǎ ǳǘƛƭƛǎŜŘΣ ŀƭǘƘƻǳƎƘ ǘƘŜ ŀƴŀƭȅǎŜǎ ŎƻǳƭŘ ǇƻǘŜƴǘƛŀƭƭȅ ōŜ ǊŜǇƭƛŎŀǘŜŘ ƻƴ ƻǘƘŜǊ ŘƻƳŀƛƴǎΦ  

Whilst the concept of neighbourhood is highly contested in the international literature, 

there are relatively few options available in South Africa from which to choose. The SAIMD 

uses a statistical geography which consists of 22,164 non-overlapping contiguous spatial 

units ς ΨŘŀǘŀȊƻƴŜǎΩ ς across South Africa, each containing approximately 2,000 people 

(Avenell, Noble, & Wright, 2009). We used data on the numbers and proportions of 

ǇƻǇǳƭŀǘƛƻƴ ƛƴ ŜŀŎƘ ŘŀǘŀȊƻƴŜ ŘŜŦƛƴŜŘ ŀǎ ǎǳŦŦŜǊƛƴƎ ΨƛƴŎƻƳŜ ŀƴŘ ƳŀǘŜǊƛŀƭ ŘŜǇǊƛǾŀǘƛƻƴΩ ǿƘƛŎƘ ƛǎ 

based on 2001 Census data.3 For each datazone we know the number of people who are 

deprived in terms of income and material deprivation (i.e. poor) and the number of people 

who are not deprived in terms of income and material deprivation (i.e. non-poor). The total 

population of the datazone is the sum of those deprived and those not deprived (i.e. 

deprivation status is a straight binary classification). 

Figure 2.1 shows a close-up of the City of Johannesburg Metropolitan Municipality (shown 

by the thick black boundary line). In the left-hand side panel of Figure 2.1, the Datazone 

boundaries are shown by thin grey lines. As noted above, each datazone was designed to 

contain approximately 2,000 people. In the ride-hand side panel of Figure 2.1 the Datazones 

have been colour-coded according to the proportion of population in the area that was 

defined as deprived on the Income and Material Deprivation Domain of the SAIMD 2001 

(i.e. for our purposes defined as poor). A clear spatial patterning is evident in the 

distribution of poverty across the municipality, with the northern suburbs in and around 

Sandton being characterised by relatively low levels of poverty (i.e. the areas colour-coded 

green), contrasted with the areas in and around Soweto, Alexandra and Orange Farm, for 

                                                             
3
 In the SAIMD people are classified as suffering income and material deprivation if they meet any one of the 

following criteria: (i) living in a household that has a household income (need-adjusted using the modified 
OECD equivalence scale) that is below 40% of the mean equivalent household income; (ii) living in a household 
without a refrigerator; or (iii) living in a household with neither a television nor a radio. 
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example, which are characterised by much higher rates of poverty (i.e. the areas colour-

coded red and orange).  

In the context of exposure to socio-economic inequality, it could be argued that a poor 

person living in Soweto or Alexandra, for instance, is likely to be highly exposed to affluent 

people and visible signs of affluence due to the close geographical proximity of their 

neighbourhoods to the more affluent neighbourhoods in and around Sandton.   

Figure 2.1: Datazone boundaries and Datazone level poverty rates in the City of 

Johannesburg Metropolitan Municipality, Gauteng Province 

  
 

Figure 2.2 shows the equivalent boundaries and data for the largely rural local municipality 

of King Sabata Dalindyebo in the Eastern Cape. There is a clear contrast between Figures 2.1 

and 2.2. In Figure 2.2 the overwhelming majority of Datazones in the local municipality are 

characterised by extremely high levels of poverty, but with a relatively small geographical 

pocket of lower poverty in the town of Umtata.  

In the context of exposure to socio-economic inequality, it could be argued that a poor 

person living in the rural areas of King Sabata Dalindyebo is unlikely to be regularly exposed 

to affluent people and visible signs of affluence due to the overwhelming level of poverty 

across this part of South Africa.  
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Figure 2.2: Datazone boundaries and Datazone level poverty rates in the King Sabata 

Dalindyebo Local Municipality, Eastern Cape Province 

  
 

Whilst Figures 2.1 and 2.2 showed detailed geographical close-ups of two selected 

municipalities, the Datazone level rates of poverty are available for all Datazones in South 

Africa. Figure 2.3 shows a map that depicts the poverty pattern across South Africa at 

Datazone level, and is presented here as important geographical context to this study. 
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Figure 2.3: Datazone level poverty rates across the whole of South Africa 

 

 

2.4 Developing the exposure measure  
 

The review of possible methodologies summarised above suggests that the local distance-

weighted LDP* exposure indices, LDPxy* and LDPyx*, are the most appropriate starting 

point for our purpose4. The indices measure the level of exposure to inequality experienced 

first-hand by people as they go about their daily lives, with exposure occurring not only 

within their home neighbourhood but also throughout the wider geographical area in which 

they carry out theƛǊ ǊƻǳǘƛƴŜ ŀŎǘƛǾƛǘƛŜǎΦ ¢ƘŜ ΨƭƻŎŀƭΩ ǾŀǊƛŀƴǘ ƻŦ ǘƘŜ ƛƴŘŜȄ ƛǎ ǇǊŜŦŜǊǊŜŘ ōŜŎŀǳǎŜ 

our aim is to measure inequality experienced by individuals and, clearly, people's level of 

exposure to inequality will vary spatially within a city or other large area according to where 

within that large area (i.e. in which neighbourhood) they live.  

Each of the approaches to defining spatial bounds discussed above was developed and 

tested in order to inform the selection of the most suitable approach for a measure of the 

lived experience of inequality. The approach we selected is a combination of the local 

                                                             
4
 As noted above, we constructed and considered a wide range of different indices of segregation as part of 

this project. For clarity, we do not present analyses of the other rejected indices here. 
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municipality administrative geography and the set distance radius approach. For a resident 

of any given target neighbourhood, we assume that potential exposure to inequality may 

occur within that same neighbourhood, plus any other neighbourhood within the same local 

municipality, plus any neighbourhood that lies within a 20km distance radius of the target 

neighbourhood, irrespective of municipal boundaries.  

Our chosen approach to defining the spatial bounds around each neighbourhood draws 

upon the strengths of the local municipality geography, particularly that each municipality 

will include at least one administrative town, and the strengths of the set distance radius 

approach , particularly that spatial bounds can cross municipal boundaries. The choice of 

20km as the set distance radius is arbitrary, but based upon what might be regarded as a 

manageable daily commute for most residents of South Africa.  

In terms of the spatial weights, we begin with a linear distance decay function rather than 

an exponential. The linear function still attributes greatest weight to the neighbourhoods 

closest to the target neighbourhood, but the weights do not decrease as quickly with 

increasing distance as is the case with the exponential. Given the fact that in South Africa 

many people have to travel considerable distances to work or to seek work, the linear 

approach is judged more appropriate for our purpose than the exponential.  

Taking these linear distance decay weights, we then apply an adjustment process which we 

feel results in a more realistic set of distance weights. In order to reflect the reality that 

people's travel patterns are contoured by a combination of needs and opportunities, whilst 

being constrained by travel times and costs (which can be proxied by geographical distance), 

we derived a set of adjustment factors which we applied to the weights generated using the 

basic linear distance decay approach. The major assumption underpinning the adjustment 

factors is that the more prosperous neighbourhoods will exert a stronger set of 'pull factors' 

than the less prosperous neighbourhoods because, in the South African case, the more 

prosperous areas tend to be closer to key service access points and tend to offer the 

greatest opportunities in terms of potential employment prospects. Conversely, the less 

prosperous areas are often perceived (whether correctly or incorrectly) to be places of 

disorder, crime and violence. Our proposition is that the likelihood of a person from one 

neighbourhood visiting another neighbourhood is based upon a combination of the distance 

between the respective neighbourhoods and the relative levels of prosperity in the 

respective neighbourhoods, with more prosperous areas being more attractive as a travel 

destination.  

Although no data currently exist to measure levels of prosperity, affluence or wealth at 

small area level in South Africa, the proportion of population experiencing income and 

material deprivation at small area level is likely to be strongly negatively correlated with 

levels of prosperity, affluence or wealth. We therefore use deprivation differentials to adjust 

the linear distance decay weights to produce our final set of weightings.  
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We generated the spatial weight adjustment factors as follows: first, we calculated the 

proportion of the population in the target neighbourhood that is not defined as 

experiencing income and material deprivation (i.e. a value of 0 means every person in that 

neighbourhood is deprived and a value of 1 means that no one in that neighbourhood is 

deprived). Second, we repeated this calculation for every other neighbourhood within the 

limits of the spatial bounds around the target neighbourhood. Third, we took each of the 

neighbourhoods within the spatial bounds in turn and calculated a deprivation differential 

by subtracting the target neighbourhood's non-deprived proportion from the equivalent 

non-deprived proportion of each respective neighbourhood. This generated a distribution 

that can range from a minimum of -1 (in the case where no one in the target neighbourhood 

is deprived and everyone in the proximate neighbourhood is deprived) to a maximum of +1 

(in the case where everyone in the target neighbourhood is deprived and no one in the 

proximate neighbourhood is deprived). If the target neighbourhood and proximate 

neighbourhood have identical proportions of population deprived, the deprivation 

differential value will be zero. Fourth, we multiplied the deprivation differential value by the 

basic linear distance decay weight calculated above to produce an adjustment factor. Fifth, 

we added the adjustment factor to the basic linear distance decay weight value to apply the 

adjustment. Sixth, and finally, we scaled the spatial weights so that they sum to 1 across all 

neighbourhoods within the spatial bounds, thus generating the final set of deprivation-

adjusted spatial weights. 

Equation (8) provides the notation for applying the deprivation adjustments to the linear 

distance decay weights, while equation (9) provides the notation for the final step of scaling 

the weights so that they sum to one. A fuller methodological discussion of the procedures is 

provided in McLennan et al (forthcoming). 

ὡ
В

  
В

    (8) 

ὤ  ὡ
В

         (9) 

where dij is the distance between area i and area j, max(dij) is the maximum distance from 

area i to any other area j within the specified spatial bounds (i.e. within the local 

municipality and within 20km of area i), y and t are the numbers of non-poor population and 

total population, respectively, in areas i and j, Wij is the pre-scaling deprivation-adjusted 

distance weight between areas i and j, and Zij is the final scaled deprivation-adjusted 

distance weight between areas i and j.  

The end product of the deprivation-adjustment process is a set of spatial weights which we 

argue better reflects the likely routine activity patterns of individuals in South Africa than is 

provided by a simple distance decay function alone, meaning that the deprivation-adjusted 

spatial weights are a more realistic measure of the likelihood of an individual from one 
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neighbourhood visiting various other neighbourhoods where he or she may be exposed to 

inequality.  

In summary, our local deprivation-adjusted distance-weighted exposure indices for each 

area i can be depicted as follows; 

ὥὒὈὖὼώᶻ В ὤ         (10) 

ὥὒὈὖώὼᶻ В ὤ         (11) 

where Zij is specified as shown in equation (9), x, y and t are the numbers of poor 

population, non-poor population and total population, respectively, in areas i and j, and 

aLDPxyi* and aLDPyxi* are the final local deprivation-adjusted distance-weighted exposure 

indices for each area i.  

 

2.5 Key findings : Exposure of poor to non -poor  
 

Analyses of aLDPxyi*  

 

Having constructed the local deprivation-adjusted distance-weighted exposure index, the 

results were mapped and assessed for face-validity. Given that our primary focus is on the 

exposure of poor people to non-poor, our results are presented in relation to aLDPxyi*. 

Figure 2.4 shows the aLDPxyi* scores for all Datazones in South Africa. The Datazones have 

been grouped into national deciles according to their scores on the aLDPxyi* distribution. 

Those areas colour-coded bright yellow are the 10% of Datazones with the lowest levels of 

exposure on this measure, whilst those areas colour-coded bright blue are the 10% of 

Datazones with the highest level of exposure on this measure. The other eight colour-coded 

categories represent the other eight national deciles of Datazones when ranked on this 

measure.  
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Figure 2.4: National Datazone deciles of aLDPxyi* 

 

Although the fine-grained detail of Datazones cannot be adequately represented on a map 

of the whole of South Africa, a broad pattern of exposure on this measure is apparent, with 

the areas of highest exposure typically located in and around the major cities, and the areas 

of lowest exposure typically located in the predominantly rural areas.  

Figure 2.5 presents the results for the City of Johannesburg and surrounding areas. The left-

side panel of Figure 2.5 repeats the Datazone level poverty rate that was shown in Figure 

2.1 above, with each colour-coded interval representing absolute rates of poverty. Absolute 

poverty rates (rather than national deciles) are used here in order to highlight the wide 

variation in actual poverty levels within Johannesburg. The right-side panel of Figure 2.5 

shows the Datazone scores on the aLDPxyi* measure using national deciles to coincide with 

the tabular analyses and associated discussion of results below. It is important to note, 

therefore, that the two maps in Figure 2.5 present data in slightly different ways: in the 

exposure map on the right of Figure 2.5 there are equal numbers of Datazones in each of 

the colour-coded intervals, but this is not the case in the poverty rate map on the left of 

Figure. Each mapping technique has its own strengths and weaknesses and so is applied 

accordingly. 
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Figure 2.5: Datazone level poverty rates and Exposure deciles for the City of Johannesburg 

Metropolitan Municipality in Gauteng 

  
 

As is apparent from Figure 2.5, the poor individuals with the highest levels of exposure to 

socio-economic inequality tend to be those that live in ς or close to ς the relatively less poor 

neighbourhoods. This is as we would expect because these poor people are likely to interact 

more frequently with non-poor people on a frequent basis and/or see visual signs of 

affluence and wealth on a frequent basis and so experience higher exposure to the opposite 

end of the socio-economic distribution as they go about their daily lives.  

Figure 2.6 shows equivalent poverty rate and exposure decile information for Datazones in 

and around the King Sabata Dalindyebo Local Municipality in the Eastern Cape. Whereas 

Johannesburg is characterised by some of the highest levels of exposure on the aLDPxyi* 

measure, the situation in and around King Sabata Dalindyebo municipality is very different. 

The majority of the Datazones in this predominantly rural municipality are in the lower 

national deciles on this measure, indicating that poor individuals living in these Datazones 

are much less exposed to socio-economic inequality then poor individuals in Johannesburg. 

It is evident that poor individuals living in and around the town of Umtata do have slightly 

higher rates of exposure than the rest of the municipality, and this is as we would expect as 

Umtata contains the only notable concentration of non-poor population in that whole 

geographical area (as demonstrated by the left-side panel of Figure 2.6).   
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Figure 2.6: Datazone level poverty rates and Exposure deciles for the King Sabata 

Dalindyebo Local Municipality in the Eastern Cape 

  
 

Whilst the data on exposure presented in Figures 2.3 to 2.6 reflect the national decile 

distribution of aLDPxyi*, it is also possible to examine the actual underlying aLDPxyi* scores 

that formed the basis of the decile ranking. Figure 2.7 presents a histogram of aLDPxyi* 

scores at Datazone level for the whole of South Africa. The horizontal x-axis represents the 

aLDPxyi* score, with a potential range of 0 (meaning no exposure) to 1 (meaning complete 

exposure). The verticle y-axis represents the number of Datazones that fall within each of 

the column bands.  
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Figure 2.7: Histogram of Datazone aLDPxyi* scores for all Datazones in South Africa 

 

The distribution of aLDPxyi* values shown in Figure 2.7 is clearly bi-modal, with a 

concentration of Datazones exhibiting relatively low levels of exposure and another 

concentration of Datazones exhibiting relatively high levels of exposure. To help unpick this 

further, Figure 2.8 presents equivalent histograms for two discrete subsets of the 

Datazones: the left-side panel of Figure 2.8 shows the distribution of aLDPxyi* values for 

Datazones in the six metropolitan municipalities as per the definition at the time of the 2001 

Census (namely, Cape Town, Johannesburg, Tshwane, Ekurhuleni, eThekwini and Nelson 

Mandela Metropolitan Municipalities), while the right-side panel of Figure 2.8 shows the 

distribution of aLDPxyi* values for Datazones in the 229 non-metropolitan municipalities as 

per the definition at the time of the 2001 Census.  

Figure 2.8 clearly shows the contrasting distributions of values on the aLDPxyi* measure 

between Datazones in metropolitan and non-metropolitan areas. Almost all (95.5%) of the 

metropolitan Datazones exhibit aLDPxyi* scores above 0.4 on the x-axis, compared to just 

12.2% of the non-metropolitan Datazones. 
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Figure 2.8: Histogram of Datazone aLDPxyi* scores, separately by metropolitan and non-

metropolitan areas 

 

Returning to consider the national decile distribution of aLDPxyi* shown in Figures 2.3 to 

2.5, Table 2.1 summarises the geographical locations of the 10% of datazones nationally 

that have the highest scores on the aLDPxyi* measure. These highest exposure datazones 

are located primarily within the four metropolitan municipalities of City of Cape Town, City 

of Tshwane, City of Johannesburg and Ekurhuleni. These four metropolitan municipalities 

account for 89.5% of the highest exposure decile datazones on this measure, with the 

remaining 10.5% of datazones being spread more thinly over 23 other municipalities.  

Table 2.1: Location of datazones in the 10% highest exposure decile nationally on the 

aLDPxyi* measure 

Municipality Number Percentage 

City of Cape Town 986 44.5% 

City of Tshwane Metro 502 22.7% 

City of Johannesburg Metro 290 13.1% 

Ekurhuleni Metro 206 9.3% 

Others (23 municipalities) 232 10.5% 

Total in the 10% highest exposure 
decile nationally 2,216 100.0% 
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The major metropolitan municipalities do, of course, contain higher total numbers of 

datazones within their boundaries than non-metropolitan municipalities, and so Table 2.2 is 

presented to show the ten municipalities across South Africa that have the highest 

proportions of datazones falling within the highest exposure decile on the aLDPxyi* 

measure. City of Cape Town, City of Tshwane, City of Johannesburg and Ekurhuleni all rank 

within the top ten municipalities on this measure and so are reflected in Table 2.2, but there 

are also smaller municipalities such as Gamagara and Stellenbosch with very high 

proportions of datazones within the highest exposure decile nationally.   

Table 2.2: The ten municipalities with the highest proportions of datazones in the 10% 

highest exposure decile nationally on the aLDPxyi* measure 

Municipality 

Number of 
datazones in 
the municipality 

Number of 
datazones in 
the 10% highest 
exposure decile 
nationally 

Percentage of 
municipality  
datazones in the 
10% highest 
exposure decile 
nationally 

Gamagara 9 7 77.8% 

Stellenbosch 60 44 73.3% 

City of Cape Town 1,388 986 71.0% 

Saldanha Bay 34 23 67.6% 

City of Tshwane Metro 951 502 52.8% 

Mossel Bay 37 10 27.0% 

City of Johannesburg Metro 1,599 290 18.1% 

George 67 12 17.9% 

Ekurhuleni Metro 1,188 206 17.3% 

Nokeng tsa Taemane 21 3 14.3% 
 

Box plot charts provide a means to assess the distribution of aLDPxyi* indicator values 

between different subsets of the Datazones. In Figure 2.9 a box plot is used to show the 

spread of Datazone values on the aLDPxyi* measure for each of the nine provinces in South 

Africa. The vertical y-axis shows the actual aLDPxyi* score for the Datazones. Each province 

is represented by a grey rectangular box which represents the Interquartile Range of 

Datazone aLDPxyi* scores, plus upper and lower whiskers that represent the upper and 

lower ranges of the Datazone scores, with small dots used to represent statistical outliers. 

The median Datazone score for each province is represented by a small white horizontal line 

running through the grey Interquartile Range box. The upper horizontal reference line at y= 

0.5851 represents the cut point for the most deprived national decile of Datazones, with all 

Datazones scoring above this line being colour-coded dark blue in Figures 2.3 to 2.5. The 

lower horizontal reference line at y= 0.0454 represents the cut point for the least deprived 

national decile of Datazones, with all Datazones scoring below this line being colour-coded 
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bright yellow in Figures 2.3 to 2.5. The provinces are ordered from left to right according to 

the median Datazone aLDPxyi* score for the province.  

It is evident from Figure 2.9 that the Eastern Cape province has the lowest median exposure 

value and the Western Cape province has the highest median exposure value on this 

measure. The Interquartile Range for the Eastern Cape overlaps with the lower horizontal 

reference line, meaning that more than a quarter of the Datazones in the Eastern Cape have 

exposure values that place them within the 10% of Datazones nationally with the lowest 

exposure. However, even within the Eastern Cape, we see that there are some Datazones 

that have exposure scores that lie above the upper horizontal reference line, indicating that 

these Datazones have exposure scores within the 10% of Datazones nationally with the 

highest level of exposure. Overall, however, it is clear that the Eastern Cape as a whole is 

characterised predominately by areas of low exposure on the aLDPxyi* measure. This is also 

the case for the other provinces towards the left-hand side of the chart, such as Limpopo. 

On the right-hand side of the chart it is evident that Gauteng and the Western Cape exhibit 

rather different distributions than the other seven provinces, with median values and 

Interquartile Ranges that sit notably higher up the y-axis than the other provinces. However, 

even in these two provinces there are Datazones where exposure is substantially lower than 

the majority of the province. Indeed, an important overall finding from these analyses is 

that although there are differences between provinces in the distribution of Datazones on 

the aLDPxyi* measure, there are also typically wide variations within provinces.  

The boxplot approach to analysing distributional characteristics of subsets of Datazones can 

also be applied to focus on Datazones in selected municipalities. The analyses of Table 2.1 

above showed that the 10% highest exposure decile of Datazones on the aLDPxyi* measure 

were spread across 27 municipalities (with the majority being located in the four 

metropolitan municipalities of Cape Town, Johannesburg, Tshwane and Ekurhuleni). In 

Figure 2.10, the spread of Datazone values on aLDPxyi* is shown for each of the 27 

municipalities separately. In this chart, the municipalities are ordered from left to right 

along the x-axis according to the total number of Datazones within the municipality. The 

total number of Datazones per municipality is shown after the municipality name in the 

labels along the x-axis.  

  



 

 
34 

 

Figure 2.9: Box plot of Datazone aLDPxyi* scores by province 

 

Figure 2.10: Box plot of Datazone aLDPxyi* scores by municipality, for those municipalities 

containing at least one Datazone in the highest exposure national decile 

 

0
.2

.4
.6

.8
1

a
L

D
P

x
y
_
in

c

E
A

S
T

E
R

N
 C

A
P

E

L
IM

P
O

P
O

M
P

U
M

A
L
A

N
G

A

K
W

A
Z

U
L
U

-N
A

T
A

L

F
R

E
E

 S
T

A
T

E

N
O

R
T

H
 W

E
S

T

N
O

R
T

H
E

R
N

 C
A

P
E

G
A

U
T

E
N

G

W
E

S
T

E
R

N
 C

A
P

E

Box plot of DZ scores on aLDPxy_inc by province

0
.2

.4
.6

.8
1

in
c
_
a

D
P

x
y
_

lo
c
a
l

C
it
y 

o
f 
Jo

h
a
n
n
e
sb

u
rg

 M
e
tr

o
, 
G

P
, 
(d

z
=
1
5
9
9
)

E
th

e
k
w

in
i,
 K

Z
N

, 
(d

z=
1
5
2
9
)

C
it
y 

o
f 
C

a
p
e
 T

o
w

n
, 
W

C
, 
(d

z
=
1
3
8
8
)

E
ku

rh
u
le

n
i M

e
tr

o
, 
G

P
, 
(d

z
=
1
1
8
8
)

C
it
y 

o
f 
T

s
h
w

a
n
e
 M

e
tr

o
, 
G

P
-N

W
, 
(d

z
=
9
5
1
)

N
e
ls

o
n
 M

a
n
d
e
la

, 
E

C
, 
(d

z
=
4
9
2
)

E
m

fu
le

n
i, 

G
P

, 
(d

z
=

3
1
7
)

M
o
g
a
le

 C
ity

, 
G

P
, 
(d

z
=
1
5
1
)

u
M

h
la

th
u
ze

, 
K

Z
N

, 
(d

z
=
1
3
9
)

H
ig

h
v
e
ld

 E
a
st

, 
M

P
, 
(d

z=
1
0
3
)

D
ra

k
e
n
st

e
in

, 
W

C
, 
(d

z
=
9
3
)

M
e
ra

fo
n
g
 C

ity
, 
G

P
-N

W
, 
(d

z=
8
8
)

G
e
o
rg

e
, 
W

C
, 
(d

z
=
6
7
)

M
id

d
e
lb

u
rg

, 
M

P
, 
(d

z
=
6
5
)

M
e
ts

im
a
h
o
lo

, 
F

S
, 
(d

z=
6
2
)

S
te

lle
n
b
o
s
ch

, 
W

C
, 
(d

z=
6
0
)

K
u
n
g
w

in
i, 

G
P

-M
P

, 
(d

z
=

5
7
)

T
h
e
e
w

a
te

rs
kl

o
o
f,
 W

C
, 
(d

z
=
4
1
)

T
h
a
b
a
 C

h
w

e
u
, 
M

P
, 
(d

z
=
4
1
)

S
w

a
rt

la
n
d
, 
W

C
, 
(d

z=
3
8
)

M
o
ss

e
l B

a
y,

 W
C

, 
(d

z=
3
7
)

S
a
ld

a
n
h
a
 B

a
y
, 
W

C
, 
(d

z
=
3
4
)

M
id

v
a
a
l, 

G
P

, 
(d

z
=
3
0
)

O
v
e
rs

tr
a
n
d
, 
W

C
, 
(d

z
=
2
7
)

K
n
ys

n
a
, 
W

C
, 
(d

z
=
2
6
)

N
o
ke

n
g
 t
s
a
 T

a
e
m

a
n
e
, 
G

P
, 
(d

z
=
2
1
)

G
a
m

a
g
a
ra

, 
N

C
, 
(d

z
=
9
)



 

 
35 

 

As is noted above, the criterion for including a municipality in Figure 2.10 was that at least 

one Datazone within the municipality must lie within the highest exposure national decile, 

and this is clearly reflected in the chart, where all municipalities contain at least one area 

above the upper horizontal reference line. In most cases, the median Datazone value for the 

municipalities shown in Figure 2.10 lies below the upper horizontal reference line, but there 

are five municipalities (City of Cape Town, City of Tshwane Metro, Gamagara, Saldanha Bay 

and Stellenbosch) where the median lies above the line, indicating that half or more of the 

Datazones in each of these five municipalities are in the highest exposure decile nationally. 

In contrast, in other municipalities, only a small minority of the Datazones (sometimes only 

a single Datazone) falls in the highest exposure decile. In general, Figure 2.10 shows that 

there is heterogeneity both within municipalities and between municipalities.  

 

Figure 2.11: Box plot of Datazone aLDPxyi* scores by municipality, for those municipalities 

containing at least one Datazone in the lowest exposure national decile 

 

Figure 2.11 focuses on the other end of the aLDPxyi* spectrum, and includes only those 

municipalities where one or more Datazones falls in the lowest exposure national decile. 

Forty six municipalities are represented in Figure 2.11. There are 30 municipalities with 

median scores below the lower horizontal reference line, indicating that in each of these 30 

municipalities over half of the Datazones are in the lowest exposure national decile. 

Furthermore, in six municipalities (Msinga, Nkandla, Ntabankulu, Port St Johns, Qaukeni and 

Setla-Kgobi) every constituent Datazone falls within the lowest exposure national decile.  
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Appendix 2 contains detailed maps and charts for each province in turn depicting the 

aLDPxyi* results for the constituent datazones.  

 

Analyses of Intensity _xy 

 

The aLDPxyi* measure of exposure discussed above provides an important indicator of the 

degree to which a poor person is likely to experience socio-economic inequality as they go 

about their daily lives. This lived experience of inequality is very much from the perspective 

of the individual poor person, based upon their own personal experience (or rather 

likelihood of ŜȄǇŜǊƛŜƴŎŜύΦ !ǎ ǘƘŜ ŀƴŀƭȅǎŜǎ ŀōƻǾŜ ŘŜƳƻƴǎǘǊŀǘŜŘΣ ǘȅǇƛŎŀƭƭȅΣ ŀ ǇƻƻǊ ǇŜǊǎƻƴΩǎ 

level of exposure to socio-economic inequality is highest for those poor people that live in 

or close to low-poverty neighbourhoods. For instance, a poor person living in an affluent 

suburb of Sandton in Johannesburg (perhaps as a domestic worker) will be exposed to the 

very visible signs of socio-economic inequality on a daily basis. However, within that affluent 

suburb of Sandton there may only be a very small number of poor people, with the vast 

majority being non-poor. The situation for a poor person living in Sandton can be contrasted 

with the situation of a poor person living in Alexandra, also in Johannesburg. As was evident 

from the right-hand panel of Figure 2.4 above, the level of exposure on the aLDPxyi* 

measure was just slightly lower for poor residents of Alexandra (2nd highest national decile) 

than for poor residents of Sandton (1st highest national decile). However, it was also evident 

from the left-hand panel of Figure 2.4 that poverty rates were far higher in Alexandra than 

in Sandton. Therefore, a poor person living in Alexandra will have both a high personal 

experience of inequality and be surrounded by lots of other poor people with similar high 

experiences of inequality. As such, Alexandra is an example of where the twin social 

stressors of high poverty rate and high exposure to inequality combine (or interact). In areas 

characterised by both high poverty rate and high exposure to inequality there may be an 

ŀŘŘŜŘ ΨŎƻƳƳǳƴƛǘȅ ƭŜǾŜƭΩ ǎŜƴǎŜ ƻŦ ǎƻŎƛŀƭ ƛƴƧǳǎǘƛŎŜ ǿƘƛŎƘ Ƴŀȅ ƛƴŦƭǳŜƴŎŜ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ 

and actions over and above the independent effects of two constituent factors (i.e. high 

poverty rate and high exposure). ¢Ƙƛǎ ƛƴǘŜǊŀŎǘƛƻƴ Ƴŀȅ ƎŜƴŜǊŀǘŜ ŀ ƘƛƎƘ ΨƛƴǘŜƴǎƛǘȅΩ ƻŦ 

perceived social injustice within a community due to the high concentration of people 

suffering these twin stressors. It is neighbourhoods such as these, where the interaction 

between poverty rate and exposure to inequality is high, that may also be most at risk of 

social unrest or violent crime. This can be contrasted with the situation in areas such as 

Sandton, where there are very few poor people and therefore little concentration effect 

despite the high personal experience of inequality of the few poor people that live there. 
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Intensity_xy is therefore calculated as follows: 

Intensity_xy = exposure_of_poor * inc  

where exposure_of_poor is the score on the aLDPxyi* exposure measure (ranging from 0 to 

1) ŀƴŘ ΨƛƴŎΩ ƛǎ ǘƘŜ ƴŜƛƎƘōƻǳǊƘƻƻŘ level poverty proprtion/rate (ranging from 0 to 1).  

Figure 2.12 shows the distribution of Datazone level intensity_xy scores for all Datazones in 

South Africa. The horizontal x-axis ranges between 0 and 1, with 0 representing the lowest 

intensity and 1 representing the highest intensity5. The intensity_xy score cannot be 

interpreted in any absolute sense (i.e. it does not relate to a proportion of population (as 

the poverty rate does) and it does not relate to a probability (as the exposure measure 

does)), but its interpretation is nevertheless relatively straightforward: the higher the 

intensity_xy score, the higher the combined effects of high poverty and high exposure to 

inequality.  

Figure 2.12Υ IƛǎǘƻƎǊŀƳ ƻŦ 5ŀǘŀȊƻƴŜ ƭŜǾŜƭ ΨƛƴǘŜƴǎƛǘȅψȄȅΩ ǎŎƻǊŜǎ ŦƻǊ ŀƭƭ 5ŀǘŀȊƻƴŜǎ ƛƴ {ƻǳǘƘ 

Africa 

 

To demonstrate how the effects of poverty rate and exposure score interact to generate the 

intensity_xy scores, Figure 2.12 presents a scatter plot of the relationship between these 

                                                             
5 Although, in practice, it is not technically possible for a Datazone to score a value of 1 because in order to do so would 
require the Datazone poverty rate to be 1 (i.e. a rate of 100%) and the Datazone exposure score to be 1 (i.e. everyone in 
that Datazone and all surrounding Datazones to be non-poor), which is clearly contradictory and therefore impossible to 
achieve. 
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two variables for two groups of Datazones: the red dots depict those Datazones which are 

the 1% highest intensity_xy  Datazones across the country, whilst the blue dots depict the 

1% lowest intensity_xy Datazoens across the country. From Figure 2.13 it is apparent that 

those Datazones that score the highest on the intensity measure exhibit both relatively high 

rates of poverty and relatively high levels of exposure. It is also evident that those 

Datazones that score the lowest on the intensity_xy measure exhibit either relatively low 

levels of poverty, or relatively low levels of exposure, or relatively low levels of both.  

Figure 2.13: Scatter plot showing the relationship between poverty rate and exposure to 

inequality for the highest and lowest intensity_xy percentiles of Datazones in South Africa 

 

The histogram of intensity_xy scores shown in Figure 2.12 can again be disaggregated by 

metropolitan/non-metropolitan status, as is shown in Figure 2.14. For the non-metropolitan 

Datazones the distribution of intensity_xy values lies primarily towards the lower intensity 

end of the scale, which relates closely to the relatively low levels of exposure in the majority 

of non-metropolitan areas (compared to the metropolitan areas). The metropolitan 

Datazones exhibit a bimodal distribution on the intensity_xy measure, with one 

concentration of areas scoring relatively low on this measure and another concentration 

scoring relatively high. From Figure 2.8 above we know that all the metropolitan Datazones 

scored relatively highly on the aLDPxyi* exposure measure, so the metropolitan Datazones 

that score relatively low values on the intensity_xy measure will be those with the relatively 

low poverty rates.  
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Figure 2.14Υ IƛǎǘƻƎǊŀƳ ƻŦ 5ŀǘŀȊƻƴŜ ƭŜǾŜƭ ΨƛƴǘŜƴǎƛǘȅψȄȅΩ ǎŎƻǊŜǎ ŦƻǊ ŀƭƭ 5ŀǘŀȊƻƴŜǎ ƛƴ {ƻǳǘƘ 

Africa, separately by metropolitan/non-metropolitan status 

  

The power of the intensity_xy measure is best demonstrated cartographically. Figure 2.15 

shows a map of the City of Johannesburg area with the Datazones colour-coded according 

to the national deciles of the intensity_xy distribution. The areas coloured bright yellow are 

the 10% of Datazones across South Africa with the lowest levels of intensity_xy, while the 

areas coloured bright blue are the 10% of Datazones across South Africa with the highest 

levels of intensity_xy. The bright blue areas are those that are characterised by relatively 

high levels of poverty and relatively high levels of exposure to inequality and, as such, might 

be areas most at risk of social unrest due to the twin stressors afflicting the resident 

population.  

Figure 2.15 reveals that areas in and around Sandton score relatively lowly on the 

intensity_xy measure, despite scoring relatively highly on the aLDPxyi* exposure measure, 

reflecting the fact that although poor people living in Sandton will be acutely aware of socio-

economic inequality, there are very few poor people in Sandton and therefore the intensity 

of community sense of injustice is likely to be relatively low. However, in the proximately 

located township of Alexandra, the level of intensity_xy is extremely high, reflecting the high 

degree of poverty in Alexandra and the high degree of exposure to inequality due to being 

surrounded by relatively less deprived (and in many cases very affluent suburbs).  
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Figure 2.15Υ aŀǇ ƻŦ 5ŀǘŀȊƻƴŜ ƭŜǾŜƭ ΨƛƴǘŜƴǎƛǘȅψȄȅΩ ǎcore in and around the City of 

Johannesburg Metropolitan Municipality, national deciles 
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Each of the nine provinces contains some Datazones in the lowest national decile of 

intensity_xy, whilst all provinces except Limpopo contain some Datazones in the highest 

intensity_xy national decile. Figure 2.16 shows the Datazone distributions on intensity_xy 

for each of the nine provinces separately, with the upper horizontal reference line 

representing the cut point for the highest intensity decile(i.e. all Datazones scoring above 

this line would be coloured bright blue on the map) and the lower horizontal reference line 

representing the cut point for the lowest intensity_xy national decile (i.e. all Datazones 

scoring below this line would be coloured bright yellow on the map).  

Figure 2.16: Box plot of Datazone level intensity_xy scores by province 

 

It is evident from Figure 2.16 that the provinces of Western Cape and Gauteng exhibit 

notably different distributions to the other seven provinces, with far greater proportions of 

Datazones in Western Cape and Gauteng scoring towards the upper end of the intensity_xy 

distribution.  

Equivalent box plots showing the Datazone level intensity_xy distributions for each local 

municipality (separately by province) are provided in Appendix 3 to this report.  

Of the 2216 Datazones that constitute the highest intensity_xy national decile, 1981 (i.e. 

89.4% of that decile of Datazones) are located in the five metropolitan municipalities of 

Cape Town, Johannesburg, Tshwane, Ekurhuleni and eThekwini. The remaining 235 

Datazones from that highest intensity national decile (10.6% of that decile of Datazones) are 

spread across a further 32 municipalities.  
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Table 2.3: Location of datazones in the 10% highest intensity_xy decile nationally 

Municipality Number Percentage 

City of Cape Town 487 22.0% 

Ekurhuleni Metro 447 20.2% 

City of Johannesburg Metro 409 18.5% 

Ethekwini 389 17.6% 

City of Tshwane Metro 249 11.2% 

Others (32 municipalities) 235 10.6% 

Total in the 10% highest exposure 
decile nationally 2,216 100.0% 
 

In terms of the proportion of Datazones in each municipality that fall within the highest 

intensity_xy decile nationally, Ekurhuleni ranks top, with 37.6% of the Datazones in that 

municipality being within the highest intensity_xy decile nationally. Table 2.4 shows the ten 

municipalities with the greatest proportions of Datazones in this highest intensity decile, 

and it is evident that all five of the municipalities listed in Table 3 are also listed in Table 2.4.  

Table 2.4: The ten municipalities with the highest proportions of datazones in the 10% 

highest intensity_xy decile nationally 

Municipality 

Number of 
datazones in 
the municipality 

Number of 
datazones in 
the 10% highest 
intensity_xy 
decile nationally 

Percentage of 
municipality  
datazones in the 
10% highest 
intensity_xy 
decile nationally 

Ekurhuleni Metro 1,188 447 37.6% 

Mossel Bay 37 13 35.1% 

City of Cape Town 1,388 487 35.1% 

Metsimaholo 62 21 33.9% 

Middelburg 65 21 32.3% 

George 67 19 28.4% 

City of Tshwane Metro 951 249 26.2% 

Overstrand 27 7 25.9% 

City of Johannesburg Metro 1,599 409 25.6% 

Ethekwini 1,529 389 25.4% 
 

Appendices 2 and 3 show detailed Datazone level maps of the aLDPxyi* exposure measure 

and the intensity_xy measure for each of the nine provinces in turn. 

To conclude, with regards to the lived experience of the poor population in South Africa, the 

aLDPxyi* exposure measure captures the experience of inequality from the perspective of 

individual day-to-day experiences, whilst the intensity_xy measure captures a community 



 

 
43 

 

effect relating to the interaction between high neighbourhood poverty rates and high 

exposure to inequality. Exposure to inequality, neighbourhood poverty rate and the 

interaction between the two (i.e. intensity_xy) may each potentially influence the attitudes 

and/or the actions of poor members of South African society.  

 

2.6 Key findings: Exposure of non -poor to poor  

 

A similar range of analyses to those presented directly above can also be carried out with 

regards to the exposure of the non-poor population to the poor population. However, the 

conceptual justification for an intensity measure is less apparent for the non-poor subgroup 

of the population, so the following analyses focus solely on the aLDPyxi*measure of 

exposure. Only a selection of results are presented here, although please see Appendix 4 for 

detailed Datazone level maps for each of the nine provinces.  

Figure 2.17 shows the national deciles of the aLDPyxi* distribution at Datazone level for the 

whole of South Africa. It is strikingly evident from this map that the places where the non-

poor population is most exposed to the poor population are predominantly located in the 

more rural areas where the levels of poverty are highest. This is of course as we would 

expect because as the poverty rate rises, the ratio of poor to non-poor people increases and 

therefore the likelihood of a non-poor person being exposed to a poor person similarly rises.  

The cartographic representation of the results shown in Figure 2.17 is backed-up by the 

tabular data presented in Tables 2.5 and 2.6.  

Table 2.5 shows the twelve municipalities with the largest absolute numbers of datazones in 

the highest exposure decile nationally on the aLDPyxi* measure. These twelve municipalities 

account for over half the datazones in highest exposure decile, with the remaining 

datazones in the highest exposure decile being located across 34 different municipalities. 

Nine of the twelve municipalities listed in Table 2.5 are located in the Eastern Cape 

province, with the other three municipalities being located in KwaZulu-Natal.  

Table 2.6 shows the twenty municipalities with the highest proportions of their constituent 

datazones in the highest exposure decile on the aLDPyxi*  measure. It is evident that six of 

the municipalities are composed entirely of datazones in the highest exposure decile, with a 

further ten municipalities being characterised by over 90% of their datazones being within 

the highest exposure decile.  
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Figure 2.17: National Datazone deciles of aLDPyxi*

 

Table 2.5: Location of datazones in the 10% highest exposure decile nationally on the 

aLDPyxi* measure 

Municipality Number Percentage 

Umzimvubu, EC 129 5.8% 

Qaukeni, EC 124 5.6% 

Mbhashe, EC 119 5.4% 

Mbizana, EC 113 5.1% 

Intsika Yethu, EC 99 4.5% 

Nyandeni, EC 92 4.2% 

Nongoma, KZN 90 4.1% 

Mhlontlo, EC 90 4.1% 

Msinga, KZN 81 3.7% 

Jozini, KZN 81 3.7% 

Engcobo, EC 73 3.3% 

Port St Johns, EC 72 3.2% 

Other (34 muns) 1053 47.5% 

Total in the 10% highest 
exposure decile nationally 2216 100.0% 
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Table 2.6: The twenty municipalities with the highest proportions of datazones in the 10% 

highest aLDPyxi*  decile nationally 

Municipality 

Number of 
datazones in 
the municipality 

Number of 
datazones in 
the 10% highest 
exposure decile 
nationally 

Percentage of 
municipality  
datazones in the 
10% highest 
exposure decile 
nationally 

Ntabankulu, EC 68 68 100.0% 

Qaukeni, EC 124 124 100.0% 

Msinga, KZN 81 81 100.0% 

Nkandla, KZN 67 67 100.0% 

Setla-Kgobi, NW 54 54 100.0% 

Port St Johns, EC 72 72 100.0% 

Elundini, EC 72 71 98.6% 

Intsika Yethu, EC 101 99 98.0% 

Mbhashe, EC 122 119 97.5% 

Engcobo, EC 75 73 97.3% 

Ingwe, KZN 54 51 94.4% 

Nongoma, KZN 96 90 93.8% 

Impendle, KZN 15 14 93.3% 

Mhlontlo, EC 97 90 92.8% 

Moshaweng, NW 41 38 92.7% 

Mbizana, EC 123 113 91.9% 

Jozini, KZN 91 81 89.0% 

Blouberg, LP 83 72 86.7% 

Indaka, KZN 57 48 84.2% 

Maphumulo, KZN 60 50 83.3% 
 

These results reflect the reality that in places such as Ntabankulu in the Eastern Cape almost 

every person is counted as being deprived according to the definƛǘƛƻƴ ƻŦ ΨƛƴŎƻƳŜ ŀƴŘ 

ƳŀǘŜǊƛŀƭ ŘŜǇǊƛǾŀǘƛƻƴΩ ŀŘƻǇǘŜŘ ƛƴ ǘƘŜ {!La5 нллмΦ tƻǾŜǊǘȅ ǊŀǘŜǎ ŀǊŜ ǎƻ ƘƛƎƘ ƛƴ ǇƭŀŎŜǎ ǎǳŎƘ ŀǎ 

these that any non-poor people living in the area are surrounded almost entirely be poor 

people, and therefore they have incredibly high levels of exposure to socio-economic 

inequality as they go about their daily lives. 

Of the twenty municipalities listed in Table 2.6, nine are located in the Eastern Cape, a 

further eight are located in KwaZulu-Natal, two are located in North West province, and one 

is located in Limpopo. 
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2.7 Conclusion 
 

In this chapter a number of possible ways in which to measure, at a small area level, 

ǇŜƻǇƭŜΩǎ ŜȄǇŜǊƛŜƴŎŜ ƻŦ ƛƴŜǉǳŀƭƛǘȅ are consideredΦ ²Ŝ ǊŜǾƛŜǿŜŘ aŀǎǎŜȅ ŀƴŘ 5ŜƴǘƻƴΩǎ ŦƛǾŜ 

dimensions of residential segregation and argued that the dimensions of exposure and 

clustering are of greatest relevance for our purposes. A measure was constructed in the 

form of a deprivation-adjusted local distance-weighted exposure index: aLDPxyi*. Although 

based on former versions of distance weighted exposure indices (Massey & Denton, 1988; 

Morgan, 1983; White, 1983), we have refined the measure in a number of ways to take into 

ŀŎŎƻǳƴǘ ǘƘŜ {ƻǳǘƘ !ŦǊƛŎŀƴ ŎƻƴǘŜȄǘΦ hǳǊ ŦƛǊǎǘ ŀŘŀǇǘŀǘƛƻƴ ǿŀǎ ǘƻ ǎƘƛŦǘ ǘƻ ŀ ΨƭƻŎŀƭΩ ŀǇǇǊƻŀŎƘ ǘƻ 

measuring exposuǊŜ όŀǎ ŎƻƳǇŀǊŜŘ ǘƻ ǘƘŜ ΨƎƭƻōŀƭΩ ŀƴŘ ΨƎŜƻƎǊŀǇƘƛŎŀƭƭȅ ǿŜƛƎƘǘŜŘΩ ŀǇǇǊƻŀŎƘŜǎ 

used by Massey and Denton). Our second adaptation was to use a combination of the 

municipal administrative geography and the set distance radius approach to establish the 

spatial bounds of potential exposure. Our third adaptation was to adopt a deprivation-

adjusted linear distance decay approach to determining the likelihood of visiting each 

neighbourhood within the given spatial bounds.  

 

Using the income and material deprivation domain of the 2001 South African Index of 

Multiple Deprivation at datazone level, we constructed exposure indices to measure 

experience of inequality from the perspective of the poor population (aLDPxyi*) and from 

the perspective of the non-poor population (aLDPyxi*). 

 

Results were presented though a series of maps, tables and charts, with primary emphasis 

placed on the measure of inequality as experienced by the poor population subgroup. It was 

demonstrated that, for this poor population subgroup, almost 90% of the highest exposure 

datazones are located within the four metropolitan municipalities of City of Cape Town, City 

of Tshwane, City of Johannesburg and Ekurhuleni. These results demonstrate that for 

members of the poor population subgroup, exposure to inequality is markedly higher in 

urban metropolitan areas, and that there can be stark differences in exposure depending on 

where within an urban (or indeed a rural) area a person lives.  

 

¢ƘŜ ΨƛƴǘŜƴǎƛǘȅΩ ƳŜŀǎǳǊŜ ǿŀǎ ǇǊŜǎŜƴǘŜŘ ŀǎ ŀ ƳŜŀƴǎ ƻŦ ƛŘŜƴǘƛŦȅƛƴƎ ƎŜƻƎǊŀphical areas where 

the resident population is afflicted by both very high poverty rates and very high exposure 

to inequality. It ƛǎ ƛƴ ǘƘŜǎŜ ΨƘƛƎƘ ƛƴǘŜƴǎƛǘȅΩ ŀǊŜŀǎ ǘƘŀǘ ǘƘŜ ǘǿƛƴ ǎǘǊŜǎǎƻǊǎ ƻŦ ǇƻǾŜǊǘȅ ŀƴŘ 

inequality might be most likely to interact to prompt people to engage in protest action or 

indeed to engage in other acts including criminal behaviour.  

 

Although the exposure indices (and therefore also the derived intensity indices) do not take 

into account exposure generated by internal, regional or global migration patterns, nor 

exposure to national or international media networks, they do serve to provide defensible 

neighbourhood-level quantitative measures of the lived experience of inequality.  
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Indices such as these can be used to explore whether there are any associations between 

exposure to inequality and incidents of social unrest and criminal activity. They can also be 

ǳǎŜŘ ǘƻ ŜȄǇƭƻǊŜ ŀǎǎƻŎƛŀǘƛƻƴǎ ōŜǘǿŜŜƴ ŜȄǇƻǎǳǊŜ ǘƻ ƛƴŜǉǳŀƭƛǘȅ ŀƴŘ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ŀōƻǳǘ 

poverty, inequality and redress, as we demonstrate in Chapter 4 of this report.   
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Chapter 3: Attitudes towards inequality 6 
 

3.1 Introduction  

 
Following the Second World War, there emerged an increasing research interest, 

predominantly in the United Kingdom and United States, on the motivating role the views 

ƻƴ ƧǳǎǘƛŎŜ Ǉƭŀȅ ƛƴ ǇŜƻǇƭŜΩǎ ƭƛǾŜǎ ŀƴŘ ƛƴ ǘƘŜ ǎǳǇǇƻǊǘ ŦƻǊ ǎƻŎƛŀƭ ǇƻƭƛŎȅ ƳŜŀǎǳǊŜǎ ŀǘ ǘƘŜ ƳŀŎǊƻ 

ƭŜǾŜƭΦ bƻǘŀōƭŜ ŘŜǾŜƭƻǇƳŜƴǘǎ ƛƴŎƭǳŘŜŘ ǘƘŜ ŜƳŜǊƎŜƴŎŜ ƻŦ ǘƘŜƻǊƛŜǎ ǊŜƭŀǘƛƴƎ ǘƻ ǇŜƻǇƭŜΩǎ ōŜƭƛŜŦ 

in a just world (Lerner 1965, 1971, 1980; Lerner and Simmons 1966; Rubin and Peplau 1973, 

1975; Lerner and Miller 1978), inequality aversion (Glejser et al. 1977, Gevers et al. 1979; 

Shorrocks 1980), system justification (Jost and Banaji 1994; Jost et al. 2004), social 

dominance orientation (SDO; Pratto, Sidanius, Stallworth, and Malle 1994) as well as 

conservatism (Wilson and Patterson 1968; Jost, Glaser, Kruglanski & Sulloway, 2003). 

Building on this early conceptual and theoretical work, there has been a rapid expansion 

over the last few decades of national and cross-national inquiry into attitudes about 

economic inequality and deprivation. As inequality and distributional issues came back onto 

the research agenda in the 1990s after a decade or more of relative neglect (Atkinson 1997; 

Atkinson and Bourguinon 2000; Kanbur and Lustig 1999), so too did the parallel interest in 

public values concerning inequalities in their society, social security provision, progressive 

taxation and other redistributive policies and programmes (for example, Kluegel and Smith 

1986; Piketty 1995; Bromley 2003; Hills 2004; Sefton 2005; Orton and Rowlingson 2007; 

McCall and Kenworthy 2009). While similar evidence from developing and high-inequality 

societies has tended to lag behind in this field of endeavour, changes in the availability of 

national and cross-national data has been to open up new lines of inquiry. For South Africa, 

ǿƘƛŎƘ ŎƻƴǘƛƴǳŜǎ ǘƻ Ǌŀƴƪ ŀƳƻƴƎ ǘƘŜ ǿƻǊƭŘΩǎ Ƴƻǎǘ ǳƴŜǉǳŀƭ ǎƻŎƛŜǘƛŜǎΣ ƛǘ ŎƻǳƭŘ ōŜ ŀǊƎǳŜŘ ǘƘŀǘ 

there is a fundamental need for a nuanced understanding of the general beliefs, preferences 

and policy attitudes in relation to inequality and redress and how these are changing over 

ǘƛƳŜΦ ¢Ƙƛǎ ƛǎ ŜǎǇŜŎƛŀƭƭȅ ǊŜƭŜǾŀƴǘ ƎƛǾŜƴ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘΩǎ ŎƻƴǘƛƴǳŜŘ ǇǳǊǎǳŀƴŎŜ ƻŦ ŀ 

transformative social policy programme to address the colonial and apartheid legacies of 

deprivation and marginalisation and protect citizens against new vulnerabilities posed by 

the workings of the global economy.  

 

As the country approaches the close of its second decade of democracy, there has been 

mounting reflection by policymakers, social scientists and the informed public alike on the 

state of the nation and social change ς the achievements, the disappointments, as well as 

aspirations and plans for the future. Social unrest over the distribution of resources in 

                                                             
6 This chapter is based on a pre-publication version of an article on inequality attitudes that draws on analysis 
conducted as part of the Pathfinder Grant. The final version of the article was published in September 2014, 
with the following citation: Roberts, BJ (2014) Your Place or Mine? Beliefs About Inequality and Redress 
Preferences in South Africa. Social Indicators Research, 118(3), pp. 1167-1190. The article can be downloaded 
from the following URL: http:/ /link.springer.com/article/10.1007%2Fs11205-013-0458-9  

http://link.springer.com/article/10.1007%2Fs11205-013-0458-9
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recent years has also prompted concerns about living conditions, quality of life and the pace 

and effectiveness of the development and redress agenda in a society that is oft cited as one 

ƻŦ ǘƘŜ ǿƻǊƭŘΩǎ Ƴƻǎǘ ǳƴŜǉǳŀƭ ǎƻŎƛŜǘƛŜǎΦ  !ƭǘƘƻǳƎƘ ŎŜƴǎǳǎ ŀƴŘ ƘƻǳǎŜƘƻld survey data have 

demonstrated that incomes have been growing for all race groups in the country, income 

inequality has not exhibited a declining trend since the early 1990s. In fact, aggregate 

inequality estimates have shown that the post-apartheid period has been characterised by a 

moderate rise in inequality with income increasingly concentrated in the richest income 

decile (Leibbrandt et al. 2010, 2011). At the political level, it has been contended that the 

African National Congress (ANC) government has placed greater emphasis on addressing 

poverty and deprivation than reducing inequalities, with income disparities being 

ŎƻƴǎƛŘŜǊŜŘ ŀ άƴŜŎŜǎǎŀǊȅ ǇǊƛŎŜ ŦƻǊ ŜŎƻƴƻƳƛŎ ƎǊƻǿǘƘέΣ ōǳǘ ǘƘŀǘ ǘƘŜ нллт !b/ ŎƻƴŦŜǊŜƴŎŜ ƛƴ 

Polokwane significantly altered this position (Habib 2012).  

 

¢Ƙƛǎ !b/ ŎƻƴŦŜǊŜƴŎŜ Ƙŀǎ ŜŦŦŜŎǘƛǾŜƭȅ άōǊƻǳƎƘǘ ƛƴŜǉǳŀƭƛǘȅ ƛƴ ŦǊƻƳ ǘƘŜ ŎƻƭŘέ ό!ǘƪƛƴǎƻƴ нллоύ ƛƴ 

the domestic political context and, since 2009, the Zuma administration has placed a strong 

emphasis on tackling inequality alongside poverty and unemployment as three core 

ŜŎƻƴƻƳƛŎ ŎƘŀƭƭŜƴƎŜǎ ŦŀŎƛƴƎ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ŘŜǾŜƭƻǇƳŜƴǘΦ ¢ƘŜ !b/Ωǎ ƳŀƴƛŦŜǎǘƻ ŦƻǊ ǘƘŜ нллф 

Election lamented the persistence of and rising trend in inequality in South African society, 

making reference to labour market disparities, the stark spatial concentration of wealth, and 

the skewed distribution of the gains from economic growth, while also appealing to the 

ǇǊƛƴŎƛǇƭŜ ŀǊǘƛŎǳƭŀǘŜŘ ƛƴ ǘƘŜ мфрр CǊŜŜŘƻƳ /ƘŀǊǘŜǊ ǘƘŀǘ άǘƘŜ ǇŜƻǇƭŜ ǎƘŀƭƭ ǎƘŀǊŜ ƛƴ ǘƘŜ 

ŎƻǳƴǘǊȅΩǎ ǿŜŀƭǘƘέ ŀǎ ǘƘŜ ōŀǎƛǎ ŦƻǊ ŀ renewed commitment to economic transformation (ANC 

2009). This emphasis on creating a more equitable society in coming decades has been 

reaffirmed by the recent publication of two notable policy documents, namely the National 

Growth Path (NGP 2010) by the aƛƴƛǎǘǊȅ ƻŦ 9ŎƻƴƻƳƛŎ 5ŜǾŜƭƻǇƳŜƴǘ ŀƴŘ ǘƘŜ tǊŜǎƛŘŜƴŎȅΩǎ 

National Development Plan 2030: Our Future - Make it Work (NDP 2012). Both documents 

adopt inequality reduction as a core priority. The NDP, which provides a detailed long-term 

strategy for the country, makes no fewer than 165 direct references to inequality and 

explicitly targets the elimination of income poverty between 2010 and 2030 alongside a 

decline in the Gini coefficient from 0.69 to 0.60, with the share of income accruing to the 

bottom 40 percent of income earners expected to rise moderately from 6 to 10 percent 

(Republic of South Africa 2012). 

 

As the state embarks on this ambitious developmental agenda, it is important to examine 

popular beliefs regarding income inequality in South African society as well as support for 

redistribution. A number of reasons have been offered as to why public attitudes towards 

inequality and redistribution matter fundamentally, many of which have strong resonance 

with the South African context. Such attitudes and the direction they follow over time have 

been shown to exert some influence on the adoption of certain legislation and public 

policies, especially those bearing on social security and socioeconomic redress (Kluegel and 

Smith 1986). There is also the effect such beliefs may have on political behaviour or action, 
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including electoral participation and choice as well as joining social movements and 

engaging in protest action, while the perceived fairness of policies may facilitate or impede 

their effective implementation. Examining and better understanding recent trends in public 

attitudes about inequality may further serve as a firm basis for predicting as well as 

monitoring likely changes in the medium- to long-term (Rowlingson et al. 2010).  

 

Many domestic examples exist that speak to the potential political and policy importance of 

inequality attitudes. For instance, around the time of the 2011 local government elections, 

grassroots movements and civil society groups discontent with the pace and nature of the 

ǎǘŀǘŜΩǎ ǇǊƻǾƛǎƛƻƴ ƻŦ ōŀǎƛŎ ǎŜǊǾƛŎŜǎ ŀƴŘ ǊŜŘƛǎǘǊƛōǳǘƛƻƴ ƛƴǘŜǊǾŜƴǘƛƻƴǎ ƭƻōōƛŜŘ ŦƻǊ ŀƴ ŜƭŜŎǘƻǊŀƭ 

ōƻȅŎƻǘǘΣ ǿƛǘƘ ǘƘŜ tƻƻǊ tŜƻǇƭŜΩǎ !ƭƭƛŀƴŎŜ ǳǎƛƴƎ ǘƘŜ ǎƭƻƎŀƴ άƴƻ ƭŀƴŘΣ ƴƻ ƘƻǳǎŜΣ ƴƻ ǾƻǘŜέΦ 

During 2012, widespread opposition was registered in relation to the introduction of 

electronic tolling system (e-ǘƻƭƭƛƴƎύ ƻƴ ǘƘŜ ŦǊŜŜǿŀȅǎ ƻŦ ǘƘŜ ŎƻǳƴǘǊȅΩǎ Ƴƻǎǘ ǇƻǇǳƭƻǳǎ 

province, Gauteng, and was labelled by the Congress of South African Trade Unions 

ό/h{!¢¦ύ ŀǎ ŀ ŦƻǊƳ ƻŦ άŜŎƻƴƻƳƛŎ apartheidέ ǘƘŀǘ ǿƻǳƭŘ ŀŘǾŜǊǎŜƭȅ ƛƳǇŀŎǘ ǘƘŜ Ǉƻor and 

perpetuate social inequality and exclusion. The violence associated with protest action by 

farmworkers in the Western Cape and mineworkers in North West province during 2012 

and early 2013 in demand of a living wage suggested not only a growing concern over an 

acceptable basic standard of living but also a growing awareness and frustration with 

persisting inequalities. In a final example, public hearings regarding proposed double-digit 

electricity tariff increases held across the country in early 2013 were marked by public 

demonstrations over concerns about the social consequences on the domestic and business 

sectors.  

 

Lƴ ǎǇƛǘŜ ƻŦ ǎǳŎƘ ŜȄŀƳǇƭŜǎ ŀƴŘ ǘƘŜ ƴŀǘǳǊŜ ƻŦ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ƛƴŎƻƳŜ ŘƛǎǘǊƛōǳǘƛƻƴΣ ƛǘ ǎŜŜƳǎ 

somewhat incongruous that there is not a rich empirical literature on the beliefs of South 

Africans about the unequal distribution of poverty and deprivation and the policy measures 

that have been introduced to address the situation since the fall of apartheid in 1994. Work 

in the late 1990s explored the understanding of poverty and differential notions of social 

solidarity among elites (especially between ANC- and non-ANC elites) in the country (Kalati 

and Manor 1999, 2005). Using nationally representative data, Roberts (2006) explored 

public perceptions of inequality aversion, relative deprivation and support for various 

compensatory and preferential redistributive measures, while Wegner and Pellicer (2011) 

examine changes in the demand for redistribution in the country. At a more micro level, 

Seekings (2008) also examined racial differences in perceptions of distributive justice using 

representative data for Cape Town. There is also a small but growing body of evidence on 

beliefs about specific redistributive measures, such as affirmative action (Dixon et al. 2007; 

Durrheim 2010; Durrheim et al. 2011; Roberts et al. 2011), land reform (Gibson 2010) and 

social grants (Noble et al. 2008; Surender et al. 2010).  
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Half a century ago, in his influential book Income Distribution and Social Change (1962), the 

social policy scholar Richard Titmuss conveyed the importance of moving beyond the 

distributional picture offered by official income statistics to provide a fuller account of the 

reality of widening divisions between social classes in relation not only to command over 

income but in other domains too.  

 

Accordingly, the analysis presented in this chapter of the report aims to make a modest 

contribution towards providing a different perspective on inequality in South Africa, 

extending beyond the typical examination of Gini coefficients and Theil indices to provide a 

fuller understanding of the nature and distribution of public attitudes towards economic 

inequality and government redistribution inequality in contemporary South African society. 

This will include, where possible, evidence on the extent to which there has been continuity 

or change in these social values over the last decade. In approaching the study, we 

hypothesise that the economically disadvantaged in South Africa will tend to exhibit greater 

awareness of and aversion for the current social structure in the country relative to 

wealthier citizens. Moreover, we anticipate a similar negative association between social 

class and support for state-led redistribution, and specific social policies pursued by the 

post-apartheid developmental state to foster redress. 

 

The remainder of the chapter is structured as follows. The next section will briefly describe 

the data employed in the study. Section 3 provides descriptive evidence on the nature and 

trends in attitudes towards income inequality in the country, including aversion for 

inequality, preferences for changes in the class structure, perceived class tensions as well as 

views on wage inequality. This is followed in section 4 by an examination of preferences for 

government redistribution and well as patterns of support for and opposition to specific 

redress policies. Section 5 concludes by discussing the social policy implications of the 

results. 

 

3.2 Data 

 

¢ƘŜ Řŀǘŀ ŦƻǊ ǘƘŜ ǇǊŜǎŜƴǘ ǎǘǳŘȅΩǎ ŀƴŀƭȅǎƛǎ ŎƻƳes from the South African Social Attitudes 

Survey (SASAS), a nationally representative, repeated cross-sectional survey that has been 

conducted by the Human Sciences Research Council (HSRC) on an annual basis since 2003. 

Designed as a time series, SASAS aims to provide a long-term account of the speed and 

direction of change in underlying public values and the social fabric of modern South Africa. 

¢ƘŜ ǎŀƳǇƭŜ ŦƻǊ ŜŀŎƘ ȅŜŀǊΩǎ ǊƻǳƴŘ ƻŦ ƛƴǘŜǊǾƛŜǿƛƴƎ Ŏƻƴǎƛǎǘǎ ƻŦ ŀ ŎǊƻǎǎ-section of individuals 

aged 16 years and older residing in private households, hostels and other structures, 

regardless of nationality or citizenship. Each probability sample is based on a sub-sample of 

500 Population Census enumeration areas (EAs), stratified by province, geographical sub-

type and majority population group. A split sample design is used, with two different 
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questionnaire versions being administered to 3,500 target respondents each year in order to 

accommodate increased thematic content.  Apart from a standard set of demographic and 

background variables, the questionnaires contain a core module, which is repeated each 

round, with the aim of monitoring change and continuity in a variety of socio-economic and 

socio-political variables over time. In addition to the core module, each round of 

interviewing accommodates rotating modules on specific themes, the aim being to provide 

detailed attitudinal evidence to inform policy and academic debate. The series relies on 

face-to-face interviewing using a paper-and-pencil survey design, and the English source 

questionnaires are translated into and administered in other official languages. The study 

ŘŜǎƛƎƴ ŀƴŘ ǊŜǎŜŀǊŎƘ ǘƻƻƭǎ ǿŜǊŜ ŀǇǇǊƻǾŜŘ ōȅ ǘƘŜ I{w/Ωǎ wŜǎŜŀǊŎƘ 9ǘƘƛŎǎ /ƻƳƳƛǘǘŜŜ όw9/ύΦ 

Participants are asked for written informed consent, while written permission for young 

South Africans less than 18 years is also secured from their parents/guardians. 

 

Through SASAS, the country has been a formal member of International Social Survey 

Program (ISSP) since 2003. Of particular interest to the present study is the ISSP Social 

Inequality IV Module, which was fielded as part of the seventh SASAS round in late 2009. 

This module provides the best available comparative data on public opinion regarding 

inequality and government redistribution, with modules on ǘƘŜ ǘƘŜƳŜ ƻŦ ΨǎƻŎƛŀƭ ƛƴŜǉǳŀƭƛǘȅΩ 

being fielded in 1987, 1992, 1999 and 2009 (Kelley and Evans 1993; Evans and Kelley, 2004; 

Brooks and Manza 2006; Lubker 2006; Osberg and Smeeding 2006; Svallfors 2006; 

Kenworthy and McCall 2008; Kelley and Evans 2009; Kelley and Kelley 2009). For this reason, 

the 2009 SASAS data will be the primary empirical source used, though a number of the ISSP 

measures are also repeated regularly in the SASAS series, which in some instances allows for 

data from a number of rounds to be included to provide a fuller account of stability and 

change in beliefs and preferences.  

 

In Table  basic characteristics of the individual SASAS data cycles employed for analysis are 

provided as well as the total sample on select socio-demographic background indicators. 

Descriptive statistics of the 2009 ISSP round are also presented. One of the basic concerns 

and considerations with combining different cycles across a period of a decade is whether or 

not the population of South African adults has changed in any appreciable way over the 

interval. Although the characteristics of the population are unlikely to have altered 

significantly between any two adjacent SASAS cycles, greater caution needs to be exercised 

in integrating cycles that are five or more years apart (Wendt 2007). In our favour is the fact 

that the samples in each cycle of the SASAS series were designed to represent a consistent 

target population, namely South Africans aged 16 years and older living in private residence 

(excluding those living in institutions). These samples have been gathered in the same 

manner across the years using standardised collection methods and a comparable sample 

design. The results presented in the table suggest that population attributes that are of 

particular relevance to the study have remained broadly similar over the decade under 

review. This is true when examining age, gender, race, educational attainment, employment 
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status and geographic location. This is encouraging in relation to arguments favouring the 

integrating or pooling of data across cycles.  

 

Two approaches were used to integrate the data across the available SASAS cycles (Wendt 

2007). In preparing the trends in inequality aversion and support for state-led redistribution 

in Tables 3.1 and 3.4, separate estimates were computed for each cycle after which they 

were combined into a single multi-cycle estimate. The second approach that was used 

involved a simple pooling of the data sets from the 2003 to 2012 cycles and calculating 

estimates based on this pooled data. This was used in preparing the subgroup statistics for 

support for government redistribution over the 2006-2012 period that is contained in Table 

3.5 and race-based differences in redress policy support in Table 3.7. More importantly, it 

was relied upon for increasing the sample sizes of domains in examining race and cohort 

differences in policy support within race group, as presented in Table 3.8. Although our 

analyses convey a relative stability in the South African population between 2003 and 2012, 

some small differences are likely to exist. Yet, the expectation is that these would not have a 

considerable effect on the sample and the analysis we perform. Nonetheless, it is 

appropriate that some degree of caution should be exercised in interpreting the findings 

based on the pooled data.  

 

3.3 General beliefs about economic inequality  

3.3.1 Inequality aversion  

 

It could be argued that, in tackling pervasive income and other social inequalities in South 

African society, one of the fundamental prerequisites would be for a broad-based 

recognition or awareness that income inequality is detrimental to developmental progress. 

Several measures are present in SASAS generally and the ISSP specifically that enable us to 

explore the extent of inequality aversion in the country and income distribution 

preferences, and we explore these in detail below. The first of these items is a common 

question included in both SASAS and ISSP to provide an indicative sense of awareness of 

income inequality. It involves asking respondents to state using a five-point agreement scale 

ǘƘŜ ŜȄǘŜƴǘ ǘƻ ǿƘƛŎƘ ǘƘŜȅ ǎǳǇǇƻǊǘ ƻǊ ǊŜƧŜŎǘ ǘƘŜ ƴƻǘƛƻƴ ǘƘŀǘ ά5ƛŦŦŜǊŜƴŎŜǎ ƛƴ ƛƴŎƻƳŜ ƛƴ {ƻǳǘƘ 

!ŦǊƛŎŀ ŀǊŜ ǘƻƻ ƭŀǊƎŜέΦ YŜƴǿƻǊǘƘȅ ŀƴŘ aŎ/ŀƭƭ όнллуΥ оуύ ƴƻǘŜ ǘƘŀt this measure combines 

individual awareness of the scale of inequality together with judgements about the fairness 

of this perceived level of inequality.  

 

As shown in Table 3.1, in late 2012, a considerable majority of South Africans (91%) agreed 

ǘƘŀǘ άŘƛŦŦŜǊŜƴŎŜǎ ƛƴ ƛƴŎƻƳŜ ƛƴ {ƻǳǘƘ !ŦǊƛŎŀ ŀǊŜ ǘƻƻ ƭŀǊƎŜέΣ ǿƛǘƘ ŀǇǇǊƻȄƛƳŀǘŜƭȅ ǘǿƻ-fifths 

(46%) expressing strong support with the statement. The table also shows the pattern of 

responses over the last decade, revealing a modest decline in aversion between 2003 and 
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2005, after which there was a steady increase as the effects of the global economic crisis set 

in during the late 2000s. 

 

Since this inequality aversion measure has been included in the 2009 ISSP social inequality 

module, we are able to examine the extent to which South Africans approximate or differ 

from citizens of other countries in their professed level of aversion. From Figure 3.1, it is 

apparent that South Africa is ranked tenth out of 40 countries in terms of the total 

percentage expressing an aversion to inequality. This ranges from a low in the Philippines 

and Norway (51% and 61% respectively) to a high in Hungary and the Ukraine (96% and 97% 

respectively).  

 

 

Table 3.1: Aversion to income inequality in South Africa, 2003-2012 

άLƴŎƻƳŜ ŘƛŦŦŜǊŜƴŎŜǎ ƛƴ 
{ƻǳǘƘ !ŦǊƛŎŀ ŀǊŜ ǘƻƻ ƭŀǊƎŜέ 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 

All 
years 

Strongly agree 38 39 36 41 43 40 41 38 41 46 40 

Agree 44 42 38 42 44 45 48 50 45 44 44 

Neutral 6 7 8 5 7 7 4 5 6 5 6 

Disagree 4 5 9 6 3 3 2 4 3 3 4 

Strongly disagree 2 4 4 1 1 1 0 0 1 0 1 

(Do not know) 5 3 6 5 3 5 4 3 4 1 4 

Total 100 100 100 100 100 100 100 100 100 100 100 

% strongly agree / agree 83 81 73 84 87 84 90 89 86 91 85 

Mean score * 4.12 4.06 3.92 4.18 4.26 4.20 4.28 4.22 4.21 4.33 4.19 

Base N 2462 2781 2844 2934 3164 3310 3284 3155 3016 2473 29423 

bƻǘŜΥ ϝ ¢ƘŜ ƳŜŀƴ ǎŎƻǊŜǎ ŀǊŜ ōŀǎŜŘ ƻƴ ŀ ǊŜǾŜǊǎŜŘ ǎŎŀƭŜΣ ǿƘŜǊŜ мҐǎǘǊƻƴƎƭȅ ŘƛǎŀƎǊŜŜ ŀƴŘ рҐǎǘǊƻƴƎƭȅ ŀƎǊŜŜΦ Ψ5ƻ 
ƴƻǘ ƪƴƻǿΩ ǊŜǎǇƻƴǎŜǎ ǿŜǊŜ ŎƻƳōƛƴŜŘ ǿƛǘƘ ƴŜǳǘǊŀƭ ǊŜǎǇƻƴǎŜǎΦ  

 

With regard to the existence of socio-demographic variation in mean inequality aversion 

scores, an examination of the pooled 2003-2012 data revealed that notable differences are 

evident based upon birth cohort, race, educational attainment, employment status and 

geographic location. Lower mean inequality aversion scores are observed for: those born 

before 1940 relative to all other cohorts; white South Africans compared with other 

population groups; the non-poor vis-à-vis the poor and vulnerable; the labour inactive 

(pensioners, students and discouraged work-seekers) in comparison with full time 

employees and unemployed work-seekers; and residents of formal urban areas in relation 

to rural dwellers.  

 

While these findings seem to suggest that a race and class gradient underlies inequality 

aversion, some caution needs to be exercised. If one examines the extent to which different 

groups agree that the income gap is too large, we find that more than three-quarters of the 

pre-1940 cohort, white South Africans, the non-poor, the labour inactive, and formal urban 

residents express concern about the high level of income inequality that continues to 
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characterise South Africa. Therefore, where discernible subgroup differences exist, they 

tend to occur at the upper margins of the measurement scale. In fact, it is fair to state that 

the professed aversion for inequality is widespread and common across socio-economic 

groups in South African society. This is notable in that it conveys a positive message that 

South Africans are broadly united in principle in their opposition to persisting income 

inequalities.  

 

Figure 3.1: Aversion to income inequality in comparative perspective, 2009  

 
Note: Bars represent the percentage of respondents that agree or strongly agree with ǘƘŜ ǎǘŀǘŜƳŜƴǘ άLƴŎƻƳŜ 

ŘƛŦŦŜǊŜƴŎŜǎ ƛƴ ώ/h¦b¢w¸ϐ ŀǊŜ ǘƻƻ ƭŀǊƎŜέ 

Source: own analysis based on International Social Survey Programme 2009 data.  

 

 

Another ISSP measure that aims to capture public views towards economic inequality draws 

on an approach based on pictorial and verbal representations of societal stratification that 

was experimented with in the late 1970s and extended to cross-national research from the 

1990s onwards (Evans et al. 1992; Kenworthy and McCall 2008; Sachweh and Olafsdottir 

2012). Respondents are presented with five diagrams portraying possible class distributions, 

each with labels depicting those possible societies, as follows:  (i) a society with a small 

group of rich people at the top, very few people in the middle and the great majority of 

people at the bottom; (ii) a society with a small group of rich people at the top, more people 

in the middle, and most at the bottom; (iii) a similar society except that just a few people 

are at the bottom; (iv) a society with most people in the middle; and (v) many people near 

the top, and only a few near the bottom. The respondents were then asked to decide which 

image they believed most closely depicts South Africa today as well as their preference for 

what the country should ideally look like.   
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Table 3.2: Perceived stratification realities and aspirations in South Africa (2009) 

  Type of society South 
Africa is today 

(Perceived 
stratification realities) 

Type of society South 
Africa ought to be like 

(Stratification 
aspirations) 

Type A  A small group of rich people at the top, 
very few people in the middle and the 
great majority of people at the bottom. 50 3 

Type B  A society with a small group of rich 
people at the top, more people in the 
middle, and most at the bottom. 29 8 

Type C  Similar to Type B except that just a few 
people are at the bottom 
 8 9 

Type D  A society with most people in the 
middle. 
 8 45 

Type E  Many people near the top, and only a 
few near the bottom. 
 3 32 

ό/ŀƴΩǘ ŎƘƻƻǎŜύ  3 4 

Total  100 100 

Mean*  30.9 87.6 
*Mean level of inequality in the social structure, scored using Evans et al (1992) 

 

From Table 3.2, it is again apparent that South Africans perceive the country as highly 

unequal, with half the population viewing the society as consisting of a small class of elites 

with a significant mass at the bottom of the distribution, with a further 29 percent stating 

the country has a more pyramidal shape with a small elite on top, larger intermediate 

classes and a sizable class at the base of the structure. Around a fifth (19%) chose one of the 

three more equalitarian society types. Turning to preferences regarding stratification in the 

country, there was robust support for a more equalitarian structure, with slightly more than 

three-quarters (77 percent) preferring South African society to be characterised by a 

situation where most are either in middle or upper classes (Types D or E). Using the scoring 

system proposed by Evans et al. (1992), which ranges from 0 for Type A (most elitist) to 100 

for Type E (most egalitarian)7, we find that this preference signifies a shift from an average 

of 31 to an ideal of 88. Therefore, as with the case of the inequality aversion indicator, 

South Africans are cognisant of the extreme class-based inequalities that exist in the country 

and there is a stark disparity between this view of present reality and the type of society 

citizens ideally envision. 

 

  

                                                             
7
 More specifically, the Evans et al. scoring system is as follows: Type A is assigned a value of 0, B is scored as 

47, C as 80, D as 93, and finally the equalitarian Type E is given a value of 100.  
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3.3.2 Perceived class tensions  

 

One measure that is used as an indication of the quality of society concerns views on the 

presence and extent of distributional conflict, since this may exert an influence on individual 

ǿŜƭŦŀǊŜ ό5ŜƭƘŜȅ Ŝǘ ŀƭΦ нллнύΦ ¢ƘŜ нллф L{{t ƳƻŘǳƭŜ ŀǎƪŜŘ ǊŜǎǇƻƴŘŜƴǘǎ ǘƘŜ ŦƻƭƭƻǿƛƴƎΥ άLƴ ŀƭƭ 

countries, there are differences or even conflicts between different social groups. In your 

ƻǇƛƴƛƻƴΣ ƛƴ {ƻǳǘƘ !ŦǊƛŎŀ Ƙƻǿ ƳǳŎƘ ŎƻƴŦƭƛŎǘ ƛǎ ǘƘŜǊŜ ōŜǘǿŜŜƴΧ όƛύ ΦΦΦǇƻƻǊ ǇŜƻǇƭŜ ŀƴŘ ǊƛŎƘ 

ǇŜƻǇƭŜΚΤ όƛƛύ ΦΦΦǇŜƻǇƭŜ ŀǘ ǘƘŜ ǘƻǇ ƻŦ ǎƻŎƛŜǘȅ ŀƴŘ ǇŜƻǇƭŜ ŀǘ ǘƘŜ ōƻǘǘƻƳΚ έΦ !ƴǎǿŜǊǎ ŀǊŜ 

captured on a four-point scale ranƎƛƴƎ ŦǊƻƳ άǾŜǊȅ ǎǘǊƻƴƎ ŎƻƴŦƭƛŎǘǎέ ǘƻ άƴƻ ŎƻƴŦƭƛŎǘǎ ŀǘ ŀƭƭέΦ 

The aggregate pattern of responses in both cases is virtually indistinguishable, with 55 

percent of South Africans perceiving strong or very strong class tensions, close to a quarter 

(23% and 25% respectively) reporting only slight tensions and slightly under a fifth reporting 

no tensions.  Perceived conflict is again a relatively common feature across social classes, 

with considerable shares reporting conflict irrespective of whether one belongs to the 

poorest or wealthiest asset quintile (Figure 3.2).  

 

Figure 3.2: Perceived class tensions by asset quintiles, 2009 (% perceiving strong or very 

strong conflict) 

 
Source: HSRC SASAS 2009. 

 

 

3.3.3 Perceptions of pay differenti als 

 

Leibbrandt et al. (2010, 2012) demonstrate that the level of overall income inequality in the 

country increased between 1993 and 2008, with income becoming increasingly 

concentrated in the top decile and the Gini coefficient rising by four percentage points from 

0.66 to 0.70 over the period. Decomposition analysis shows that wage income accounts for 
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approximately 85% of income inequality in the country, signifying that the labour market 

has a predominant role in driving persisting income disparities, with educational disparities 

a key underlying factor (Van der Berg, 2011).8 This economic situation has assumed 

increasing importance in the aftermath of the Marikana massacre of August 2012, in which 

34 Lonmin platinum mine workers were fatally shot by police officers while striking in 

relation to demands for fair remuneration (Alexander et al. 2012). This event has provoked 

vigorous economic policy debate about wage inequality, standard of living and quality of life 

in the country. President Zuma himself made the symbolic proposal at an emergency 

economic summit in October 2012 that CEOs and executive directors in both the public and 

private sectors institute a freeze in salaries and bonuses during 2013 as the gesture to lay 

the basis for a commitment to buƛƭŘƛƴƎ ŀƴ άŜǉǳƛǘŀōƭŜ ŜŎƻƴƻƳȅέΦ ¢Ƙƛǎ ǿŀǎ ŦƻƭƭƻǿŜŘ ōȅ ǘƘŜ 

announcement in November that Cabinet and directors-general had agreed to the one-year 

Ǉŀȅ ŦǊŜŜȊŜ ǘƻ άŘŜƳƻƴǎǘǊŀǘŜ ǎŜǊƛƻǳǎƴŜǎǎ ǿƛǘƘ ǊŜƎŀǊŘǎ ǘƻ ŘŜŀƭƛƴƎ ǿƛǘƘ ƛƴŜǉǳŀƭƛǘȅ ŀƴŘ ƛƴŎƻƳŜ 

ŘƛǎǇŀǊƛǘƛŜǎέ ό½ǳƳŀ нлмн), with the South African Reserve Bank following suit in early 

December. Issues of inequality and redistributive economic policies also featured at the 

2012 ANC 53rd national elective conference in Mangaung in late December 2012.  

 

While discussion about such proposals have been occurring in policymaking and academic 

circles, limited empirical evidence exists on the public view regarding pay differentials. It is 

therefore instructive to examine the measures included in the 2009 ISSP module on 

legitimate pay earnings. Respondents were initially asked to estimate the gross monthly 

income of five different occupations, ranging from an unskilled worker to a Cabinet minister, 

after which they were requested to specify what they thought people in these occupations 

ought to be earning. As Kuhn (2010: 219) cautions, what the real wages of the different 

occupations is not of interest here, as misperceptions of wage rates may explain why 

different individuals express varying levels of support for redistribution.  

 

  

                                                             
8
 Leibbrandt et al. (2010, 2012) decompose income into four main sources,  specifically (i) remittances; (ii) 

wage income (including self-employment); (iii) social assistance in the form of social grants; and (iv) capital 
income (e.g. dividends, interest, rent income, imputed rent from residing in own dwelling and private 
pensions). 
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Table 3.3: Individuals subjective estimates of actual and preferred occupational earnings 

(2009)  

 

Perceived actual 
monthly wage 

Preferred ethical 
wage 

Difference between 
perceived actual and 

ethical wages (percent) 
 

Rands Ratio  Rands Ratio  

Unskilled worker in a factory R 2 308 1.0 R 3 334 1.0 44.5 

Shop assistant R 2 882 1.2 R 4 023 1.2 39.6 

Doctor in general practice R 33 287 14.4 R 28 918 8.7 -13.1 

Chairman (sic) of a large national company R 41 809 18.1 R 39 974 12.0 -4.4 

Cabinet minister R 86 745 37.6 R 62 755 18.8 -27.7 

Source: HSRC SASAS 2009.  
Notes: the table provides average estimates of actual and preferred wages (in ZAR, gross per month). The ratio 
in the third and fifth columns is a simple division of the mean earnings of different job categories by that of an 
unskilled worker, so that the latter takes on a value of 1. The values in the final column are the percentage 
differences between the perceived ethical and actual wages. 

 

Based on the descriptive statistics presented in Table 3.3, several observations can be made. 

Firstly, South Africans perceive sizable differences in earnings between occupations, with 

doctors seen as earning 14 times more than a unskilled worker, a company chairperson 18 

times higher and a Cabinet minister 38 times more. Secondly, there is a strong preference 

for the wages of unskilled or low-skilled workers to increase significantly, with a 

concomitant desire for the wages of higher occupational categories to be lower than current 

perceived levels.  At the time of interviewing in late 2009, South Africans on average 

support a 45 percent rise in the gross monthly earnings of an unskilled worker from about 

R2 300 to R3 330, and a 40 percent increase in the wages of a shop assistant from 

approximately R2 880 to R4 020.  At the other end of the occupational spectrum, there is a 

particularly strong demand for the salaries of Cabinet ministers to be reduced (by 28 

percent), followed to a lesser degree by a reduction in wages of general practitioners (by 

13%), with only a modest preferred reduction in the wages of company chairpersons (4%). 

Thirdly, the ranking of occupations based on ethical wages remains unchanged relative to 

perceived actual earnings, with South Africans on the whole appearing rather tolerant of 

large earnings differentials despite the recognition of the need for a narrowing of the gap 

between lower and higher occupational classes. These findings are all broadly consistent 

with other analyses of subjective wage inequality using ISSP data (Taylor-Gooby 2005; 

Scalon and Cano 2008; Kuhn 2010).  

 

In sum, the preceding analysis offers a fairly consistent and convincing portrayal of the 

concern expressed by the South African public over the extent of income and wage 

inequality in the country and the general preference that exists for a reduction in such 

differences.  The SASAS data series shows that a sizable majority (exceeding 80 percent) of 

the adult population believe that income differences are too large. Furthermore, the results 

suggest that the public feels that such inequalities may have compromised efforts at 

promoting a socially cohesive society, with a significant share stating that there exist strong 
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class tensions in the country. Since the labour market in South Africa represents the 

predominant source of income inequality in the country, it is also important to observe that 

the public is keenly aware of and favours a narrowing in wage inequality between different 

occupations, through both an increase of incomes among the low paid and a reduction at 

the top end. The fact that these findings are evident across the class spectrum is important 

for South African democracy, as it suggests that in principle there exists a relatively broad 

consensus about income and wage inequalities in the country, both in terms of awareness 

and preferences for change. What remains to be seen is whether there exists an equally 

resolute belief concerning state-led redress, and what factors shape such support for 

redistribution in South Africa. This will be examined empirically in the next section. 

 

3.4 Support for Government Role in Redistribution  
 

Redistribution represents one of the core, traditional roles assumed by the state (Alesina 

and Le Ferrara 2005), and given both the persistently high level of income inequality that 

ǊŜƳŀƛƴǎ ƛƴ {ƻǳǘƘ !ŦǊƛŎŀƴ ǎƻŎƛŜǘȅ ŀƴŘ ǘƘŜ ǇǳōƭƛŎΩǎ ƎŜƴŜǊŀƭ ŀǾŜǊǎƛƻƴ ŦƻǊ ƛƴŜǉǳŀƭƛǘȅΣ ƛǘ ƛǎ 

important to better understand and reflect on public perceptions of the government in 

redistributing income between wealthier and more deprived citizens. The ISSP module 

fielded in the 2009 round of the South African Social Attitudes Survey included several items 

that relate to redistribution preferences. The most commonly used indicator in the 

literature on redistribution preferences (e.g. Corneo and Grüner 2000, 2002; Linos and West 

2003; Alesina and La Ferrara 2005) asks respondents whether they support or oppose the 

ǾƛŜǿ ǘƘŀǘ άƛǘ ƛǎ ǘƘŜ ǊŜǎǇƻƴǎƛōƛƭƛǘȅ ƻŦ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘ ǘƻ ǊŜŘǳŎŜ ǘƘŜ ŘƛŦŦŜǊŜƴŎŜǎ ƛƴ ƛƴŎƻƳŜ 

between people with high incomes and those ǿƛǘƘ ƭƻǿ ƛƴŎƻƳŜǎέΣ ŀƴŘ ǘƘƛǎ ƛǎ ŜƳǇƭƻȅŜŘ ŀǎ 

the main variable of focus for the chapter. Responses are captured using a standard five-

Ǉƻƛƴǘ ŀƎǊŜŜƳŜƴǘ ǎŎŀƭŜΣ ǊŀƴƎƛƴƎ ŦǊƻƳ άǎǘǊƻƴƎƭȅ ŀƎǊŜŜέ ǘƻ άǎǘǊƻƴƎƭȅ ŘƛǎŀƎǊŜŜέΦ !ǇŀǊǘ ŦǊƻƳ 

being included in the 2009 ISSP module, this measure has been included in every round of 

SASAS since 2006, allowing us to again see how stable preferences have remained over the 

better part of the last decade.  
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Table 3.4: Attitudes towards government redistribution of income (2009) 

 άwŜǎǇƻƴǎƛōƛƭƛǘȅ ƻŦ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘ ǘƻ ǊŜŘǳŎŜ ǘƘŜ ŘƛŦŦŜǊŜƴŎŜǎ ƛƴ ƛƴŎƻƳŜ ōŜǘǿŜŜƴ ǇŜƻǇƭŜ ǿƛǘƘ ƘƛƎƘ ƛƴŎƻƳŜǎ ŀƴŘ ǘƘƻǎŜ 
ǿƛǘƘ ƭƻǿ ƛƴŎƻƳŜǎέ 

 

2006 2007 2008 2009 2010 2011 2012 All years 

Strongly agree 35 31 28 26 26 23 26 28 

Agree 43 39 37 44 45 38 40 41 

Neutral 7 12 13 12 11 15 15 12 

Disagree 9 11 13 12 13 14 13 12 

Strongly disagree 2 4 4 3 4 6 4 4 

(Do not know) 3 4 5 2 2 4 2 3 

Total 100 100 100 100 100 100 100 100 

% strongly agree / agree 78 70 65 70 71 61 66 69 

Mean score * 4.00 3.83 3.73 3.78 3.76 3.58 3.70 3.77 

Base N 2934 3162 3307 3286 3156 3014 2471 21330 

Source: SASAS 2003-2012 
Note: * The mean scores are based on a reversed scale, where 1=strongly disagree and 5=strongly agree, such 
that higher values represent greater support for government-ƭŜŘ ǊŜŘƛǎǘǊƛōǳǘƛƻƴΦ Ψ5ƻ ƴƻǘ ƪƴƻǿΩ ǊŜǎǇƻƴǎŜǎ ǿŜǊŜ 
combined with neutral responses.  

 

The statistics presented in Table 3.4 provide convincing evidence that, on average, South 

Africans exhibit a strong preference for redistribution and vest support in the government 

to reduce material differences between the rich and poor. In 2012, an estimated two-thirds 

reported a preference for the government-led income redistribution with less than a fifth 

opposing it. Over the full 2006-2012 interval, an average of 69 percent favoured state-led 

redress compared with only 16 percent expressing unfavourable views. There are 

nonetheless signs that a shift in preferences has occurred over the period. In 2006 there was 

an overwhelming demand for redistribution, common to nearly eight in ten South Africans, 

but by 2012 this had dropped by approximately 12 percentage points. Furthermore, if we 

ƭƻƻƪ ŀǘ ǘƘŜ άǎǘǊƻƴƎ ŀƎǊŜŜƳŜƴǘέ ŎŀǘŜƎƻǊȅΣ ǿŜ ŦƛƴŘ ǘƘŀǘ ǘƘŜ ǎƘŀǊŜ ƻŦ ǘƘŜ ŀŘǳƭǘ ǇƻǇǳƭŀǘƛƻƴ ǘƘŀǘ 

professes a strong preference for political redistribution has also fallen from 35 to 26 

percent between 2006 and 2012. The finding that support for redistribution has shown a 

declining trend while aversion to inequality has remained at consistently high levels is 

particularly noteworthy and is likely to be the subject of robust debate and analysis, most 

especially in relation to the possible determinants of this change. This is largely beyond the 

scope of this chapter, which is going to focus primarily on the 2009 results.  

 

Unlike inequality aversion, South Africans tend to display less uniformity in their preferences 

relating to the role of government in redistributing income. Specifically, based on the pooled 

2006-2012 results, support for government redress is found to vary substantially on the 

basis of race, gender, educational attainment, employment status, self-rated poverty status, 

and geographic type. In Table 3.5, the percentage that support state-led redress over the 

2006-2012 period across different social groups is presented together with mean scores 

based on the full five-point scale. Strong racial differences emerge with black African and 
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coloured South Africans reporting the highest support and white South Africans the greatest 

opposition to government redistribution. In terms of class, the poor are more likely than the 

non-poor to voice support, with similar entrenched positions evident among those with 

primary or no schooling, the unemployed, and those in informal urban settlements and rural 

traditional authority areas. Despite these attitudinal disparities, it is nonetheless important 

to note that, on average, more than half of white, tertiary educated and non-poor South 

Africans are supportive of government redistribution in principle. 
 

Table 3.5: Attitudes towards government redistribution of income by socio-demographic 

attributes, pooled 2006-2012 data (% and mean) 

Source: SASAS 2003-2012 
Note: * The mean scores are based on a reversed scale, where 1=strongly disagree and 5=strongly agree, such 
that higher values represent greater support for government-led redistribution. 

 
  

 

Total agreement 
(%) 

 
Strong agreement 

(%) 

Mean redress 
support score 
(1-5 scale) * N 

South Africa 69 41 3.77 21490 

Born 1990 and after 67 40 3.74 1728 

1980s 69 42 3.78 5160 
1970s 70 43 3.80 4487 
1960s 67 42 3.74 3976 

1950s 68 40 3.75 2935 
1940s 70 40 3.78 2057 
Born before 1940 67 37 3.74 1123 

Male 68 43 3.74 8797 
Female 69 40 3.79 12688 

African 72 42 3.85 12864 
Coloured 67 42 3.76 3630 

Indian 57 46 3.39 2195 
White 50 34 3.29 2793 

No schooling 72 39 3.91 1001 

Primary 73 42 3.90 3654 
Incomplete secondary 72 42 3.84 7729 
Complete secondary 67 40 3.71 6151 

Tertiary 56 41 3.41 2536 

Employed 65 41 3.67 7538 
Unemployed 72 43 3.87 6222 

Pensioner 70 39 3.78 2637 
Student 68 39 3.73 2011 
Other labour inactive 69 42 3.78 2210 

Poor 76 45 3.97 5815 
Just getting by 71 42 3.81 7707 
Non-poor 60 37 3.55 7968 

Urban formal 65 39 3.69 13039 
Urban informal 74 43 3.89 2073 
Rural traditional authority areas 74 43 3.89 4232 

Rural farms 67 44 3.70 2146 
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3.4.1 Support for specific redress policies  

 

In spite of broad acceptance of the principle of redress, emerging research has tended to 

show that this is often accompanied by more polarized attitudes towards policies that have 

been designed to address societal injustice and facilitate economic and racial 

transformation in South Africa (Tuch and Hughes 1996; Durrheim and Dixon 2004; Dixon et 

al. 2007; Dixon et al. 2010; Durrheim 2010; Durrheim et al. 2011; Roberts et al. 2011). To 

ŘŜǘŜǊƳƛƴŜ ǘƘŜ ŜȄǘŜƴǘ ƻŦ ǘƘƛǎ άǇǊƛƴŎƛǇƭŜ-ƛƳǇƭŜƳŜƴǘŀǘƛƻƴ ƎŀǇέΣ ǇŀǘǘŜǊƴǎ ƻŦ ǎǳǇǇƻǊǘ ŀƴŘ 

opposition to ten policies were examined, covering the domains of land, employment, 

education, social security, culture and progressive taxation. Some of these measures have 

been regularly fielded in SASAS while others have been included only in certain rounds of 

interviewing. All measures employed a standard five-point agreement scale, with the 

exception of one measure which asks about levels of satisfaction with the provision of social 

grants. While this may not be considered a good, direct measure of support for this form of 

social assistance, it has been retained as a reasonable proxy to enable a more detailed 

examination of race, class and cohort differences associated with this notable redistributive 

intervention. Table 3.6 presents public attitudes towards these select redress policies and 

how these have evolved over time.  

 

Several broad points are worth mentioning based on the pattern of results. First, on 

aggregate, there appears to be broad support for the measures, ranging from a low of 59% 

in the case of sports quotas to a high of 81% for basic provisioning for the unemployed. Only 

sports quotas were supported by less than 60% of the adult population on average. Second, 

where trend data is available, the results suggest a considerable degree of stability in 

attitudes towards redress policies over the 2003 to 2012 interval. In most instances, policy 

attitudes have tended to fluctuate within a 5 to 10 percent range over the period. Third, to a 

certain extent, attitudes seem moderately more favourable towards interventions focused 

on class-based redress, where the emphasis rests more on addressing material rather than 

racial disadvantage. Accordingly, we find somewhat higher general support for measures 

crafted to address employment deprivation and educational inequality in schools and 

tertiary institutions compared to race preferential policy interventions such as sports 

quotas, land redistribution and affirmative action. 
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Table 3.6: Support for different types of redress measures, 2003-2012 (percent and 
means) 

 
2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 

All 
years 

(A) Race-based redress measures: 

мΦ [ŀƴŘ ǊŜŦƻǊƳΥ άDƻǾŜǊƴƳŜƴǘ ǎƘƻǳƭŘ ǊŜŘƛǎǘǊƛōǳǘŜ ƭŀƴŘ ǘƻ ōƭŀŎƪ {ƻǳǘƘ !ŦǊƛŎŀƴǎέ 

% strongly agree / agree 67 69 64 68 69 69 68 64 65 64 67 

Mean* 3.68 3.75 3.62 3.70 3.73 3.71 3.74 3.65 3.62 3.66 3.68 

нΦ !ŦŦƛǊƳŀǘƛǾŜ ŀŎǘƛƻƴΥ ά¢ƘŜǊŜ ǎƘƻǳƭŘ ōŜ ǇǊŜŦŜǊŜƴǘƛŀƭ ƘƛǊƛƴƎ ŀƴŘ ǇǊƻƳƻǘƛƻƴ ƻŦ ōƭŀŎƪ {ƻǳǘƘ !ŦǊƛŎŀƴǎ ƛƴ ŜƳǇƭƻȅƳŜƴǘέ 

% strongly agree / agree 66 66 59 63 66 66 64 63 62 60 63 

Mean* 3.66 3.68 3.49 3.50 3.62 3.64 3.61 3.57 3.62 3.51 3.59 

оΦ {ǇƻǊǘǎ ǉǳƻǘŀǎΥ ά¢ƘŜǊŜ ǎƘƻǳƭŘ ōŜ ǊŀŎƛŀƭ ǉǳƻǘŀǎ ƛƴ ƴŀǘƛƻƴŀƭ ǎǇƻǊǘǎ ǘŜŀƳǎέ 

% strongly agree / agree 59 54 54 51 62 62 53 57 52 54 56 

Mean score * 3.54 3.38 3.26 3.27 3.53 3.52 3.33 3.40 3.36 3.37 3.39 
пΦ !ǇŀǊǘƘŜƛŘ ŎƻƳǇŜƴǎŀǘƛƻƴΥ ά¢ƻ ǿƘŀǘ ŜȄǘŜƴǘ Řƻ ȅƻǳ ŀƎǊŜŜ ƻǊ ŘƛǎŀƎǊŜŜ ǘƘŀǘ ƎƻǾŜǊƴƳŜƴǘ ǎƘƻǳƭŘΧtŀȅ ƳƻƴŜȅ ǘƻ ǘƘŜ ǾƛŎǘƛƳǎ ƻŦ 
apartheid as reparation for the history oŦ ŘƛǎŎǊƛƳƛƴŀǘƛƻƴΚέ 

% strongly agree / agree 66 62 62 59 ... ... ... ... ... ... 63 

Mean* 3.65 3.64 3.58 3.53 ... ... ... ... ... ... 3.62 

(B) Class-based redress measures: 

рΦ {ǳǇǇƻǊǘ ŦƻǊ ǳƴŜƳǇƭƻȅŜŘΥ ά¢ƘŜ ƎƻǾŜǊƴƳŜƴǘ ǎƘƻǳƭŘ ǇǊƻǾƛŘŜ ŀ ŘŜŎŜƴǘ ǎǘŀƴŘŀǊŘ ƻŦ ƭƛǾƛƴƎ ŦƻǊ ǘƘŜ ǳƴŜƳǇƭƻȅŜŘΦέ 

% strongly agree / agree ... ... ... ... ... ... 82 83 80 81 81 

Mean* ... ... ... ... ... ... 4.05 4.15 4.06 4.08 4.08 

сΦ {ŎƘƻƻƭ ƛƴǘŜƎǊŀǘƛƻƴΥ ά¢ƘŜ ŎƘƛƭŘǊŜƴ ƻŦ ǘƘŜ ŜŎƻƴƻƳƛŎŀƭƭȅ ǿŜƭƭ-ƻŦŦ ŀƴŘ ǘƘŜ ǇƻƻǊ ǎƘƻǳƭŘ ōŜ ŜŘǳŎŀǘŜŘ ǘƻƎŜǘƘŜǊέ 

% strongly agree / agree 77 80 80 78 69 75 79 77 70 74 76 

Mean* 3.94 4.01 3.99 3.97 3.76 3.89 4.00 3.95 3.82 3.89 3.93 

тΦ ά¢ƘŜ ƎƻǾŜǊƴƳŜƴǘ ǎƘƻǳƭŘ ǇǊƻǾƛŘŜ ƳƻǊŜ ŎƘŀƴŎŜǎ ŦƻǊ ŎƘƛƭŘǊŜƴ ŦǊƻƳ ǇƻƻǊ ŦŀƳƛƭƛŜǎ ǘƻ Ǝƻ ǘƻ ǳƴƛǾŜǊǎƛǘȅΣ ŜǾŜƴ ƛŦ ƛǘ Ƙŀǎ ǘƻ 
ƛƴŎǊŜŀǎŜ ǘŀȄŜǎέ  

% strongly agree / agree ... ... ... ... ... ... 75 ... ... ... 75 

Mean* ... ... ... ... ... ... 3.95 ... ... ... 3.95 
уΦ {ŀǘƛǎŦŀŎǘƛƻƴ ǿƛǘƘ ǎƻŎƛŀƭ ƎǊŀƴǘ ǇǊƻǾƛǎƛƻƴΥ άIƻǿ ǎŀǘƛǎŦƛŜŘ ƻǊ ŘƛǎǎŀǘƛǎŦƛŜŘ ŀǊŜ ȅƻǳ ǿƛǘƘ ǘƘŜ ǿŀȅ ǘƘŀǘ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘ ƛǎ 
handling the ŦƻƭƭƻǿƛƴƎ ΦΦΦ tǊƻǾƛŘƛƴƎ ǎƻŎƛŀƭ ƎǊŀƴǘǎ όŜΦƎΦ ŎƘƛƭŘ ǎǳǇǇƻǊǘ ƎǊŀƴǘΣ ƻƭŘ ŀƎŜ ǇŜƴǎƛƻƴΣ ŜǘŎΦύέ  

% satisfied / v. satisfied ... ... 66 70 68 69 69 75 70 72 70 

Mean* ... ... 3.68 3.71 3.66 3.67 3.64 3.85 3.74 3.78 3.71 

фΦ LƴŎǊŜŀǎŜŘ ǎƻŎƛŀƭ ƎǊŀƴǘ ǎǇŜƴŘƛƴƎΥ ά¢ƘŜ government should spend more money on social grants for the poor, even if it leads 
ǘƻ ƘƛƎƘŜǊ ǘŀȄŜǎέ 

% strongly agree / agree ... ... ... 66 ... ... 65 ... ... ... 65 

Mean* ... ... ... 3.66 ... ... 3.59 ... ... ... 3.62 
млΦ tǊƻƎǊŜǎǎƛǾŜ ǘŀȄŀǘƛƻƴΥ ά5ƻ ȅƻǳ think people with high incomes should pay a larger share of their income in taxes than 
ǘƘƻǎŜ ǿƛǘƘ ƭƻǿ ƛƴŎƻƳŜǎΣ ǘƘŜ ǎŀƳŜ ǎƘŀǊŜΣ ƻǊ ŀ ǎƳŀƭƭŜǊ ǎƘŀǊŜΚέ 

% larger/much larger share ... ... ... ... ... ... 65 ... ... ... 65 

Mean* ... ... ... ... ... ... 3.83 ... ... ... 3.83 

Note: * The mean scores are based on reversed scales where 1=strongly disagree, 2=disagree, 3=neither nor, 
пҐŀƎǊŜŜ ŀƴŘ рҐǎǘǊƻƴƎƭȅ ŀƎǊŜŜΦ Ψ5ƻ ƴƻǘ ƪƴƻǿΩ ǊŜǎǇƻƴǎŜǎ ǿŜǊŜ ŎƻƳōƛƴŜŘ ǿƛǘƘ ƴŜǳǘǊŀƭ ǊŜǎǇƻƴǎŜǎΦΦ 
{ƻǳǊŎŜΥ ŀǳǘƘƻǊǎΩ ŎŀƭŎǳƭŀǘƛƻƴǎ ōŀǎŜŘ ƻƴ ISRC SASAS (2003-2012) 
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Table 3.7: Race and class differences in support for different redress measures 
(percentage agreeing) 

 
Race Class (subjective poverty status) 

 

 

Black 
African Coloured Indian White 

Diff. 
high to 

low Poor 

Just 
getting 

by 
Non-
poor 

Diff. 
high 

to low All 

(A) Race-based redress measures: 
1. Land reform 80 32 31 17 63 76 69 53 23 67 
2. Affirmative action 76 29 27 16 60 72 66 51 21 63 

3. Sports quotas 63 40 45 23 40 62 57 49 13 56 
4. Apartheid compensation 74 37 24 20 54 71 65 48 23 63 

(B) Class-based redress measures: 

5. Support for unemployed 84 79 82 65 19 89 82 74 15 81 

6. School integration 77 75 83 69 14 76 78 74 4 76 
7. Tertiary education 
opportunities for poor 78 78 45 62 33 85 75 67 18 75 
8. Satisfaction with social 
grant provision 77 54 54 34 43 72 74 63 11 70 
9. Increased social grant 
spending 68 67 53 50 18 76 65 57 19 65 
10. Progressive taxation 67 65 64 51 16 70 67 59 11 65 

Source: SASAS 2003-2012, pooled data. 

 

Race and class differences in attitudes towards policies for reducing inequality in South are 

presented in Table 3.7, based on pooled data for the various survey rounds.  A stark racial 

gradient in policy attitudes emerges, which is most evident in relation to affirmative action, 

land reform and restitution for the victims of apartheid. In these instances black South 

Africans were appreciably more supportive than other population groups generally and 

white citizens in particular. On average over the interval, support for affirmative action and 

land reform was nearly five times higher among black African respondents relative to white 

respondents. Furthermore, less than a third of coloured and Indian South Africans expressed 

positive views on these policies. A similar pattern is found in relation to the compensation of 

apartheid victims and, to a lesser degree, sports quotas. There is less variability between 

race groups in relation to redress measures such as unemployment-related social policy, 

school integration, university opportunities for poor youth, increased spending on social 

grants, and progressive taxation. At least three-fifths of white adults are partial to school 

integration, as well as state efforts at providing a basic standard of living for the 

unemployed, and expanding university opportunities for poor youth. Around half of white 

adults support increased grant spending and progressive taxation.  

 

Using self-rated poverty status as an indicator of class, it is apparent that class differences in 

redress policy attitudes are less pronounced than the previously discussed racial patterns of 

variation. Nonetheless, significant social cleavages still exist, again with greater variation 

present in respect of race preferential policies than those framed more in terms of 

addressing material disadvantage.  Those classifying themselves as non-poor consistently 

ǊŜƎƛǎǘŜǊŜŘ ƭƻǿŜǊ ƭŜǾŜƭǎ ƻŦ ǇƻƭƛŎȅ ǎǳǇǇƻǊǘ ŎƻƳǇŀǊŜŘ ǘƻ ǘƘƻǎŜ ƛŘŜƴǘƛŦȅƛƴƎ ǘƘŜƳǎŜƭǾŜǎ ŀǎ ΨƧǳǎǘ 

ƎŜǘǘƛƴƎ ōȅΩ ƻǊ poor. Support among poor South Africans is between 1.4 and 1.5 times higher 
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than the non-poor for land reform, affirmative action and apartheid compensation. More 

convergent views emerge for policy support for the unemployed, school integration, tertiary 

education opportunities for poor students, and the provision of social grants with between 

two-thirds and three-fifths of the non-poor voicing approval of such measures.   

 

To provide greater insight into patterns of support and opposition, class and cohort 

differences within race groups were examined and are presented in Table 3.8. This is 

intended to better understand whether discrepant levels of social solidarity exist among 

{ƻǳǘƘ !ŦǊƛŎŀΩǎ ŜƭƛǘŜΣ ōǳǘ ŀƭǎƻ ƎŜƴŜǊŀǘŜ ǎƻƳŜ ǇǊŜƭƛƳƛƴŀǊȅ ŜǾƛŘŜƴŎŜ ƻƴ ǘƘŜ ŀǘǘƛǘǳŘƛƴŀƭ 

(dis)similarity of the post-apartheid generation (the so-ŎŀƭƭŜŘ Ψ.ƻǊƴ CǊŜŜǎΩύ ǘƻ ƻƭŘŜǊ ŎƻƘƻǊǘǎΦ  

The focus is on a subset of the policy measures which have been more regularly included in 

SASAS to allow for sufficient sample sizes for the subgroup analysis, with the analysis again 

based on pooled data. There is only a small class gradient in attitudes among black South 

Africans, with around three-fifths of black African elites supporting five of the six measures 

examined. The biggest class difference is in relation to unemployment related social policy 

(12 percentage points), though even in this instance a sizable majority of elites support the 

redress measure. Among coloured adults, there is a negligible class effect for land reform, 

affirmative action or sports quotas, and relatively small differences on the other three 

measures. There is a more distinct class gradient among Indian adults in relation to land 

reform and affirmative action, with barely more than a quarter of Indian elites viewing such 

policies positively. Broad-based support again exists for unemployment related social policy 

and school integration. Lastly, there is little sign of class-based differences in redress policy 

support among white South Africans. Irrespective of class position, lower support is 

registered among white adults in terms of all the policies tested except for those aimed at 

addressing the living standards of the unemployed and school integration.  

 

With regard to cohort differences within race groups, we find that in many instances young 

South Africans who were born or grew up in post-apartheid South Africa generally do not 

exhibit positions on redress policies that are vastly different from older generations. 

Therefore, when discussing policies such as land reform, affirmative action or sports quotas 

young white South Africans appear almost equally as opposed as older cohorts, while young 

black South Africans report broadly similar levels of support as older cohorts. Although 

coloured teenagers appear slightly more supportive of affirmative action and sports quotas 

than older coloured generations, they still tend to hold a fairly unfavourable perspective on 

these interventions. On class-based measures, there are no considerable cohort differences 

for unemployment related social policy for any of the race groups. The same applies to black 

South Africans in terms of their attitudes on school integration and social grants. However, 

an interesting finding is that young coloured, Indian and white South Africans all seem more 

sanguine about social grants compared to older generations in those racial groups, which 

may be a positive indication for continued support in the future for social security policies.  
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Table 3.8: Class and cohort differences within race groups for redress policy support 

(percentage agreeing) 

 

Land 
reform 

Affirmative 
action 

Sports 
quotas 

Basic support for 
unemployed 

School 
integration 

Satisfied with 
social grants 

Class differences:  
   

 
 

 
Black  

   

 

 
 

Poor 82 78 66 89 77 74 
Just getting by 80 76 62 84 79 80 

Non-poor 76 73 61 77 76 77 
Coloured  

   

 

 
 

Poor 33 32 39 86 72 50 

Just getting by 31 29 40 80 76 55 
Non-poor 32 28 40 75 76 54 

Indian  
   

 
 

 
Poor 46 36 51 88 76 62 

Just getting by 33 28 43 88 86 59 
Non-poor 27 25 45 79 82 50 

White        

Poor 16 14 23 68 64 34 
Just getting by 18 15 20 67 72 31 
Non-poor 17 16 23 64 69 35 

Cohort differences:        
Black        

16-19 years 77 73 60 85 77 80 
20-29 years 80 77 66 84 78 78 

30-49 years 80 76 63 84 77 77 
50+ years 81 78 62 83 77 77 

Coloured        

16-19 years 33 36 46 79 80 63 
20-29 years 34 33 42 79 75 57 
30-49 years 31 29 40 79 76 50 
50+ years 31 26 37 80 72 53 

Indian        
16-19 years 32 27 58 84 76 69 
20-29 years 32 28 44 83 82 53 

30-49 years 29 26 47 80 84 55 
50+ years 33 28 42 86 84 50 

White        
16-19 years 16 16 25 64 78 45 

20-29 years 13 17 23 72 69 34 
30-49 years 17 16 24 63 66 35 
50+ years 20 15 21 64 70 33 

Source: SASAS 2003-2012, pooled data. 

  

3.5 Conclusion 

 

This chapter has aimed to explore the views of the South African public towards economic 

inequality, general preferences for government redistribution, as well as levels of support 

for social policies aimed at bringing about racial and economic transformation. The results 

suggest that there exists considerable public concern about economic inequality in the 

country. South Africans are acutely aware of how unequal their society is. Over the last 

decade, a significant majority of the population across social groups has consistently 
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expressed the view that the income gap in the country is too large, articulated a strong 

preference for a more equitable social structure, and acknowledged the class tensions and 

social divisions that economic inequality has produced. In a context where the labour 

market is the predominant source of economic inequality and set against mounting calls for 

a national minimum wage debate, it is also apparent that there is a preference for a 

narrowing of disparities in earnings, with a moderate rise in earnings for those on low 

salaries and a reduction for those in high-paying occupations. The survey findings do 

however suggest that South Africans are willing to tolerate fairly high levels of inequality in 

spite of their general aversion for inequality, which is consistent with what has been found 

in other high inequality societies such as Brazil (Scalon and Cano 2008). Nonetheless, from a 

social justice perspective, these beliefs about inequality could be regarded positively as a 

desire for a more equitable and fair society.  

 

Linked to this concern about income inequality, we also find majority support for the state 

assuming the principal responsibility for reducing inequality, even though this has shown a 

declining trend during the last decade. Race and class differences characterise the survey 

results, though it does need to be emphasised that, on average, a majority of better-off 

South Africans (white, tertiary educated and non-poor citizens) are in favour of government 

redistribution. Support for a number of specific redress policies lags behind general support 

for social justice in the country. These disparities are more distinct for policies that are more 

race-preferential in nature relative to those that are designed more as anti-poverty 

measures. They are also more prominent based on the race group of the attitude-holder 

than his or her economic position in society. Black African adults were found to be more 

supportive of race-based redress policy than white adults and, to a lesser degree, coloured 

and Indian South Africans. The intergroup differences narrow considerably when referring 

to class-based policy measures. This lends credence to the suggestion from the academic 

community in the country for a paradigmatic change in policy with the focus more on a 

class-based redress agenda rather than one primarily focused on racial redress (Adam 1997, 

Alexander 2007, Hammett 2008, Habib and Bentley 2008, Friedman and Erasmus 2008, 

Durrheim 2010).  

 

DƛǾŜƴ ǘƘŜ ȅƻǳǘƘŦǳƭ ƴŀǘǳǊŜ ƻŦ {ƻǳǘƘ !ŦǊƛŎŀΩǎ ŘŜƳƻƎǊŀǇƘƛŎ ǇǊƻŦƛƭŜ ŀƴŘ ǘƘŜ ŦŀŎǘ ǘƘŀǘ Ƴŀƴȅ ƻŦ 

ǘƻŘŀȅΩǎ ȅƻǳƴƎ ŀŘǳƭǘǎ ƎǊŜǿ ǳǇ ǳƴŘŜǊ ŀ ŘŜƳƻŎǊŀǘƛŎ Ǉƻƭƛǘƛcal system, strong intergenerational 

ŘƛŦŦŜǊŜƴŎŜǎ ǿŜǊŜ ŜȄǇŜŎǘŜŘΦ {ǇŜŎƛŦƛŎŀƭƭȅΣ ǘƘŜ Ψ.ƻǊƴ CǊŜŜΩ ƎŜƴŜǊŀǘƛƻƴ ǿŜǊŜ ŜȄǇŜŎǘŜŘ ǘƻ ŜȄƘƛōƛǘ 

different values and citizenship norms to older citizens, including a deeper commitment to 

transformation and redress. Somewhat surprisingly, the analysis indicates that the findings 

on inter-racial differences in support for redress policies are largely reproduced when 

examined as intra-racial class and cohort differences. Class-based attitudinal differences 

within race groups tend to be nominal to modest in nature, while in many ways the new 

post-apartheid generation seem to reflect similar ideological positions to redress policy as 

older cohorts. This confirms the conclusions reached by Durrheim (2010) and Mattes (2012) 
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that the transition to democracy has not produced a new citizen that is more greatly 

predisposed towards democratic principles such as equality and redress, and that salient 

attitudinal fault lines have been transferred to a new generation. 

 

More positively and by way of conclusion, there does seem to exist a firmer basis for a social 

compact about preferences for interventions designed to produce a more just society than 

ƛǎ ǘȅǇƛŎŀƭƭȅ ŀǎǎǳƳŜŘΦ LƴǘǊŀŎǘŀōƭȅ ƘƛƎƘ ƭŜǾŜƭǎ ƻŦ ŜŎƻƴƻƳƛŎ ƛƴŜǉǳŀƭƛǘȅ ŘǳǊƛƴƎ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ŦƛǊst 

two decades of democracy is resulting in a growing recognition of the need for a stronger 

policy emphasis on economic inequality in South Africa over coming decades if the vision 

enshrined in the Freedom Charter and the Constitution is to be realised. Despite ideological 

differences and debates over the appropriate form this inequality-related policy trajectory 

should assume, one common element is the reference to the need to promote social 

cohesion as a cornerstone. For this reason, the National Development Plan prioritises the 

άǳƴƛǘƛƴƎ ŀƭƭ {ƻǳǘƘ !ŦǊƛŎŀƴǎ ŀǊƻǳƴŘ ŀ ŎƻƳƳƻƴ ǇǊƻƎǊŀƳƳŜ ǘƻ ŀŎƘƛŜǾŜ ǇǊƻǎǇŜǊƛǘȅ ŀƴŘ Ŝǉǳƛǘȅέ 

ǿƘƛƭŜ !ǊŎƘōƛǎƘƻǇ 9ƳŜǊƛǘǳǎ 5ŜǎƳƻƴŘ ¢ǳǘǳ ǊŜŎŜƴǘƭȅ ŀǇǇŜŀƭŜŘ ŦƻǊ ǘƘŜ ŜǎǘŀōƭƛǎƘƳŜƴǘ ƻŦ άŀ 

ŎŀǊƛƴƎΣ ŎƻƳǇŀǎǎƛƻƴŀǘŜ ǎƻŎƛŜǘȅέ όwŜǇǳōƭƛŎ ƻŦ {ƻǳǘƘ !ŦǊƛŎŀ 2012; Mail & Guardian 2013). 

South Africans may not be able to fully agree about the specific elements that constitute a 

socially just response to the persistently high levels of economic inequality that afflict the 

country. Yet, the common identification of and concern with redressable injustice, coupled 

with a broad-based commitment to government redistribution and class-based social 

policies, could serve as a foundation on which to rekindle the solidaristic spirit of 1994 and 

forge progress towards a more equitable society.  
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Chapter 4: The relationship between spatial inequality and attitudes 

to inequality  
 

4.1 Introduction  
 

The overarching objective of this research project was to test whether and, if so, how 

ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ǘƻǿŀǊŘǎ ƛƴŜǉǳŀƭƛǘȅ ƛƴ South Africa are influenced by their lived experience 

of inequality. The analyses presented in Chapters 2 and 3 above represent, in their own 

right, new contributions to the evidence base concerning inequality in South Africa. They 

also highlight the potential value of the two underpinning datasets, namely, the South 

African Census and the South African Social Attitudes Survey, for research purposes. The 

analyses presented here draw directly upon the data, methods and results from Chapters 2 

and 3 and, through a process of data linkage, enable the final overarching research question 

to be explored.  

 

As was demonstrated in Chapter 3, SASAS contains a number of different questions that 

ǊŜƭŀǘŜ ŜƛǘƘŜǊ ŘƛǊŜŎǘƭȅ ƻǊ ƛƴŘƛǊŜŎǘƭȅ ǘƻ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ǘƻǿŀǊŘǎ ŀƴŘ ǇŜǊceptions of 

inequality in South Africa. In this chapter we focus on two particular survey questions and 

ǿŜ ŘŜǾŜƭƻǇ ǎǘŀǘƛǎǘƛŎŀƭ ƳƻŘŜƭǎ ǘƻ ǘŜǎǘ ǿƘŜǘƘŜǊ ǇŜƻǇƭŜΩǎ ǊŜǎǇƻƴǎŜǎ ǘƻ ǘƘŜǎŜ ǉǳŜǎǘƛƻƴǎ ŀǊŜ 

influenced by their lived experience of inequality. The two survey questions we examine as 

the dependent variables in the statistical models are: 

 

Q186: άTo what extent do you agree or disagree that differences in income in South Africa 

are too large?έ 

 

Q187: άTo what extent do you agree or disagree that it is the responsibility of the 

government to reduce the differences in income between people with high incomes and 

those with low incomes?έ 

 

The question on inequality aversion was selected as a dependent variable because it 

ŎŀǇǘǳǊŜǎΣ ƛƴ ŀ ōǊƻŀŘ ǎŜƴǎŜΣ ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘions about societal inequality. The question on 

government role in income redistribution was selected as a dependent variable because it 

relates directly to potential responses to tackle inequality.  

 

As described in detail in Chapter 2 above, the final measures of lived experience of 

inequality developed during this project consist of two complementary variants: the 

exposure of the poor to the non-poor; and the exposure of the non-poor to the poor. The 

asymmetric nature of the exposure indices allows us to explore the final overarching 

research question from the perspective of a poor person and separately from the 

perspective of a non-poor person.  
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Four separate statistical models were therefore developed: 

 

Table 4.1: The four models developed 

 

  Poor/non-poor perspective 

  poor non-poor 

D
e

p
e

n
d
e

n
t 

v
a

ri
a

b
le
 ineqavr Model A Model B 

govredr Model C Model D 

 

 

This chapter (and Appendix 6) provides an overview of the data preparation steps, a 

summary of the model configuration process, results from the four final models (A, B, C and 

D) and a discussion of key findings.  

 

For clarity, a fully in-depth analysis of all four models is not presented within this chapter. 

The primary focus is on the two models that relate to the experiences and attitudes of the 

poor subgroup. As is discussed below, the majority of the total population of South Africa is 

poor (based upon a range of the most commonly applied poverty thresholds) and, as such, 

the majority of the nationally representative survey sample analysed in this project is poor. 

Furthermore, the role that ŀ ǇŜǊǎƻƴΩǎ experience of inequality may play in determining their 

action responses (including, for example, participation in protest action or criminal activity) 

needs to be considered in the context of the persoƴΩǎ ŜȄǇŜǊƛŜƴŎŜ ƻŦ ǇƻǾŜǊǘȅ ŀƴŘ 

disadvantage. This is not to underestimate the importance of understanding the 

experiences and attitudes of the non-poor, especially as these non-poor people will typically 

include those in political power, but rather an acknowledgement of the additional stresses 

that inequality may present when combined with poverty. A full set of results is presented 

for the non-poor models in Appendices 6 and 7 and reference is made throughout this 

chapter to instances where the non-poor results either correspond with or differ from the 

poor results.  

 

In summary, therefore, the analyses presented in this chapter focus primarily on models A 

and C, with models B and D presented in Appendices 6 and 7 respectively. 
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4.2 Data preparation method ology 
 

In order ǘƻ ǘŜǎǘ ǿƘŜǘƘŜǊ ǇŜƻǇƭŜΩǎ ƛƴŘƛǾƛŘǳŀƭ ŀǘǘƛǘǳŘŜǎ ǘƻǿŀǊŘǎ ƛƴŜǉǳŀƭƛǘȅ ŀƴŘ ǊŜŘǊŜǎǎ ŀǊŜ 

influenced by their lived experience of inequality it was necessary to perform three main 

data preparation steps. The first step involved attaching area-level measures of lived 

experience of inequality (and area-level poverty rate) to the individual survey respondent-

level SASAS dataset. The second step involved reviewing the SASAS questionnaire and 

retaining only those survey questions (plus the merged area-level inequality and poverty 

measures) that were regarded as being potentially important control variables. The third 

step involved splitting the retained SASAS dataset into the poor/non-poor subset to enable 

appropriately specified models to be run for both groups.   

4.2.1 Methodology for merging area -level data into SASAS 

 

Attaching area-level variables to individual-level survey records requires details of the 

geographical home location of each survey respondent. As discussed in Chapter 3, the 

sampling methodology underpinning the SASAS data collection utilised the Enumeration 

Area (EA) geography in the stratification process and so each survey respondent has an EA 

code. In order to preserve respondent confidentiality, the EA codes are excluded from the 

standard SASAS datasets that are made available to researchers. However, for the purpose 

of this ESRC-funded research project, special dispensation was granted by the HSRC to 

ŜƴŀōƭŜ ǘƘŜ ǊŜǎǇƻƴŘŜƴǘǎΩ ƘƻƳŜ 9! ŎƻŘŜǎ ǘƻ ōŜ ƛƴŎƭǳŘŜŘ ƛƴ ǘƘŜ ōŀǎŜ ǎǳǊǾŜȅ ŘŀǘŀǎŜǘΦ The EA 

code represents the key data linkage variable through which the area-level variables were 

attached to the individual-level survey records. 

 

The datazone geography discussed in Chapter 2 was generated by combining EAs in such a 

way as to maximise adherence to a number of rules, including population size thresholds 

and population homogeneity measures. As such, EAs nest perfectly within datazones and so 

it was possible to generate an EA-to-datazone lookup table. This EA-to-datazone lookup 

table was matched into the individual-level survey response records using the EA code as 

the common link variable.  

 

Once the datazone code was successfully attached to the survey records, it was then 

possible to merge in the area-level inequality and poverty measures using the datazone 

code as the common link variable. Upon completion of this matching process the EA code 

ǿŀǎ ŘŜƭŜǘŜŘ ŦǊƻƳ ǘƘŜ ƳŀǘŎƘŜŘ ŘŀǘŀǎŜǘ ǘƻ ǇǊŜǎŜǊǾŜ ǊŜǎǇƻƴŘŜƴǘǎΩ ŎƻƴŦƛŘŜƴǘƛŀƭƛǘȅΦ 

 

The matched dataset therefore consisted of all the individual-level survey variables plus the 

home datazone code and datazone-level inequality and poverty measures. 
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4.2.2 Selecting potentially important control variables  

 

The 2009 SASAS questionnaire contained a large number of survey questions. Only a 

minority of these questions related to issues around inequality (as the survey also contained 

various other modules on topics such as experience of crime and fear of crime). In order to 

make the modelling process manageable, a review was undertaken of the entire SASAS 

questionnaire and a subset of questions identified that were deemed to be particularly 

important for this component of the research project. The objective here was to ensure that 

the models controlled for as many measureable explanatory factors as possible in order to 

maximise confidence in ŀƴȅ ƻōǎŜǊǾŜŘ ŜŦŦŜŎǘǎ ƻƴ ǘƘŜ ǊŜǎǇƻƴǎŜ ǾŀǊƛŀōƭŜǎ ōȅ ΨŜȄǇŜǊƛŜƴŎŜ ƻŦ 

inequalityΩ. Table 4.2 lists the SASAS variables that were selected for inclusion in the base 

modelling dataset.  

 

Table 4.2: Variables selected for base modelling file 

 Variable name Variable 

type 

Variable description 

 uniqueid ----- Individual survey respondent unique identifier code 

benchwgt ----- Composite survey weight 

 ineqavr Ordinal Q186. To what extent do you agree or disagree that 

differences in income in South Africa are too large? 

govredr Ordinal Q187. To what extent do you agree or disagree that it is the 

responsibility of the government to reduce the differences in 

income between people with high incomes and those with 

low incomes? 

 age Numerical Q238. Age of respondent in completed years. 

agesq Numerical Derived Ψ!ƎŜŘ ǎǉǳŀǊŜŘΩ ƛƴŘƛŎŀǘƻǊΣ ōŀǎŜŘ ƻƴ Q238 

race Categorical wŜǎǇƻƴŘŜƴǘΩǎ Ǉopulation group (ǘŀƪŜƴ ŦǊƻƳ ΨǊŜǎǇƻƴŘŜƴǘ 

ǎŜƭŜŎǘƛƻƴ ǇǊƻŎŜŘǳǊŜΩ ǉǳŜǎǘƛƻƴǎύΦ 

marstat Categorical Q239. What is your current marital status? 

hhper Numerical bǳƳōŜǊ ƻŦ ǇŜǊǎƻƴǎ ƛƴ ǘƘƛǎ ƘƻǳǎŜƘƻƭŘ όǘŀƪŜƴ ŦǊƻƳ ΨǊŜǎǇƻƴŘŜƴǘ 

ǎŜƭŜŎǘƛƻƴ ǇǊƻŎŜŘǳǊŜΩ ǉǳŜǎǘƛƻƴǎύ 

 assetindex Numerical Derived Ψ!ǎǎŜǘ LƴŘŜȄΩ indicator, based on 25 separate items 

(Q267-Q300): e.g. Q281. Does your household have a washing 

machine (in working order)? 

 edu Categorical Q242. What is the highest level of education that you have 

ever completed? 

empl Categorical Q246. What is your current employment status? 

 spoor Ordinal Q151. Would you say that you and your ŦŀƳƛƭȅ ŀǊŜΧ  

ŜΦƎΦ ΨǿŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ 

topbott00 Numerical Derived indictor (transformed to 0-100 scale) based on Q198. 

In our society there are groups which tend to be towards the 

top and groups which tend to be towards the bottom. Where 
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would you put yourself on a scale of 1 to 10, where 10 is the 

top and 1 the bottom? 

ssocmobc Ordinal Q2. In the last 5 years, has life improved, stayed the same or 

gotten worse for people like you? 

futmob Ordinal Q3. Do you think that life will improve, stay the same or get 

worse in the next 5 years for people like you? 

jobprest Ordinal Q200. Please think about your present job (or your last one if 

ȅƻǳ ŘƻƴΩǘ ƘŀǾŜ ƻƴŜ ƴƻǿύΦ LŦ ȅƻǳ ŎƻƳǇŀǊŜ ǘƘƛǎ Ƨƻō ǘƻ ǘƘŜ Ƨƻō 

your father had when you were 15, would you say that the 

ƭŜǾŜƭ ƻŦ ǎǘŀǘǳǎ ƻŦ ȅƻǳǊ Ƨƻō ƛǎ όƻǊ ǿŀǎύΧ  

ŜΦƎΦ ΨaǳŎƘ ƘƛƎƘŜǊ ǘƘŀƴ ȅƻǳǊ ŦŀǘƘŜǊΩǎΩ 

 classconind Numerical Derived Ψ/ƭŀǎǎ ŎƻƴŦƭƛŎǘ ƛƴŘŜȄΩ indicator, based on multiple 

separate items, e.g. Q195. In your opinion, in South Africa 

how much conflict is there between the working class and the 

middle class? 

groupdis Ordinal Q59. Would you describe yourself as being a member of a 

group that is discriminated against in this country? 

 meritind Numerical 5ŜǊƛǾŜŘ ΨaŜǊƛǘ ŦŀŎǘƻǊ ƛƴŘŜȄΩΣ ōŀǎŜŘ ƻƴ multiple separate 

items, e.g. Q164. How important is hard work for getting 

ahead in life? 

exogind Numerical 5ŜǊƛǾŜŘ Ψ9ȄƻƎŜƴƻǳǎ ŦŀŎǘƻǊǎ ƛƴŘŜȄΩΣ ōŀǎŜŘ ƻƴ multiple 

separate items, e.g. 160. How important is coming from a 

wealthy family for getting ahead in life? 

q68r Ordinal Q168. Hƻǿ ƛƳǇƻǊǘŀƴǘ ƛǎ ŀ ǇŜǊǎƻƴΩǎ race for getting ahead in 

life? 

 polideol Categorical vнорΦ Lƴ ǇƻƭƛǘƛŎŀƭ ƳŀǘǘŜǊǎΣ ǇŜƻǇƭŜ ǘŀƭƪ ƻŦ ΨǘƘŜ ƭŜŦǘΩ ŀƴŘ ΨǘƘŜ 

ǊƛƎƘǘΩ ƻǊ ΨƭƛōŜǊŀƭΩ ŀƴŘ ΨŎƻƴǎŜǊǾŀǘƛǾŜΩΦ ²ƘŜǊŜ ǿƻǳƭŘ ȅƻǳ ǇƭŀŎŜ 

your views on this scale? 

anc Ordinal DŜǊƛǾŜŘ Ψ!b/ ǾƻǘŜǊΩ ƛƴŘƛŎŀǘƻǊ ōŀǎŜŘ ƻƴ Q231. If there were a 

national election tomorrow, for which party would you vote? 

 geotype Categorical Statistics South Africa Census 2001 enumeration area 

Geotype classification 

dz_code ----- Datazone unique identifier code 

mun_name ----- Municipality name 

prov ----- Province name 

 exposure_of_poor Ratio aLDPxyi* exposure to inequality measure developed above in 

Chapter 2 

exposure_of_rich Ratio aLDPyxi*  exposure to inequality measure developed above in 

Chapter 2 

inc Ratio Proportion of datazone population that is classified as being 

ŘŜǇǊƛǾŜŘ ƻƴ ǘƘŜ ΨLƴŎƻƳŜ ŀƴŘ aŀǘŜǊƛŀƭ 5ŜǇǊƛǾŀǘƛƻƴ 5ƻƳŀƛƴΩ ƻŦ 

the SAIMD 2001 at datazone level 
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4.2.3 Splitting the file into poor  and non-poor  

 

In Chapter 2 of this report, two ǎŜǇŀǊŀǘŜ ōǳǘ ŎƻƳǇƭŜƳŜƴǘŀǊȅ ƳŜŀǎǳǊŜǎ ƻŦ ǘƘŜ ΨƭƛǾŜŘ 

ŜȄǇŜǊƛŜƴŎŜ ƻŦ ƛƴŜǉǳŀƭƛǘȅΩ ǿŜǊŜ ŘŜǾŜƭƻǇŜŘ ŀƴŘ ŀƴŀƭȅǎŜŘΥ ƻƴŜ ǊŜƭŀǘƛƴƎ ǘƻ ǘƘŜ ŜȄǇŜǊƛŜƴŎŜ ƻŦ 

the poor, and the other relating to the experience of the non-poor. In order to test whether 

ŀ ǇŜǊǎƻƴΩǎ ŜȄǇŜǊƛŜƴŎŜ ƻŦ inequality influences their attitudes towards inequality and options 

for redress, it is important to include the inequality measure that corresponds to the 

ǇŜǊǎƻƴΩǎ ƻǿƴ ǇƻǾŜǊǘȅ ǎǘŀǘǳǎΦ Lƴ ǎƘƻǊǘΣ ǘƘŜ ƳŜŀǎǳǊŜ ƻŦ inequality experienced by the poor is 

only relevant for people who would be classified as poor, whilst the measure of inequality 

experienced by the non-poor is only relevant for the people who would be classified as non-

poor. In order to achieve this data and model configuration it was therefore necessary to 

split the SASAS dataset into two distinct subsets: one consisting of respondents defined as 

poor and one consisting of respondents defined as non-poor.  

 

As noted in Chapter 2, there is no single definitive poverty threshold for South Africa. For 

the purpose of developing a measure of lived experience of inequality in this research 

project, the distinction between poor and non-poor is provided by the South African Index 

of Multiple Deprivation 2001 at Datazone level (SAIMD 2001). According to the Income and 

Material Deprivation Domain of the SAIMD 2001, 73% of the total population of South Africa 

is defined as poor, with the remaining 27% defined as non-poor. This 73%-26% split is 

therefore adopted for the purposes of the modelling in this chapter. 

 

!ƭǘƘƻǳƎƘ {!{!{ ŘƻŜǎ Ŏƻƴǘŀƛƴ ŀ ǉǳŜǎǘƛƻƴ ƻƴ ΨƛƴŎƻƳŜΩΣ ŀ Ŏƻƴǎiderable proportion of 

respondents either declined to provide an answer or stated that they did not know their 

income. This resulted in a substantial amount of missing data in the income variable of the 

SASAS dataset and therefore it was not possible to use the income variable as the basis for 

classifying people as poor/non-poor. However, SASAS also contains a series of questions 

ǊŜƭŀǘƛƴƎ ǘƻ ǇŜƻǇƭŜΩǎ ƳŀǘŜǊƛŀƭ ŀǎǎŜǘ ƻǿƴŜǊǎƘƛǇ ǿƘƛŎƘΣ ŦƻǊ ǘƘŜ ǇǳǊǇƻǎŜ ƻf this research 

project, were combined together to form a composite asset index. The overall SASAS 

dataset was therefore sorted according to the respondentǎΩ ǎŎƻǊŜ ƻƴ ǘƘŜ ŀǎǎŜǘ ƛƴŘŜȄ 

variable, resulting in a ranking from the person with the lowest material asset ownership to 

the respondent with the highest material asset ownership. The SASAS dataset was then split 

into a poor subset and a non-poor subset, with the poor subset consisting of the 73% of 

respondents with the lowest scores on the asset index, and the non-poor subset consisting 

of the 27% of respondents with the highest scores on the asset index.  

 

The poor subset contained a total of 2120 cases, while the non-poor subset contained a 

total of 1036 cases. In the model development stage discussed below, the base dataset for 

the poor subset contained the measure of inequality experienced by the poor (namely, the 

ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ variable listed in Table X above), whilst the base dataset for the non-

poor subset contained the measure of inequality experienced by the non-poor (namely, the 
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ΨŜȄǇƻǎǳǊŜψƻŦψǊƛŎƘΩ ǾŀǊƛŀōƭŜ ƭƛǎǘŜŘ ƛƴ ¢ŀōƭŜ · ŀōƻǾŜύΦ Apart from the differential specification 

ƻŦ ΨŜȄǇŜǊƛŜƴŎŜ ƻŦ ƛƴŜǉǳŀƭƛǘȅΩ, the composition of variables in the poor and non-poor base 

datasets was identical.  

 

4.3 Model development  

 

Table 4.1 above showed how the four models developed here consisted of focusing on two 

dependent variables and examining these from the separate perspectives of the poor and 

non-poor. Models A and B focus on ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ǘƻǿŀǊŘǎ ƛƴŜǉuality, and utilise the 

ΨƛƴŜǉŀǾǊΩ ǾŀǊƛŀōƭŜ ŀǎ ǘƘŜ ŘŜǇŜƴŘŜƴǘ ǊŜǎǇƻƴǎŜ ǾŀǊƛŀōƭŜΦ aƻŘŜƭǎ / ŀƴŘ 5 ŦƻŎǳǎ ƻƴ ǇŜƻǇƭŜΩǎ 

ǾƛŜǿǎ ŎƻƴŎŜǊƴƛƴƎ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘΩǎ ǊƻƭŜ ƛƴ ƛƴŎƻƳŜ ǊŜŘƛǎǘǊƛōǳǘƛƻƴΣ ŀƴŘ ǳǘƛƭƛǎŜ ǘƘŜ ΨƎƻǾǊŜŘǊΩ 

variable as the dependent response variable.  

 

As noted in Chapter 3, bƻǘƘ ΨƛƴŜǉŀǾǊΩ ŀƴŘ ΨƎƻǾǊŜŘǊΩ ŀǊŜ recorded as ordinal data, with 

ǇŜƻǇƭŜΩǎ ǊŜǎǇƻƴǎŜǎ ǘƻ ǘƘŜǎŜ ǘǿƻ ǾŀǊƛŀōƭŜǎ ōŜƛƴƎ ŎŀǇǘǳǊŜŘ ƻƴ five-point scales relating to 

their stated support for or agreement with relevant survey statements.  

 

There are typically three ways in which dependent variables of an ordinal nature are treated 

in statistical modelling: (i) assume that the magnitude of the differences between response 

options are equal and therefore treat the ordinal variable as if it were a continuous variable 

i.e. standard OLS regression; (ii) identify a theoretically-based or empirically-based 

dichotomous distinction within the ordinal scale and therefore split the possible response 

options into two discrete groups, i.e. logistic regression; and (iii) respect the ordinal nature 

of the response variable in full, i.e. ordered logit regression.9  

 

Following extensive consultation with suitably qualified statisticians and the completion of 

some empirical testing, it was agreed that the most appropriate modelling approach to 

adopt for this project was the full ordered logit model.10 

 

Furthermore, due to the geographical stratification inherent in the SASAS sampling 

methodology, it was concluded that multilevel models were mandatory. 

 

The final model development framework therefore required the specification of multilevel 

cumulative link ordered logit regression models. Whereas the spatial inequality analyses 

presented in Chapter 2 and the attitudinal analyses presented in Chapter 3 were both 

                                                             
9 More specifically, fitting ŀ ΨŎǳƳǳƭŀǘƛǾŜ ƭƛƴƪ ƳƻŘŜƭΩΦ 
10 A problem with treating ordinal dependent variables as if they are continuous and fitting OLS models is that 
the residuals need to be normal and homoscedastic for the model to have validity. If the raw category 
numbers are used this will not be the case and the traditional approach was therefore to transform them to 
the normal scores associated with the appropriate quantiles. However, this has been widely criticised and has 
fallen into disuse since the advent of Generalised linear Models 
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performed using Stata, this was not possible for the modelling undertaken here in Chapter 

4.  The R statistical software programme was used to implement multilevel ordered logit 

models. 

 

In conjunction with colleagues from the University of Oxford Statistics Department, four 

base models were produced relating to Models A, B, C, and D. These base models each 

contained the full complement of explanatory variables listed in Table 4.2 above. The 

multilevel component of the models consisted of three levels: (i) individual respondent; (ii) 

datazone of residence; and (iii) municipality of residence. Individual respondents nest within 

datazones, and datazones nest within municipalities.  

 

Ordinal and categorical variables were treated as factors, while numeric and ratio variables 

were standardised by subtracting the mean and dividing by the standard deviation.  

 

Starting from the models containing the full complement of selected explanatory variables, 

the approach adopted was to sequentially drop one variable at a time based upon the 

likelihood ratio (LR) test p-value until each variable remaining in the model had an LR p-

value < 0.05 (see Greenland, 1989, for a detailed discussion of this methodology). The only 

exception to this LR test p-value rule was that the explanatory variables relating to 

ŜȄǇŜǊƛŜƴŎŜ ƻŦ ƛƴŜǉǳŀƭƛǘȅ όΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƻǊ ΨŜȄǇƻǎǳǊŜψƻŦψǊƛŎƘΩύ ŀƴŘ ƴŜƛƎƘōƻǳǊƘƻƻŘ 

ǇƻǾŜǊǘȅ ǊŀǘŜ όΨƛƴŎΩύ and the interaction term between them would be retained in the model 

regardless of LR test p-value. This exception was justified on the grounds that the primary 

objective of the modelling exercise was to assess whether experience of inequality and/or 

neighbourhood poverty rate played a role in influencing ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎΣ ŀƴŘ ǿƘŜǘƘŜǊ 

there was any interaction between these two variables resulting in exposure to inequality 

accentuating the effects of poverty, and vice versa.  

 

The sequential process entailed: (i) identifying the explanatory variable with the largest LR 

test p-value; (ii) running models with and without this particular explanatory variable; and 

(iii) comparing the models with/without the explanatory variable using a LR test based upon 

nested models fitted to the same input record specification (i.e. if there were missing values 

in the dropped variable, then both models were fitted to the data without the 

corresponding missing-value rows of the dropped variable). The explanatory variable was 

dropped if it had an LR test p-value > 0.05 and its LR test p-value was greater than those of 

all other included variables. When the variable identified as having the highest LR test p-

value was categorical in nature (e.g. employment status), the LR test comparison was 

performed between a model with all relevant categorical levels included versus a model 

with none of the relevant categorical levels included. 

 

Once this process of sequential variable reduction was complete for each model (i.e. Models 

A, B, C and D), attention turned to testing for any evidence of interaction effects between 
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our explanatory variables of primary interest (experience of inequality and neighbourhood 

poverty rate) and other explanatory variables that remained in the model specifications at 

the conclusion of the sequential reduction process. Here, interaction terms were added into 

the model specification if the associated LR test p-value for the interaction was <0.05. 

 

This entire model development process was developed and implemented in the R statistical 

software package using the ΨŎƭƳƳΩ function from the ordinal library.  

 

The final model specifications were as follows: 

 
Model_A <- clmm(ineqavr ~ exposP + log_incS + (log_incS:exposP) + edu + hhperS + spoor +  
 groupdis + ssocmobc + jobprest + futmob + classconindS + meritindS + exogindS + q168rS +  
 anc + prov + (exposP:ssocmobc) + (exposP:futmob) + (log_incS:hhperS) +  
 (1|mun_name/dz_code), weights = 2120*wt, data = poor_i, Hess = T, na.action = na.omit) 
 
Model_B <- clmm(ineqavr ~ exposR + log_incS + (log_incS:exposR) + race + edu + empl + spoor +  
 groupdis + ssocmobc + jobprest + classconindS + topbott100S + prov + (exposR:race) +  
 (exposR:spoor) + (log_incS:ssocmobc) + (1|mun_name/dz_code), weights = 1036*wt,  

data = rich_i, Hess = T, na.action = na.omit) 
 
Model_C <- clmm(govredr ~ exposP + log_incS + (log_incS:exposP) + empl + spoor + groupdis +  
 jobprest + classconindS + meritindS + exogindS + q168rS + polideol + ineqavrS +  
 (exposP:empl) + (exposP:spoor) + (1 | mun_name/dz_code), weights = 2120*wt,  

data = poor_g, Hess = T, na.action = na.omit) 
 
Model_D <- clmm(govredr ~  exposR + log_incS + (log_incS:exposR) + marstat + ssocmobc +  

futmob + anc + polideol + assetindexS + ineqavrS + (exposR:polideol) +  
(1|mun_name/dz_code), weights = 1036*wt, data = rich_g, Hess = T, na.action = na.omit) 

 

where the dependent and independent variables are as described in Table 4.2 above (with 

the adapted notation of suffixing continuous variables with an upper-ŎŀǎŜ Ψ{Ω ǘƻ ǎƛƎƴƛŦȅ ǘƘŀǘ 

the variable has been standardised, and renaming the variable ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ǘƻ 

ΨŜȄǇƻǎtΩ ŀƴŘ the variable ΨŜȄǇƻǎǳǊŜψƻŦψǊƛŎƘΩ ǘƻ ΨŜȄǇƻǎwΩ).  

 

4.4 Results and discussion  
 

As discussed above, the focus here in terms of modelling results is placed primary on the 

two models that relate to the poor subgroup, i.e. Model A and Model C. Full tables of results 

and associated plots for Models B and D are included in Appendices 6 and 7 and reference is 

made to the results of Models B and D in this chapter where they either show consistency 

with or divergence from the results of Models A and C respectively.  

 

The main focus of this component of the research is on testing for associations between 

exposure to inequality and attitudes to inequality and redress. As such, we start by looking 
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at statistically significant results relating to exposure. As will become evident through the 

tables, charts and discussion below, the effect of exposure on the dependent variables acts 

through interactions with other explanatory variables. These interactions are therefore 

prioritised at the beginning of each section of model interpretation.  After this, we present 

summaries of any other significant effects not related to exposure. 

 

In the interactions that are shown via the series of graphs in this chapter, the reference 

group within the categorical variable has been chosen to be the one which is arguably the 

Ψmost favourableΩ ŀƴŘ ǘƘŜ ƻǘƘŜǊ ŎŀǘŜƎƻǊƛŜǎ ŀǊŜ ŎƻƳǇŀǊŜŘ ŀƎŀƛƴǎǘ ǘƘƛǎ ǊŜŦŜǊŜƴŎŜ ŎŀǘŜƎƻǊȅΦ  

 

The gradients of the lines shown in the series of charts in this chapter show the direction 

and magnitude of the relationships between different categories (within the relevant 

categorical variable) and the dependent response variable as the level of exposure changes.  

 

It might be reasonable to expect that the more disadvantaged and/or vulnerable a person is 

and/or feels, the more likely the person is to have a strong aversion to income inequality 

and a strong belief that the government has a responsibility to redistribute income from the 

ΨƘŀǾŜǎΩ ǘƻ ǘƘŜ ΨƘŀǾŜ-ƴƻǘǎΩΦ LŦ ǘƘƛǎ ǎŎŜƴŀǊƛƻ ǿŀǎ ǘƘŜ ŎŀǎŜ ǘƘŜƴ ǘƘŜ ƭƛƴŜǎ ƻƴ ǘƘŜ ŎƘŀǊǘǎ 

presented here would typically all be placed above the grey horizontal reference line 

(denoting OR=1) and would all show a positive association between exposure and the 

response variable. However, as shown below, this does not happen exactly in practice.  
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Model A: Inequality aversion ɀ poor subgroup  

 

Table 4.3: Final output from Model A

 
       * significant at p < 0.05;   ** significant at p < 0.01;   *** significant at p < 0.001

 

 

Parameter Estimate Std. Error z value Pr(>|z|) Sig. OR

OR 95% 

CI lower

OR 95% 

CI upper

Group LR 

test pval

(A) Respondent's personal and household characteristics

Educational attainment (Ref='No schooling'; N=165) 0.0000

   Primary   (N=472) 0.62 0.23 2.64 0.0084 ** 1.85 1.17 2.93

   Grades 8-11 or equivalent   (N=853) 1.06 0.23 4.70 0.0000 *** 2.89 1.86 4.51

   Matric or equivalent   (N=547) 0.71 0.23 3.03 0.0024 ** 2.03 1.28 3.20

   Tertiary   (N=83) 0.61 0.34 1.81 0.0710 . 1.84 0.95 3.58

Household size (i.e. number of persons in the household) -0.07 0.05 -1.54 0.1200 0.93 0.85 1.02

ANC voter   (N=1440) -0.42 0.14 -3.05 0.0023 ** 0.66 0.50 0.86

(B) Respondent's attidudes and views

Self-rated poverty status (Ref='Wealthy/very comfortable'; N=78) 0.0170

   Reasonably comfortable   (N=317) 0.06 0.30 0.21 0.8300 1.07 0.59 1.92

   Just getting by   (N=882) 0.26 0.28 0.93 0.3500 1.30 0.75 2.23

   Poor   (N=597) 0.34 0.29 1.17 0.2400 1.40 0.80 2.47

   Very poor   (N=246) 0.80 0.32 2.47 0.0140 * 2.23 1.18 4.20

Perceived mobility history (Ref='Upward mobility'; N=697) 0.0037

   No mobility   (N=863) -0.09 0.12 -0.69 0.4900 0.92 0.72 1.17

   Downward mobility   (N=560) 0.34 0.14 2.42 0.0160 * 1.40 1.07 1.85

Expected future social mobility over next 5 years (Ref='Improve'; N=995) 0.0700

   Stay the same   (N=552) -0.19 0.13 -1.46 0.1400 0.83 0.65 1.07

   Worsen   (N=425) 0.18 0.15 1.21 0.2200 1.20 0.89 1.62

   Uncertain   (N=148) 0.25 0.23 1.08 0.2800 1.28 0.82 2.00

Higher job prestige than father   (N=496) 0.37 0.12 3.03 0.0025 ** 1.45 1.14 1.84

Perceived class conflict index 0.11 0.06 1.96 0.0500 . 1.12 1.00 1.25

Perceived group discrimination   (N=425) 0.35 0.13 2.69 0.0072 ** 1.42 1.10 1.84

Perceived importance of 'merit' factors for getting ahead in life 0.45 0.06 7.99 0.0000 *** 1.56 1.40 1.74

Perceived importance of 'exogenous' factors for getting ahead in life 0.15 0.06 2.50 0.0120 * 1.16 1.03 1.31

Perceived importance of 'race' for getting ahead in life -0.18 0.06 -3.10 0.0019 ** 0.83 0.74 0.94

(C) Geographical location variables

Province of residence (Ref='Western Cape'; N=249) 0.0087

   Eastern Cape   (N=338) -0.46 0.43 -1.07 0.2800 0.63 0.27 1.46

   Northern Cape   (N=160) 0.11 0.50 0.21 0.8300 1.11 0.42 2.95

   Free State   (N=141) 0.45 0.48 0.92 0.3500 1.56 0.61 4.04

   KwaZulu Natal   (N=380) 0.30 0.40 0.75 0.4500 1.35 0.61 2.98

   North West   (N=117) -0.21 0.45 -0.47 0.6400 0.81 0.34 1.96

   Gauteng   (N=278) -0.29 0.39 -0.75 0.4500 0.75 0.35 1.61

   Mpumalanga   (N=191) 0.67 0.45 1.49 0.1400 1.95 0.81 4.70

   Limpopo   (N=266) 0.69 0.44 1.55 0.1200 1.99 0.83 4.76

(D) Neighbourhood level poverty and exposure variables and interactions

Neighbourhood poverty rate 0.12 0.11 1.13 0.2600 1.13 0.91 1.40

Exposure to inequality 0.25 0.17 1.50 0.1300 1.29 0.93 1.79

Neighbourhood poverty rate * Exposure to  inequality 0.01 0.08 0.09 0.9300 1.01 0.86 1.17

Neighbourhood poverty rate * Household size -0.13 0.05 -2.58 0.0099 ** 0.87 0.79 0.97

Exposure to inequality * Perceived social mobility history (Ref='Upward mobility') 0.0120

   Exposure * No mobility -0.09 0.12 -0.76 0.4500 0.91 0.72 1.15

   Exposure * Downward mobility -0.38 0.13 -2.84 0.0044 ** 0.68 0.52 0.89

Exposure to inequality * Expected future social mobility (Ref='Improve') 0.0037

   Exposure * Stay the same 0.13 0.13 1.00 0.3200 1.13 0.89 1.45

   Exposure * Worsen 0.04 0.14 0.31 0.7600 1.05 0.79 1.39

   Exposure * Uncertain -0.65 0.20 -3.18 0.0014 ** 0.52 0.35 0.78



 

 
81 

 

In Model A there are significant interaction effects between exposure_of_poor and two 

ŎŀǘŜƎƻǊƛŎŀƭ ǾŀǊƛŀōƭŜǎΥ ΨǇŀǎǘ ǎƻŎƛŀƭ ƳƻōƛƭƛǘȅΩ όǾŀǊƛŀōƭŜ ΨssocmobcΩ ƛƴ ¢ŀōƭŜ пΦнύ ŀƴŘ ΨŜȄǇŜŎǘŜŘ 

ŦǳǘǳǊŜ ǎƻŎƛŀƭ ƳƻōƛƭƛǘȅΩ όǾŀǊƛŀōƭŜ ΨŦǳǘƳƻōΩ ƛƴ ¢ŀōƭŜ пΦнύ. Interaction odds ratio plots are 

presented below for each. 

 

FigǳǊŜ пΦм ǎƘƻǿǎ ǘƘŜ ƛƴǘŜǊŀŎǘƛƻƴ ōŜǘǿŜŜƴ ΨǇŀǎǘ ǎƻŎƛŀƭ ƳƻōƛƭƛǘȅΩ ƻǾŜǊ ǊŜŎŜƴǘ ȅŜŀǊǎ ŀƴŘ 

exposure to inequality. !ǘ ǘƘŜ ƳŜŀƴ ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƭŜǾŜƭ όŘŜƴƻǘŜŘ ōȅ ǘƘŜ ōƭŀŎƪ ŘŀǎƘŜŘ 

vertical reference line), people who regard themselves as having suffered downward 

mobility over recent years show significantly greater aversion to income inequality than 

people who regard themselves as being upwardly mobile (p-value < 0.05)11.   

 

However, the relationship between perceived recent social mobility and the inequality 

aversion response variable can be seen to vary according to the level of exposure. The 

nŜƎŀǘƛǾŜ ǎƭƻǇŜ ƻŦ ǘƘŜ ǊŜŘ ƭƛƴŜ ƻƴ ǘƘŜ ŎƘŀǊǘ ƛƴŘƛŎŀǘŜǎ ǘƘŀǘ ŀǎ ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƛƴŎǊŜŀǎŜǎΣ 

people who regard themselves as being downwardly mobile become progressively less 

averse to income inequality compared to people who regard themselves as having been 

upwardly mobile (p-value < 0.01)12,. 

 

So, in areas where inequality is perhaps not particularly obvious on a day-to-day basis, 

people who regard themselves as having suffered downward social mobility tend to have 

greater aversion to income inequality than people who regard themselves as having enjoyed 

upward social mobility. This finding could potentially reflect a greater optimism amongst 

upwardly mobile people that life is improving in various ways and therefore greater income 

and social status may be forthcoming, whereas for downwardly mobile people it may seem 

ǘƘŀǘ ǘƘŜ ƎŀǇ ōŜǘǿŜŜƴ ǘƘŜ ΨƘŀǾŜǎΩ ŀƴŘ ǘƘŜ ΨƘŀǾŜ ƴƻǘǎΩ ƛǎ ƎŜǘǘƛƴƎ ǿƛŘŜǊ ŀƴŘ ǇǊƻƎǊŜǎǎƛǾŜƭȅ ƭŜǎǎ 

ΨōǊƛŘƎŜŀōƭŜΩ ǘƘŜǊŜōȅ ƳŀƪƛƴƎ ǘƘŜ ƛƴŎƻƳŜ ƛƴŜǉǳŀƭƛǘȅ ƛƴ {ƻǳǘƘ !ŦǊƛŎŀ ǎŜŜƳ ƛƴŎǊŜŀǎƛƴƎƭȅ ǳƴƧǳǎǘΦ 

  

                                                             
11 Specifically, the odds of giving a response (i.e. inequality aversion) above any particular response threshold 
are 1.40 times (CI: 1.07-1.85) greater for a respondent who perceives him/herself to have been downwardly 
mobile over recent years than for a person who is identical in every way except for perceiving him/herself to 
have been upwardly mobile over recent years. 
12 When the level of exposure is 1 standard deviation below the mean exposure, the odds of giving a response 
(i.e. inequality aversion) above any particular response threshold are 2.06 times greater for a respondent who 
perceives him/herself to have been downwardly mobile over recent years than for an identical person who 
thinks they have been upwardly mobile. In contrast, when the level of exposure is 1 sd above the mean, the 
odds of a self-perceived downwardly mobile person giving a response (i.e. inequality aversion) above any 
particular response threshold are only 0.96 times as high as a person perceiving recent upward mobility.  
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Model A: Exposure variables and interaction s 

Figure 4.1: )ÎÔÅÒÁÃÔÉÏÎ ÏÆ ȬÐÁÓÔ ÓÏÃÉÁÌ ÍÏÂÉÌÉÔÙȭ ×ÉÔÈ ȬÅØÐÏÓÕÒÅȭ 

 

 
Note regarding  vertical reference lines: black dash = mean exposure; blue dot = mean +/- 1 standard deviation exposure;  
red dot = minimum/maximum observed exposure 
Note regarding horizontal reference line: grey dot = OR of 1.0. 

 
 

!ǘ ǘƘŜ ƻǘƘŜǊ ŜƴŘ ƻŦ ǘƘŜ ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ǎǇŜŎǘǊǳƳΣ ǿƘŜǊŜ ǇŜƻǇƭŜ ŀǊŜ exposed to the 

obvious visual signs of income inequality on a daily basis, the results suggest that 

downwardly mobile people are less averse to income inequality than upwardly mobile 

people. This result is rather unexpected but could potentially be due to disillusionment 

amongst the upwardly mobile population with their chances of ever spanning the divide 

beǘǿŜŜƴ ǘƘŜ ΨƘŀǾŜǎΩ ŀƴŘ ǘƘŜ ΨƘŀǾŜ ƴƻǘǎΩΦ It is important to note, however, that the lower 

aversion to income inequality of upwardly mobile people only applies where the level of 

ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƛǎ ŀǇǇǊƻȄƛƳŀǘŜƭȅ м ǎǘŀƴŘŀǊŘ ŘŜǾƛŀǘƛƻƴ or more above the mean 

ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ and so, in the majority of cases across South Africa, upwardly mobile 

people will typically be less averse to income inequality than downwardly mobile people. 
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CƛƎǳǊŜ пΦн ǎƘƻǿǎ ǘƘŜ ƛƴǘŜǊŀŎǘƛƻƴ ƻŦ ΨŜȄǇŜŎǘŜŘ ŦǳǘǳǊŜ ǎƻŎƛŀƭ ƳƻōƛƭƛǘȅΩ ŀƴŘ ŜȄposure to 

inequality. 

Figure 4.2: )ÎÔÅÒÁÃÔÉÏÎ ÏÆ Ȭexpected future ÓÏÃÉÁÌ ÍÏÂÉÌÉÔÙȭ ×ÉÔÈ ȬÅØÐÏÓÕÒÅȭ

 
Note regarding  vertical reference lines: black dash = mean exposure; blue dot = mean +/- 1 standard deviation exposure;  

red dot = minimum/maximum observed exposure 

Note regarding horizontal reference line: grey dot = OR of 1.0. 

 

!ǘ ǘƘŜ ƳŜŀƴ ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƭŜǾŜƭ, people who expect their societal position will 

improve over the coming years are not significantly different in terms of aversion to income 

inequality then people who think their societal position will stay the same or worsen or who 

are uncertain.  Furthermore, there are no statistically significant differences in how 

exposure to inequality affects aversion to income inequality between people who think their 

social position will improve, stay the same or worsen.  

 

However, there is a statistically significant difference (p-value < 0.01) between people who 

think their social position will improve and people who are uncertain of their social mobility 

future in the way that exposure_of_poor affects views on inequality aversion. In 

geographical areas where exposure_of_poor is relatively low, people who are uncertain of 

their social mobility futures tend to have a greater aversion to income inequality than 

people who think their social position will improve13. As exposure_of_poor increases, 

                                                             
13

 In geographical areas with the lowest observed exposure_of_poor, the odds of giving a response (i.e. 
inequality aversion) above any particular response threshold are 3.70 times greater for a respondent who is 
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however, people who are uncertain of their social mobility future become progressively less 

averse to income inequality compared to people who expect to enjoy improving social 

status14.  

 

So, where exposure to inequality is low, people who are uncertain about their future tend to 

be more averse to income inequality than people who think their situation will get better. 

As exposure increases, people who are uncertain about their futures become less averse to 

income inequality compared to people who expect an upwardly mobile future. This finding 

could again be related to disillusionment amongst people who are expecting to see 

improvements with regards to the size of the gap between the very affluent minority and 

the poor majority and the difficulty in bridging that gap.  

 

 

Model A: Other statistically significant effects  

 

!ƭƭ ƻǘƘŜǊ ǘƘƛƴƎǎ ōŜƛƴƎ ŜǉǳŀƭΧ 

¶ There is a statistically significant interaction between neighbourhood poverty rate 

and household size (p-value < 0.01). The coefficient for this interaction is negative, 

meaning that, as neighbourhood poverty rate increases, the effect of living in a large 

household becomes progressively greater in terms of reducing aversion to income 

inequality.  

¶ The odds of giving a response (i.e. inequality aversion) above any particular response 

threshold are 1.85 times greater for a respondent with primary schooling as their 

maximum educational attainment than people with no schooling (p-value < 0.01). A 

ǎƛƳƛƭŀǊ ǇƛŎǘǳǊŜ ƛǎ ǎŜŜƴ ŦƻǊ ǘƘƻǎŜ ǿƛǘƘ ΨDǊŀŘŜ у-мм ƻǊ ŜǉǳƛǾŀƭŜƴǘΩ όhw Ґ нΦуф; p-value < 

0.001ύ ŀƴŘ ΨƳŀǘǊƛŎ ƻǊ ŜǉǳƛǾŀƭŜƴǘΩ όhw Ґ нΦло; p-value < 0.01), again when compared 

to people with no schooling. Also a similar picture for people with tertiary education 

(OR = 1.84; p-value < 0.1), although this does not quite meet the 0.05 significance 

level (possibly due to small N cases). 

¶ The odds are lower for an ANC voter than for a non-ANC voter (OR = 0.66; p-value < 

0.01). Could this be because the ANC have been in power since 1994 and yet income 

inequality has not fallen but people who vote ANC perhaps see the good that the 

ANC have done rather than the persisting problems of inequality? 

¶ tŜƻǇƭŜ ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ ΨǾŜǊȅ ǇƻƻǊΩ ƘŀǾŜ ƘƛƎƘŜǊ ƻŘŘǎ of answering above a 

ǎǇŜŎƛŦƛŜŘ ǊŜǎǇƻƴǎŜ ǘƘǊŜǎƘƻƭŘ ǘƘŀƴ ǇŜƻǇƭŜ ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ ΨǿŜŀƭǘƘȅκǾŜǊȅ 

                                                                                                                                                                                             
uncertain about their social mobility future than for a person who is identical other than expecting their social 
position to improve.  
14 In areas with the highest observed exposure_of_poor, the odds of someone who is uncertain about their 
future social mobility giving a response (i.e. inequality aversion) above any particular response threshold are 
just 0.31 times those of a respondent who is identical other than expecting their social position to improve. 
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comfoǊǘŀōƭŜΩ όhw Ґ нΦноΤ Ǉ-value < 0.05ύΦ {ƻ ΨǾŜǊȅ ǇƻƻǊΩ ǇŜƻǇƭŜ ŀǊŜ ƳƻǊŜ ŀǾŜǊǎŜ ǘƻ 

ƛƴŎƻƳŜ ƛƴŜǉǳŀƭƛǘȅ ǘƘŀƴ ΨǿŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ ǇŜƻǇƭŜΦ 

¶ People who regard themselves as having a job with higher prestige than their father 

have higher odds of giving an above-ǘƘǊŜǎƘƻƭŘ ǊŜǎǇƻƴǎŜ ǘƘŀƴ ǇŜƻǇƭŜ ǿƘƻ ŘƻƴΩǘ όhw 

= 1.45, p-value < 0.01), and so are more averse to income inequality. 

¶ The greater the extent of class conflict in South Africa a person perceives, the higher 

the odds that they will give an above-threshold response. A person with a perceived 

class conflict score of +1sd above mean score has odds 1.12 times greater than 

someone with mean class conflict score (p-value = 0.05). Perhaps those who think 

there is lots of class conflict also think that this conflict might be reduced by reducing 

income disparities? 

¶ People who perceive themselves to be members of a group that are discriminated 

against are more averse ǘƻ ƛƴŎƻƳŜ ƛƴŜǉǳŀƭƛǘȅ ǘƘŀƴ ǇŜƻǇƭŜ ǿƘƻ ŘƻƴΩǘ όhw Ґ мΦпн, p-

value < 0.01).  

¶ ¢ƘŜ ƎǊŜŀǘŜǊ ƻƴŜΩǎ ǾƛŜǿ ǘƘŀǘ ΨƳŜǊƛǘΩ ŦŀŎǘƻǊǎ όƛΦŜΦ ƘŀǊŘ ǿƻǊƪ ŀƴŘ ŀƳōƛǘƛƻƴύ ŀǊŜ 

important for getting ahead in life, the greater the aversion to income inequality (OR 

for +1sd vs mean on merit index = 1.56, p-value < 0.001).  

¶ ¢ƘŜ ƎǊŜŀǘŜǊ ƻƴŜΩǎ ǾƛŜǿ ǘƘŀǘ ΨŜȄƻƎŜƴƻǳǎΩ ŦŀŎǘƻǊǎ όŜΦg. coming from a wealthy family) 

are important for getting ahead in life, the greater the aversion to income inequality 

(OR for +1sd vs mean on exogenous index = 1.16, p-value < 0.05).  

¶ ¢ƘŜ ƎǊŜŀǘŜǊ ƻƴŜΩǎ ǾƛŜǿ ǘƘŀǘ ŀ ǇŜǊǎƻƴΩǎ ǊŀŎŜ ƛǎ ƛƳǇƻǊǘŀƴǘ ŦƻǊ ƎŜǘǘƛƴƎ ŀƘŜŀŘ ƛƴ ƭƛŦŜΣ ǘƘŜ 

ƭŜǎǎ ǘƘŜȅ ŀǊŜ ŀǾŜǊǎŜ ǘƻ ƛƴŎƻƳŜ ƛƴŜǉǳŀƭƛǘȅ όhw ŦƻǊ ҌмǎŘ Ǿǎ ƳŜŀƴ ƻƴ ΨǉмсуǊΩ όƛΦŜΦ 

importance of race) variable = 0.83, p-value < 0.01).  

¶ When compared to the Western Cape, none of the other eight provinces are 

statistically significant in terms of inequality aversion. However, group effect of 

province is statistically significant as a whole and so province is included in the final 

model. 
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Model C: Government Redistribution  ɀ poor  subgroup  

 

Table 4.4: Final output from Model C

 
       * significant at p < 0.05;   ** significant at p < 0.01;   *** significant at p < 0.001

Parameter Estimate Std. Error z value Pr(>|z|) Sig. OR

OR 95% 

CI lower

OR 95% 

CI upper

Group LR 

test pval

(A) Respondent's personal and household characteristics

Employment status (Ref='Employed full time'; N=498) 0.0024

   Employed part time   (N=150) 0.64 0.22 2.86 0.0042 ** 1.90 1.22 2.94

   Unemployed, seeking work   (N=688) -0.07 0.15 -0.48 0.6300 0.93 0.70 1.25

   Unemployed not looking for work   (N=230) 0.54 0.20 2.68 0.0073 ** 1.71 1.16 2.53

   Pensioner   (N=213) 0.15 0.20 0.76 0.4500 1.17 0.79 1.73

   Student/learner   (N=201) 0.24 0.19 1.26 0.2100 1.27 0.88 1.85

   Permanently sick/disabled   (N=47) -0.11 0.36 -0.29 0.7700 0.90 0.44 1.84

   Other employment status   (N=93) -0.05 0.28 -0.18 0.8500 0.95 0.55 1.65

(B) Respondent's attidudes and views

Inequality aversion 0.35 0.05 6.58 0.0000 *** 1.42 1.28 1.57

Left-right ideology (Ref='Liberal'; N=801) 0.0000

   Moderate   (N=567) -0.47 0.12 -3.82 0.0001 *** 0.62 0.49 0.79

   Conservative   (N=316) -0.80 0.15 -5.26 0.0000 *** 0.45 0.33 0.60

   Uncertain   (N=436) -0.29 0.15 -1.94 0.0520 . 0.75 0.56 1.00

Self-rated poverty status (Ref='Wealthy/very comfortable'; N=78) 0.0001

   Reasonably comfortable   (N=317) -0.46 0.31 -1.50 0.1300 0.63 0.35 1.15

   Just getting by   (N=882) -0.83 0.29 -2.91 0.0036 ** 0.43 0.25 0.76

   Poor   (N=597) -0.63 0.29 -2.15 0.0310 * 0.53 0.30 0.95

   Very poor   (N=246) -0.11 0.33 -0.33 0.7400 0.90 0.47 1.71

Higher job prestige than father   (N=496) -0.29 0.12 -2.43 0.0150 * 0.75 0.59 0.94

Perceived class conflict index 0.19 0.06 3.37 0.0008 *** 1.21 1.08 1.35

Perceived group discrimination   (N=425) 0.30 0.13 2.37 0.0180 * 1.35 1.05 1.73

Perceived importance of 'merit' factors for getting ahead in life 0.20 0.05 3.72 0.0002 *** 1.22 1.10 1.35

Perceived importance of 'exogenous' factors for getting ahead in life 0.17 0.06 3.12 0.0018 ** 1.19 1.07 1.32

Perceived importance of 'race' for getting ahead in life -0.13 0.05 -2.39 0.0170 * 0.88 0.79 0.98

(C) Geographical location variables

N/A

(D) Neighbourhood level poverty and exposure variables and interactions

Neighbourhood poverty rate 0.01 0.11 0.12 0.9000 1.01 0.82 1.25

Exposure to inequality -0.49 0.29 -1.69 0.0920 . 0.61 0.35 1.08

Neighbourhood poverty rate * Exposure to  inequality -0.11 0.08 -1.38 0.1700 0.90 0.77 1.05

Exposure * Employment status (Ref='Employed full time') 0.0045

   Exposure * Employed part time 0.75 0.22 3.32 0.0009 *** 2.11 1.36 3.27

   Exposure * Unemployed, seeking work 0.12 0.15 0.84 0.4000 1.13 0.85 1.51

   Exposure * Unemployed not looking for work 0.40 0.19 2.07 0.0390 * 1.50 1.02 2.19

   Exposure * Pensioner 0.18 0.19 0.93 0.3500 1.20 0.82 1.74

   Exposure * Student/learner 0.18 0.18 0.96 0.3300 1.19 0.83 1.70

   Exposure * Permanently sick/disabled 0.90 0.39 2.32 0.0200 * 2.45 1.15 5.23

   Exposure * Other employment status 0.67 0.28 2.45 0.0140 * 1.96 1.14 3.37

Exposure * Self-rated poverty status (Ref='Wealthy/very comfortable') 0.0020

   Exposure * Reasonably comfortable 0.02 0.28 0.08 0.9300 1.02 0.59 1.78

   Exposure * Just getting by 0.58 0.26 2.19 0.0290 * 1.78 1.06 2.99

   Exposure * Poor 0.32 0.27 1.19 0.2300 1.38 0.81 2.33

   Exposure * Very poor 0.36 0.30 1.19 0.2300 1.44 0.79 2.60
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In Model C there are significant interaction effects between exposure_of_poor and two 

ŎŀǘŜƎƻǊƛŎŀƭ ǾŀǊƛŀōƭŜǎΥ ΨŜƳǇƭƻȅƳŜƴǘ ǎǘŀǘǳǎΩ όǾŀǊƛŀōƭŜ ΨŜƳǇƭΩ ƛƴ ¢ŀōƭŜ пΦнύ ŀƴŘ ΨǎŜƭŦ ǇŜǊŎŜƛǾŜŘ 

ǇƻǾŜǊǘȅ ǎǘŀǘǳǎΩ όǾŀǊƛŀōƭŜ ΨǎǇƻƻǊΩ ƛƴ ¢ŀōƭŜ пΦнύ. Interaction odds ratio plots are presented 

below for each. 

 

Model C: Exposure variables and interactions  

 

Figure 4.3 shows the interaction between employment status and exposure to inequality. 

Figure 4.3: )ÎÔÅÒÁÃÔÉÏÎ ÏÆ ȬÅÍÐÌÏÙÍÅÎÔ ÓÔÁÔÕÓȭ ×ÉÔÈ ȬÅØÐÏÓÕÒÅ

 
Note regarding  vertical reference lines: black dash = mean exposure; blue dot = mean +/- 1 standard deviation exposure;  

red dot = minimum/maximum observed exposure 

Note regarding horizontal reference line: grey dot = OR of 1.0. 

 

!ǘ ǘƘŜ ƳŜŀƴ ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƭŜǾŜƭ (denoted by the black dashed vertical reference line), 

people who are employed part time (p-value < 0.01) and people who are unemployed and 

not looking for work (p-value < 0.01) both show a significantly stronger agreement than 

ǇŜƻǇƭŜ ǿƘƻ ŀǊŜ ŜƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜ ǘƘŀǘ ƛǘ ƛǎ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘΩǎ ǊŜǎǇƻƴǎƛōƛƭƛǘȅ ǘƻ ǊŜŘǳŎŜ 

income differences between those with high incomes and those with low incomes15.  

 

                                                             
15 !ǘ ǘƘŜ ƳŜŀƴ ΨŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΩ ƭŜǾŜƭΣ ǘƘŜ ƻŘŘǎ ƻŦ ŀƴ Ψ9ƳǇƭƻȅŜŘ ǇŀǊǘ ǘƛƳŜΩ ǊŜǎǇƻƴŘŜƴǘ ƎƛǾƛƴƎ ŀ ǊŜǎǇƻƴǎŜ 
(i.e. support for government responsibility for income distribution) above any particular threshold are 1.90 
times (CI: 1.22-2.94) greatŜǊ ǘƘŀƴ ǘƘƻǎŜ ƻŦ ŀ ǊŜǎǇƻƴŘŜƴǘ ǿƘƻ ƛǎ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩΦ  {ƛƳƛƭŀǊƭȅΣ ŀ ǊŜǎǇƻƴŘŜƴǘ 
ǿƘƻ ƛǎ Ψ¦ƴŜƳǇƭƻȅŜŘ ŀƴŘ ƴƻǘ ƭƻƻƪƛƴƎ ŦƻǊ ǿƻǊƪΩ Ƙŀǎ ƻŘŘǎ мΦтм ǘƛƳŜǎ ό/LΥ мΦмс-2.53) greater than someone who 
ƛǎ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩΦ 
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It is also evident that four of the employment status groups show statistically significant 

differences in the way that exposure_of_poor influences the response variable when 

compared to the way that exposurŜψƻŦψǇƻƻǊ ƛƴŦƭǳŜƴŎŜǎ ǘƘŜ ǊŜǎǇƻƴǎŜ ƻŦ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ 

ǘƛƳŜΩ ǊŜǎǇƻƴŘŜƴǘǎΦ These four groups are: employed part time (p-value < 0.001); 

unemployed and not looking for work (p-value < 0.05); permanently sick or disabled (p-

value < 0.05); and ΨotherΩ employment status (p-value < 0.05). The interaction coefficients 

for these four employment status groups are all positive, meaning that as exposure_of_poor 

increases, members of the four groups become progressively more supportive of 

ƎƻǾŜǊƴƳŜƴǘΩǎ ǊŜǎǇƻƴǎƛōƛƭƛǘȅ ǘƻ ǊŜdistribute income when compared to people who are 

employed full time16.  

 

The other non-significant interaction terms are also seen to be positive in direction but the 

lack of statistical significance means that caution must be exercised in assuming that this 

positive direction is necessarily true. However, based upon the results here, it is possible to 

tentatively conclude that, on the whole, those respondents who might be regarded as 

involuntarily excluded (either fully or partially) from the labour market tend to be more 

supportive of the government taking responsibility for income redistribution than people in 

full time employment. Furthermore, there is some evidence that as exposure to socio-

economic inequality increases, people who are involuntarily excluded from the labour 

market become even more supportive of government role in income redistribution 

compared to full time employed people. These findings may be related to increased feelings 

of income vulnerability amongst people who are excluded from the labour market: those 

who are employed part time may wish to work more but may struggle to find employment 

opportunities and may be in relatively insecure jobs; those who are unemployed and not 

seeking work may discouraged work seekers who feel it is pointless looking for jobs due to 

scarcity; and those who are permanently sick or disabled may feel particularly 

disadvantaged in the labour market due to inability to obtain and/or retain jobs. It is not 

ŎƭŜŀǊ ǿƘŀǘ ŜƳǇƭƻȅƳŜƴǘ ǎǘŀǘǳǎŜǎ ŎƻƴǎǘƛǘǳǘŜ ǘƘŜ ΨƻǘƘŜǊΩ ƎǊoup, but these too may potentially 

be vulnerable or disadvantaged positions.  

 

                                                             
16 At mean-мǎŘ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΣ Ψ9ƳǇƻȅŜŘ ǇŀǊǘ ǘƛƳŜΩ ǊŜǎǇƻƴŘŜƴǘǎ ƘŀǾŜ ƻŘŘǎ Ƨǳǎǘ лΦфл ǘƛƳŜǎ ǘƘƻǎŜ ƻŦ 
Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩ ƻŦ ŀƴǎǿŜǊƛƴƎ ŀōƻǾŜ ŀ ƎƛǾŜƴ ǊŜǎǇƻƴǎŜ ǘƘǊŜǎƘƻƭŘΣ ǿƘŜǊŜŀǎ ŀǘ ƳŜŀƴҌмǎŘ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊ 
ǘƘŜ ƻŘŘǎ ŦƻǊ Ψ9ƳǇƭƻȅŜŘ ǇŀǊǘ ǘƛƳŜΩ ŀǊŜ пΦлл ǘƛƳŜǎ ƎǊŜŀǘŜǊ ǘƘŀƴ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩΦ {ƛƳƛƭŀǊƭȅ, at mean-1sd 
ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΣ ǘƘŜ ƻŘŘǎ ƻŦ ŀƴ Ψ¦ƴŜƳǇƭƻȅŜŘ ŀƴŘ ƴƻǘ ǎŜŜƪƛƴƎ ǿƻǊƪΩ ǊŜǎǇƻƴŘŜƴǘ ƻŦ ŀƴǎǿŜǊƛƴƎ ŀōƻǾŜ ŀ 
ǊŜǎǇƻƴǎŜ ǘƘǊŜǎƘƻƭŘ ŀǊŜ мΦмп ǘƛƳŜǎ ƎǊŜŀǘŜǊ ǘƘŀƴ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩΣ ŀƴŘ ŀǘ ƳŜŀƴҌмǎŘ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊ 
these odds increase to 2.56 times greaterΦ wŜǎǇƻƴŘŜƴǘǎ ǿƘƻ ŀǊŜ ΨtŜǊƳŀƴŜƴǘƭȅ ǎƛŎƪ ƻǊ ŘƛǎŀōƭŜŘΩ ƘŀǾŜ ƻŘŘǎ ŀǘ 
mean-мǎŘ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊ ƻŦ Ƨǳǎǘ лΦот ǘƛƳŜǎ ǘƘƻǎŜ ƻŦ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩΣ ǿƘƛƭŜ ŀǘ ƳŜŀƴҌмǎŘ 
ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊ ǘƘŜ ƻŘŘǎ ŀǊŜ нΦнм ǘƛƳŜǎ ƎǊŜŀǘŜǊ ǘƘŀƴ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩΦ CƛƴŀƭƭȅΣ ŦƻǊ ǇŜƻǇƭŜ who state they 
ŀǊŜ ƻŦ ΨhǘƘŜǊ ŜƳǇƭƻȅƳŜƴǘ ǎǘŀǘǳǎΩΣ ǘƘŜ ƻŘŘǎ ŀǊŜ лΦпу ǘƘƻǎŜ ƻŦ ǘƘŜ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜ ŀǘ ƳŜŀƴ-1sd 
ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΣ ōǳǘ ƛƴŎǊŜŀǎƛƴƎ ǘƻ мΣус ǘƛƳŜǎ ƎǊŜŀǘŜǊ ǘƘŀƴ Ψ9ƳǇƭƻȅŜŘ Ŧǳƭƭ ǘƛƳŜΩ ŀǘ ƳŜŀƴҌмǎŘ 
exposure_of_poor. These statistically significant interaction terms are all positive in direction. 
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CƛƎǳǊŜ пΦп ǎƘƻǿǎ ǘƘŜ ƛƴǘŜǊŀŎǘƛƻƴ ƻŦ ΨǎŜƭŦ-ǇŜǊŎŜƛǾŜŘ ǇƻǾŜǊǘȅ ǎǘŀǘǳǎΩ ŀƴŘ ŜȄǇƻǎǳǊŜ ǘƻ 

inequality. 

Figure 4.4: )ÎÔÅÒÁÃÔÉÏÎ ÏÆ ȬÓÅÌÆ-ÐÅÒÃÅÉÖÅÄ ÐÏÖÅÒÔÙ ÓÔÁÔÕÓȭ ×ÉÔÈ ȬÅØÐÏÓÕÒÅȭ

 
Note regarding  vertical reference lines: black dash = mean exposure; blue dot = mean +/- 1 standard deviation exposure;  

red dot = minimum/maximum observed exposure 

Note regarding horizontal reference line: grey dot = OR of 1.0. 

 

In terms of self-perceived poverty status, at the mean exposure_of_poor level people who 

regard ǘƘŜƳǎŜƭǾŜǎ ŀǎ Ψjǳǎǘ ƎŜǘǘƛƴƎ ōȅΩ ƻǊ ŀǎ ΨpoorΩ are significantly less supportive than 

ǇŜƻǇƭŜ ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ ōŜƛƴƎ ΨwŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ of the notion that the 

government is responsible for redistributing income from those with high incomes to those 

with low incomes (p-value < лΦлм ŦƻǊ ΨƧǳǎǘ ƎŜǘǘƛƴƎ ōȅΩΤ Ǉ-ǾŀƭǳŜ ғ лΦлр ŦƻǊ ΨǇƻƻǊΩ)17.  

 

In terms of the exposure gradients of the interaction terms, of the four subgroups shown on 

the ŎƘŀǊǘΣ ƻƴƭȅ ǘƘŜ ƭƛƴŜ ŦƻǊ ǇŜƻǇƭŜ ǿƘƻ ŀǊŜ ΨWǳǎǘ ƎŜǘǘƛƴƎ ōȅΩ ƛǎ ǎƛƎƴƛŦƛŎŀƴǘƭȅ ŘƛŦŦŜǊŜƴǘ ǘƻ ǘƘŜ 

ΨwŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ group. As exposure_of_poor increases, ǇŜƻǇƭŜ ǿƘƻ ŀǊŜ ΨƧǳǎǘ 

                                                             
17 ¢ƘŜ ƻŘŘǎ ŀǘ ƳŜŀƴ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊ ŦƻǊ ǇŜƻǇƭŜ ǿƘƻ ŀǊŜ ΨWǳǎǘ ƎŜǘǘƛƴƎ ōȅΩ ŀǊŜ ƻƴƭȅ лΦпо ǘƛƳŜǎ ό/LΥ лΦнр-0.76) 
those of people whƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ Ψ²ŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩΣ ǿƘƛƭŜ ǘƘŜ ƻŘŘǎ ŀǘ ƳŜŀƴ 
exposure_of_poor for people who regard themselves as poor are just 0.53 times (CI: 0.30-0.95) those who 
ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ Ψ²ŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩΦ ¢ƘŜ ƻŘŘǎ ŀǘ ƳŜŀƴ ŜȄǇƻǎǳǊŜ ŦƻǊ people who regard 
ǘƘŜƳǎŜƭǾŜǎ ŀǎ ΨwŜŀǎƻƴŀōƭȅ ŎƻƳŦƻǊǘŀōƭŜΩ ƻǊ Ψ±ŜǊȅ ǇƻƻǊΩ ŀǊŜ ƭƻǿŜǊ ǘƘŀƴ ǘƘƻǎŜ ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ 
Ψ²ŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩΣ ōǳǘ ǘƘŜ ŘƛŦŦŜǊŜƴŎŜǎ ŀǊŜ ƴƻǘ ǎǘŀǘƛǎǘƛŎŀƭƭȅ ǎƛƎƴƛŦƛŎŀƴǘΦ 
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ƎŜǘǘƛƴƎ ōȅΩ ōŜŎƻƳŜ ǇǊƻƎǊŜǎǎƛǾŜƭȅ ƳƻǊŜ ǎǳǇǇƻǊǘƛǾŜ ƻŦ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘΩǎ ǊƻƭŜ ƛƴ income 

ǊŜŘƛǎǘǊƛōǳǘƛƻƴ ŎƻƳǇŀǊŜŘ ǘƻ ǇŜƻǇƭŜ ǿƘƻ ŀǊŜ ΨǿŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ (p-value < 0.05)18.  

 

The interaction coefficients for the ΨpoorΩ ŀƴŘ ΨvŜǊȅ ǇƻƻǊΩ ƎǊƻǳǇǎ ŀǊŜ ǇƻǎƛǘƛǾŜ ōǳǘ ƻŦ ŀ 

somewhat smaller magnitude than the interaction coefficient ŦƻǊ Ψjust ƎŜǘǘƛƴƎ ōȅΩ and, unlike 

Ψjǳǎǘ ƎŜǘǘƛƴƎ ōȅΩΣ ǘƘŜ interaction coefficients for ΨpoorΩ ŀƴŘ ΨvŜǊȅ ǇƻƻǊΩ ŀǊŜ ƴƻǘ ǎƛƎƴƛŦƛŎŀƴǘƭȅ 

ŘƛŦŦŜǊŜƴǘ ǘƻ ǘƘŀǘ ŦƻǊ ǘƘŜ ΨwŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ ƎǊƻǳǇΦ It may be that the relatively small 

number of respondents in the Model_C dŀǘŀǎŜǘ ǘƘŀǘ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ Ψwealthy/very 

ŎƻƳŦƻǊǘŀōƭŜΩ (n=78) is the reason why the ΨpoorΩ ŀƴŘ ΨvŜǊȅ ǇƻƻǊΩ ƛƴǘŜǊŀŎǘƛƻƴ ŎƻŜŦŦƛŎƛŜƴǘǎ ŀǊŜ 

ƴƻǘ ǇǊŜǎŜƴǘŜŘ ŀǎ ǎƛƎƴƛŦƛŎŀƴǘƭȅ ŘƛŦŦŜǊŜƴǘ ǘƻ ΨwŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩΦ One option might 

have been ǘƻ ǊŜŎƻŘŜ ǘƘŜ ΨwŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ ŀƴŘ ΨrŜŀǎƻƴŀōƭȅ ŎƻƳŦƻǊǘŀōƭŜΩ 

respondents into a new composite category and use that as the reference group. However, 

after consideration, the decision was taken not to do this because there is possibly some 

evidence ǘƘŀǘ ǘƘŜ ΨwealtƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ ŀƴŘ ΨrŜŀǎƻƴŀōƭȅ ŎƻƳŦƻǊǘŀōƭŜΩ ƎǊƻǳǇǎ Ƴŀȅ ƴƻǘ 

necessarily be sufficiently similar to justify combining them19.  

 

Based upon the information conveyed graphically in Figure 4.4, and particularly the 

significant interaction coefficient for pŜƻǇƭŜ ǿƘƻ ŀǊŜ ΨƧǳǎǘ ƎŜǘǘƛƴƎ ōȅΩΣ ƛǘ ƛǎ ǇƻǎǎƛōƭŜ ǘƻ 

tentatively suggest that increasing exposure to socioeconomic inequality is associated with 

progressively greater support for government income redistribution amongst the less well-

off when compared to those who regard themselves as being Ψwealthy/very comfortableΩ.   

 

Model C: Other statistically significant effects  

 

!ƭƭ ƻǘƘŜǊ ǘƘƛƴƎǎ ōŜƛƴƎ ŜǉǳŀƭΧ 

¶ There is a positive association between inequality aversion and support for 

government role in income distribution. Ineqavr is treated as a continuous 

explanatory variable and so is mean-centred. A person whose response on the 

ineqavr variable is 1sd above the mean ineqavr response, has odds 1.42 times 

greater than an ineqavr mean respondent of giving a response on the govredr 

variable above any specified threshold (p-value < 0.001). In other words, there is a 

                                                             
18 Here, it is evident that at mean-1sd exposure_of_pooǊΣ ǘƘŜ ƻŘŘǎ ƻŦ ǎƻƳŜƻƴŜ ǿƘƻ ƛǎ ΨWǳǎǘ ƎŜǘǘƛƴƎ ōȅΩ 
ŀƴǎǿŜǊƛƴƎ ŀōƻǾŜ ŀ ƎƛǾŜƴ ǊŜǎǇƻƴǎŜ ǘƘǊŜǎƘƻƭŘ ŀǊŜ Ƨǳǎǘ лΦнп ǘƛƳŜǎ ǘƘƻǎŜ ƻŦ ǎƻƳŜƻƴŜ ǿƘƻ ƛǎ Ψ²ŜŀƭǘƘȅκǾŜǊȅ 
ŎƻƳŦƻǊǘŀōƭŜΩΣ ǿƘƛƭǎǘ ŀǘ ƳŜŀƴҌмǎŘ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊΣ ǘƘŜ ƻŘŘǎ ŀǊŜ Ƨǳǎǘ лΦтт ǘƛƳŜǎ ǘƘƻǎŜ ƻŦ Ψ²ŜŀƭǘƘȅκǾŜǊȅ 
comfƻǊǘŀōƭŜΩΦ !ǘ ǘƘŜ ƘƛƎƘŜǎǘ ŀŎǘǳŀƭƭȅ ƻōǎŜǊǾŜŘ ŜȄǇƻǎǳǊŜψƻŦψǇƻƻǊ ƭŜǾŜƭΣ ǘƘŜ ƻŘŘǎ ŦƻǊ ǘƘƻǎŜ ǿƘƻ ŀǊŜ ΨWǳǎǘ 
ƎŜǘǘƛƴƎ ōȅΩ ŀǊŜ мΦрн ǘƛƳŜǎ ƎǊŜŀǘŜǊ ǘƘŀƴ ǘƘƻǎŜ ŦƻǊ ǘƘŜ Ψ²ŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ ƎǊƻǳǇΣ ōǳǘ ƛǘ ƛǎ ŎƭŜŀǊ ŦǊƻƳ 
Figure 4.4 that across the majority of the observed exposure_of_poor continuum in South Africa, people who 
ŀǊŜ ΨWǳǎǘ ƎŜǘǘƛƴƎ ōȅΩ ŀǊŜ ƭŜǎǎ ǎǳǇǇƻǊǘƛǾŜ ƻŦ ƎƻǾŜǊƴƳŜƴǘ ǊƻƭŜ ƛƴ ƛƴŎƻƳŜ ǊŜŘƛǎǘǊƛōǳǘƛƻƴ ǘƘŀƴ ǇŜƻǇƭŜ ǿƘƻ ŀǊŜ 
Ψ²ŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩΦ 
19

 For instance, although the odds at mean exposure_of_poor are not quite significantly different between 
these two groups at the 0.05 level, the visual representation provided by Figure 4.4 suggests there may be a 
small yet consistent difference between the two groups which may become significant if the number of cases 
ƛƴ ǘƘŜ Ψ²ŜŀƭǘƘȅκǾŜǊȅ ŎƻƳŦƻǊǘŀōƭŜΩ ƎǊƻǳǇ ǿŜǊŜ ƭŀǊƎŜǊΦ 
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ǎǘŀǘƛǎǘƛŎŀƭƭȅ ǎƛƎƴƛŦƛŎŀƴǘ ǇƻǎƛǘƛǾŜ ŀǎǎƻŎƛŀǘƛƻƴ ōŜǘǿŜŜƴ ŀ ǇŜǊǎƻƴΩǎ ƛƴŜǉǳŀƭƛǘȅ ŀǾŜǊǎƛƻƴ 

and their ōŜƭƛŜŦ ǘƘŀǘ ƛǘ ƛǎ ǘƘŜ ƎƻǾŜǊƴƳŜƴǘΩǎ ǊŜǎǇƻƴǎƛōƛƭƛǘȅ ǘƻ ǊŜŘƛǎǘǊƛōute income from 

the poor to the rich. People with greater aversion to income inequality tend to show 

stronger support for government role in income redistribution. This is as we would 

expect. 

¶ ¢ƘŜǊŜ ƛǎ ŀ ǎƛƎƴƛŦƛŎŀƴǘ ŀǎǎƻŎƛŀǘƛƻƴ ōŜǘǿŜŜƴ ǇŜƻǇƭŜΩǎ ǇƻƭƛǘƛŎŀƭ ƛŘeology and their 

support for government role in income distribution. People who regard themselves 

ŀǎ ΨŎƻƴǎŜǊǾŀǘƛǾŜΩ ƘŀǾŜ ƻŘŘǎ Ƨǳǎǘ лΦпр ǘƛƳŜǎ ŀǎ ƭŀǊƎŜ ŀǎ ǇŜƻǇƭŜ ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ 

ŀǎ ΨƭƛōŜǊŀƭΩ ƻŦ ŀƴǎǿŜǊƛƴƎ ŀōƻǾŜ ŀ ƎƛǾŜƴ ǊŜǎǇƻƴǎŜ ǘƘǊŜǎƘƻƭŘ (p-value < 0.001). People 

ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƳǎŜƭǾŜǎ ŀǎ ΨƳƻŘŜǊŀǘŜΩ ƘŀǾŜ ƻŘŘǎ Ƨǳǎǘ лΦсн ǘƛƳŜǎ ǘƘƻǎŜ ƻŦ ΨƭƛōŜǊŀƭΩ (p-

value < 0.001), whilst people who say they are ΨuncertainΩ  have odds just 0.75 of 

ΨƭƛōŜǊŀƭΩ (p-value = 0.0520). The magnitude of the coefficients and ORs therefore 

become more extreme with each increment in political ideology, with each 

ƛƴŎǊŜƳŜƴǘ ŀǿŀȅ ŦǊƻƳ ΨƭƛōŜǊŀƭΩ ōŜƛƴƎ associated with lower odds of answering above 

a given response threshold. In other words, ŀƭƭ ƻǘƘŜǊ ǘƘƛƴƎǎ ōŜƛƴƎ ŜǉǳŀƭΣ ΨƭƛōŜǊŀƭΩ 

people are most supportive of government role in income redistribution, followed by 

people who are ΨǳƴŎŜǊǘŀƛƴΩ and then by ΨƳƻŘŜǊŀǘŜΩ ǇŜƻǇƭŜΣ ǿƛǘƘ ΨŎƻƴǎŜǊǾŀǘƛǾŜΩ 

people least supportive of government role in income redistribution.   

¶ People who regard themselves as having a higher-prestige job than their father are 

significantly less supportive of government role in income redistribution than people 

ǿƘƻ ǊŜƎŀǊŘ ǘƘŜƛǊ Ƨƻō ŀǎ ƘŀǾƛƴƎ ǘƘŜ ǎŀƳŜ ƻǊ ƭŜǎǎ ǇǊŜǎǘƛƎŜ ǘƘŀƴ ǘƘŜƛǊ ŦŀǘƘŜǊΩǎ (p-value < 

0.05).  

¶ There is a positive association between the level of perceived class conflict in South 

Africa and support for government role in income redistribution (p-value < 0.001). 

¶ People who perceive themselves to be part of a group that suffers discrimination are 

typically more supportive of government role in income redistribution than people 

who do not feel part of a discriminated group (p-value < 0.05).  

¶ There is a significant positive relationship between the degree to which people think 

ǘƘŀǘ ΨƳŜǊƛǘ ŦŀŎǘƻǊǎΩ ŀǊŜ ƛƳǇƻǊǘŀƴǘ ŦƻǊ ƎŜǘǘƛƴƎ ŀƘŜad in life and their support for 

government role in income redistribution (p-value < 0.001). There is also a significant 

ǇƻǎƛǘƛǾŜ ǊŜƭŀǘƛƻƴǎƘƛǇ ōŜǘǿŜŜƴ ǘƘŜ ŘŜƎǊŜŜ ǘƻ ǿƘƛŎƘ ǇŜƻǇƭŜ ǘƘƛƴƪ ǘƘŀǘ Ψexogenous 

ŦŀŎǘƻǊǎΩ ŀǊŜ ƛƳǇƻǊǘŀƴǘ ŦƻǊ ƎŜǘǘƛƴƎ ŀƘŜŀŘ ƛƴ ƭƛŦŜ ŀƴŘ ǘƘŜir support for government role 

in income redistribution (p-value < 0.01). In contrast, there is a significant negative 

ŀǎǎƻŎƛŀǘƛƻƴ ōŜǘǿŜŜƴ ǘƘŜ ŘŜƎǊŜŜ ǘƻ ǿƘƛŎƘ ǇŜƻǇƭŜ ǘƘƛƴƪ ǘƘŀǘ ΨǊŀŎƛŀƭ ƎǊƻǳǇΩ ƛǎ 

important for getting ahead in life and their support for government role in income 

redistribution (p-value < 0.05).  

 

 

  



 

 
92 

 

4.5 Conclusions 
 

The modelling approach developed for this project was designed to test whether exposure 

to socioeconomic inequality affects attitudes towards inequality and options for redress. 

The basic hypothesis articulated in the introduction to this report was that people who 

experience inequality on a day to day basis may be more aware of the stark inequalities in 

South Africa and therefore may be more averse to inequality and more supportive of the 

government taking responsibility for reducing income differentials.  

 

The analyses presented in this chapter focused primarily on the coefficients and odds ratios 

relating to the effects of exposure on the two selected dependent variables. The other 

statistically significant variables remaining in the final models are primarily utilised as 

control variables, although some valuable new insights can also be gained indirectly from 

the summary analysis of these coefficients.    

 

The models demonstrate that exposure to inequality does ŀŦŦŜŎǘ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ǘƻ 

inequality and options for redress, but that the effects are primarily observable through the 

interaction of exposure with other explanatory variables. In the statistically significant 

interactions involving the exposure measure, the other variable in the interaction is always 

categorical. These interactions can therefore be interpreted as measuring the extent to 

which exposure differentially acts on categories of the relevant categorical variable.  

 

In Model A, the only two statistically significant interactions shown in Figures 4.1 and 4.2 

exhibit negative associations with exposure, meaning that, as exposure increases, 

respondents of these two groups show less aversion to income inequality than the 

respective reference groups.  

 

In Model C, all five of the statistically significant interactions shown in Figures 4.3 and 4.4 do 

exhibit positive associations with exposure, meaning that, as exposure increases, 

respondents of these five groups become more supportive of government role in income 

redistribution. However, all these five interactions suggest that at the lowest actually 

observed exposure level, people in these groups are less supportive than the respective 

reference group (although the odds ratios for some of the employment status groups are 

only slightly below 1 at the low-exposure extreme).  

 

An important factor to bear in mind concerning all the analyses here is the finding that was 

highlighted in Chapter 3 that there is generally a very strong consensus amongst the 

population of South Africa that income inequality is too high and that the government has a 

responsibility to reduce it by redistributing income from those with high incomes to those 

with low incomes. As such, there is not a great deal of discrimination between response 

intervals on the dependent variables, as the responses are clustered around the 
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ΨŀƎǊŜŜκǎǘǊƻƴƎƭȅ ŀƎǊŜŜΩ ŜƴŘ ƻŦ ǘƘŜ ǎŎŀƭŜΦ Given that SASAS is an annual nationally 

representative survey, it would be desirable to devote a future module to further 

examination of social inequality issues, and to incorporate into the new module a broader 

set of attitudinal questions that might provide greater discrimination between response 

intervals and therefore greater clarity in the modelling results.
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Chapter 5: Conclusion s  
 

This ESRC Pathfinder study on the relationship between spatial inequality and attitudes to 

inequality has come to a conclusion at an interesting juncture in contemporary South 

African history. April 2014 markeŘ ǘƘŜ ōŜƎƛƴƴƛƴƎ ƻŦ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ǘƘƛǊŘ ŘŜŎŀŘŜ ƻŦ 

democracy, prompting considerable policy reflection on the nature and scope of progress 

that has been achieved in realising the aspirations and social change enshrined in the 

Freedom Charter (1955), Reconstruction and Development Programme (1994) and the 

{ƻǳǘƘ !ŦǊƛŎŀƴ /ƻƴǎǘƛǘǳǘƛƻƴ όмффсύΦ ¢ƘŜ ƎƻǾŜǊƴƳŜƴǘΩǎ ǊŜŎŜƴǘ ŀŘƻǇǘƛƻƴ ƻŦ ǘƘŜ bŀǘƛƻƴŀƭ 

Development Plan (NDP, 2012) builds on these foundational documents to articulate a long-

term vision of the country in 2030 in addition to identifying lingering developmental 

challenges and the policy interventions required to overcome them. Following the May 2014 

general election, Cabinet approved and released the Medium Term Strategic Framework 

2014-2019 (MTSF), which contains the first five-year implementation plan linked to the 

long-term vision articulated in the National Development Plan. 

 

Inequality, and indeed spatial inequality, features prominently in both the NDP and MTSF 

documents. The NDP document places the elimination of poverty and inequality as the 

primary objective of government efforts over the coming decades, and adopts the explicit 

target of reducing the Gini coefficient from 0.69 to 0.60 by 2030. The Plan also expresses the 

intention to respond to entrenched spatial patterns across all geographic scales that serve 

to perpetuate social inequality and economic inefficiency. Furthermore, given the strong 

attitudinal component of the Pathfinder project, it is important to note the emphasis in the 

NDP on the need tƻ ǎŜŎǳǊŜ ŀ άǎƻŎƛŀƭ ŎƻƳǇŀŎǘ ǘƻ ǊŜŘǳŎŜ ǇƻǾŜǊǘȅ ŀƴŘ ƛƴŜǉǳŀƭƛǘȅΣ ŀƴŘ ǊŀƛǎŜ 

ŜƳǇƭƻȅƳŜƴǘ ŀƴŘ ƛƴǾŜǎǘƳŜƴǘέ ŀǎ ŀ ǇǊƛƻǊƛǘȅ ŀŎǘƛƻƴΦ ¢ƘŜ a¢{C ōŜƎƛƴǎ ōȅ ŀǊǘƛŎǳƭŀǘƛƴƎ ǘƘŜ ƴŜŜŘ 

ŦƻǊ ǘƘŜ ƴŜȄǘ ǇŜǊƛƻŘ ƛƴ ǘƘŜ ŎƻǳƴǘǊȅΩǎ ŘŜƳƻŎǊŀǘƛŎ ǘǊŀƴǎƛǘƛƻƴ ǘƻ ǘŀƪŜ ōƻƭŘ ŀƴŘ ŘŜŎƛǎƛǾŜ ŀŎǘƛƻƴ ǘƻ 

grow the economy, eliminate poverty, create employment opportunities, and significantly 

reduce inequality.  The document also draws attention to concerns that high inequality 

levels may be imposing escalating pressures on households due to the rising cost of living, 

and fostering a sense of community frustration and discontent. As with the NDP, the MTSF 

includes the addressing of spatial imbalances in economic opportunities as a key thrust to its 

proposals on transforming the economy. Another commonality is the focus on nation 

building, cohesion and the need for a social compact to push forward the social policy 

agenda that is required to make sustained progress towards the vision of a more equal 

society by 2030.  

 

Set against this context, the three components of work undertaken as part of the Pathfinder 

Grant have attempted to make an initial contribution towards an improved understanding 

of inequality, the level of consensus with respect to attitudes towards inequality and redress 
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preferences, as well as how the spatial and attitudinal interact. Firstly, the study developed 

small areas measures that effectively capture exposure to the extremes of deprivation and 

wealth, in addition to the relationship between poverty and exposure to inequality. Being 

able to examine such measures at a neighbourhood level is critical for beginning to better 

appreciate community need, community processes and attendant political behaviour in the 

country. In the South African context, inequality has tended almost exclusively to be 

measured nationally or at best provincially using conventional indicators such as the Gini 

coefficient or Theil indices. The development of exposure measures has offered new insight 

into more localised patterns of inequality and enabled us to compare neighbourhoods 

across the country. This is important not only for promoting a finer grained picture of 

inequality but also serves as a useful tool for crafting and testing well-targeted social 

policies that will assist with efforts at attaining the NDP inequality target over the next two 

decades. The small area exposure measures also have the potential to serve as the basis for 

investigating a range of social phenomena in the country, such as crime and violence, 

neighbourhood disorder, as well as a range of socio-political attitudes and behaviours.  

 

Given that the government intends to pursue a more intensive set of policies designed to 

bring about redistribution and transformation in the medium- to longer-term, as outlined in 

the NDP and MTSF, it is important that a social compact among citizens, irrespective of 

societal position, be formed. In order for such a policy agenda to be successful, it requires 

broad-based recognition that inequality is damaging to the country and its people, as well as 

support for the specific policies and interventions that are advanced to bring about this 

social change. The second component of the Pathfinder Grant involved one of the more 

extensive examinations of attitudes towards inequality that have been undertaken in the 

country to date. The results are encouraging in that there appears to be common concern 

that inequality is unacceptably high and needs to be reduced, and also that earnings 

disparities need to be narrowed. There is also relatively high support for a state-led 

approach to tackling inequality, even though this support has wavered somewhat over the 

last decade.  Perhaps more disconcerting is the relative polarisation among the public 

concerning views on redress policies. One possible optimistic note is that there is much 

broader support for policies that are framed in terms of class-based redress. The ongoing 

monitoring of these attitudinal orientations will serve to determine whether the 

foundations of a social compact are increasingly consolidated over time as the NDP strategic 

policy interventions are implemented.  

 

The final component of the Pathfinder study demonstrated the potential of combining 

different types of data could be effectively combined to examine human and social 

dynamics through a new lens. In this regard, our intention was to provide initial evidence on 

ǿƘŜǘƘŜǊ ŀƴŘ Ƙƻǿ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ǘƻ ƛƴŜǉǳŀƭƛǘȅ ƛƴ {ƻǳǘƘ !ŦǊƛŎŀ ŀǊŜ ƛƴŦƻǊƳŜŘ ōȅ ǘƘŜƛǊ ƭƛǾŜŘ 

experience of inequality. As one might expect with experimental work of this nature, the 

results point to complex patterns that will warrant further quantitative and qualitative 
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examination. Among poor South Africans, exposure to inequality was shown to interact with 

mobility experience as well as views on prospects of future mobility, while exposure was 

found to interact with employment status and self-rated poverty status in determining 

preferences for government redistribution. Among economic elites, the study found that 

exposure to inequality affected aversion for inequality differentially on the basis of race and 

self-rated poverty status, while exposure of elites to deprivation shaped preferences for 

government redistribution differentially on the basis of political ideology (liberal-

conservative scale). The results demonstrate that exposure to inequality clearly matters for 

beliefs about inequality and redistribution, most notably through its interaction with factors 

such social mobility experience and prospects, views on societal position, and ideological 

predisposition.  

 

In summary, this project has generated a range of new evidence on inequality in South 

Africa. Information from the SAIMD 2001 (derived from the 2001 Census) was used to 

analyse spatial patterns of exposure to inequality, whilst information from SASAS was used 

ǘƻ ŀƴŀƭȅǎŜ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳdes to inequality. Data linkage was performed to combine the 

exposure measure with the SASAS data, and statistical analyses were performed to test for 

associations between exposure and attitudes.   

 

The findings from this project highlight a number of further research opportunities that 

merit investigation in the future. These include updating the exposure measures using the 

2011 South African Census and exploring whether additional inequality-related questions 

can be added to SASAS to further unpick some of the emerging themes. A separately-funded 

programme of work has already commenced with a focus on testing whether the exposure 

and intensity measures are associated with rates of violent crime and other forms of social 

unrest. 
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Appendix 1: Seminar  activity undertaken during research project  
 

The seminars/workshops took place as part of this research project.  

The first event consisted of a seminar hosted by the Department of Social Policy and 

Intervention at the University of Oxford in the United Kingdom. This seminar attracted a mix 

of staff and students from across the University of Oxford and beyond. The primary focus on 

the seminar was on the development and analysis of the spatial inequality measures that 

were presented in Chapter 2 of this report, although there was also discussion the survey 

analysis and modelling that are presented in Chapters 3 and 4.  

The second event consisted of a workshop convened and hosted jointly by the South African 

Department for Science and Technology (DST) and the Human Sciences Research Council 

(HSRC) which took place in Pretoria, South Africa. This event was attended by a mix of senior 

policy makers and analysts from across the breadth of South African government, plus a 

selection of invited academic experts. This workshop focused on the entirety of the research 

project.  

The third and final event consisted of an academic seminar hosted by the Human Sciences 

Research Council. The seminar was delivered physically from the HSRC office in Pretoria, 

South Africa, but beamed live and interactively via video link to HSRC offices in Cape Town 

and Durban. The attendees at these three sites consisted mainly of a mixture of staff and 

students from academic institutions. There was also a number of analysts and other 

practitioners from local NGOs. 

We would like to express our thanks to all the contributors, participants and attendees at 

these three events. 
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